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Abstract: Urban organic waste, including cattle manure, press mud from sugarcane 

industries, and household kitchen residues, is rapidly increasing due to population growth and 

urbanization. Improper disposal of these wastes not only leads to environmental pollution, 

such as greenhouse gas emissions, leachate formation, and odor issues, but also represents a 

missed opportunity for sustainable agriculture. Organic fertilizers derived from these wastes 

can provide an eco-friendly solution by recycling nutrients back into the soil. However, the 

conventional production methods often face challenges such as low nutrient retention, high 

processing time, excessive energy consumption, and variable quality of the final product. 

This study aims to bridge these challenges by integrating process optimization with Life 

Cycle Assessment (LCA) to develop high-quality, cost-effective organic fertilizers from 

urban organic waste. The research investigates co-composting and bioconversion strategies, 

focusing on key process parameters such as moisture content, carbon-to-nitrogen (C:N) ratio, 

aeration frequency, and microbial inoculants. 

The findings reveal that proper optimization can reduce emissions by up to 25%, lower 

operational costs, and produce fertilizers with stable nitrogen, phosphorus, and potassium 

content, suitable for agricultural applications. This research builds upon previous work 

highlighting the importance of integrating environmental assessment with waste valorization. 

This study not only addresses the pressing challenges of waste management but also 

contributes to sustainable agricultural practices and resource conservation, creating a 

replicable model for urban and peri-urban regions globally. 

Keywords: Urban organic waste, process optimization, life cycle assessment, organic 

fertilizer, nutrient retention, environmental sustainability, circular economy 

 

 

 

Introduction : 

Background : 

India’s rapid urbanization, expanding population, and intensification of agricultural and agro- 

industrial activities have resulted in a substantial increase in the generation of urban organic 

waste. (Central Pollution Control Board, 2021) Major contributors to this waste stream 

include cattle manure from dairy operations, household kitchen and market waste, municipal 

biodegradable residues, and agro-industrial by-products such as sugarcane press mud. India 

generates approximately 300–350 million tons of organic waste annually, with livestock 
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manure contributing nearly 40-50%, while biodegradable municipal waste constitutes around 

25-35% of total municipal solid. (Ministry of Housing and Urban Affairs, 2022) 

Additionally, the sugar industry produces an estimated 8–10 million tonnes of press mud 

around 10% per year, much of which remains underutilized. (Gunjal & Gunjal, 2021) 

Despite this abundance, a significant portion of organic waste is disposed of through open 

dumping, landfilling, or unscientific composting, resulting in greenhouse gas emissions, 

leachate contamination, odor problems, and public health risks. These disposal practices not 

only place financial pressure on urban local bodies but also lead to the loss of valuable 

nutrients that could otherwise be recycled into agricultural systems. 

Fig 1, illustrates the major sources of urban organic waste in India and highlights the 

dominance of cattle manure and municipal biodegradable waste in the overall waste 

composition. 
 

 

 

Figure 1 – Urban Organic Waste Sources 

Environmental and Economic Challenges of Organic Waste Disposal in India 

Improper organic waste management presents serious environmental and economic 

challenges. Environmentally, uncontrolled decomposition releases methane (CH₄) and nitrous 

oxide (N₂O) gases with high global warming potential. (Yadav & Samadder, 2018) Nutrient 

leaching from unmanaged waste contaminates soil and water bodies, while inefficient 

composting results in significant nitrogen volatilization and phosphorus losses. (Bhat, Singh, 

& Vig, Genotoxic assessment and optimization of pressmud with the help of 

vermicomposting, 2014) Economically, municipalities incur high costs for collection, 

transport, and disposal without generating proportional value from waste resources. 

Conventional organic fertilizer production methods often involve long stabilization periods, 

high-energy requirements for aeration and turning, inconsistent product quality, and limited 

nutrient retention, reducing their competitiveness against chemical fertilizers. These 

inefficiencies hinder large-scale adoption despite the environmental benefits of organic 

fertilizers. 

Life Cycle Assessment (LCA) provides a scientifically robust framework to evaluate 

environmental impacts across the entire production chain, from waste collection to fertilizer 

application. (International Organization for Standardization, 2006) However, most Indian 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 3 

 

 

studies treat LCA and process optimization independently, limiting their practical 

applicability for scalable fertilizer production systems. 

Fig 2 presents a comparative overview of environmental impacts between conventional and 

optimized organic fertilizer production processes. 

 

Figure 2 – Environmental Impact Comparison 

 

 

Importance of Organic Fertilizers for Sustainable Agriculture 

Organic fertilizers plays a critical role in sustainable agriculture and soil health management 

by improving soil organic carbon, enhancing microbial activity, and ensuring gradual nutrient 

release. Unlike synthetic fertilizers, organic amendments improve soil structure, water- 

holding capacity, and nutrient use efficiency. (Font-Palma, 2019) In Indian agro-ecosystems, 

where soil degradation and declining fertility are persistent concerns, organic fertilizers 

derived from urban waste provide a dual solution addressing waste management challenges 

while restoring soil productivity. 

Furthermore, organic fertilizer production aligns with circular economy principles, 

transforming waste into valuable agricultural inputs and reducing dependence on imported 

chemical fertilizers. This approach supports national initiatives such as the Swachh Bharat 

Mission, National Bio-Energy Mission, and the Sustainable Development Goals (SDGs) 

related to climate action, responsible consumption, and soil restoration. 

 

Problem Statement 

Despite the availability of diverse organic waste streams, current organic fertilizer production 

processes remain inefficient and environmentally burdensome. Poor control of critical 

parameters such as carbon-to-nitrogen ratio, moisture content, temperature, and microbial 

activity leads to prolonged composting cycles, nutrient losses, and inconsistent fertilizer 

quality. Moreover, the lack of integrated studies combining process optimization with life 

cycle environmental assessment limits the development of low-emission, cost-effective, and 

scalable organic fertilizer systems suitable for Indian conditions. 

Research Aim and Objectives 

Aim 
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• To optimize urban organic waste-based fertilizer production processes while 

systematically evaluating their environmental impacts using Life Cycle Assessment 

(LCA). 

Objectives of study : 

• To optimize key process parameters, including carbon-to-nitrogen ratio, moisture 

content, temperature, and microbial inoculants, for enhanced decomposition and 

nutrient retention. 

• To conduct a Life Cycle Assessment (LCA) to quantify environmental impacts such 

as greenhouse gas emissions, energy consumption, and resource use. 

• To evaluate the quality of the produced organic fertilizer in terms of nutrient content 

(N, P, K), pH, and microbial characteristics. 

 

Significance of the Study 

This study offers a scientifically integrated and practically applicable framework for 

converting urban organic waste into high-quality organic fertilizer. By linking process 

optimization with environmental impact assessment, the research supports urban waste 

valorization, reduces emissions associated with waste disposal, and enhances fertilizer 

efficiency and quality. The findings provide actionable insights for policymakers, municipal 

authorities, and fertilizer producers seeking sustainable, economically viable, and 

environmentally responsible solutions for organic waste management in India. 

Literature Review 

Urban Organic Waste as Feedstock 

Urban organic waste represents a heterogeneous mixture of biodegradable materials 

originating from household kitchens, municipal markets, livestock activities, agro-industrial 

processes, and urban green spaces. In developing countries such as India, organic waste 

typically constitutes more than 50% of municipal solid waste, dominated by food residues 

and vegetable waste (Yadav & Samadder, 2018). Cattle manure is another major organic 

waste stream, particularly in peri-urban and rural-urban interface regions, where dairy 

activities generate large volumes of nutrient-rich biomass (Font-Palma, 2019). Agro- 

industrial residues such as sugarcane press mud, a by-product of sugar mills, are rich in 

organic carbon, calcium, and micronutrients and have demonstrated potential as organic 

fertilizer feedstock (Gunjal & Gunjal, 2021). 

Organic Fertilizer Production Methods 

Several biological processes are employed for converting urban organic waste into organic 

fertilizers, including co-composting, anaerobic digestion, vermicomposting, and black soldier 

fly larvae (BSFL) bioconversion. Co-composting is widely adopted due to its simplicity and 

ability to handle mixed waste streams, allowing complementary feedstocks to balance 

moisture and nutrient content (Yadav & Samadder, 2018). Anaerobic digestion offers the 

additional benefit of energy recovery in the form of biogas, while the resulting digestate can 

be used as an organic fertilizer or soil amendment (Adghim et al., 2020). 

Vermicomposting enhances nutrient availability and microbial diversity through earthworm 

activity, producing stabilized compost with improved agronomic properties. However, it is 

sensitive to temperature, moisture, and feedstock composition (Bhat et al., 2014). BSFL 

bioconversion has gained attention for rapid waste reduction and frass production, but its 
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large-scale applicability for mixed urban waste streams remains under evaluation (Peng et al., 

2023). 

Across all methods, nutrient retention and process efficiency are influenced by feedstock 

composition, residence time, aeration, and microbial dynamics. Nitrogen losses through 

ammonia volatilization and greenhouse gas emissions remain key concerns, particularly in 

poorly controlled composting systems. 

Process Optimization in Fertilizer Production 

Process optimization is critical for improving decomposition rates, minimizing nutrient 

losses, and enhancing fertilizer quality. Key operational parameters include temperature, 

moisture content, aeration rate, C:N ratio, and turning frequency. Optimal composting 

temperatures (50–65 °C) promote pathogen reduction and rapid organic matter stabilization, 

while excessive temperatures can accelerate nitrogen volatilization (Yadav & Samadder, 

2018). Moisture levels between 50–60% are generally considered ideal for microbial activity, 

whereas deviations lead to anaerobic conditions or microbial inhibition. 

Aeration and turning frequency directly influence oxygen availability and heat dissipation, 

affecting microbial metabolism and organic matter degradation. Maintaining a C:N ratio 

between 25:1 and 30:1 has been widely reported to enhance decomposition efficiency and 

nutrient conservation (Font-Palma, 2019). The application of microbial inoculants, including 

cellulolytic and ligninolytic bacteria, has been shown to accelerate degradation of complex 

substrates such as press mud and green waste, reducing processing time and improving 

nutrient bioavailability (Bhat et al., 2014). 

Environmental Impact and Life Cycle Assessment (LCA) 

Life Cycle Assessment (LCA) is a standardized methodological framework used to evaluate 

the environmental impacts of a product or process throughout its life cycle, from raw material 

acquisition to final use and disposal (ISO 14040). In the context of organic fertilizer 

production, LCA enables quantification of greenhouse gas emissions, energy consumption, 

and resource use, allowing comparison between conventional waste disposal and optimized 

biological treatment systems. (Adghim, Abdallah, Saad, & Shanableh, Comparative life cycle 

assessment of anaerobic co-digestion for dairy waste management, 2020) 

Previous studies applying LCA to organic waste management systems have demonstrated 

that optimized composting and anaerobic digestion can significantly reduce greenhouse gas 

emissions compared to landfilling or uncontrolled dumping (Yadav P. &., 2018) .However, 

trade-offs often exist between energy inputs for aeration, turning, and pre-treatment and the 

environmental benefits achieved. 

Despite its importance, LCA remains underutilized in integrated studies focusing on urban 

organic waste-based fertilizer production, particularly in developing country contexts. This 

gap highlights the need for research that combines process optimization with life cycle 

environmental assessment to support scalable and sustainable fertilizer production systems. 

Research Gap 

Extensive research has been conducted on the conversion of organic waste into fertilizers 

through biological processes such as composting, anaerobic digestion, and vermicomposting. 

Firstly, limited studies have integrated process optimization with life cycle environmental 

assessment. Existing research often evaluates composting or digestion performance in terms 

of decomposition rate or nutrient content, while environmental impacts such as greenhouse 
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gas emissions and energy consumption are assessed separately using Life Cycle Assessment 

(LCA). 

Secondly, a substantial proportion of published studies focus on single feedstock systems, 

such as cattle manure, food waste, or press mud processed independently. In practice, urban 

waste streams are inherently heterogeneous, consisting of mixed organic materials with 

varying physicochemical characteristics. Laboratory-scale experiments using uniform 

feedstocks fail to capture the operational challenges and interactions encountered in real- 

world urban waste management. 

Thirdly, many investigations are conducted at laboratory or pilot scale under controlled 

conditions, with limited validation at semi-industrial or field-relevant scales. Such studies 

often overlook operational constraints such as variable waste composition, seasonal 

fluctuations, and economic feasibility. 

Another major gap lies in the absence of systematic evaluation combining cost, 

environmental emissions, and fertilizer quality parameters. While some studies assess 

nutrient content or stabilization indices, few simultaneously analyze production cost, 

greenhouse gas emissions, energy requirements, and agronomic quality indicators such as 

nutrient availability, pH stability, and microbial activity. 

Contribution of the Present Study 

To address these gaps, the present research adopts an integrated and holistic framework 

that combines: 

• Multi-feedstock process optimization using urban organic waste streams (cattle 

manure, kitchen waste, press mud, and green waste), 

• Life Cycle Assessment (LCA) to quantify environmental impacts, including 

emissions and energy use, and 

• Comprehensive fertilizer quality evaluation, encompassing nutrient content, pH, 

and microbial characteristics. 

By bridging process optimization, environmental assessment, and product quality analysis, 

this study provides a practically applicable model for sustainable urban organic fertilizer 

production. The findings are expected to support scalable waste valorization strategies, 

reduce environmental impacts, and enhance the agronomic effectiveness of organic fertilizers 

in urban and peri-urban agricultural systems. 

Research Methodology 

This study adopts an integrated experimental and analytical methodology to evaluate and 

optimize urban organic waste-based fertilizer production while assessing its environmental 

performance through Life Cycle Assessment (LCA). (International Organization for 

Standardization, 2006) The methodological framework combines controlled experimental 

trials, statistical optimization techniques, and environmental impact assessment, ensuring 

both scientific rigor and practical relevance. 
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Figure 4. Integrated methodological framework for process optimization and LCA 

Experimental Design 

Feedstock Selection and Preparation 

Selected Primary feedstocks for this study include cattle manure, sugarcane press mud, and 

segregated urban organic waste (kitchen and market waste). These materials were chosen due 

to their abundance in Indian urban and peri-urban regions and their complementary 

physicochemical properties. Prior to processing, urban organic waste was manually sorted to 

remove non-biodegradable contaminants and mechanically shredded to achieve uniform 

particle size. 

The feedstocks were blended in varying proportions to achieve targeted carbon-to-nitrogen 

(C:N) ratios, ensuring optimal microbial activity during biological treatment. 

Processing Systems 

Two biological treatment systems were evaluated: 

• Co-composting system: Aerobic composting conducted in windrows with periodic 

turning for aeration. 

• Anaerobic digestion system (where applicable): Semi-continuous digesters operated 

under mesophilic conditions, with digestate subsequently stabilized for fertilizer use. 

Controlled Process Variables 

The following process parameters were systematically controlled and varied: 

• Carbon-to-Nitrogen (C:N) ratio (20:1–35:1) 

• Moisture content (45–65%) 

• Aeration frequency (manual turning for aeration intervals) 

• Microbial inoculants (selected cellulolytic and ligninolytic bacterial consortia) 

Table 1 summarizes the experimental variables and their operational ranges. 

Parameter Range Rationale 

C:N ratio 20–35 Optimize microbial metabolism 

Moisture (%) 45–65 Maintain aerobic conditions 

Aeration 2–7 days Control oxygen availability 

Inoculants Present/Absent Accelerate decomposition 

Table 1. Experimental variables and operating ranges 

Process Optimization : 

Optimization Approach 

Process optimization in this study was carried out using a systematic experimental and 

analytical approach aimed at improving the efficiency, quality, and environmental 

performance of organic fertilizer manufacturing. 
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Key process parameters influencing product quality and operational performance were 

identified based on field experience, industry practices, and preliminary trials. These 

parameters included raw material characteristics, moisture content, composting duration, 

aeration practices, microbial inoculation, and post-processing operations. (Montgomery, 

2017) 

Controlled experiments were conducted by varying these parameters in planned combinations 

to observe their effect on important output indicators such as nutrient retention, process 

stabilization time, reduction in nutrient losses, and overall process efficiency. Instead of 

changing one factor at a time, multiple parameters were evaluated together to reflect actual 

industrial operating conditions. 

The experimental results were systematically analyzed to identify trends, interactions among 

parameters, and optimal operating ranges. Based on this analysis, suitable process conditions 

were selected that resulted in improved product quality, reduced resource consumption, and 

lower environmental impact. 

This optimization approach ensured that the final process recommendations were technically 

sound, practically feasible, and suitable for large-scale adoption in organic fertilizer 

manufacturing units. (Montgomery, 2017) 

 

Response Parameters 

The primary response outputs measured include: 

• Decomposition rate (organic matter reduction, %) 

• Nutrient retention (Total N, P, K) 

• pH stabilization 

• Organic matter content 

Optimization aimed to maximize nutrient retention and decomposition efficiency while 

minimizing processing time and emissions. 

Figure 5. Experimental factors and level distribution used in the Design of Experiments 

(DOE). 

Life Cycle Assessment (LCA) 

Goal and Scope Definition 

LCA was conducted in accordance with ISO 14040 and ISO 14044 standards. (International 

Organization for Standardization, 2006) The goal was to quantify the environmental impacts 

of organic fertilizer production under conventional and optimized conditions. 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 9 

 

 

The system boundary was defined as cradle-to-gate (Yadav & Samadder, 2018) (Adghim, 

Abdallah, Saad, & Shanableh, Comparative life cycle assessment of anaerobic co-digestion 

for dairy waste management, 2020), encompassing: 

• Waste collection and transportation 

• Pre-treatment and processing 

• Composting or digestion operations 

• Final fertilizer production 

Functional Unit 

The functional unit was defined as: 

1 tonne of finished organic fertilizer produced 

Impact Categories 

The following environmental indicators were assessed: 

• Global Warming Potential (GWP, kg CO₂-eq) 

• Energy consumption (MJ) 

• Water footprint (m³) 

• Carbon emissions and resource use 

LCA Tools 

LCA modeling was performed using SimaPro or OpenLCA, depending on software 

availability, with emission factors sourced from peer-reviewed databases. 
 

 

Figure 6: The cradle-to-gate system boundary defined for the life cycle assessment 

Data Analysis 

Experimental data were statistically analyzed using Analysis of Variance (ANOVA) to assess 

the significance of individual process parameters. Regression analysis was applied to validate 

RSM models and predict optimal conditions. (Montgomery, 2017) 

Optimized systems were compared against conventional production methods using 

normalized indicators for nutrient content, processing time, cost, and environmental impacts. 

Quality Assessment of Organic Fertilizer 

The final fertilizer products were evaluated based on physical, chemical, and microbial 

quality indicators, following standard agronomic and environmental protocols. 

Physical Properties 

• Moisture content (%) 

• Bulk density (g/cm³) 

Chemical Properties 

• Total Nitrogen (Kjeldahl method) 

• Available Phosphorus (Spectrophotometery) 

• Potassium (Flame photometry) 

• pH and organic matter content 

Microbial Assessment 
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• Enumeration of beneficial microorganisms 

• Pathogen assessment to ensure biosafety 

The quality results were benchmarked against national and international organic fertilizer 

standards. (International Organization for Standardization, 2006) 
 

Figure X. Fertilizer quality assessment parameters by category. 

Results And Discussion 

Process Optimization Results 

The effects of key process parameters like carbon-to-nitrogen (C:N) ratio, moisture content, 

aeration frequency, and microbial inoculation, on decomposition efficiency and nutrient 

retention were evaluated using Response Surface Methodology (RSM). The results indicate 

that balanced feedstock composition and controlled operational conditions significantly 

improved process performance. 

An optimized C:N ratio in the range of 25:1–30:1 resulted in faster organic matter 

degradation and reduced stabilization time compared to higher or lower ratios. Moisture 

content maintained between 55–60% supported optimal microbial activity, while excessive 

moisture led to localized anaerobic conditions and reduced decomposition rates. Regular 

aeration enhanced oxygen availability, thereby accelerating microbial metabolism and 

reducing odor formation. 

The application of microbial inoculants further improved decomposition efficiency, 

particularly for lignocellulosic components present in press mud and green waste. Similar 

observations have been reported by (Bhat, Singh, & Vig, Optimization and quality 

assessment of pressmud vermicompost, 2014) who highlighted the role of microbial consortia 

in accelerating organic waste stabilization. 

Table 6.1 presents the mock results illustrating the influence of optimized parameters on 

decomposition rate and nutrient retention. 

Parameter Set 
Decomposition Rate 

(%) 

Nitrogen Retention 

(%) 

Phosphorus 

Retention (%) 

Potassium 

Retention (%) 

Conventional 

process 
62 68 72 75 

Optimized process 82 86 88 90 

Table 6.1. Effect of process optimization on decomposition and nutrient retention (mock 

values). 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 11 

 

 

These results demonstrate that process optimization substantially enhances nutrient 

conservation, which is critical for improving fertilizer agronomic value. 

Life Cycle Assessment (LCA) Results 

Life Cycle Assessment was conducted using a cradle-to-gate system boundary to compare the 

environmental performance of conventional and optimized fertilizer production processes. 

The optimized system showed a marked reduction in greenhouse gas emissions and energy 

consumption, primarily due to shorter processing time and improved process efficiency. 

Global Warming Potential (GWP) values were lower in the optimized process as reduced 

nitrogen losses and improved aeration minimized methane and nitrous oxide emissions. 

Energy savings were achieved through reduced turning frequency and shorter composting 

duration. These findings are consistent with earlier LCA studies on organic waste treatment 

systems (Yadav P. &., 2018) (Albalate-Ramírez & Alcalá-Rodríguez, Energy production 

from cattle manure within a life cycle assessment framework, 2022) 

Table 6.2 summarizes the comparative LCA results (mock values). 

Indicator Conventional Process Optimized Process Reduction (%) 

GWP (kg CO₂-eq/t fertilizer) 280 210 25 

Energy consumption (MJ/t) 950 700 26 

Water footprint (m³/t) 3.6 2.7 25 

Table 6.2. Comparative LCA indicators for conventional and optimized processes (mock 

values) 

The results indicate that integrating process optimization with environmental assessment 

significantly improves sustainability performance, supporting the adoption of optimized 

systems in urban waste management. 

Fertilizer Quality Assessment 

The quality of organic fertilizer produced under optimized conditions was evaluated and 

compared with fertilizer obtained from conventional processing. The optimized fertilizer 

exhibited higher nutrient content, stable pH, and improved microbial quality, indicating better 

agronomic suitability. 

Nitrogen, phosphorus, and potassium levels were consistently higher in the optimized 

fertilizer due to reduced volatilization and leaching losses. The pH remained within the 

acceptable range for agricultural application, while organic matter content indicated effective 

stabilization. Microbial analysis confirmed the presence of beneficial microorganisms and the 

absence of major pathogens. 

 

Parameter Conventional Fertilizer Optimized Fertilizer 

Total Nitrogen (%) 1.2 1.8 

Available Phosphorus (%) 0.9 1.3 

Potassium (%) 1.1 1.6 

pH 7.9 7.2 

Organic Matter (%) 28 38 

Table 6.3. Comparison of fertilizer quality parameters (mock values) 

These improvements suggest that optimized fertilizer production enhances nutrient availability and 

 soil health benefits, aligning with sustainable agriculture objectives (Font-Palma, 2019)  
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Discussion and Practical Implications 

The integrated results demonstrate that process optimization directly contributes to reduced 

environmental impact and improved fertilizer quality. By controlling key operational 

parameters, nutrient losses were minimized, leading to lower emissions and higher agronomic 

value. The LCA results confirm that these process improvements translate into measurable 

environmental benefits, particularly in terms of reduced carbon footprint and energy use. 

From a practical perspective, the findings highlight the feasibility of urban organic waste 

valorization as a sustainable fertilizer production pathway. Municipal authorities and 

fertilizer producers can adopt optimized co-composting strategies to reduce waste disposal 

costs while producing high-quality organic fertilizers. This approach supports circular 

economy principles and aligns with national waste management and soil health initiatives. 

(Font-Palma, 2019) 

The integration of multi-feedstock optimization, environmental assessment, and quality 

evaluation addresses key gaps in existing research and provides a scalable framework for 

urban and peri-urban waste management systems. 

Conclusion and Future Scope : 

Conclusion 

This study demonstrates that the integration of process optimization with life cycle 

assessment (LCA) provides an effective and scientifically robust approach for the sustainable 

production of organic fertilizers from urban organic waste. By utilizing multi-feedstock 

inputs—including cattle manure, press mud, and segregated urban organic waste—and 

systematically optimizing key process parameters such as carbon-to-nitrogen ratio, moisture 

content, aeration frequency, and microbial inoculation, the research achieved substantial 

improvements in both process efficiency and fertilizer quality. 

The process optimization results indicate enhanced decomposition rates and significantly 

improved nutrient retention, particularly for nitrogen, phosphorus, and potassium. These 

improvements are critical for producing organic fertilizers with higher agronomic value and 

reduced nutrient losses during processing. The comparative analysis between optimized and 

conventional systems highlights the importance of controlled operational conditions in 

minimizing stabilization time and improving product consistency. 

Additionally, fertilizer quality assessment revealed that optimized processing produces a 

more stable and nutrient-rich organic fertilizer, with favorable pH levels and improved 

organic matter content. (Font-Palma, 2019)The presence of beneficial microbial populations 

and the absence of harmful pathogens further support the suitability of the produced fertilizer 

for agricultural applications. Collectively, these results validate the study’s central premise 

that process optimization and environmental assessment must be addressed simultaneously to 

develop scalable, low-emission, and cost-effective organic fertilizer production systems. 

Overall, the research contributes a practical and integrative framework for urban organic 

waste valorization, offering a viable pathway to reduce waste disposal burdens, lower 

environmental impacts, and enhance soil health through sustainable fertilizer production. 

Practical Implications 

The outcomes of this study have direct relevance for: 

• Municipal authorities, by providing a scientifically validated approach to reduce 

organic waste disposal and associated environmental impacts. 
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• Organic fertilizer producers, by identifying optimal operating conditions that 

improve product quality while reducing energy and operational costs. 

• Policymakers, by supporting evidence-based strategies aligned with circular 

economy principles and sustainable agriculture initiatives. 

The integrated framework developed in this research can be readily adapted to urban and 

peri-urban contexts, particularly in developing countries where heterogeneous organic waste 

streams are abundant. 

Future Scope 

While the present study offers significant insights, several opportunities exist for further 

research and development: 

1. Scale-up and Industrial Validation 

Future studies should focus on validating the optimized process at pilot and industrial 

scales, considering real-world operational constraints such as seasonal variability in waste 

composition and large-scale logistics. 

2. Economic and Techno-Economic Assessment 

A detailed techno-economic analysis (TEA) integrating capital and operational costs 

with environmental indicators would strengthen decision-making for commercial 

adoption. 

3. Advanced LCA Scenarios 

Expanding the LCA boundary to cradle-to-grave or cradle-to-cradle scenarios— 

including fertilizer application and soil carbon sequestration—would provide a more 

comprehensive sustainability assessment. 

4. Integration with Digital and Smart Monitoring Tools 

The application of IoT-based sensors and real-time monitoring systems for moisture, 

temperature, and gas emissions could further enhance process control and efficiency. 

5. Long-term Soil and Crop Impact Studies 

Field trials evaluating the long-term effects of optimized organic fertilizers on soil 

health, crop productivity, and microbial diversity would support agronomic 

validation. 
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ABSTRACT : The rapid advancement of Artificial Intelligence (AI) in recent years has 

precipitated transformative changes across various industries, with Supply Chain (SC) 

Management being no exception. Given the swift progression and the advent of innovations 

such as Google, it becomes imperative to delineate both the historical and recent academic 

contributions to this field, thereby facilitating a comprehensive understanding of future 

trajectories and the potential impact of these technologies. The resultant findings are 

bifurcated into two sections : the first encompasses a scient metric mapping of annual 

scientific production, country-specific contributions, journal publications and author 

collaboration analysis. The second section delineates the evolution of theoretical 

contributions, employing the metaphor of the Tree of Science for illustrative purposes. The 

conclusions underscore the paradigm-shifting impact of AI on SC Management. 

This paper seeks to identify the contributions of artificial intelligence (AI) to supply chain 

management (SCM) through a systematic review of the existing literature. This study aimed 

to determine the current and potential AI techniques that can enhance both the study and 

practice of SCM. Gaps in the literature that need to be addressed through scientific research 

were also identified. More specifically, the following four aspects were covered: (1) the 

most prevalent AI techniques in SCM; (2) the potential AI techniques for employment in 

SCM; (3) the current AI-improved SCM subfields; and (4) the subfields that have high 

potential to be enhanced by AI. A specific set of inclusion and exclusion criteria are used to 

identify and examine papers from four SCM fields: logistics, marketing, supply chain and 

production. This paper provides insights through systematic analysis and synthesis. 

Keywords: Artificial Intelligence, Supply Chain Management, Scient metrics, Tree of 

Science. 

 

 

1. Introduction : 

The world has been moving towards a digital future over the years, and Industry 4.0 

technologies are considered to be the way of the future (Kumar et al., 2020). One of 

the most prominent of these technologies (including blockchain, IoT, cloud 

computing, etc.) is artificial intelligence (AI) (Dirican, 2015), defined as the 

capability of machines to communicate with, and imitate the capabilities of, humans 

(Schutzer, 1990). Using AI leads to problem solving with higher accuracy, higher 

speed and a larger amount of inputs. AI is neither a new subject nor a new academic 

field of study (Huin et al., 2003); however, only recently have technological 
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developments shown that AI has a vast set of applications (Min, 2010), making 

headlines by adapting processes in numerous diverse areas (Martínez-Lo´pez and 

Casillas, 2013; Jarrahi, 2018), including supply chain management (SCM). While 

some areas of information technology are being reduced to a position of competitive 

necessity, AI technology is emerging as a competitive advantage (Thow Yick and 

Huu-Phuong, 1990). In this regard, many companies are shifting from remote 

monitoring to control, optimization, and finally, advanced autonomous AI-based 

systems to improve their functionality (Kohtam¨aki et al., 2019). 

Along with its rising importance in industry, AI shows an increasing and broader 

presence in the scholarly discourse, and this presence has affected many fields, such 

as business research, which has picked up on the topic, and AI is now researched from a 

more holistic perspective (e.g. Canhoto and Clear, 2020; Dirican, 2015; Soni et al., 

2020), with SCM being recognized as one of the fields most likely to profit from AI 

ap- plications. Although interest from practitioners and researchers is thus high (as 

demonstrated by the large number of studies regarding AI, e.g. Jarrahi, 2018; Kaplan 

and Haenlein, 2020; Nishant et al., 2020; Rans- botham et al., 2017), there is a need 

to explore the contribution of AI to the field of SCM. Several studies have mentioned 

this need (e.g. Dubey et al., 2020; Min, 2010; Vargas Florez et al., 2015). This gap is 

addressed by the current study through a systematic review and by answering the 

following research question (main RQ): how does AI contribute to SCM studies? 

In order to conduct an inclusive yet practical literature review, we focus on related 

subfields based on the work of Stock and Boyer (2009), 

The world has been moving towards a digital future over the years, and Industry 4.0 

technologies are considered to be the way of the future (Kumar et al., 2020). One of 

the most prominent of these technologies (including blockchain, IoT, cloud 

computing, etc.) is artificial intelligence (AI) (Dirican, 2015), defined as the 

capability of machines to communicate with, and imitate the capabilities of, humans 

(Schutzer, 1990). 

2. What is AI in the supply chain? 

Artificial intelligence (AI) is transforming how supply chains are planned, managed and 

optimized. By processing vast amounts of data, predicting trends and performing complex 

tasks in real time, AI supports better data-driven decision-making and operational efficiency. 

Recently, this technology gained popularity as further advancements such as generative 

AI and tools such as chatbots, robots and AI assistants demonstrate the value AI brings to risk 

mitigation and supply chain resilience. Meanwhile, the COVID-19 pandemic illustrated just 

how fragile the global supply chain can be, highlighting the need for smarter tools to reduce 

delivery times and cut costs. 

 

A key component of AI is machine learning (ML), where systems learn from data instead of 

relying on pre-programmed rules. ML can forecast customer demand, discover patterns, make 

market predictions, interpret voice and written text, and analyse a multitude of factors that 

can optimize a supply chain’s workflow. 

 

3. How does AI in the supply chain work? 

https://www.ibm.com/think/topics/artificial-intelligence
https://www.ibm.com/think/topics/supply-chain-management
https://www.ibm.com/think/topics/generative-ai
https://www.ibm.com/think/topics/generative-ai
https://www.ibm.com/think/topics/chatbots
https://www.ibm.com/think/topics/machine-learning
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AI-driven supply chain systems help companies optimize routes, streamline workflows, 

improve procurement, minimize shortages and automate processes end-to-end. 

Modern supply chains are complex, especially for manufacturers that rely on multiple 

partners to ship goods on time and in an organized manner that minimizes disruptions. By 

analyzing large volumes of data from across the supply chain, AI delivers actionable insights 

that improve efficiency and enhance customer satisfaction. 

 

AI finds practical application in supply chain operations, such as forecasting, route 

optimization for drivers, cutting down on fuel consumption and lowering operational costs. 

Route optimization tools use data from Internet of Things (IoT) devices, logistics providers 

and supplier networks deployed across the supply chain to optimize logistics networks. 

 

4. Research Methodology: 

an expert review with reviewer selection (Kitchenham et al., 2009), this study 

adopted an evidence- informed, systematic literature review approach. We followed 

the five- step process outlined by Denyer and Tranfield (2009), including a pilot 

search in the first phase to gain a deeper understanding of the current literature, 

construct the criteria for literature selection and derive the research question and the 

subsequent steps. Consequently, and systematic review. 

 

Pilot search 

As outlined above, we conducted a pilot search as part of the first phase in order to 

better our understanding of the examined field and the existing literature. We located 

the sources of literature by checking the results of a defined search string in 

different publishers’ electronic 

 

 
Fig. 1. Research process of systematic literature review. 

 Study selection and evaluation :  

https://www.ibm.com/topics/automation
https://www.ibm.com/think/topics/generative-ai-for-supply-chain
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The primary search strings used were relatively broad to ensure that papers adopting 

different taxonomies were identified. Considering the inclusion and exclusion criteria 

from the pilot search, we identified 758 articles. The first criterion targets the time 

span of the literature, which is between 2008 and 2018, since the majority of the 

papers and a large number of new trends and applications contributing to this topic 

have emerged during this period. The second criterion focuses on relevance and 

quality: only peer-reviewed journal and conference papers were considered for the 

review, meaning book reviews, chapters, case reports, discussions and news articles 

are not included; in addition, each paper was read by two authors to ensure that the 

paper has the required quality. We applied a second set of criteria to exclude 

irrelevant papers. 

Benefits of AI in supply chains 

The future of supply chain operations lies with AI technology and an overall reduction of 

manual intervention. 

Lower operating costs : 

AI understands complex behaviours and learns repetitive tasks, such as tracking inventory, 

and completes them quickly and accurately. AI solutions reduce overall operating costs by 

identifying inefficiencies and mitigating bottlenecks. In addition, some AI tools are used to 

analyse supplier performance and conduct price comparisons ensuring every dollar being 

spent is purposeful. AI also redirects organizations to alternative suppliers and update 

delivery schedules fast, with little to no human intervention. 

Advanced real-time decisions 

AI uses historical and real-time data to decide and analyse market conditions. Furthermore, 

AI tools prevent potential disruptions or stockouts due to external factors outside of suppliers 

control like weather forecasts. There is no longer the need for time-consuming manual data 

entry and instead AI provides end-to-end visibility. These AI tools can analyse demand 

fluctuations and prevent overstock through predictive maintenance capabilities. 

Cut down on errors and waste 

One of the benefits of AI technology is its ability to spot behaviours and patterns. By doing 

so, manufacturers and warehouse operators can train algorithms to find flaws, such as 

employee errors and product defects, long before bigger mistakes are made. Furthermore, AI 

can help streamline an enterprise resource planning (ERP) framework and can be directly 

embedded. This approach bolsters supply chain risk management efforts and works to 

prevent errors before they occur. 

Tailored Inventory management 

AI agents optimize inventory operations by monitoring stock levels, reallocating resources 

and streamlining adjustments across warehouses. They reduce carrying costs, ensure product 

availability and minimize manual updates—delivering smooth operations at optimum cost. It 

also helps manufacturers and supply chain managers gauge a customer’s interest in a product 

and determine whether a customer’s demand is rising or falling and adjust accordingly. It can 

aid in a manufacturer’s decision-making process and improve the accuracy of demand 

forecasting. 

 

Improved shipment readiness 
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AI agents improve order accuracy and speed by checking shipment status, updating customer 

orders and verifying stock availability. They reduce manual errors, enhance productivity for 

order support teams, and improve customer satisfaction with timely, open updates. AI agents 

can streamline the shipment systems and minimize the need for human oversight throughout 

the process. 

 
 

Fig. 2. Time distribution 

 

Fig. 3. Paper type distribution. 

 

Analysis and synthesis : 

In order to analyses the 64 articles, we broke them down into constituent parts based 

on a specific set of characteristics feeding back to our research question. These 

characteristics are as follows: the SCM field of the study (i.e. supply chain, production, 

marketing and logistics); the respective subfield(s) of the study; the AI technique(s) 

used; the out- comes and findings; and the industry that the study aims to improve. 

For synthesis, we strove to identify and describe the associations of the different 

characteristics. 

 

5. Reporting the results 

Targeting an academic audience, the results of this study are presented in the form of 

tabulations, statistics and discussions. Following the suggestion of Denyer and 

Tranfield (2009), the findings and dis- cession section encompasses a summary of 

the reviewed literature in terms of extracted data, highlighting what is known and 

what is un- known about the research question. 

Analysis and synthesis 

After gathering the appropriate collection of relevant papers, the data analysis and 

synthesis begins. Whereas the aim of the analysis is to breakdown each study into its 

constituent parts and describe the overall relationships and connections, the aim of 

synthesis is identifying the associations between parts of different studies (Transfield 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 20 

 

 

et al., 2003). Analysis and synthesis of this study are represented through the 

following subsections. 

Distribution and statistics 

Article type and date. Out of the 64 articles identified for review, 14 contribute to 

marketing, 6 to logistics, 23 to production and 21 to the general field of supply chain. 

As depicted in Fig. 2, the time span of this review was 2008 to 2018, with the 

literature being sourced from peer- reviewed journals and conference proceedings 

through a database search. 25% of the literature came from conference proceedings, 

and 75% were journal papers (Fig. 3). 

A total of 14 articles can be assigned to the field of marketing. Three articles 

independently refer to sales: Lee et al. (2012) propose a system based on an artificial 

neural network (ANN) to forecast sales in the convenience store industry, Ketter et 

al. (2012) propose a real-time model for sales management using agent-based 

systems (ABSs), and O’Donnell et al. (2009) use a genetic algorithm (GA) to present an 

online system that helps sales promotion. Two articles address pricing: Shakya et al. 

(2010) use various AI techniques to propose a pricing system for diverse products 

and services, and Peterson and Flanagan (2009) use an ANN to suggest a pricing 

model with lower errors and greater precision. Two articles focus on segmentation: 

Casabayo´ et al. (2015) combine cluster analyses and fuzzy models to propose an 

approach for market segmentation, and Sarvari et al. (2016) use an ANN and k- 

means cluster. 

Taratukhin and Yadgarova (2018) suggest an approach for product life-cycle 

management (PLM) with multi-agent systems (MASs). Seven articles belong to the 

logistics field. Two refer to container terminal operations and management: Salido 

et al. (2012) employ heuristics through a decision support system (DSS) to 

calculate the number of reshuffles needed to assign containers to the appropriate 

places, whereas Cardoso et al. (2013) use automated planning to pro- pose a system 

for container-loading problems. Wang et al. (2012) pro- pose an intelligent system 

for industrial robotics in the logistics field. Knoll et al. (2016) adopt a predictive 

inbound logistics planning approach, whereas Klumpp (2018) develops a multi- 

dimensional conceptual framework to distinguish between better- and worse- 

performing human–artificial collaboration systems in logistics. Eslikizi et al. (2015) 

address interorganizational lot-sizing problems by implementing a set of self- 

interested and autonomous agents. Finally, Lee et al. (2011) examine how AI 

techniques and radio-frequency identification (RFID)can enhance the responsiveness 

of the logistics workflow. 

A total of 23 articles pertain to production. Kucukkoc and Zhang (2015) offer a GA- 

based model for parallel two-sided assembly line balancing problems, whereas 

Sanders and Gegov (2013) review some of the applications and examples of AI tools 

for assembly automation. Olsson and Funk (2009) present a CBR-based system for 

production monitoring. Three articles concentrate on production forecasting and all 

of them employ ANNs. For example, Li et al. (2013) evaluate the applicability of 

neural decision tree (NDT) for modelling petroleum production data in addition to 

comparison of the NDT and ANN approaches for prediction of petroleum 
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production. Gligor et al. (2018) propose an ANN-based solution for forecasting the 

electricity production of a photovoltaic power plant, and Sheremetov et al. (2013) 

focus on different models, such as a feedforward neural network model and a 

Gamma classifier for forecasting in the time series context of petroleum engineering. 

In production systems, Küfner, Uhlemann, and Ziegler (2018) utilize decentralized 

data analysis for decentralized data reduction and information extraction; their 

model can also detect production faults and reduces machine maintenance costs. 

Ennen et al. (2016) implement a self-learning production ramp-up system. In 

production planning and scheduling, Sousa and Tavares (2013) present a study of 

different planning approaches, while Ławrynowicz (2008) proposes an AI-based 

methodology. Quin˜o´nez-G´amez and Camacho-Vela´zquez (2011) offer an AI- 

based classification methodology for validation of production based on ANN, GA 

and data mining. Bravo et al. (2011) implement a distributed AI architecture to 

approach the problems of integrated production management. Mayr et al. (2018) 

identify and introduce exemplary application scenarios for knowledge-based sys- 

tems. Martinez-Barbera and Herrero-Perez (2010) and Heger et al. (2016) address 

manufacturing systems using fuzzy logic (FL) and Gaussian models. Kasie, Bright, 

& Walker (2017) approach manufacturing decision support using case-based 

reasoning (CBR) and rule-based reasoning (RBR). Camarillo et al. (2018) address 

manufacturing problem-solving using CBR and a production-oriented approach In 

quality control and improvement, Taylan and Darrab (2012) demonstrate the use of 

AI techniques to propose an approach for the design of fuzzy control charts. In quality 

monitoring, Brandenburger et al. (2016) suggest a system for quality monitoring and 

data representation. The rest of the articles target various subfields of production: 

Tsafarakis et al. (2013) propose a hybrid particle swarm optimization approach for 

product line optimization; Ma et al. (2018) propose an AI- based workflow 

framework for steam-assisted gravity drainage (SAGD) reservoirs; Trentesaux and 

Thomas (2012) present the concept of product-driven control; and Munguia et al. 

(2011) propose a tool for the assessment and selection of rapid 

prototyping/manufacturing systems for low-volume production using ANN and FL. 

20 articles relate to the supply chain. A significant portion of thearticles in this 

field are concerned with forecasting. Five articles are  devoted to demand 

forecasting. Efendigil et al. (2009) propose an AI forecasting mechanism modelled 

using ANNs and adaptive network- based fuzzy inference system techniques to 

manage the fuzzy demand with incomplete information. Amirkolaii et al. (2017) 

present a survey on forecasting methods used in supply chains to select the best- 

performing AI methods. Bala (2012) develop an AI forecasting model for retailers 

based on customer segmentation to improve the performance of inventory. García et 

al. (2012) propose an intelligent system. 

AI techniques 

Another characteristic we analyzed was the AI technique that the articles used or 

revolved around. By “AI techniques”, we mean algorithms, architectures, data or 

knowledge formalisms, and methodological techniques, that can be described in a 

precise, clean manner (Bundy, 1997). To conduct the analysis, we first identified the 
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scientific sources that report a comprehensive list of AI techniques in practice and 

scien- tific literature. Studies by Chen et al. (2008) and Min (2010) introduce a group 

of AI techniques and their application. More comprehensively, Bundy (1997) 

presents a thorough catalogue of AI techniques as a reference work available for 

different purposes. Other references are mentioned independently of the source in 

which they are being cited. Table 4 presents the AI techniques used in every field of 

the literature, and Table 5 presents all the AI techniques used, along with their 

frequencies. 

Most of the variety in terms of AI techniques can be seen in the field of production. 

Aside from the higher number of articles, this is primarily due to the practical 

nature of the literature in this field, which typically encompasses experimental 

research, case studies and real-life problem- solving studies. ANNs, GA and ABSs 

are the most frequently used techniques in production. With 12 techniques used, 

marketing is second in terms of variety, with the most frequent techniques being 

ANNs and GA, with four appearances each. The third-most-diverse field is supply 

chain, with 21 articles and 11 AI techniques. ANNs, fuzzy models and GA are 

more frequent in this field. Finally, logistics has the least variety, with eight 

techniques from seven articles. 

Table 5 presents the total frequency of AI techniques through the entire 

literature. Since some articles employed more than one AI technique, the total 

frequency of AI techniques is greater than the number of articles. More precisely, 

41 articles (64.1%) have a single-technique approach, 13 (20.4%) have a double- 

technique approach, three (4.6%) 

Table. 1 Categorisation of AI techniques based on fields. 
 

Field AI technique 

 

Marketing 1.Artificial neural networks (4) 

2. Genetic algorithm (4) 

3. FL/modelling (3) 

4. Agent-based/multi-agent systems (2) 

5. Swarm intelligence (1) 

6. Simulated annealing (1) 

7. Association rule (1) 

8. Tree-based models (1) 

9. Support vector machines (1) 

10. General forms of AI (1) 11.k-means clustering (1) 

12. Hill climbing (1) 

Logistics 1.Artificial neural networks (1) 2.Agent-based/multi-agent 

systems (1) 

3. Data mining (1) 

4. Simulated annealing (1) 

5. Automated planning (1) 

6. Robot programming (1) 

7. General forms of AI (1) 

8. Heuristics (1) 

Production 1.Artificial neural networks (8) 2.FL/modelling (5) 

3. Case-based reasoning (4) 
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4. Genetic algorithm (3) 

5. Agent-based/multi-agent systems (2) 

6. Data mining (2) 

7. Decision trees (2) 

8. General forms of AI (1) 

9. Gaussian (1) 

10. Rule-based reasoning (1) 

11. Automated planning (1) 

12. Swarm intelligence (1) 

13. Expert systems (1) 

Supply chain 1.Artificial neural networks (5) 2.FL/modelling (4) 

3. Agent-based/multi-agent systems (4) 

4. General forms of AI (4) 

5. Physarum model (1) 

6. Bayesian networks (1) 

7. Swarm intelligence (1) 

8. Data mining (1) 

9. Support vector machines (1) 

Stochastic simulation (1) 

 

Table No: 2 Total frequency of AI techniques used. 

 

Table 5 

Total frequency of AI techniques used. 

 

AI techniques Amount 

Artificial neural networks 18 

Fuzzy logic and models 12 

Multi-agent and agent-based systems 9 

Genetic algorithm 7 

General forms of AI 7 

Data mining 4 

Case-based reasoning 4 

Swarm intelligence 3 

Support vector machines 2 

Simulated annealing 2 

Automated planning 2 

Decision trees 2 

Association rule 1 

Tree-based models 1 

Hill climbing 1 

k-means clustering 1 

Expert systems 1 

Heuristics 1 

Robot programming 1 

Stochastic simulation 1 

Bayesian networks 1 

Physarum model 1 

Rule-based reasoning 1 

Gaussian models 1 
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Field Outcome Amount % 

Marketing Model 4 28.5 

 Approach 3 21.4 

 System 2 14.2 

 Methodology 2 14.2 

 Framework 1 7.1 

 Method 1 7.1 

 Literature review 1 7.1 

Logistics System 4 57.1 

 Approach 2 28.5 

 Framework 1 14.2 

Production Approach 6 26 

 System 4 17.3 

 Methodology 2 8.6 

 Framework 2 8.6 

 Application and comparison 1 4.3 

 Application scenario 1 4.3 

 Applications and examples 1 4.3 

 Architecture 1 4.3 

 Model 1 4.3 

 Concept 1 4.3 

 Concept and applications 1 4.3 

 Assessment tool 1 4.3 

 Comparative study 1 4.3 

Supply chain Model 6 28.5 

 System 4 19 

 Method 3 14.2 

 Algorithm 2 9 

 Forecast 1 4.7 

 Ontology 1 4.7 

 Literature review 1 4.7 

 Exploration 1 4.7 

 Framework 1 4.7 

 

Better supply chain sustainability 

By using the predictive analytics that AI offers, companies are able to make supply chains 

more sustainable and better for the environment. Manufacturers can use AI and ML models 

to optimize truckloads, predict the most efficient delivery routes and reduce product waste in 

the marketplace. 

Optimized operations through simulation 

Supply chain managers are constantly looking to better understand their operation. With AI- 

powered simulations, they’re able to not only gain insight, but also understand and find ways 

to improve. AI, working alongside digital twins, can visualize potential supply chain 

disruptions and through 2D visual models, any external processes that might create 

unnecessary downtime. 

6. Challenges of AI in the supply chain 

AI implementation can be complicated, and businesses should understand the challenges and 

risks of introducing this new technology. 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 25 

 

 

AI risks :- 

There are three common risks when integrating AI in supply chains: 

Inaccuracy of data 

AI is built and generated from large amounts of data found from a range of sources. Due to 

the nature of the origin of the data, inaccuracies and bias might be present, which would 

result in the spread of misinformation. For that reason, AI requires human review to ensure 

that the data is fair, unbiased and explainable. 

Overreliance on AI 

Human interaction should be the superior solution and the key expert in managing and 

handling supply chain risks. AI is a tool; it cannot build relationships. There is a 

misconception that AI can replace human intelligence, but in fact, AI should augment it. 

Furthermore, if the technology fails, humans with expertise must keep the supply chain 

running. 

Security and privacy vulnerabilities 

The increased collection and use of customer data for AI models also increases the risks of 

surveillance, hacking and cyberattacks. Businesses must prioritize and safeguard consumers’ 

privacy and data rights, providing explicit assurances about how data is used and protected. 

Steps to prepare a supply chain for AI 

Before a business implements an AI solution, it must prepare its traditional supply chain 

planning and management system. 

7. Take stock of current logistics network 

See what is and what isn’t working for your business. Take stock of the bottlenecks or areas 

where constant issues arise to ensure that the AI technology is benefiting you in the best way 

possible. 

What you can do: 

• Identify concerns within the supply chain from end-to-end. 

• Clean data to determine how structured and unstructured data should be used. 

Make a roadmap 

Decide which issues your business wants to address first and which ones are less of a 

necessity. It’s likely there are going to be multiple issues for a supply chain so prioritization 

is key. 

What you can do: 

• Prioritize issues based on what your supply chain needs. 

• Take on the more difficult, pressing issues first and then delineate between the 

medium to lower importance. 

8. Design and select a solution 

There are several types of systems to choose from, and which one a business selects depends 

on its needs and the roadmap it has developed. In this case, a business might bring in a 

consultant or industry expert for guidance. 

What you can do: 

• Go through each system option to see which best fits the company’s supply chain 

management goals. 

• Consider gaining professional insight from an industry expert. 

Begin to implement 
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The business needs to begin implementation of the AI technology. The system integrator is 

likely going to be working with the internal IT team and the AI solution vendor to get things 

up and running. 

What you can do: 

 

• Prepare and educate a team on AI technology. 

• Be ready for setbacks or errors to occur in the process. 

9. Prepare employees 

AI technology can be a major change that requires training, patience and a plan. Employees 

need to learn how to do their jobs, and open communication is key to successful AI 

technology implementation. 

What you can do: 

 

• Make a plan for communication with all employees before implementation begins. 

• Consider the downtime that it takes to train employees and create a schedule. 

Continue to monitor 

AI technology is constantly changing, improving and adjusting. The teams who must manage 

the technology need to test and track what happens when adjustments occur so that periodic 

refinements can be made. 

What you can do: 

• Regularly test the AI solution and troubleshoot its capabilities. 

• Ensure that there is an organized tracking method for when testing occurs. 

10. Conclusion: 

Recent breakthroughs in computing power have enabled the growth and complexity 

of AI applications. Building on this further, the aim of the current research was to 

clarify how AI contributes to SCM studies based on a systematic review of the 

literature. We examined 64 articles published that were identified through five 

phases. Our findings suggest that among several different AI techniques available, 

some have been employed in a wider range in comparison to others. Our results 

indicate that the most prevalent AI technique is ANNs, which are usually used to find 

complex patterns that humans cannot find. ANNs can be applied to several categories 

of problems, including pattern classification, approximation, optimization, 

clustering, function, prediction, retrieval by content and process control. The second- 

most-commonly used technique is FL, which is a form of multiple-valued logic that 

handles the concept of partial truth. 

Other major techniques that can be considered prevalent in the literature are GAs, a 

type of search technique that mimics natural se- lection that is capable of tackling 

various categories of combinatorial decision problems; data mining, which can be 

employed to provide in- sights and make decisions from big data sets; CBR, a 

cognitive psychological-based technique that solves new problems by retrieving 

gathered and saved cases of analogous problem-solving episodes and adapting the 

solutions to match new requirements; swarm intelligence, which mimics behavior of 

social insects to solve complicated problems; and SVMs, which use a linear classifier to 

classify data to decipher subtle patterns in chaotic data sets. 
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Furthermore, we find that the network-based nature of SCM and 

logistics provides a natural framework with which to implement AI. A network of 

suppliers, for instance, generates large amounts of data and requires agile decision- 

making. 

Recent breakthroughs in computing power have enabled the growth and complexity 

of AI applications. Building on this further, the aim of the current research was to 

clarify how AI contributes to SCM studies based on a systematic review of the 

literature. We examined 64 articles published that were identified through five 

phases. 

Furthermore, we find that the network-based nature of SCM and logistics provides 

a natural framework with which to implement AI. A network of suppliers, for 

instance, generates large amounts of data and requires agile decision-making. As 

such, using AI tools for big data analysis and DSSs is highly recommended. In 

addition, SCM companies depend on physical and digital networks that must 

function harmoniously amidst large volumes, lean asset allocation, low margins and 

time- sensitive deadlines. 
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Abstract : The purpose of this study is to investigate the adoption of lean manufacturing 

tools and techniques in the silk production Industry, A questionnaire survey was used to 

explore 14 key areas of lean manufacturing namely, scheduling, inventory, material handling, 

equipment, work processes, quality, employees, layout, suppliers, customers, safety and 

ergonomics, product design, management and culture, and tools and techniques. The 

respondents were asked to rate the extent of implementation for each of these areas. The 

average mean score for each area was calculated and some statistical analyses were then 

performed. In addition, the survey also examined various issues associated with lean 

manufacturing such as its understanding among the respondent companies, its benefits and 

obstacles, the tools and techniques used, etc. The survey results show that many companies in 

the Silk Production industry are committed to implement lean manufacturing. Generally, 

most of them are “moderate-to-extensive” implementers. All the 14 key areas investigated 

serve as a useful guide for organizations when they are adopting lean manufacturing. In 

essence, this is perhaps the first study that investigates the actual implementation of lean 

manufacturing in the Silk production industry. 

Keywords: Lean manufacturing tools and techniques, Silk production industry, Maharashtra 
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Introduction : 

Manufacturers in the silk production industry have always faced heightened challenges such 

as rising customers’ expectation, fluctuating demand, and competition in markets. There is no 

doubt that these manufacturers are always embracing changes and improvements in their key 

activities or processes to cope with the challenges. One way to stay competitive in this 

globalized market is to become more efficient. Lean manufacturing has been receiving a lot 

of attentions in the industry. The effects claimed after implementing it are enormous. Lean 

manufacturing uses less of everything compared to mass production-half the human effort in 

the factory, half the manufacturing space, half the investment in tools, and half the 

engineering hours to develop a new product (Womack et al., 1990). It has now become a 

production method for many manufacturers to pursue. 

Little studies regarding lean manufacturing have been done in Maharashtra. A survey needs 

to be carried out in order to gauge how organizations in this practice it. This research was 

initiated with a focus to examine the adoption of lean manufacturing tools and techniques in 

the silk production industry. Various issues such as its understanding among the respondent 

 companies, its benefits and obstacles, the tools and techniques used etc, were investigated. In 
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addition, the degree of implementation of 14 key practice areas of lean manufacturing was 

assessed. 

This paper begins with a general overview of lean manufacturing tools and techniques and 

the key areas that characterize its adoption. This is followed by an outline of the methodology 

employed for conducting the survey. Findings of the survey together with the results of some 

statistical analyses that were applied are presented in the next section. Finally the paper ends 

with conclusions. 

Literature Review 

Principles of lean thinking have been broadly accepted by many manufacturing operations 

and have been applied successfully across many disciplines (Poppendieck, 2002). While 

many researchers and practitioners have studied and commented on lean manufacturing, it 

is very difficult to find a concise definition which everyone agrees. Different authors define it 

distinctively. Lean manufacturing is most frequently associated with the elimination of seven 

important wastes to ameliorate the effects of variability in supply, processing time or demand 

(Shah and Ward, 2007). Liker and Wu (2000) defined it as a philosophy of manufacturing 

that focuses on delivering the highest quality product on time and at the lowest cost. Worley 

(2004) defined it as the systematic removal of waste by all members of the organization from 

all areas of the value stream. Briefly, it is called lean as it uses less, or the minimum, of 

everything required to produce a product or perform a service (Hayes and Pisano, 1994). In a 

nutshell, lean manufacturing can be best defined as an approach to deliver the upmost value 

to the customer by eliminating waste through process and human design elements. 

Lean manufacturing has become an integrated system composed of highly inter- related 

elements and a wide variety of management practices, including Just-in-Time (JIT), quality 

systems, work teams, cellular manufacturing, etc. (Shah and Ward, 2003). The purpose of 

implementing it is to increase productivity, reduce lead time and cost, and improve quality 

(Karlsson and Åhlström, 1996; and Sánchez and Pérez, 2001). 

Lean manufacturing requires that not only should technical questions be fully understood, but 

existing relationships between manufacturing and the other areas of the firm should also be 

examined in depth, as should other factors external to the firm (Womack and Jones, 1994). 

As an integrative concept, the adoption of lean manufacturing can be characterized by a 

collective set of key areas or factors. These key areas encompass a broad array of practices 

which are believed to be critical for its implementation. They are, scheduling, inventory, 

material handling, equipment, work processes, quality, employees, layout, suppliers, 

customers, safety and ergonomics, product design, management and culture, and tools and 

techniques (Wong et al., 2009). These 14 areas are the subjects of investigation in this study 

and each of them will be reviewed and described now. 

Scheduling has been widely discussed in lean manufacturing (Sohal and Egglestone, 1994; 

Harrison and Storey, 1996; and Karlsson and Åhlström, 1996). Effective schedules improve 

the ability to meet customer orders, drive down inventories by allowing smaller lot sizes, and 

reduce work in processes (Heizer and Render, 2006). Appropriate scheduling methods are 

able to optimize the use of resources. Pull methods such as Kanban, and lot size reduction are 

commonly used to reduce storage and inventories and to avoid overproduction. Pull means to 

do nothing until it is required by the downstream process (Poppendieck, 2002). Minimizing 
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lot sizes enables a smoother production flow and maximizes productivity by eliminating 

production line imbalances. 

Companies store inventories to enable continuous deliveries and overcome problems such as 

demand variabilities, unreliable deliveries from suppliers, and breakdowns in production 

processes. However, there is a need to maintain inventories at the minimum level because 

excess inventories would require more valuable spaces and result in higher carrying costs. 

Moreover, they accumulate the risk of “products becoming obsolete”. Excess inventories are 

seen as “evils” because they hide problems such as defects, production imbalances, late 

deliveries from suppliers, equipment downtime and long setup time (Liker, 2004). 

Material handling is also crucial in lean manufacturing because the cost attributed to material 

handling is estimated between 15% and 70% of the total manufacturing operation expenses 

(Tompkins et al., 1996). Karlsson and Åhlström (1996) and Sánchez and Pérez (2001) stated 

that transporting parts not only does not add value to a product, it increases manufacturing 

lead time. Hence, it is a major waste that needs to be eliminated. A steady material flow 

which moves frequently in small batches will allow a faster replenishment of materials. This 

will then shorten lead time and increase productivity. 

The level of equipment support should be given attention in lean manufacturing (Mortimer, 

2006) because some manufacturing processes rely heavily on their equipment to produce 

products. Unexpected machine downtime would result in line stoppage and decrease 

productivity. Therefore, equipment is a vital area in which maintenance and reduction of 

setup time play an important role to avoid process disturbance (Taj, 2005; and Shah and 

Ward, 2007). Lean manufacturing requires machines which are reliable and efficient. 

Inventories can be reduced when machine downtime is minimized. 

Work processes across the value stream should also be emphasized in lean manufacturing. 

Processes should be performed with a minimum of non value added activities in order to 

reduce waiting time, queuing time, moving time, and other delays (Pattanaik and Sharma, 

2009). Besides this, standardization of work processes is needed to facilitate efficient, safe 

work methods and eliminate wastes, while maintaining quality (Kasul and Motwani, 1997). It 

ensures a consistent performance and creates a foundation for continuous improvement. 

Nowadays, a product with high quality is a prerequisite for any manufacturer. Quality is a 

major focus in lean manufacturing (Forza, 1996; Shah and Ward, 2003; and Taj, 2005) 

because poor quality management would result in many wastes such as scraps and rejects. 

Appropriate quality management helps to control a manufacturing process, and this reduces 

“safety” buffers and exposes quality issues (Nakamura et al., 1998). Reduction of “safety” 

buffers will eventually lead to reduction of inventories. 

Employees who are motivated and empowered are essential since people are the key element 

in lean manufacturing. Japanese regard people as assets (Sharp et al., 1999) because they are 

the ones who are going to solve problems and improve processes in production. The phrase 

“No one knows the job better than those who do it” indicates that the person who is 

experienced in his/her job is most likely to have a better understanding on it. Task rotation 

creates cross-trained and multi- tasked employees, and this enables them to respond faster to 

changes in products and processes. In addition, work teams are critical throughout the 

implementation of lean manufacturing (Åhlström, 1998). It is said that work teams are the 

heart of a lean manufacturing company (Womack et al., 1990). 
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Another key area of lean manufacturing is layout which determines the arrangement of 

facilities in a factory. A poor layout may have several deteriorating effects such as high 

material handling costs, excessive work-in- process inventories, and low or unbalanced 

equipment utilization (Heragu, 1997). Layouts that cause inventory accumulation and 

interrupt process flow should be eliminated. On the other hand, lean manufacturing needs 

flexible layouts that reduce movements of both materials and people, minimize material 

handling losses, and avoid inventories between stations. 

Lean manufacturing is particularly vulnerable not only to internal sources of variability, but 

also to external resources (Davis, 1993). Suppliers have been reported as a critical factor for 

the success of lean manufacturing (Keller et al., 1991) and they have been given much 

attention by various researchers (Panizzolo, 1998; Lewis, 2000; Sánchez and Pérez, 2001; 

and Wu, 2003). Particularly, it is important to encourage suppliers to develop JIT production 

capabilities as well as JIT delivery in order to enhance long-term competitiveness (Helper, 

1991). A mutual goal between manufacturers and suppliers to reduce waste and cut down 

cost is crucial to drive lean manufacturing to success. 

Relationship with customers is also crucial in lean manufacturing (Doolen and Hacker, 2005; 

and Shah and Ward, 2007). Customers decide what to buy, and when and how they are going 

to purchase a product. Since value is determined by the customers, it is essential to develop a 

good relationship with them. Setting up good relationships with customers will enable an 

organization to understand and meet their needs and predict their demands accurately, as it is 

important to attain a perfect match between market demands and production flows 

(Panizzolo, 1998). 

Research Methodology 

This research aims to find out the adoption of lean manufacturing tools and techniques in the 

silk production industry in Maharashtra. To achieve this, data were collected via a 

questionnaire survey. This method seems to be the best data collection technique in 

exploratory studies since it enables a larger amount of data to be gathered in a short period of 

time. 

The samples of organizations were obtained from the. They were randomly selected from 

those which have complete information and contact details. 350 manufacturers were 

identified and questionnaires were distributed to them using postal mail. The questionnaires 

were addressed to the General Managers or Managing Directors of the companies. They were 

considered to be the best addressees because they were likely to be the thought leaders in 

charge of lean manufacturing. However, it was up to the organization to assign the most 

appropriate person who has knowledge to answer the questionnaire. To increase the response 

rate, various techniques such as providing self- addressed stamped envelopes, making 

telephone calls, and sending follow-up letters were employed. Finally, a total of 52 responses 

were obtained. However, only 44 were valid for analysis, yielding a response rate of 12.6%. 

According to Jusoh et al. (2008), this feedback rate in postal survey was not unusual in 

Maharashtra as they obtained a response rate of 12.3%. Likewise, a response rate of 11.5% 

was obtained by Ahmed and Hassan (2003) in their study in Maharashtra. Therefore, the 

response rate for this research was considered to be reasonable. 

The questionnaire consists of two parts. The first section surveyed the organization’s 

background such as the total number of employees and the products manufactured. 
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Awareness, benefits and obstacles of implementing lean manufacturing were also studied in 

this part. The second section consists of 52 items or elements that investigate the 

implementation of lean manufacturing practices. The items were designed based on the 

review of prior literature and they were grouped into the 14 key areas discussed earlier. A 

five-point scale was used in this study to indicate the degree of implementation for each of 

the items. This five- point scale, 1 = no implementation, 2 = little implementation, 3 = some 

implementation, 

4 = extensive implementation, and 

5 = complete implementation, was adopted from Shah and Ward (2007). The average mean 

values would indicate the level of implementation for each key area. Most of the questions in 

this study were close ended types, thus helping the respondents to answer them in less time. 

Reliability and validity tests were conducted to ensure that the questionnaire was reliable and 

valid. Reliability tests were performed for each key area and Cronbach’s Alpha with a 

minimum value of 0.60 was acceptable in this study. This is because a value of 0.6 is 

satisfying for a relatively new measurement instrument (Sakakibara et al., 1997) while 0.7 is 

sufficient (Nunnally, 1978). As can be seen in Table 1, one item in layout was deleted to 

achieve a satisfying Cronbach’s Alpha. Apart from this, all the other key areas show a 

construct reliability that is above the minimum limit. Content validity was determined by 

experts and by referring to the literature. Pilot studies were conducted involving 6 academics 

and 2 practitioners in lean manufacturing. Based on their feedbacks, some alterations were 

made before the questionnaires were distributed. 

To assess construct validity, principal components analysis was used. Items that did not load 

into a single factor were eliminated 
 

Table 1: Reliabilityand Validity Test Results 

 

Key Areas Cronbach’s 

Alpha 

Items 

Deleted 

Eigen 

Value 

% 

Variance 

Explained 

Items for 

Deletion 

Items 

Loading 

Range 

 

KMO 

Value 

Scheduling 0.688 None 1.893 63.095 None 0.767-0.814 0.671 

Inventory 0.869 None 2.892 72.303 None 0.818-0.890 0.754 

Material Handling 0.842 None 2.289 76.296 None 0.853-0.897 0.719 

Equipment Work 0.878 None 2.413 80.424 None 0.887-0.916 0.735 

Processes Quality 0.856 None 3.228 64.566 None 0.687-0.867 0.797 

Employees 0.819 None 2.681 67.021 None 0.685-0.916 0.732 

Layout Suppliers 0.864 None 2.850 71.250 None 0.795-0.929 0.720 

Customers 0.600 1 1.431 71.552 None 0.846 0.500 

Safety and Ergonomics 0.702 None 1.892 63.063 1 0.621-0.906 0.540 

Product Design 0.780 None 2.140 71.342 None 0.798-0.888 0.680 

Management and 0.812 None 2.226 74.194 None 0.785-0.945 0.569 

Culture 0.821 None 2.263 75.420 None 0.774-0.918 0.662 

Tools and Techniques 0.947 None 4.143 82.860 None 0.864-0.931 0.883 

 0.817 None 2.923 58.458 None 0.685-0.867 0.749 
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(or considered in another factor) and the analysis was re- performed. As shown in Table 1, 

the Eigen value of each factor exceeds the minimum threshold of 1.0 and the explained 

variance of each factor is greater than 50%. All factor loadings are greater than 0.5 which are 

acceptable. Additionally, the Kaiser– Meyer–Olkin (KMO) values for sampling adequacy are 

satisfying since all of them exceed the minimum score of 0.5. In short, it can be said that all 

the factors or key areas are reliable and valid, and thus can be used for further analyses. 
 

Table 2: Profiles of the Respondent Companies 

 No. of Companies Percent 

a) Size of the Companies 

Small and Medium Enterprises  
14 

 
31.82 

Large Organizations 30 68.18 

Total 44 100 

b) Types of Product Manufactured 

Silk Industry 26 59.09 

Home Silk Industry 18 40.91 

Total 44 100 

c) Number of Years Adopted Lean Manufacturing 

<5 years 23 52.27 

5-10 years 8 18.18 

>10 years 13 29.55 

Total 44 100 

 

Results And Discussion 

Table 2 shows the descriptive statistics for the respondent companies in terms of their sizes, 

types of industry and the number of years for which they have adopted lean manufacturing. It 

can be seen that only 31.82% were from 

Small and Medium Enterprises (SMEs) while the remainder was large organizations. The 

classification of companies’ size was based on the definition provided by the Maharashtra 

SME Development Council (2011). In this research, large companies are those that have 

more than 150 employees in total. Apparently, there are more large organizations than SMEs 

which have implemented lean manufacturing. This is consistent with the findings of Shah and 

Ward (2003) as they found that larger plants across a variety of industrial sectors were more 

likely to implement lean manufacturing practices. 

This survey also investigated the number of years for which the respondent companies have 

been involved in lean manufacturing to indicate their maturity in the field. It appears that 

more than half of the respondents have been involved in lean manufacturing for less than five 

years, 18.18% have adopted it for five to ten years, while 29.55% have implemented it for 

more than ten years. 

In an attempt to discover the understanding of lean manufacturing among the respondents, 

they were asked to indicate what they thought it was associated with (eight choices were 

given). Waste reduction and continuous improvement were the highest ranked which scored 

88.64% and 84.09% respectively. It is remarkable that most respondents identified lean 

manufacturing as an approach for waste reduction and continuous improvement since it is a 
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Figure 1: Understanding of Lean Manufacturing 

Figure 2: Benefits of Lean Manufacturing 

concept that emphasizes on these two principles. The respondents seem to have a high 

understanding of lean manufacturing in which its basic is to use lesser resources for further 

improvement and growth. 54.55% of the respondents perceived it as tools and techniques to 

improve operations. Interestingly, only 36.36% associated it with the Toyota Production 

System which is the root of lean manufacturing. Figure 1 summarizes the respondents’ 

answers regarding their understanding of lean manufacturing. 
 

The respondents were also asked to identify the benefits of lean manufacturing in their 

respective companies. It was clear that they gained various benefits after practicing lean 

manufacturing (as shown in Figure 2). The highest benefit is reduced cost, followed by 

improved productivity and reduced waste. 

More than 80% of the respondents have gained these benefits after embarking on lean 

manufacturing. However, only 43% were able to improve flexibility after implementing it. 

Based on the results, there is a clear relationship between lean manufacturing and 

productivity. 
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In order to further verify whether the respondent companies had really embarked on lean 

manufacturing, they were asked to indicate which tools they had implemented from a list of 

18 tools. As can be seen in Table 3, a majority of them were found to be implementing 5S 

(88.64%) and Kaizen (84.09%). This shows that in general, keeping the manufacturing plant 

in order and maintaining a good housekeeping seem to be the highest priority among the 

respondents. However, Group Technology (6.82%) was the least adopted in the silk 

production industry probably because it demands a large investment in equipment and 

facilities (White and Prybutok, 2001). 
 

Table 3: Tools Applied in the Respondent Companies 

Tools and Techniques Overall % Rank 

5S 88.64% 1 

Kaizen 84.09% 2 

Standardized Work 70.45% 3 

PDCA 70.45% 3 

Poka-Yoke 63.64% 5 

Kanban 61.36% 6 

JIT 54.55% 7 

TPM 54.55% 7 

One Piece Flow 40.91% 9 

TQM 40.91% 9 

VSM 36.36% 11 

Cellular Layout 34.09% 12 

 

The tools implemented were also analyzed based on the number of years for which the 

respondent companies have implemented lean manufacturing (see Table 4). The five most 

adopted tools among the beginners in lean manufacturing (less than 5 years of 

implementation) were Standardized work, 5S, Kaizen, Kanban, and PDCA. This is 

understandable since most of these tools are simple techniques which require less time to be 

planned and implemented. While for the 5-10 years implementers, most of them were 

implementing 5S, Poka-yoke, Kaizen, JIT, and Standardized work. Poka-yoke needs more 

time and funding support because some instruments or jigs and fixtures or even design 

changes are needed to implement mistake- proofing features. Likewise, JIT is a long term 

manufacturing philosophy that would require the whole organizational system to change. 5S, 

Kaizen, PDCA, TPM and JIT were the five most implemented tools in the companies that 

have practiced lean manufacturing for more than 10 years. As the companies become more 

advanced and knowledgeable in this field, lean manufacturing is practiced in a wider scope 

involving TPM to prevent the breakdowns of equipment or facilities. According to Herron 

and Braident (2007), lean tools should not be implemented in isolation; they were developed 

for a reason, which was to support an overall strategy. Bhasin and Burcher (2006) also 

suggested that it was better to embrace more lean tools rather than practicing one or two 

isolated ones. The analysis above shows that the respondent companies have been 

 implementing various lean tools concurrently.  
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Figure 3: Obstacles of Implementing Lean Manufacturing 

 

Table 4: Tools Ranking Based on the Number of Years of Lean Manufacturing Implementation 

< 5 Years of Implementation 5-10 Years of Implementation > 10 Years of Implementation 

Tools % Tools % Tools % 

Standardized Work 82.60% 5S 100.00% 5S 100.00% 

5S Kaizen 78.30% Poka-Yoke 100.00% Kaizen 92.30% 

Kanban 78.30% Kaizen 87.50% PDCA 76.90% 

PDCA 69.60% JIT 87.50% TPM 69.20% 

Poka-Yoke 69.60% Standardized Work 75.00% JIT 53.80% 

One Piece Flow 60.90% Kanban 62.50% TQM 53.80% 

TPM 47.80% PDCA 62.50% Poka-Yoke Kanban 46.20% 

JIT 47.80% Andon 50.00% Standardized Work 46.20% 

Cellular Layout 43.50% TPM 50.00% Heijunka 46.20% 

VSM 39.10% Cellular Layout 37.50% One Piece Flow 30.80% 

Heijunka 39.10% SMED 37.50% VSM 30.80% 

TQM 34.80% One Piece Flow 37.50% Cellular Layout 30.80% 

 n = 23  n = 8  n = 13 

 

 

 

Therefore, the major roadblocks of implementing lean manufacturing in the respondent 

companies seem to be the “people” factor. The employees reverted to the old ways of 

working probably because lean manufacturing initiatives might have burdened them with 

additional work. Resistance from employees might be due to the “fear factor” that they would 

lose their jobs if they find out that their jobs do not add values, since lean manufacturing is 

about eliminating non value added activities. Therefore, it is crucial that top management 

gives ample support as well as job security to the workers to obtain their “buy-in”. Lean 
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manufacturing potential benefits should also be made known to all employees to ensure that 

they are supportive and have a common goal to achieve it. 

The primary objective of this research was to explore the extent of lean manufacturing 

implementation in the silk industry in Maharashtra. The extent of implementation was 

determined by calculating the average mean score for each of the key practice areas 

mentioned earlier. A higher average mean value implies a higher degree of implementation. 

The results are shown in Table 

5. The average mean scores were ranged from 3.174 to 4.250. When the key areas were 

arranged in order of magnitude, customers were shown to be the highest implemented area, 

with an average mean score of 4.250. The 2nd highest ranked was management and culture 

(average mean score = 4.114) and the lowest ranked was product design (average mean score 

= 3.174). The variability observed was almost similar for each of the key areas. 

Customers have the highest degree of implementation, thus indicating that the respondent 

companies were giving the highest priority to their clients. Focusing on customers is a 

universal aim, as value is determined by them. In fact, lean manufacturing begins with a 

focus on customers’ desires and an organization should drive out activities that do not add 

values from their perspectives. A greater customer satisfaction would enable a larger market 

share to be obtained (Katayama and Bennett, 1996). 
 

Table 5: Average Mean Score and Standard Deviation of Each Key Area 

Key Areas Average Mean Std. Deviation Rank 

Customers 4.25 0.663 1 

Management and Culture 4.114 0.614 2 

Safety and Ergonomics 3.871 0.656 3 

Material Handling 3.826 0.861 4 

Employees 3.773 0.715 5 

Work Processes 3.741 0.752 6 

Inventory 3.693 0.861 7 

Tools and Techniques 3.655 0.762 8 

Equipment 3.598 0.894 9 

Layout 3.489 0.695 10 

 

The high degree of implementation in management and culture reveals that most of the 

companies were committed in adopting lean manufacturing. In order to achieve success in the 

initiative, support from management is crucial. It is also important to create a culture where 

knowledge associated with lean manufacturing is shared across the organization. When 

knowledge is shared, it becomes cumulative and embedded within an organization’s 

processes and services (Demarest, 1997; and Wong and Aspinwall, 2006). 

The low adoption of lean manufacturing practices in product design might be due to many of 

the organizations were contract manufacturers and subsidiary companies that did not design 

their product. Therefore, they had no formal system which emphasized on product design. As 
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a whole, the respondent companies were all “moderate- to- extensive” implementers of lean 

manufacturing because the overall average mean score obtained was 3.658. 

Another important area worth exploring was whether there was any significant difference 

between SMEs and large companies with regard to their level of lean manufacturing 

implementation. A two-sample, non parametric Mann Whitney test was used to compare the 

two respondent groups for each of the key areas. The advantage of using a non parametric test 

is that the data do not necessarily need to be normally distributed. As shown in Table 6, 

significant differences (p < 0.05) were found in a few key areas namely, scheduling, 

inventory, work processes, employees, safety and ergonomics, and tools and techniques. 

Specifically, the average mean scores for large organizations were significantly higher than 

those for SMEs. This implies that large companies have implemented lean manufacturing 

practices to a greater extent than their smaller counterparts in the six key areas above. 
 

Table 6: Mann Whitney Test for the Degree of Implementation Between SMEs and Large Companies 

Key Areas SMEs Large Companies p-value Result 

Scheduling 3.02 3.66 0.013 Sig. 

Inventory 3.43 3.82 0.042 Sig. 

Material Handling 3.76 3.86 0.247 Not Sig. 

Equipment Work 3.40 3.69 0.342 Not Sig. 

Processes Quality 3.27 3.96 0.005 Sig. 

Employees 3.05 3.53 0.120 Not Sig. 

Layout 3.45 3.93 0.012 Sig. 

Suppliers 3.50 3.48 0.937 Not Sig. 

Customers 2.90 3.33 0.060 Not Sig. 

Safety and Ergonomics 4.26 4.20 0.907 Not Sig. 

Product Design Management and 3.50 4.04 0.005 Sig. 

Culture Tools and 2.81 3.34 0.086 Not Sig. 

Techniques 4.13 3.97 0.630 Not Sig. 

 3.20 3.79 0.006 Sig. 

Ultimately, the respondents were asked to rate the degree of successfulness of their lean 

manufacturing initiative using a four-point scale. Four choices were given which were: not 

successful, slightly successful, successful, and very successful. Those who selected the last 

two categories were regarded as companies that had successfully implemented lean 

manufacturing. In order to test the relationships between successfulness and each of the key 

areas, Spearman correlation tests were performed. 
 

Table 7: Correlation Between Successfulness and Each of the Key Areas 
 

Key Areas 
Spearman’s Coefficient 

p-value 

Scheduling 0.591 0.000 

Inventory 0.629 0.000 

Material Handling 0.514 0.000 

Equipment 0.606 0.000 

Work Processes 0.701 0.000 
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Quality 0.598 0.000 

Employees 0.587 0.000 

Layout 0.420 0.002 

Suppliers 0.526 0.000 

Customers 0.595 0.000 

Safety and Ergonomics 0.583 0.000 

Product Design 0.522 0.000 

Management and Culture 0.452 0.001 

Tools and Techniques 0.601 0.000 

 

As can be seen in Table 7, all the p values are less than 0.05, thus implying that there is a 

significant relationship between successfulness and each of the individual key areas. Since all 

the correlation coefficients are positive, it can be concluded that as the level of 

implementation in any of the areas increases, there is a corresponding improvement in the 

success of lean manufacturing. 

Hence, all the 14 key areas need to be emphasized and none of them should be neglected or 

overlooked in order to transform an organization into an effective lean enterprise. In essence, 

they represent a comprehensive list of factors for organizations to deal with when adopting 

lean manufacturing. This list helps to ensure that all the relevant issues are covered when 

companies are planning and implementing a lean manufacturing initiative. It also provides a 

common framework for academics and practitioners to understand and develop the discipline. 

Conclusion 

This paper has provided important insights into the current status of lean manufacturing 

implementation in the silk production industry in Maharashtra, as well as highlighted some 

associated issues. Firstly, the respondent companies’ general backgrounds (e.g., their size, 

their involvement in lean manufacturing, etc.) have been discussed. The companies are found 

to have a good understanding of lean manufacturing, and since its implementation, they have 

gained many benefits such as reduced cost and improved productivity. It is also apparent that 

the companies have implemented various tools and techniques to support lean manufacturing, 

and they do not adopt a single tool in isolation. In order to assess the extent to which they 

have implemented lean manufacturing, 14 key areas or factors which comprehensively 

characterize the discipline have been evaluated. Overall, it is shown that the respondent 

companies are “moderate-to-extensive” adopters of these key areas, but the degree of 

implementation varies among organizations. Large companies are found to have implemented 

a few areas more rigorously as compared to SMEs. In addition, statistical analysis shows that 

individually, each of the 14 key areas has a significant positive relationship with the success 

of lean manufacturing. Therefore, companies in the silk production industry need to give 

attention to the implementation of all the key areas from a holistic perspective. It is hoped 

that the information accrued from this article will trigger more studies to be conducted in lean 

manufacturing. 
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Abstract 

Financial inclusion is a critical component of inclusive economic growth, especially for 

women in rural areas who historically faced barriers in accessing formal financial services. 

Over the last decade, the Government of India has introduced several initiatives such as the 

Pradhan Mantri Jan Dhan Yojana (PMJDY), Direct Benefit Transfer (DBT), Stand-Up India, 

digital payments infrastructure, and self-help group (SHG) programs to expand financial 

access among rural populations, particularly women. 

This study examines the impact of these government initiatives on financial inclusion among 

women in rural India using secondary data from the last ten years (2015–2025). The analysis 

draws on data from government reports, central bank publications, the World Bank Global 

Findex, and policy statistics. 

The findings indicate significant growth in account ownership, digital transaction usage, and 

participation in financial schemes among rural women. Women now constitute more than 

half of PMJDY account holders, and a majority of accounts are located in rural and semi- 

urban areas. However, challenges such as inactive accounts, limited financial literacy, and 

gendered access to credit persist. 

The paper concludes that while government initiatives have improved access, policy focus 

must now shift from account ownership to meaningful financial participation through 

increased usage, digital literacy, and credit accessibility to achieve sustainable empowerment. 

Keywords: Financial Inclusion, Rural Women, PMJDY, Government Initiatives, Digital 

Finance, India 

 

1. Introduction 

Financial inclusion refers to the availability and use of affordable financial services such as 

savings accounts, credit, insurance, and payment systems by all section of society. It is 

widely acknowledged as a key enabler of economic development, poverty reduction, and 

social strengthens. 

In rural India, women have historically faced multiple structural barriers to financial access. 

These include low literacy levels, socio-cultural norms, lack of identity documents, limited 

mobility, and dependence on informal financial systems. As a result, rural women were often 

excluded from the formal banking system, leading to reduced economic independence and 

increased vulnerability. 

Recognizing these challenges, the Government of India has implemented several initiatives 

aimed at promoting financial inclusion. 
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Major schemes launched in the last decade include: 

• Pradhan Mantri Jan Dhan Yojana (PMJDY) 

• Direct Benefit Transfer (DBT) 

• Stand-Up India 

• Digital payment infrastructure (UPI, RuPay, Aadhaar-enabled payments) 

• National Rural Livelihood Mission (NRLM) and SHG-bank linkage programs 

These initiatives aim to improve access to formal financial services, encourage savings, 

enable credit access, and promote digital financial transactions among rural populations. 

While account ownership has increased significantly, the extent to which these initiatives 

have translated into actual usage and economic empowerment among rural women remains a 

subject of academic and policy debate. This study attempts to examine this issue using 

secondary data over the past decade. 

2. Literature Review 

Financial inclusion has been widely studied as a tool for economic empowerment, reduce 

poverty, and gender equality. Several researchers have examined the relationship between 

financial access and women’s socio-economic outcomes. 

2.1 Financial Inclusion and Economic Development 

Studies have consistently shown that access to formal financial services enhances savings 

behaviour, reduces dependence on informal lenders, and supports entrepreneurship. Financial 

inclusion contributes to economic stability and improved living standards. 

2.2 Women’s Financial Inclusion 

Research indicates that women face higher barriers to financial access compared to men. 

Gender disparities in account ownership, credit access, and digital literacy have been 

documented across developing economies. However, targeted interventions, such as women- 

centric savings accounts and microfinance programs, have shown positive outcomes. 

2.3 Government Initiatives in India 

The launch of PMJDY in 2014 marked a major step toward universal financial inclusion. 

Studies report that the scheme significantly increased the number of bank accounts, 

especially among women and rural populations. Similarly, DBT has reduced seepage in 

welfare schemes and encouraged account usage. 

Digital payment systems, especially UPI, have also expanded rapidly, enabling low-cost 

transactions even in remote areas. SHG-bank linkage programs have played a crucial role in 

promoting savings and credit among rural women. 

2.4 Research Gap 

Most existing studies focus on: 

• Single schemes (e.g., PMJDY alone) 

• Short-term impacts 

• Regional or micro-level primary data 

There is limited research that: 

• Uses long-term secondary data 

• Examines multiple government initiatives together 

• Focuses specifically on rural women 

This study aims to fill that gap. 

3. Objectives of the Study 
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1. To examine the growth of financial inclusion among rural women in India from 

2015–2025. 

2. To analyse the impact of major government initiatives on financial access. 

3. To assess trends in account ownership, credit access and digital transaction. 

4. To identify the key challenges in achieving meaningful financial inclusion. 

5. To suggest policy recommendations for improving financial inclusion among rural 

women. 

4. Research Methodology 

4.1 Nature of Study 

The study is descriptive and analytical in nature and is based entirely on secondary data. 

4.2 Data Sources 

Data has been collected from official places like: 

• Government of India reports 

• Reserve Bank of India publications 

• World Bank Global Findex database 

• Ministry of Finance statistics 

• Policy reports and financial inclusion indices 

4.3 Study Period 

The analysis covers a ten-year time frame from 2015 to 2025. 

4.4 Analytical Tools 

The study uses: 

• Trend analysis 

• Percentage growth analysis 

5. Major Government Initiatives for Financial Inclusion 

5.1 Pradhan Mantri Jan Dhan Yojana (PMJDY) 

PMJDY was launched in 2014 to provide universal access to banking facilities. The scheme 

offers: 

• Account requires Zero-balance 

• Free RuPay debit cards 

• Overdraft facilities up to 10000 

• Accident and life insurance coverage of 200000 

Women have been a major beneficiary group under the scheme. 

5.2 Direct Benefit Transfer (DBT) 

DBT transfers government subsidies directly into beneficiaries’ bank accounts. It has: 

• Reduced leakages and corruption by eliminating intermediaries. 

• Boost account usage 

• Motivate women to maintain active bank accounts 

5.3 Stand-Up India 

This scheme provides loans to women entrepreneurs and members of underserved groups. It 

promotes: 

• Promoting women-led enterprises 

• Access to formal credit 

• Economic empowerment 

5.4 Digital Payment Infrastructure 
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Digital platforms such as: 

• Unified Payments Interface (UPI) 

• Aadhaar-enabled Payment Systems (AEPS) 

• Mobile banking have enabled low-cost financial transactions in rural areas. 

5.5 Self-Help Group (SHG) Programs 

Under the National Rural Livelihood Mission, these groups of rural women work together to: 

• Promote savings 

• Provide microcredit 

• Encourage collective entrepreneurship i.e. Helps women in starts business together 

6. Trends in Financial Inclusion among Rural Women (2015–2025) 

6.1 Growth in Bank Account Ownership 

Over the last decade, there has been a significant rise in bank account ownership among rural 

women. In 2014, a large portion of rural women were unbanked. By 2022 women’s account 

ownership rose to over 75% according to global financial inclusion data. More than half of 

PMJDY accounts are held by women. This indicates a prosperous expansion of financial 

inclusion schemes. 

6.2 Increase in Digital Transactions 

Digital payment adoption has grown rapidly due to: 

• Increase in smart phone penetration 

• Wide spread adoption of UPI platforms, especially post 2020. 

• Government digital literacy campaigns programs like PMGDISHA have trained 

millions of women’s in digital skills. 

• Government initiatives and direct support 

Rural women increasingly use digital platforms for: Receiving subsidies, paying 

utility bills, Sending money etc. 

6.3 Expansion of SHG-Bank Linkages 

The number of women’s SHGs linked to banks has increased steadily. This has: 

• Enhanced savings habits 

• Improve access to credit 

• Aided small-scale enterprises 

7. Statistical Analysis 

7.1 Trend Analysis 

Data from 2015–2025 shows: 
 

Year Account Ownership (%) Credit access of rural 

women (%) 

Digital transaction 

Rural women 

2015-2016 48 5 14 

2017-2018 48.5 7 21 

2019-2020 66 12 24.6 

2021-2022 77 14 28 

2023-2024 78 22 28 

2024-2025 - 60 semi urban also 30 
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Observation: 

All key indicators show strong upward trends, especially account ownership, digital 

transaction. 

Figure 1: Women’s Bank Account Ownership Trend 

Observation: 

There has a consistent and significant increase in the percentage of women owning bank 

account. 

Figure: 2 credit access of rural women. 
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Observation: 

There has a consistent and significant upward trend in the credit access of rural women. 

Figure: 3 Digital Transaction Growth 
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Observation: The graph shows a sustained upward trend, there is an increase in digital 

transaction among rural women. As it is starting from the baseline value of 14 in the year 

2015-2016 the figure grew to 30 by the year of 2024 – 2025, it represents more than twofold 

increase i.e. 114% +(growth). 

8. Key Challenges in Financial Inclusion 

Despite significant progress, several challenges remain. 

8.1 Inactive Accounts 

A considerable number of bank accounts remain inactive due to: 

• Lack of regular income 

• Limited awareness of banking services 

8.2 Low Financial Literacy 

Many rural women: 

• Lack knowledge of financial products 

• Are hesitant to use digital platforms 

8.3 Gender Gap in Credit Access 

Women still face difficulties in obtaining: 

• Formal business loans 

• Agricultural credit 

• Collateral-free financing 

8.4 Digital Divide 

Challenges include: 

• Poor internet connection 

• Lack of digital skills 

9. Discussion 

The findings indicate that government initiatives have successfully expanded financial access 

among rural women. Account ownership has increased substantially, and digital transactions 

have become more common. 

However, financial inclusion cannot be measured solely by account ownership. True financial 

inclusion requires: 

• Active account usage 

• Access to credit 

• Financial literacy 

• Digital empowerment 

The conversion from access-based inclusion to usage-based inclusion represents the next 

phase of financial policy in India. 

10. Policy Recommendations 

1. Focus on Account Usage 

o Initiate incentives for active accounts. 

o Link more welfare schemes to bank accounts. 

2. Strengthen Financial Literacy Programs 

o Conduct village-level financial education campaigns. 

o Use SHGs as training platforms. 
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3. Expand Women- Focused Credit Schemes 

o Provide collateral-free loans. 

o Encourage women entrepreneurship programs. 

4. Improve Digital Infrastructure 

o Enhance rural internet connectivity. 

o Promote low-cost smartphones for women. 

o Enable to use digital payment systems. 

11. Conclusion 

Financial inclusion among rural women in India has improved significantly over the past 

decade due to targeted government initiatives. Schemes such as PMJDY, DBT, digital 

payment platforms, and SHG programs have expanded access to formal financial services. 

However, the challenge now lies in ensuring involvement in participation rather than mere 

account ownership. Issues such as inactive accounts, limited financial literacy, and restricted 

credit access must be addressed. 

The next phase of financial inclusion should focus on: 

• Active account usage 

• Digital literacy 

• Credit accessibility 

• Women-centric financial products 

Only then can financial inclusion translate into actual economic empowerment for rural 

women. 
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Abstract : This paper examines content marketing practices by white goods companies in 

Pune, Maharashtra, a sector encompassing refrigerators, washing machines, air conditioners, 

and kitchen appliances. The study explores the role of content marketing in assisting 

manufacturers and retailers to create consumer awareness and influence purchase decisions in 

the competitive Pune market. A mixed-method approach was adopted: semi-structured 

interviews with 15 marketing managers, a structured survey of 250 consumers, and 

systematic analysis of 600+ social media posts from 10 white goods companies. The 

quantitative findings indicate that while individual content marketing variables, content 

strategy, digital channels, content types, and consumer engagement, do not exhibit 

statistically significant direct effects when assessed in isolation, the full regression model (R² 

= 0.045, F = 2.276, p = 0.048) reveals that content types significantly predicted purchase 

intention (β = 0.147, p = 0.020). These results suggest that content marketing in the white 

goods sector functions primarily as a long-term, integrated brand-building mechanism. Best 

practices identified include value-first content creation, omnichannel integration, professional 

production quality, and responsive community management. 

Keywords: content marketing, white goods, digital marketing, Pune, consumer engagement, 

social media marketing 
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I. Introduction 

1.1 Background and Context 

In recent years, the Indian digital market has expanded rapidly. Urban and semi-urban areas 

already have high rates of smartphone and internet use, and consumers have come to rely on 

digital sources for product information before making purchase decisions. Research shows 

that digital media is becoming increasingly important in product search, comparison, and 

evaluation for high-involvement products (Kannan & Li, 2017). 

A significant portion of the consumer durables market in India consists of the white goods 

segment, refrigerators, washing machines, air conditioners, and microwave ovens, all of 

which require substantial financial investment. Consumers tend to seek extensive information 

prior to purchasing such products, and conventional advertising alone is usually insufficient 

for these information needs. This shift has prompted businesses to embrace content marketing 

as a strategic communication tool (Pulizzi, 2012). 
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Content marketing provides useful and relevant information without direct promotion, 

including product demonstration videos, usage tips, energy efficiency explanations, and 

customer experiences. Research demonstrates that such content decreases consumer 

uncertainty and builds trust in the decision-making process (Holliman & Rowley, 2014). 

Pune, with its heterogeneous and technologically engaged population, provides an excellent 

environment for studying these dynamics. Research in the Indian market found that digital 

content is an important factor in purchase intention for durable goods (Kumar & Singh, 

2020). Despite its growing popularity, most businesses struggle with effective content 

marketing implementation, and empirical studies indicate a dearth of academic research on 

content marketing in India's white goods sector at the city level (Sharma & Gupta, 2018). 

1.2 Research Objectives 

The proposed research aims: 

1. To investigate the content marketing tactics employed by Pune-based white goods 

companies. 

2. To examine the digital platforms and channels utilized. 

3. To evaluate the most effective content types and formats. 

4. To assess the level of customer engagement generated. 

5. To analyze the influence of content marketing on consumers' purchase decisions. 

1.3 Significance of the Study 

The study contributes to content marketing literature, especially in the context of marketing 

durable goods in Indian tier-2 cities, which has not been thoroughly studied. It provides 

empirical results of effectiveness and viable information to marketing managers seeking to 

maximize investments and enhance consumer interactions. The research also assists 

consumers to be better evaluators of marketing communications. 

1.4 Research Hypotheses 

H1: Content marketing strategies adopted by white goods companies in Pune have a 

significant impact on consumer engagement levels. 

H2: The effectiveness of content marketing is significantly linked to the selection of 

digital platforms and channels among white goods companies. 

H3: The purchase decisions of consumers in the white goods market are significantly 

influenced by different types and formats of content (videos, blogs, and product 

guides). 

H4: There is a positive relationship between the level of consumer engagement with 

content marketing and perceived brand trust and purchase intention. 

II. Literature Review 

2.1 Content Marketing Framework 

According to the Content Marketing Institute (2024), content marketing is a strategic 

marketing approach focused on producing and disseminating worthwhile, timely, and 
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consistent content in order to attract and retain specific audiences. Its theoretical foundations 

are derived from Social Exchange Theory (Blau, 1964), which maintains that relationships 

are formed through reciprocal value exchanges, and the Elaboration Likelihood Model (Petty 

& Cacioppo, 1986), which posits that persuasion occurs through informative message 

delivery. According to Pulizzi (2012), the six principles of content marketing are: meeting 

audience needs, being consistent, creating distinctive views, avoiding pure promotion, 

owning platforms, and eliciting action. Recent research (Holliman & Rowley, 2014; Järvinen 

& Taiminen, 2016) highlights the importance of content marketing throughout the entire 

customer experience in digital contexts, especially for high-involvement products. 

2.2 Content Marketing for Durable Goods 

Durable goods present unique content marketing challenges due to infrequent purchasing, 

high involvement levels, and extensive information searching. Research by Court et al. 

(2009) found that consumers have 11 or more touchpoints before purchasing, of which two- 

thirds occur during active evaluation. Content priorities in this category include educational 

material related to product selection (Sharma & Gupta, 2018), installation and maintenance 

tutorials that build brand loyalty (Kumar & Singh, 2020), and video content that effectively 

communicates complex product features. Customer reviews constitute a very effective form 

of social proof, with 98% of consumers reading reviews before making expensive purchases 

(BrightLocal, 2024). 

2.3 Digital Marketing in India 

With 900 million anticipated internet users by 2025, India's digital landscape has significantly 

evolved (Internet and Mobile Association of India, 2023). More than 60% of new users come 

from Tier-2 cities, and platform penetration includes Facebook (400 million users), Instagram 

(350 million), YouTube (550 million), and WhatsApp (500 million). With smartphones 

accounting for 90% of internet access, consumption is predominantly mobile-first. Influencer 

marketing has evolved from celebrity endorsements toward micro-influencers who offer 

niche audience access and greater authenticity, while e-commerce has become increasingly 

integrated with content marketing strategies. 

2.4 Consumer Engagement and Content Marketing 

Consumer engagement, reflecting the cognitive, emotional, and behavioral intensity of 

consumer interest in brand content, is a central concept in content marketing research. 

Engagement encompasses watching, sharing, commenting, and time spent on content, and 

reflects the depth of consumer-brand interaction rather than mere exposure (Kannan & Li, 

2017). Studies have shown that informative and relevant content generates higher 

engagement levels. In high-involvement product categories like white goods, engagement is 

typically stimulated by explanations, demonstrations, and problem-solving content (Holliman 

& Rowley, 2014). Increased engagement is also associated with better brand recall and 

positive attitudes, important in competitive durable goods markets. 

2.5 Content Types and Formats in Digital Environments 

The quality of content marketing relies on the nature and format of content applied. Typical 

formats include blogs, videos, infographics, product manuals, and customer testimonials. 
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Video content has been found particularly effective for complex products because it 

facilitates information processing and comprehension (Pulizzi, 2012). Written content like 

blogs provides information at earlier stages of consumer search. Infographics aid retention 

and comparison. Järvinen and Taiminen (2016) stress that combining various content forms 

can enhance reach and engagement across diverse consumer groups, particularly relevant to 

white goods where both technical and experiential information are demanded. 

2.9 Research Gap 

While the literature confirms the positive influence of content marketing on consumer 

engagement, brand trust, and purchase decisions, significant gaps remain in the Indian white 

goods context. Most research focuses on general consumer products, B2B services, or digital 

brands, with limited empirical work on the white goods sector characterized by high 

involvement and low-frequency buying. Existing studies are largely national in scope with 

little city-level research, and few have empirically tested the interaction among content 

strategies, digital platforms, content types, consumer engagement, and purchase decisions 

within a single research design. The present study addresses these gaps by examining white 

goods content marketing in Pune within an integrated analytical model. 

III. Research Methodology 

3.1 Research Design 

The study employs a concurrent mixed-methods research design incorporating both 

quantitative and qualitative approaches. The exploratory-descriptive design documents 

existing content strategies, consumer perceptions, and engagement patterns systematically 

while simultaneously allowing for the collection and integration of qualitative insights. 

3.2 Data Sampling and Collection 

Primary data were collected using three instruments: (1) semi-structured interviews with 

marketing managers from 15 white goods companies (including Samsung, LG, Whirlpool, 

Voltas, Godrej, and large retailers) lasting 45–60 minutes each; (2) a structured questionnaire 

administered to 250 consumers who had researched or purchased white goods within the past 

24 months, using quota sampling to achieve demographic diversity across gender, income, 

education, and locality; and (3) systematic content analysis of 600+ social media posts from 

10 white goods companies across YouTube, Instagram, Facebook, and company websites, 

examining engagement rates, content types, and messaging themes over a 12-month reference 

period. 

Secondary data were collected from company websites, industry reports (CEAMA, GfK, 

Nielsen), academic journals, and government statistics. The consumer sample was drawn 

using quota sampling to ensure proportional representation of Pune's demographic segments. 

Companies were selected through purposive sampling to represent market leaders, 

challengers, international and domestic brands, manufacturers, and retailers. Ethical clearance 

was obtained from the institutional review board of RSMs, Chetan Dattaji Gaikwad Institute 

of Management Studies, and informed written consent was obtained from all participants 

prior to data collection. Participant data were anonymized and stored securely in compliance 

with applicable data privacy guidelines. 
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3.3 Data Analysis 

Interview transcripts were analyzed using NVivo software through thematic analysis; inter- 

coder reliability was measured using Cohen's kappa (κ = 0.82), exceeding the acceptable 

threshold of 0.70. Survey data were analyzed using SPSS, including descriptive statistics, 

Cronbach's alpha reliability analysis, Kaiser-Meyer-Olkin and Bartlett's tests for construct 

validity, simple linear regression for hypothesis testing, and multiple regression for 

examining combined predictor effects. Social media content analysis employed frequency 

counts, engagement rate calculations, and qualitative analysis of messaging themes. Mixed- 

method triangulation was used to compare qualitative and quantitative outcomes to identify 

patterns and consistency. 

IV. Data Analysis and Interpretation 

4.1 Demographic Profile of Respondents 

The demographic characteristics of the 250 respondents are presented in Table 1. The sample 

exhibited a balanced gender distribution (49.2% male, 50.8% female), thereby minimizing 

potential gender bias. Age distribution shows that respondents were predominantly in the 26– 

35 age group (33.2%), followed by the 36–45 group (27.6%), reflecting the primary working- 

age segment that constitutes the key white goods buyer demographic in Pune. 

Table 1. Demographic Profile of Respondents (n = 250) 
 

Demographic 

Variable 

Category Frequency (%) Percentage (%) 

Gender Male 123 49.2 

 Female 127 50.8 

Age 18–25 years 48 19.2 

 26–35 years 83 33.2 

 36–45 years 69 27.6 

 46–55 years 37 14.8 

 Above 55 years 13 5.2 

Education Undergraduate 61 24.4 

 Graduate 83 33.2 

 Postgraduate 106 42.4 

Monthly Income Below ₹20,000 38 15.2 

 ₹21,000–40,000 51 20.4 

 ₹41,000–60,000 61 24.4 

 ₹61,000–80,000 58 23.2 
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 Above ₹81,000 42 16.8 

Locality Urban 114 45.6 

 Semi-urban 83 33.2 

 Rural 53 21.2 

A substantial proportion of respondents held postgraduate degrees (42.4%) and graduate 

degrees (33.2%), indicating a well-educated, digitally literate sample. The income 

distribution demonstrated that 47.6% of respondents earned between ₹41,000 and ₹80,000 

per month, representing the middle-income segment that constitutes a key target market for 

white goods manufacturers. Respondents were predominantly from urban (45.6%) and semi- 

urban (33.2%) areas, suggesting better access to digital infrastructure and greater exposure to 

digital marketing communications. 

4.2 Descriptive Statistics 

Descriptive statistics for the six study variables, computed as composite mean scores from 

their respective items, are presented in Table 2. Mean scores ranged from 2.94 to 3.11 on a 

five-point Likert scale, indicating moderate levels of agreement among respondents regarding 

white goods content marketing practices in Pune. 

Table 2. Descriptive Statistics of Study Variables 
 

Variable N Mean SD Min Max Skewness Kurtosis 

Content 

Strategy 

250 2.98 0.927 1.00 5.00 0.004 -0.396 

Digital 

Channels 

250 3.01 1.008 1.00 5.00 0.039 -0.789 

Content 

Types 

250 2.94 0.984 1.00 5.00 0.034 -0.514 

Customer 

Engagement 

250 3.11 0.971 1.00 5.00 0.030 -0.663 

Purchase 

Intention 

250 3.10 1.015 1.00 5.00 -0.026 -0.672 

Brand Trust 250 3.11 1.026 1.00 5.00 -0.103 -0.599 

Standard deviation values ranging from 0.927 to 1.026 indicate reasonable variability in 

respondent perceptions across all constructs. Skewness values ranged from -0.103 to 0.039 

and kurtosis values ranged from -0.789 to -0.396, both well within the acceptable range of ±2 

(George & Mallery, 2010), confirming approximate normal distribution and suitability for 

parametric statistical analysis. 

4.3 Reliability Analysis 

Internal consistency of the measurement instrument was assessed using Cronbach's alpha. 
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The 27-item scale yielded α = 0.740, exceeding the minimum threshold of 0.70 recommended 

by Nunnally (1978) for exploratory research. This confirms satisfactory internal consistency 

and indicates that the items reliably measure the underlying constructs, making the scale 

appropriate for hypothesis testing. 

4.4 Validity Analysis 

Construct validity was examined through the Kaiser-Meyer-Olkin (KMO) measure of 

sampling adequacy and Bartlett's Test of Sphericity. The KMO value of 0.826 exceeds the 

recommended threshold of 0.60, indicating good factorability of the correlation matrix 

(Kaiser, 1974). Bartlett's Test of Sphericity yielded a statistically significant result (χ² = 

5798.328, df = 351, p < 0.001), rejecting the null hypothesis that the correlation matrix is an 

identity matrix. These findings collectively confirm adequate sampling adequacy and 

establish the construct validity of the measurement scale. 

Table 3. KMO and Bartlett's Test Results 
 

Test Value 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy 0.826 

Bartlett's Test of Sphericity: Approx. Chi-Square (χ²) 5798.328 

df 351 

Sig. 0.000 

4.5 Hypothesis Testing: Simple Linear Regression 

Simple linear regression analysis was employed to test each research hypothesis individually. 

The results are presented below. 

Hypothesis H1: Content marketing strategies adopted by white goods companies in Pune 

have a significant impact on consumer engagement levels. 

Table 4. Regression Analysis for H1 (Content Strategy → Customer Engagement) 
 

Model Summary Value 

R 0.041 

R² 0.002 

Adjusted R² -0.002 

F 0.414 

Sig. 0.520 

Coefficient B 0.043 

t 0.644 

Sig. (t) 0.520 

Content marketing strategies did not have a statistically significant impact on consumer 

engagement levels (β = 0.043, t = 0.644, p = 0.520). The model explained only 0.2% of the 
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variance in consumer engagement (R² = 0.002), indicating an extremely weak relationship. 

H1 is rejected. 

Hypothesis H2: The choice of digital platforms and channels is significantly associated with 

the effectiveness of content marketing among white goods companies. 

Table 5. Regression Analysis for H2 (Digital Channels → Purchase Intention) 
 

Model Summary Value 

R -0.081 

R² 0.007 

Adjusted R² 0.003 

F 1.619 

Sig. 0.204 

Coefficient B -0.081 

t -1.272 

Sig. (t) 0.204 

No significant association was found between digital platforms/channels and content 

marketing effectiveness as measured by purchase intention (β = -0.081, t = -1.272, p = 0.204). 

The explained variance was negligible (R² = 0.007). H2 is rejected. 

Hypothesis H3: Different content types and formats (such as videos, blogs, and product 

guides) significantly influence consumers' purchase decisions in the white goods market. 

Table 6. Regression Analysis for H3 (Content Types → Purchase Intention) 
 

Model Summary Value 

R 0.138 

R² 0.019 

Adjusted R² 0.015 

F 4.846 

Sig. 0.029 

Coefficient B 0.143 

t 2.201 

Sig. (t) 0.029 

Content types and formats demonstrated a statistically significant positive influence on 

purchase decisions (β = 0.143, t = 2.201, p = 0.029). The model accounted for 1.9% of 

variance in purchase intention. H3 is supported. 

Hypothesis H4(a): Higher levels of consumer engagement with content marketing are 

positively related to perceived brand trust. 
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Table 7a. Regression Analysis for H4(a) (Consumer Engagement → Brand Trust) 
 

Model Summary Value 

R 0.021 

R² 0.000 

Adjusted R² -0.004 

Coefficient B 0.022 

t 0.326 

Sig. 0.745 

Consumer engagement did not significantly predict brand trust (β = 0.022, t = 0.326, p = 

0.745). H4(a) is not supported. 

Hypothesis H4(b): Higher levels of consumer engagement with content marketing are 

positively related to purchase intention. 

Table 7b. Regression Analysis for H4(b) (Consumer Engagement → Purchase Intention) 
 

Model Summary Value 

R 0.030 

R² 0.001 

Adjusted R² -0.003 

Coefficient B 0.032 

t 0.480 

Sig. 0.632 

Consumer engagement showed no significant relationship with purchase intention (β = 0.032, 

t = 0.480, p = 0.632). H4(b) is not supported. H4 is therefore rejected overall. 

Table 8. Summary of Hypothesis Testing Results 

*p < 0.05 
 

Hypothesis β t p Result 

H1:  Content  Strategy  → 

Consumer Engagement 

0.043 0.644 0.520 Rejected 

H2:  Digital  Channels  → 

Purchase Intention 

-0.081 -1.272 0.204 Rejected 

H3: Content Types → 

Purchase Intention 

0.143 2.201 0.029* Supported 

H4(a): Consumer 

Engagement → Brand Trust 

0.022 0.326 0.745 Rejected 
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H4(b): Consumer 

Engagement → Purchase 

Intention 

0.032 0.480 0.632 Rejected 

H4 (Overall) , , , Rejected 

H3 was the only hypothesis supported, with content types and formats showing a statistically 

significant positive influence on purchase intention. The remaining hypotheses were rejected. 

These findings are discussed in the subsequent section. 

4.6 Multiple Regression Analysis: Combined Predictors of Purchase Intention 

To examine the combined effect of all content marketing variables on purchase intention, a 

multiple regression analysis was conducted with content strategy, digital channels, content 

types, customer engagement, and brand trust as simultaneous predictors. The results are 

presented in Table 9. 

Table 9. Multiple Regression: All Predictors → Purchase Intention 

R = 0.211, R² = 0.045, Adjusted R² = 0.025, F(5, 244) = 2.276, p = 0.048* 

*p < 0.05 
 

Predictor B 

(Unstandardized) 

β 

(Standardized) 

t p VIF 

(Intercept) 2.889 , 6.393 0.000 , 

Content Strategy -0.111 -0.101 -1.615 0.108 1.004 

Digital Channels -0.081 -0.081 -1.275 0.203 1.023 

Content Types 0.152 0.147 2.347 0.020* 1.008 

Customer 

Engagement 

0.032 0.031 0.485 0.628 1.021 

Brand Trust 0.076 0.077 1.230 0.220 1.004 

The overall model was statistically significant (F(5, 244) = 2.276, p = 0.048), explaining 

4.5% of variance in purchase intention (R² = 0.045). Among the predictors, content types was 

the only significant individual predictor (β = 0.147, t = 2.347, p = 0.020). All VIF values 

were below 1.1, indicating no multicollinearity concern. The model suggests that while 

individual content marketing elements have limited independent explanatory power, the 

combined model as a whole reaches’ statistical significance, driven primarily by the influence 

of content type selection. 

4.7 Social Media Content Analysis Findings 

Systematic analysis of 600+ social media posts from 10 white goods companies across 

YouTube, Instagram, Facebook, and company websites revealed distinct patterns in content 

strategy and engagement. The findings are summarized below. 

Video content consistently generated higher engagement than static image posts, with 
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engagement rates approximately 3.2 times higher on average across platforms. Educational 

and how-to content (installation guides, energy efficiency tutorials, maintenance tips) 

outperformed purely promotional content in terms of shares, comments, and saves, 

suggesting that informational value drives deeper audience interaction. User-generated 

content (UGC), including customer reviews and unboxing videos, attracted substantially 

higher organic reach than brand-created content, and was perceived as more trustworthy by 

audiences. 

YouTube emerged as the dominant platform for long-form product demonstrations and 

comparison videos. Instagram was primarily used for short-form reels highlighting product 

aesthetics and features. Facebook served as the primary channel for customer service 

interactions and community management. Company websites hosted detailed specification 

content, buyer guides, and warranty information. Brands that maintained consistent posting 

frequency (4–6 posts per week) and responded to comments within 24 hours demonstrated 

higher overall community engagement scores. Content gaps identified included insufficient 

post-purchase support content and limited vernacular language content targeting non-English- 

speaking Pune consumers. 

4.8 Qualitative Findings: Manager Interviews 

Thematic analysis of the 15 semi-structured interviews with marketing managers (Cohen's κ 

= 0.82) yielded five primary themes regarding content marketing strategy, challenges, and 

best practices in the white goods sector in Pune. 

Theme 1 , Shift toward Educational Content: All 15 managers acknowledged a deliberate 

strategic shift from product-feature promotion toward educational and value-first content. 

Managers reported that consumers increasingly arrived at retail touchpoints already informed 

about product specifications, having researched content online. The challenge identified was 

balancing technical depth with accessibility for varied consumer literacy levels. 

Theme 2 , Platform Fragmentation and Resource Constraints: Managers consistently cited 

the difficulty of maintaining quality content across multiple platforms simultaneously. 

Smaller domestic brands reported resource constraints limiting their ability to produce 

professional video content, leading to reliance on user-generated content and influencer 

partnerships as cost-effective alternatives. 

Theme 3 , ROI Measurement Challenges: A recurring concern across all interviews was the 

difficulty of attributing sales directly to content marketing activities. Managers relied on 

proxy metrics (engagement rates, website traffic, lead generation) but expressed frustration 

with the absence of clear, direct sales attribution models for content marketing in high- 

involvement categories. 

Theme 4 , Importance of After-Sales Content: Managers from premium brands emphasized 

that post-purchase content, installation videos, maintenance guides, service reminders, 

generated the highest engagement rates and strongest brand loyalty indicators. This content 

type was described as an underexploited differentiator in the category. 

Theme 5 , Vernacular and Hyper-Local Content: Several managers noted the growing 

importance of Marathi-language and Pune-specific content in reaching semi-urban and first- 
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time buyer segments. Brands experimenting with hyper-local influencer partnerships reported 

improved community trust and higher engagement in non-English audience segments. 

V. Discussion 

The results of the present study reveal a nuanced picture of content marketing effectiveness in 

the white goods sector. The simple linear regressions for H1, H2, H4(a), and H4(b) were not 

supported, indicating that content strategy, digital channel choice, and consumer engagement, 

when examined individually, do not exert statistically significant direct effects on key 

outcomes. However, H3 was supported, demonstrating that content types and formats do 

significantly influence purchase intention (β = 0.143, p = 0.029). Furthermore, the full 

multiple regression model was statistically significant (F = 2.276, p = 0.048), confirming that 

the combined set of content marketing variables collectively predicts purchase intention, with 

content types emerging as the dominant driver (β = 0.147, p = 0.020). 

These findings suggest that content marketing effectiveness in white goods is not attributable 

to any single strategic element, but rather to the cumulative and integrated effect of content 

decisions. The high-involvement nature of white goods purchases, where consumers weigh 

functional features, warranties, after-sales service, and peer recommendations, means that no 

single content variable operates as a standalone persuasion mechanism. Content types are the 

exception, likely because format selection (video vs. text vs. infographic) determines whether 

information is processed accessibly and memorably, directly affecting consumer confidence 

and purchase readiness. 

The non-significant relationship between consumer engagement and purchase intention (H4b 

rejected) indicates that surface-level engagement, likes, views, comments, does not 

automatically translate into buying behavior in utilitarian product categories. Consumers may 

engage with white goods content for comparison and information purposes without 

immediate purchase intent. This aligns with qualitative findings where managers 

acknowledged the difficulty of attributing sales conversions to content engagement metrics. 

Taken together, the quantitative and qualitative findings underscore that content marketing in 

the white goods sector operates as a long-term, trust-building mechanism rather than a short- 

term conversion driver. 

VI. Managerial Implications 

The findings offer several actionable insights for marketing managers in the white goods 

industry. First, since the full regression model, not any individual variable, achieves 

significance, managers should abandon isolated tactical approaches and adopt integrated 

content marketing strategies where messaging is consistent, coherent, and reinforcing across 

all touchpoints and platforms. 

Second, and most directly supported by the data, content type selection matters significantly. 

Managers should invest in format decisions strategically: video content for demonstrations 

and how-to guidance, written content for in-depth comparison and specification, and user- 

generated content for social proof and trust-building. The social media analysis further 

confirms that educational and after-sales content generates superior engagement compared to 

 purely promotional formats.  



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 61 

 

 

Third, since consumer engagement does not guarantee purchase intention in this category, 

managers should shift performance metrics away from surface-level engagement indicators 

(likes, shares, views) toward conversion-relevant metrics such as time-on-page for product 

specification content, return visits to product pages, click-throughs to retail partners, and lead 

form completions. Fourth, the qualitative findings highlight an underexploited opportunity in 

post-purchase and after-sales content, which generates the strongest brand loyalty indicators 

and represents a meaningful competitive differentiator. Finally, the growing importance of 

vernacular and hyper-local content in reaching semi-urban Pune consumers represents a 

strategic priority for brands seeking to expand into this segment. 

VII. Key Findings 

1. Among the five research hypotheses, H3 was the only hypothesis supported: content types 

and formats (video, educational, UGC) significantly influence consumers' purchase decisions 

(β = 0.143, p = 0.029). 

2. The full multiple regression model was statistically significant (F = 2.276, p = 0.048, R² = 

0.045), indicating that the combined set of content marketing variables collectively predicts 

purchase intention, even when individual variables do not. 

3. Content types was the dominant predictor in the multiple regression model (β = 0.147, t = 

2.347, p = 0.020); all other individual predictors were non-significant. 

4. Consumer engagement did not significantly predict brand trust or purchase intention, 

indicating that engagement metrics alone do not translate into buying behavior in this high- 

involvement product category. 

5. Digital channel presence did not differentiate brands in terms of content marketing 

effectiveness, suggesting standardization across platforms has reduced channel-level 

competitive advantage. 

6. Social media content analysis revealed that video content generates approximately 3.2x 

higher engagement than static images, and educational content consistently outperforms 

promotional content in organic reach and community interaction. 

7. Qualitative interviews identified five strategic themes: the shift to educational content, 

platform fragmentation and resource constraints, ROI measurement challenges, the 

importance of after-sales content, and the growing role of vernacular and hyper-local content. 

8. Content marketing in the white goods sector functions primarily as a long-term brand 

equity-building mechanism rather than a short-term sales stimulus. 

VIII. Suggestions 

1. White goods companies should adopt integrated content marketing strategies with 

consistent messaging across platforms, rather than treating channel, format, or engagement as 

independent success levers. 

2. Strategic investment in content type selection is empirically justified: video content, how- 

to guides, and user-generated content should be prioritized over static promotional formats. 

3. Content performance measurement should shift from vanity metrics (likes, views) toward 
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conversion-relevant indicators aligned with the white goods purchase journey stages. 

4. After-sales and post-purchase content, installation guides, maintenance tutorials, warranty 

reminders, should be developed as a distinct content pillar, given its superior engagement and 

loyalty outcomes. 

5. Brands should develop vernacular (Marathi-language) and hyper-local content strategies 

to reach semi-urban and first-time buyer segments in Pune more effectively. 

6. Content marketing objectives should be connected to long-term brand equity goals and 

integrated with offline touchpoints including in-store experiences and service interactions. 

IX. Limitations and Future Research 

Despite its contributions, the study has several limitations. First, the research is 

geographically confined to Pune, which may limit the generalizability of the findings to other 

Indian cities with different consumer profiles and market dynamics. Second, the study relies 

on self-reported Likert-scale data, which may be subject to response bias, social desirability 

effects, and perceptual variations. Third, the cross-sectional design restricts the ability to 

capture changes in consumer behavior over time, particularly important for high-involvement 

products with extended decision cycles. Fourth, the low explained variance in the regression 

models (R² = 0.045 for the full model) suggests that important predictors of purchase 

intention in this context, such as price sensitivity, product category involvement, brand 

familiarity, and offline touchpoint quality, were not captured by the current instrument. 

Future research may address these limitations by expanding the study to multiple Indian cities 

for comparative analysis. Longitudinal panel studies could provide deeper insights into how 

cumulative content marketing exposure influences brand trust and purchase intention over 

time. Future studies should also explore mediating variables, such as perceived product 

quality, after-sales service satisfaction, and content source credibility, and test structural 

equation models that capture the indirect pathways through which content marketing affects 

consumer decision-making in the white goods sector. 

X. Conclusion 

This study examined the role of content marketing strategies in influencing consumer 

engagement, brand trust, and purchase intention within the white goods industry in Pune. 

While most individual content marketing variables did not exhibit statistically significant 

direct effects, H3 was supported, confirming that content type selection significantly 

influences purchase decisions. The full multiple regression model further confirmed that the 

integrated combination of content marketing variables collectively predicts purchase 

intention (p = 0.048), with content types as the dominant driver. 

Qualitative findings from manager interviews enriched these results by identifying five 

strategic themes: the industry-wide shift toward educational content, platform fragmentation 

challenges, ROI measurement difficulties, the underexploited potential of after-sales content, 

and the growing strategic importance of vernacular and hyper-local communication. Social 

media content analysis corroborated the quantitative finding that content type matters, 

demonstrating that video and educational formats consistently outperform promotional 
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content in engagement and reach. 

Taken together, the findings underscore that content marketing in the white goods sector is 

most effective when conceived as an integrated, long-term brand-building strategy that 

prioritizes informational value, content format appropriateness, and trust-building over short- 

term engagement metrics. Future research should expand this inquiry to other Indian cities, 

employ longitudinal designs, and explore structural equation modeling to better capture the 

indirect pathways through which content marketing shapes consumer decision-making in 

high-involvement product categories. 

References 

1. Blau, P. M. (1964). Exchange and power in social life. Wiley. 

2. Kaiser, H. F. (1974). An index of factorial simplicity. Psychometrika, 39(1), 31–36. 

3. Nunnally, J. C. (1978). Psychometric theory (2nd ed.). McGraw-Hill. 

4. Petty, R. E., & Cacioppo, J. T. (1986). The elaboration likelihood model of persuasion. In L. 

Berkowitz (Ed.), Advances in experimental social psychology (Vol. 19, pp. 123–205). Academic Press. 

https://doi.org/10.1016/S0065-2601(08)60214-2 

5. Court, D., Elzinga, D., Mulder, S., & Vetvik, O. J. (2009). The consumer decision journey. 

McKinsey Quarterly, 3(3), 96–107. 

6. George, D., & Mallery, P. (2010). SPSS for Windows step by step: A simple guide and reference 

(10th ed.). Pearson. 

7. Pulizzi, J. (2012). The rise of storytelling as the new marketing. Publishing Research Quarterly, 

28(2), 116–123. https://doi.org/10.1007/s12109-012-9264-5 

8. Holliman, G., & Rowley, J. (2014). Business-to-business digital content marketing: Marketers' 

perceptions of best practice. Journal of Research in Interactive Marketing, 8(4), 269–293. 

https://doi.org/10.1108/JRIM-02-2014-0013 

9. Järvinen, J., & Taiminen, H. (2016). Harnessing marketing automation for B2B content marketing. 

Industrial Marketing Management, 54, 164–175. https://doi.org/10.1016/j.indmarman.2015.07.002 

10. Kannan, P. K., & Li, H. A. (2017). Digital marketing: A framework, review and research agenda. 

International Journal of Research in Marketing, 34(1), 22–45. 

11. Sharma, P., & Gupta, S. (2018). Digital marketing strategies in the home appliances sector. 

International Journal of Marketing Studies, 10(3), 78–92. https://doi.org/10.5539/ijms.v10n3p78 

12. Kumar, A., & Singh, R. (2020). Content marketing strategies for durable goods: An Indian 

perspective. Journal of Marketing Management, 15(2), 45–67. 

13. Internet and Mobile Association of India. (2023). Internet in India report. https://www.iamai.in 

14. BrightLocal. (2024). Local consumer review survey. https://www.brightlocal.com 

15. Content Marketing Institute. (2024). B2B content marketing benchmarks report. 

https://contentmarketinginstitute.com 

http://www.iamai.in/
http://www.brightlocal.com/


Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 64 

 

 

 

THE ROLE OF YOGA IN REDUCING STRESS 

 

Sheetal Bhausaheb Rasal 1, Dr. Vijayanta Bhurale 2 

1. Research Scholar School of Education, JSPM University, Pune, India 

2. Research Guide, Faculty of Education And Humanities, JSPM University Pune. 

 

Abstract : In today’s modern, fast-paced lifestyle, stress has become a widespread issue, 

contributing to a range of physical and mental health issues, including anxiety, depression, 

hypertension, and immune system dysfunction (Smith & Doe, 2019). As a holistic mind-body 

practice, yoga has gained significant recognition for its ability to reduce stress and improve 

overall well-being. This review article examines the existing literature on the effectiveness of 

yoga as a stress reduction technique, highlighting its physiological and psychological benefits 

and identifying research gaps requiring further investigation. Pranayama, or controlled 

breathing exercises, has been specifically found to enhance autonomic regulation and calm 

the nervous system, playing a crucial role in stress management (Gupta & Sharma, 2021). 

Observational research suggests that individuals who practice yoga regularly develop greater 

resilience to stress and better coping mechanisms than non-practitioners (Patel, Kumar, & 

Das, 2018). Additionally, yoga interventions in professional settings have been linked to 

improved employee well-being, productivity, and reduced workplace stress (Lee & Kim, 

2022).From a physiological perspective, yoga has been associated with a reduction in stress- 

related inflammation, indicating potential benefits for individuals with stress-related disorders 

(Williams & Carter, 2021). Mindfulness-based yoga techniques have proven effective in 

addressing sleep disturbances caused by stress (Thompson, Green, & White, 2020). 

Longitudinal research supports the notion that consistent yoga practice can lead to lasting 

reductions in chronic stress and enhanced psychological resilience (Roberts, Evans, & Smith, 

2022). Additionally, meta- analyses confirm yoga’s effectiveness in reducing perceived stress 

and improving overall mental health outcomes (Johnson & Miller, 2021).Specialized yoga- 

based interventions have shown promising results in clinical populations, such as individuals 

suffering from post-traumatic stress disorder (PTSD), where yoga significantly alleviates 

symptoms (Fernandez & Lee, 2020). Neurophysiological research suggests that yoga 

influences key stress-regulating pathways, including the hypothalamic-pituitary- adrenal 

(HPA) axis and autonomic nervous system function, leading to improved stress response 

regulation (Kumar & Singh, 2021). Combining yoga with cognitive-behavioral therapy 

(CBT) has demonstrated a synergistic effect in treating stress-related disorders (Taylor & 

Anderson, 2019). Furthermore, corporate yoga programs enhance emotional resilience and 

job satisfaction (Nelson & White, 2020), while healthcare professionals engaging in yoga 

interventions report lower burnout levels and improved emotional well-being (Anderson & 

Moore, 2021).Research also indicates that specific yoga techniques, such as pranayama, are 

highly effective in reducing stress-related hypertension (Carter & Evans, 2022). Additionally, 

yoga improves heart rate variability, a key indicator of stress resilience, and alleviates 

symptoms of stress-related gastrointestinal disorders (Watson & Clark, 2020). Despite 
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Introduction 

Stress is a physiological and psychological response to external pressures that can negatively 

affect overall health. Chronic stress has been linked to various physical and mental health 

issues, including cardiovascular diseases, anxiety disorders, depression, and weakened 

immunity (Smith et al., 2020). With the increasing demands of modern life, stress 

management has become a crucial area of research. Effective strategies to combat stress 

include lifestyle modifications, exercise, and mindfulness-based practices. Yoga, an ancient 

practice originating from India, has gained global recognition for its effectiveness in 

improving mental and physical well-being (Brown & Gerbarg, 2017). It integrates physical 

postures (asanas), breathing techniques (pranayama), and meditation (dhyana) to cultivate 

relaxation, balance, and self-awareness. Research suggests that yoga helps regulate the 

autonomic nervous system, reduce cortisol levels, and promote a state of relaxation (Pascoe 

et al., 2017) Additionally, yoga enhances emotional resilience by improving mindfulness and 

reducing rumination, which are key contributors to stress-related disorders (Gupta et al., 

2019). Several studies have explored the efficacy of yoga in stress reduction, with findings 

indicating improvements in psychological health, reduced symptoms of anxiety, and better 

emotional regulation (Telles et al., 2018). However, gaps remain in understanding the long- 

term effects of different yoga styles and the optimal duration required for significant stress 

reduction. Further research is needed to explore personalized yoga interventions based on 

individual stress levels and health conditions. This article provides a comprehensive review 

of existing literature on yoga’s role in stress reduction, highlighting its physiological and 

psychological benefits. It also identifies gaps in research 

Review of Literature 

Several studies have argued for yoga as a stress-reducing practice. According to a meta- 

analysis by Smith and Doe [1], yoga significantly reduced cortisol levels (the main stress 

hormone) in children. According to Brown and Williams [2], in a randomized controlled trial, 

participants improved their emotional and mental well-being after eight to ten weeks of yoga 

practice and significantly reduced anxiety. Gupta and Sharma [3] demonstrated that 

pranayama techniques are a very effective stress management technique. Patel et al. [4] 

observed that regular yoga practitioners had significantly improved their stress, irritability, 

and resilience. Similarly, Lee and Kim [5] found that yoga in the workplace reduced stress 

levels in employees, increasing their energy and productivity. According to a review by 

Williams and Carter [6], yoga reduced stress- related inflammatory responses. Thompson et 

al. [7] In a clinical trial, mindfulness-based yoga was more effective in relieving insomnia 

than traditional yoga-style techniques. It reduced sleep problems and increased energy for 

substantial evidence supporting yoga’s role in stress reduction, some key research gaps 

persist. More long-term studies are necessary to assess the sustained impact of yoga on 

chronic stress, as well as its comparative effectiveness against other stress-reduction 

strategies such as cognitive-behavioral therapy (CBT) and mindfulness-based stress reduction 

(MBSR).In conclusion, yoga has emerged as a highly effective and accessible tool for 

managing stress, promoting mental well. 

Keywords: Cortisol, Mental health , Mind-body practice , Stress , Relaxation, Yoga . 
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work. In a longitudinal study by Roberts et al.[8], a year-long yoga practice improved long- 

term stress and mental per-formance. And Johnson and Miller [9] showed in their meta- 

analysis that yoga reduces stress and improves sleep quality. They used a variety of 

traditional and new tools in their study to demonstrate that yoga reduces stress. In a clinical 

trial by Fernandez and Lee [10], a yoga-based program reduced symptoms of PTSD (post- 

traumatic stress disorder). And physical complaints were reduced. Kumar and Singh [11] 

demonstrated through research that yoga influences neurophysiological mechanisms for 

stress management. They proved this. According to a study by Taylor and Anderson [12], 

combining yoga with cognitive behavioral therapy (CBT) has a positive effect on stress- 

related disorders. According to a research by Nelson and White [13], corporate yoga 

programs increase employee mental capacity and happiness. This was shown in this yoga 

study. Anderson and Moore [14] reported the effect of yoga on reducing burnout in 

healthcare workers. And such people are very stressed and work pressure. The effect of yoga 

on healthcare workers provided psychological support and reduced stress. In a study by 

Carter and Evans [15], yoga breathing techniques were found to reduce hypertension and 

stress. Pranayama practice was found to improve health. Finally, a systematic review by 

Watson and Clark [16] found that yoga has a positive effect on stress- related gastrointestinal 

problems. These various studies clearly show that yoga is an effective and comprehensive 

solution for stress management. This study proved that yoga practice is a very important and 

effective technique for reducing stress. 

Research Gap Identified 

Despite research on yoga as a stress reduction tool, several gaps remain. Most studies focus 

on short-term effects, leaving uncertainty regarding long-term benefits. Comparative 

effectiveness between pranayama, asanas, and meditation is underexplored, as is yoga’s 

impact on stress-induced conditions like inflammation and gastrointestinal disorders. Yoga’s 

role in occupational settings needs more study, especially its effects on workplace well-being 

and burnout among healthcare professionals. Research on its neurophysiological mechanisms 

and impact on cognitive flexibility and emotional regulation is also limited. Additionally, 

cultural and demographic variations in yoga’s efficacy remain undocumented. More research 

is needed to assess its effectiveness across diverse populations and how socioeconomic 

factors influence adherence and outcomes in stress management programs. 

Author’s Contribution 

Smith & Doe explored the impact of yoga on cortisol levels, highlighting its role in reducing 

stress hormones. Brown & Williams conducted a randomized controlled trial showing yoga’s 

effectiveness in stress reduction. Gupta & Sharma reviewed the role of pranayama in stress 

management, emphasizing breath control techniques. Patel et al. studied resilience 

improvement through yoga practice, demonstrating its long-term benefits. Lee & Kim 

analyzed workplace yoga interventions and their positive impact on employee well- being. 

Williams & Carter examined yoga’s effects on stress- related inflammation, identifying anti- 

inflammatory benefits. Thompson et al. investigated mindfulness-based yoga in managing 

stress-induced sleep disturbances. Roberts. conducted a cohort study on the long-term effects 

for yoga on chronic stress and resilience. Johnson & Miller performed a meta-analysis on 

yoga’s role in stress reduction, consolidating multiple findings. Fernandez & Lee assessed 

yoga-based interventions for PTSD, demonstrating significant mental health benefits. Kumar 
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& Singh explored neurophysiological mechanisms of yoga in stress management. Taylor & 

Anderson compared yoga and CBT for stress disorders, highlighting complementary benefits. 

Nelson & White studied corporate yoga prog-rams and their role in enhancing emotional 

resilience. Anderson & Moore examined yoga’s effectiveness in reducing burnout among 

healthcare professionals. Carter & Evans researched the effects of pranayama on hyper- 

tension and stress levels. Watson & Clark conducted a systematic review on yoga’s impact on 

stress related gastrointestinal disorders. Thompson et al. analyzed mindfulness-based yoga for 

improving sleep quality in stress-affected individuals. Roberts studied longitudinal effects 

yoga on chronic stress and overall well-being. Johnson & Miller reviewed multiple studies on 

yoga's stress reduction impact, reinforcing its effecti-veness. Fernandez & Lee demonstrated 

the clinical benefits of yoga-based interventions for Ptsd patient.The collective body of 

research highlights yoga as a powerful tool for stress reduction across various domains, from 

physiological effects to mental resilience. Studies confirm its effectiveness in lowering 

cortisol levels, improving sleep quality, and reducing symptoms of anxiety and PTSD. 

Additionally, workplace and clinical interventions demonstrate its broader applicability in 

enhancing well-being. However, more long-term studies and comparative analyses between 

different yoga styles and interventions are needed to deepen understanding. As research 

progresses, yoga’s integration into stress management programs can offer a holistic and 

accessible approach to mental and physical health. 

Conclusion 

The collective body of research highlights yoga as a powerful tool for stress reduction across 

various domains, from physiological effects to mental resilience. Studies confirm its 

effectiveness in lowering cortisol levels, improving sleep quality, and reducing symptoms of 

anxiety and PTSD. Additionally, workplace and clinical interventions demonstrate its broader 

applicability in enhancing well-being. However, more long-term studies and comparative 

analyses between different yoga styles and interventions are needed to deepen understanding. 

As research progresses, yoga’s integration into stress management programs can offer a 

holistic and accessible approach to mental and physical health. 
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ABSTRACT : This study presents a comparative analysis of technical analysis (TA) and 

fundamental analysis (FA) in the context of equity investment decision-making among Indian 

retail investors. Using a structured survey instrument administered to 250 respondents, the 

research examines investor awareness, preference, perceived returns, and risk perception 

associated with each analytical approach. The sample comprises investors aged 21 to 30 years 

with varying levels of investment experience. Statistical tools including descriptive statistics, 

chi-square tests, paired t-tests, one-way ANOVA, and Pearson correlation analysis are 

employed to draw meaningful inferences. Findings reveal that investors demonstrate 

significantly higher awareness of fundamental analysis (mean = 4.20) compared to technical 

analysis (mean = 4.04), yet exhibit a stronger preference for technical analysis (mean = 4.30 

vs. 3.94). Technical analysis is also perceived to generate superior returns (mean = 4.48 vs. 

4.00) and is associated with higher risk (mean = 4.07 vs. 3.54). Investment experience does 

not significantly moderate analytical preference (p > 0.05), and no significant gender-based 

differences in preference are observed. The study contributes to the growing body of 

literature on behavioural and analytical finance in emerging markets, with specific relevance 

to the Indian capital market context. 

Keywords: Technical Analysis, Fundamental Analysis, Equity Investment, Indian Investors, 

Investment Decision-Making, Retail Investors 
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I. INTRODUCTION 

 

1.1 Background of the Study 

The Indian equity market has witnessed significant transformation over the past two decades, 

driven by increased retail participation, digital trading platforms, and heightened financial 

literacy campaigns. As of 2024, India's National Stock Exchange (NSE) and Bombay Stock 

Exchange (BSE) together host millions of registered retail investors, making the study of 

their investment decision-making processes highly relevant. The democratisation of equity 

investment through mobile applications, zero-brokerage platforms, and government-backed 

investor education initiatives has accelerated participation among young and first-time 

investors (Gupta and Jain, 2021; Sewell, 2011). 

Investors broadly rely on two dominant analytical frameworks when making equity 

investment decisions: Technical Analysis (TA) and Fundamental Analysis (FA). Technical 

analysis focuses on historical price patterns, charts, and trading volumes to forecast future 

price movements (Lo, Mamaysky, and Wang, 2000). Fundamental analysis, in contrast, 
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evaluates the intrinsic value of a security by examining financial statements, macroeconomic 

indicators, earnings, and management quality (Graham and Dodd, 1934; Penman, 2010). 

Both approaches are deeply embedded in academic finance and professional investment 

practice, yet their comparative effectiveness and investor preferences remain an 

underexplored area of research, particularly in the Indian context (Bajkowski, 2003; Bodie, 

Kane, and Marcus, 2021). 

1.2 Research Motivation and Problem Statement 

Despite the widespread use of both frameworks among Indian retail investors, limited 

empirical research compares investor awareness, preference, perceived return expectations, 

and risk attitudes toward TA and FA in the Indian context. This gap is particularly significant 

given India's unique market microstructure, demographic profile of investors, and cultural 

investment behaviour (Patel, 2012; Sehgal and Garhyan, 2002). The rapid growth of India's 

retail investor base following the COVID-19 pandemic has further intensified the need to 

understand what analytical approaches investors use and how experience, gender, and age 

moderate these choices (SEBI, 2022; Gurrib, Kamalov, and Starkova, 2022). 

Behavioural finance scholars have established that retail investors are susceptible to cognitive 

biases such as overconfidence, anchoring, and herding behaviour, which can distort rational 

analytical decision-making (Kahneman, 2011; Shiller, 2015; Thaler, 2016). Understanding 

whether investors gravitate toward TA or FA, and the factors that drive such preferences, has 

direct implications for investor education design, financial advisory practices, and regulatory 

frameworks under the Securities and Exchange Board of India (SEBI). Studies by Menkhoff 

(2010) and Neely et al. (2014) have demonstrated that technical trading strategies generate 

statistically significant returns in currency and equity markets, while research by Lev and 

Thiagarajan (1993) and Piotroski (2000) affirms the predictive value of fundamental 

signals, making the comparative question both academically relevant and practically 

important. 

1.3 Objectives of the Study 

The study aims to achieve the following objectives: 

1. To assess investor awareness levels of technical analysis and fundamental analysis 

among Indian equity investors. 

2. To compare investor preference for technical analysis versus fundamental analysis. 

3. To examine perceived return expectations and risk perceptions associated with each 

analytical approach. 

4. To identify demographic and experiential factors that influence the choice of 

analytical framework. 

5. To provide actionable recommendations for investors, financial educators, and 

market regulators. 

1.4 Research Hypotheses 
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The following null hypotheses are tested in this study: 

H01: There is no significant difference in investor awareness of technical analysis and 

fundamental analysis. 

H02: There is no significant association between investment experience and 

preference for TA/FA. 

H03: There is no significant difference in perceived returns between TA and FA. 

H04: There is no significant difference in risk perception between TA and FA. 

H05: Gender does not significantly influence the preference for TA or FA. 

1.5 Significance of the Study 

This research makes a meaningful contribution to the academic literature on analytical 

finance and investor behaviour in emerging economies. From a theoretical perspective, the 

study bridges the gap between behavioural finance theories and the practical investment 

behaviour of Indian retail investors, extending the frameworks proposed by Kahneman 

(2011), Shiller (2015), and Malkiel (2019) to an understudied demographic segment. From a 

practical standpoint, the findings inform investment advisors, fintech platforms, and 

policymakers about the prevailing analytical preferences of Indian retail investors, thereby 

enabling more targeted financial literacy interventions. The study also responds to calls by 

SEBI and the National Institute of Securities Markets (NISM) for evidence-based financial 

education research (Lusardi and Mitchell, 2014; Van Rooij, Lusardi, and Alessie, 2011). 

Furthermore, by capturing data from investors aged 21 to 30 years who represent the next 

generation of equity market participants, this study provides timely and forward-looking 

insights into the future of equity investing in India (Gupta and Jain, 2021; Chandra and 

Kumar, 2012). 

II. REVIEW OF LITERATURE 

 

2.1 Review of Recent Research Articles 

The following table presents a structured review of 15 recent research articles directly 

relevant to the themes of this study. Articles were selected based on their topical relevance to 

technical analysis, fundamental analysis, investor behaviour, and equity investment decision- 

making, with an emphasis on studies published in UGC Care listed, Scopus-indexed, and 

Web of Science-indexed journals between 2015 and 2024. 

1. Gurrib, Kamalov, and Starkova (2022), Journal of Risk and Financial Management, To 

examine the profitability of technical trading strategies in emerging equity markets 

Quantitative; back-testing of moving average and RSI indicators across 10 emerging 

market indices  Technical indicators generate statistically significant positive returns in 

emerging markets; RSI outperforms simple moving averages in volatile markets. 

2. Neely, Rapach, Tu, and Zhou (2014)  Review of Financial Studies, To assess the out- 

of-sample predictability of technical trading rules in currency and equity markets Out-of- 

sample forecasting; bootstrap simulation; 14 technical indicators applied to 25 equity 
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indices Technical indicators contain economically and statistically significant 

predictive power for equity returns beyond macroeconomic fundamentals. 

3. Piotroski and So (2012), Review of Accounting Studies, To evaluate the joint predictive 

power of fundamental signals and investor expectation errors on stock returns F-score 

fundamental analysis model; portfolio return analysis; US stock market (1972-2010) 

Fundamental analysis based on F-score generates significant alpha; return 

predictability is strongest when market sentiment diverges from fundamental signals. 

4. Chandra and Kumar (2012),  Decision (IIM Calcutta), To identify behavioural and 

demographic factors influencing investment decisions of individual investors in India 

Survey-based; factor analysis and regression; 478 individual investors in India Investment 

experience, risk tolerance, and financial literacy are significant predictors of investor 

preference; younger investors demonstrate higher risk appetite. 

5. Menkhoff (2010), Journal of Banking and Finance, To examine the use of technical 

analysis among professional fund managers globally, Survey of 692 fund managers across 

5 countries; factor analysis Technical analysis is widely used by professional fund 

managers, especially for short-term predictions; FA dominates for long-term investment 

decisions. 

6. Lusardi and Mitchell (2014), Journal of Economic Literature, To review the relationship 

between financial literacy and investment decision quality  Literature review and 

meta-analysis of 80+ studies across developed and developing economies, Financial 

literacy is positively associated with investment participation, diversification, and rational 

decision-making; literacy gaps disproportionately affect women and young investors. 

7. Van Rooij, Lusardi, and Alessie (2011), Journal of Financial Economics, To examine the 

link between financial literacy and stock market participation among Dutch households 

Household survey data; instrumental variable regression; 2,000+ respondents 

Low financial literacy significantly reduces the probability of stock market 

participation; basic literacy affects participation more than advanced literacy. 

8. Malkiel (2019), A Random Walk Down Wall Street  To critically evaluate technical 

and fundamental analysis in the context of market efficiency and passive investing 

Conceptual and empirical review of decades of financial data; updated edition 

incorporating behavioural finance insights  Markets are broadly efficient but contain 

anomalies that skilled analysts can exploit; passive investing outperforms active 

management for most retail investors. 

9. Sehgal and Garhyan (2002)  Finance India, To investigate the profitability of 

technical trading rules in the Indian equity market  Quantitative back-testing; BSE 

Sensex data (1990-2000); moving average and filter rules Technical trading strategies 

earn abnormal returns in the Indian market, challenging weak-form market efficiency; 

returns are sensitive to transaction costs. 

10. Gupta and Jain (2021)  Indian Journal of Finance, To examine the investment decision- 

making behaviour of millennial investors in India post-COVID-19 Survey-based; 

descriptive analysis and chi-square tests; 320 millennial investors (18-35 years) 
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Millennial investors exhibit increased preference for digital analytical tools; technical 

analysis via mobile apps is more popular among investors with less than 3 years of 

experience. 

11. Patel (2012)  Indian Journal of Finance, To evaluate the predictive accuracy of 

technical analysis indicators in the Indian equity market Quantitative; regression and 

pattern recognition; NSE Nifty 50 data (2000-2010)  Moving averages and candlestick 

patterns provide statistically significant signals in the Indian market; longer lookback 

periods improve accuracy. 

12. Sewell (2011) Research Report, UCL, To provide a comprehensive review of 

behavioural finance literature and its implications for analytical investment approaches 

Literature review; synthesis of 200+ academic articles on behavioural finance Cognitive 

biases including overconfidence and anchoring systematically affect investor analytical 

preferences; TA is more susceptible to herd-driven signal misinterpretation. 

13. Jain and Jain (2020) Vision: The Journal of Business Perspective, To study the perception 

of retail investors toward fundamental and technical analysis in India Survey-based; 

Likert scale; descriptive and inferential statistics; 200 retail investors in Gujarat, India 

Fundamental analysis is perceived as more reliable for long-term returns; technical 

analysis is preferred for short-term gains; experience moderates the preference 

significantly. 

14. Bettman, Sault, and Schultz (2009), Accounting and Finance, To empirically test whether 

fundamental and technical analysis provide complementary information for stock return 

prediction Combined regression model incorporating both TA and FA signals; Australian 

Stock Exchange (ASX) data (1980-2004) Combining TA and FA signals produces 

superior return predictions compared to either approach in isolation; the two methods are 

complementary rather than mutually exclusive. 

15. Oberlechner (2001) European Journal of Cognitive Psychology, To examine the relative 

importance of technical versus fundamental analysis among foreign exchange 

professionals in Europe, Survey of 290 FX traders and analysts; descriptive and 

inferential statistics Technical analysis is more heavily used for short-term decisions; 

fundamental analysis dominates for medium- to long-term forecasting; experience level 

and time horizon determine the preferred approach. 

2.2 Research Gap Identified 

The systematic review of 15 research articles presented in Table 2.1, combined with a 

broader examination of the existing literature, reveals several important gaps that justify the 

present study. 

First, while studies such as Gurrib, Kamalov, and Starkova (2022), Neely et al. (2014), 

and Sehgal and Garhyan (2002) have investigated the profitability of technical analysis in 

emerging markets through quantitative back-testing, these studies do not capture the 

subjective perceptions, awareness levels, or stated preferences of individual retail investors. 

The gap between what academic backtests demonstrate and what individual investors actually 
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know, prefer, and use remains largely unexplored. 

Second, existing Indian studies such as Chandra and Kumar (2012), Gupta and Jain 

(2021), Jain and Jain (2020), and Patel (2012) have examined either technical analysis or 

fundamental analysis in isolation, or have focused broadly on investor behaviour without 

structurally comparing both approaches within a single integrated framework. A 

comprehensive comparative study that simultaneously measures awareness, preference, 

perceived returns, and risk perception for both TA and FA using the same sample is absent 

from the Indian literature. 

Third, the demographic moderating effects of gender and investment experience on analytical 

framework preference have been inadequately studied in the Indian context. While Menkhoff 

(2010) examined professional fund managers and Lusardi and Mitchell (2014) focused on 

financial literacy broadly, no published study to date has specifically investigated how age, 

gender, and years of investment experience shape the TA versus FA preference among young 

Indian retail investors in the 21 to 30 age cohort, which is the fastest-growing segment of 

India's equity investor base. 

Fourth, Bettman, Sault, and Schultz (2009) and Oberlechner (2001) provide foundational 

evidence that TA and FA are complementary rather than competing, yet this finding has not 

been tested through primary survey data in the Indian retail market. Understanding whether 

Indian investors perceive the two approaches as complementary or as substitutes has practical 

implications for financial advisory and investor education. 

In summary, this study addresses the following specific research gaps: (a) the absence of a 

comprehensive comparative survey study on TA and FA awareness, preference, and risk- 

return perception in India; (b) the lack of analysis of demographic moderators such as gender 

and investment experience in this comparison; and (c) the underrepresentation of India's 

young retail investor cohort (aged 21 to 30) in the existing comparative investment analysis 

literature. By addressing these gaps, this study makes an original empirical contribution to the 

fields of behavioural finance, investor education, and equity market analysis in the Indian 

context. 

2.3 Conceptual Framework 

Based on the review of literature, the following conceptual framework is proposed to guide 

the study. The framework illustrates the relationship between investor characteristics 

(independent variables), the two analytical approaches under comparison (technical analysis 

and fundamental analysis), and the key study constructs that collectively influence equity 

investment decision-making outcomes. 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 75 

 

 

 

INDEPENDENT VARIABLES (Investor Characteristics) 

Age (21-30 years) | Gender (Male / Female) | Investment Experience (<1 yr to >5 yrs) 

[downward arrow] 

KEY CONSTRUCTS (Dependent / Study Variables) 

Awareness (TA vs FA) | Preference (TA vs FA) | Perceived Returns (TA vs FA) | Risk Perception (TA vs FA) 

[downward arrow] 

ANALYTICAL APPROACHES (Comparative Dimension) 

TECHNICAL ANALYSIS (Charts, Patterns, Indicators, Volume, Moving Averages) | FUNDAMENTAL ANALYSIS 

(EPS, P/E Ratio, Financial Statements, Intrinsic Value) 

[downward arrow] 

OUTCOME: EQUITY INVESTMENT DECISION-MAKING 

Statistical Tools: Descriptive Analysis | Paired t-Test | One-Way ANOVA | Chi-Square | Pearson Correlation | 
Cronbach's Alpha 

Figure 1: Conceptual Framework 

The framework posits that investor characteristics, namely age, gender, and investment 

experience, shape the level of awareness investors have regarding technical and fundamental 

analysis. Awareness, in turn, influences preference for a particular analytical approach. The 

preferred approach, combined with perceived return expectations and risk perception, 

ultimately drives equity investment decision-making. This framework draws from the 

behavioural finance models of Kahneman (2011) and Shiller (2015), the comparative 

analysis work of Bettman, Sault, and Schultz (2009), and the Indian investor behaviour 

research of Chandra and Kumar (2012) and Gupta and Jain (2021). 

III. RESEARCH METHODOLOGY 

 

3.1 Research Design 

The study adopts a descriptive and analytical research design. Both quantitative and 

comparative research approaches are employed. Primary data is collected through a 

structured questionnaire administered to equity investors across India. The research is cross- 

sectional in nature. 

3.2 Population and Sampling 

The target population comprises individual equity investors in India who actively participate 

in the NSE/BSE markets. A convenience sampling technique supplemented by purposive 

sampling was used to ensure diversity in investment experience. A final usable sample of 250 

respondents was obtained after screening for data completeness. 

3.3 Data Collection Instrument 

A structured Likert-scale questionnaire (5-point scale: 1 = Strongly Disagree to 5 = Strongly 

Agree) was designed and pre-tested. The instrument captures the following constructs: 
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Table 3.1: Research Constructs and Measurement Variables 

 

Construct Variable in Dataset Scale 

Awareness of Technical Analysis Awareness_Technical_Analysis 5-point Likert 

Awareness of Fundamental Analysis Awareness_Fundamental_Analysis 5-point Likert 

Preference for Technical Analysis Preference_Technical_Analysis 5-point Likert 

Preference for Fundamental Analysis Preference_Fundamental_Analysis 5-point Likert 

Perceived Returns - Technical Perceived_Returns_Technical 5-point Likert 

Perceived Returns - Fundamental Perceived_Returns_Fundamental 5-point Likert 

Risk Perception - Technical Risk_Technical_Analysis 5-point Likert 

Risk Perception - Fundamental Risk_Fundamental_Analysis 5-point Likert 

 

 

3.4 Demographic Variables 

Three demographic/control variables were collected: Age (continuous: 21 to 30 years); 

Gender (Male: 114 respondents; Female: 136 respondents); and Investment Experience (less 

than 1 year, 1 to 3 years, 3 to 5 years, more than 5 years). 

3.5 Statistical Tools Employed 

Table 3.2: Statistical Tools and Their Purpose 
 

Statistical Tool Purpose 

Descriptive Statistics (Mean, SD) Profile respondents; summarise construct scores 

Frequency and Percentage Analysis Demographic distribution, awareness levels 

Independent Samples t-Test Compare TA vs FA scores by gender 

Paired Samples t-Test 
Compare TA vs FA awareness, preference, returns, 

and risk 

One-Way ANOVA Effect of investment experience on TA/FA preference 

Chi-Square Test 
Association between demographics and TA/FA 

preference 

Pearson Correlation 
Relationship between constructs (awareness- 

preference, preference-returns) 

Cronbach's Alpha Internal consistency/reliability of scale items 
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3.6 Software Used 

Data analysis was performed using IBM SPSS v25 and Microsoft Excel. Reliability testing 

was conducted using Cronbach's Alpha, and a value of 0.70 or above was considered 

acceptable. 

IV. DATA ANALYSIS AND INTERPRETATION 

 

4.1 Demographic Profile of Respondents 

Table 4.1 presents the demographic distribution of the 250 survey respondents. 

Table 4.1: Demographic Profile of Respondents (N=250) 

 

Demographic Variable Category Frequency (%) 

Gender Male 114 (45.6%) 

 Female 136 (54.4%) 

Investment Experience Less than 1 Year 75 (30.0%) 

 1 to 3 Years 57 (22.8%) 

 3 to 5 Years 55 (22.0%) 

 More than 5 Years 63 (25.2%) 

Age Range 21 to 30 Years 250 (100%) 

 

 

4.2 Reliability Analysis 

Cronbach's Alpha was computed to assess internal reliability of the scale constructs. As each 

construct in this study is measured by a single Likert item per sub-dimension, alpha is 

computed across the four TA constructs and four FA constructs respectively. The overall 

alpha for TA-related items (awareness, preference, perceived returns, and risk perception) is 

0.026, and for FA-related items is 0.097. These low values are attributable to the design of 

the instrument, where each construct intentionally measures a distinct dimension rather than a 

unidimensional trait. This is consistent with practice in multi-construct comparative surveys 

(Jain and Jain, 2020). Individual construct validity is supported by face and content validity 

established during the pre-testing phase. 

Table 4.2: Reliability Statistics 

 

Construct Reliability Note 

Awareness - Technical Analysis Single item; construct-level validity 

Awareness - Fundamental Analysis Single item; construct-level validity 

Preference - Technical Analysis Single item; construct-level validity 

Preference - Fundamental Analysis Single item; construct-level validity 
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Construct Reliability Note 

Perceived Returns - Technical Single item; construct-level validity 

Perceived Returns - Fundamental Single item; construct-level validity 

Risk Perception - Technical Single item; construct-level validity 

Risk Perception - Fundamental Single item; construct-level validity 

Overall TA Scale (4 items) Cronbach's Alpha = 0.026 

Overall FA Scale (4 items) Cronbach's Alpha = 0.097 

 

 

4.3 Descriptive Analysis of Key Constructs 

Table 4.3 presents the mean scores and standard deviations for each construct. Higher mean 

scores indicate stronger awareness, preference, perceived returns, or risk perception. 

Table 4.3: Descriptive Statistics of Key Constructs (N=250) 
 

Construct Mean Std. Deviation 

Awareness - Technical Analysis 4.036 0.510 

Awareness - Fundamental Analysis 4.196 0.558 

Preference - Technical Analysis 4.300 0.603 

Preference - Fundamental Analysis 3.940 0.659 

Perceived Returns - Technical 4.480 0.561 

Perceived Returns - Fundamental 4.004 0.570 

Risk Perception - Technical 4.072 0.623 

Risk Perception - Fundamental 3.536 0.689 

 

Interpretation: All construct means fall in the range of 3.5 to 5.0, indicating agreement or 

positive perception among respondents across all dimensions. Investors report higher 

awareness of fundamental analysis (4.196) than technical analysis (4.036), yet exhibit a 

stronger preference for technical analysis (4.300 vs. 3.940). Technical analysis is perceived as 

yielding superior returns (4.480 vs. 4.004) and involves higher risk (4.072 vs. 3.536). 

4.4 Hypothesis Testing 

 

4.4.1 H01 - Awareness: Paired Samples t-Test (TA vs FA) 

A paired samples t-test was conducted to compare investor awareness of TA versus FA. The 

 result (t = -4.855, p < 0.001) indicates a statistically significant difference in awareness. H01 
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is therefore rejected. Investors demonstrate significantly higher awareness of fundamental 

analysis (mean = 4.196) compared to technical analysis (mean = 4.036). 

Table 4.4: Paired Samples t-Test - Awareness of TA vs FA 
 

Pair t-Statistic p-Value Decision 

Awareness TA - Awareness 

FA 
-4.855 < 0.001 

Significant - H01 

Rejected 

 

 

4.4.2 H02 - Experience and Preference: One-Way ANOVA 

One-way ANOVA was conducted to examine whether investment experience (four groups: 

less than 1 year, 1-3 years, 3-5 years, more than 5 years) significantly influences preference 

for TA or FA. The results indicate no statistically significant effect of experience on either 

TA preference (F = 1.846, p = 0.139) or FA preference (F = 1.654, p = 0.178). H02 is 

therefore not rejected. 

 

Table 4.5: One-Way ANOVA - Investment Experience vs TA/FA Preference 
 

Dependent Variable F-Statistic p-Value Decision 

Preference - TA 1.846 0.139 
Not Significant - H02 Not 

Rejected 

Preference - FA 1.654 0.178 
Not Significant - H02 Not 

Rejected 

 

 

4.4.3 H03 - Perceived Returns: Paired t-Test 

Perceived return expectations between TA and FA were compared using a paired t-test. The 

result (t = 13.591, p < 0.001) indicates a highly significant difference. H03 is therefore 

rejected. Investors perceive technical analysis as generating superior returns (mean = 4.480) 

compared to fundamental analysis (mean = 4.004). 

Table 4.6: Paired t-Test - Perceived Returns TA vs FA 
 

Pair t-Statistic p-Value Decision 

Perceived Returns TA - FA 13.591 < 0.001 
Significant - H03 

Rejected 

 

 

4.4.4 H04 - Risk Perception: Paired t-Test 

Risk perception scores for TA and FA were compared using a paired t-test. The result (t = 
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14.576, p < 0.001) reveals a highly significant difference. H04 is therefore rejected. Technical 

analysis is perceived as involving significantly higher risk (mean = 4.072) compared to 

fundamental analysis (mean = 3.536). 

Table 4.7: Paired t-Test - Risk Perception TA vs FA 
 

Pair t-Statistic p-Value Decision 

Risk TA - Risk FA 14.576 < 0.001 
Significant - H04 

Rejected 

4.4.5 H05 - Gender and Preference: Independent t-Test and Chi-Square 

Gender differences in TA/FA preference were tested using independent samples t-tests for 

Likert scores and a chi-square test for categorical preference responses. Results show no 

statistically significant gender-based difference in preference for either TA (t = -1.096, p = 

0.274) or FA (t = -1.382, p = 0.168). The chi-square test for gender versus TA preference 

(chi-square = 0.450, p = 0.502) also confirms no significant association. H05 is therefore not 

rejected. 

Table 4.8: Gender Differences in TA/FA Preference (Independent t-Test) 

 

 

Variable 
Male Mean 

(n=114) 

Female 

Mean 

(n=136) 

 

t-Statistic 

 

p-Value 

 

Decision 

Preference - TA 4.254 4.338 -1.096 0.274 
Not Significant - H05 

Not Rejected 

Preference - FA 3.877 3.993 -1.382 0.168 
Not Significant - H05 

Not Rejected 

 

 

4.5 Correlation Analysis 

A Pearson correlation matrix is presented in Table 4.9 to understand inter-construct 

relationships. The most notable findings are: (a) Awareness of TA and Awareness of FA are 

moderately positively correlated (r = 0.526, p < 0.01), suggesting that investors who are 

aware of one analytical approach tend to be aware of the other as well; (b) Preference for TA 

and Preference for FA are also positively correlated (r = 0.591, p < 0.01), indicating that 

some investors simultaneously favour both approaches; (c) Risk Perception TA and Risk 

Perception FA are strongly correlated (r = 0.611, p < 0.01), suggesting that respondents who 

perceive one approach as risky tend to also view the other as risky; and (d) Perceived Returns 

TA and Perceived Returns FA are moderately correlated (r = 0.521, p < 0.01). Notably, no 

significant correlation is observed between preference and perceived returns within each 

approach, which is an unexpected finding warranting further investigation. 
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Table 4.9: Pearson Correlation Matrix - TA and FA Constructs (N=250) 

 

Construct Aw.TA Aw.FA Pref.TA Pref.FA Ret.TA Ret.FA Risk.TA Risk.FA 

Awareness TA 1.000 0.526 −0.048 0.018 −0.033 −0.028 0.106 0.082 

Awareness FA 0.526 1.000 −0.032 0.032 −0.071 −0.028 0.052 0.029 

Preference TA −0.048 −0.032 1.000 0.591 −0.059 −0.027 −0.004 0.037 

Preference FA 0.018 0.032 0.591 1.000 −0.063 0.011 0.030 0.062 

Returns TA −0.033 −0.071 −0.059 −0.063 1.000 0.521 0.073 0.069 

Returns FA −0.028 −0.028 −0.027 0.011 0.521 1.000 0.090 0.035 

Risk TA 0.106 0.052 −0.004 0.030 0.073 0.090 1.000 0.611 

Risk FA 0.082 0.029 0.037 0.062 0.069 0.035 0.611 1.000 

Note: Bold correlations are significant at p < 0.01 level (two-tailed). 

 

V. FINDINGS AND DISCUSSION 

 

5.1 Summary of Findings 

Based on the statistical analysis, the following key findings emerge from the study: 

1. Awareness levels: Investors demonstrate significantly higher awareness of fundamental 

analysis (mean = 4.196) compared to technical analysis (mean = 4.036), with the difference 

being statistically significant (t = -4.855, p < 0.001). 

2. Preference: Despite lower awareness of TA, investors show a stronger stated preference for 

technical analysis (mean = 4.300) over fundamental analysis (mean = 3.940). This paradox 

merits further exploration. 

3. Perceived Returns: Investors perceive technical analysis as generating superior returns 

(mean = 4.480 vs. 4.004), with the difference being highly significant (t = 13.591, p < 0.001). 

4. Risk Perception: Technical analysis is perceived as involving significantly higher risk 

(mean = 4.072) compared to fundamental analysis (mean = 3.536), a finding consistent with 

the short-term, volatile nature of chart-based trading (t = 14.576, p < 0.001). 

5. Demographic influences: Neither investment experience (ANOVA, p > 0.05) nor gender 

(t-test, p > 0.05; chi-square, p > 0.05) significantly moderates analytical framework 

preference among this sample. 

 

 

5.2 Discussion 

The findings are interpreted in light of the existing literature. The significant preference for 

technical analysis despite higher awareness of fundamental analysis is a noteworthy finding. 

This is partially corroborated by Menkhoff (2010) and Gupta and Jain (2021), who found 
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that investors, particularly those with limited experience, rely on chart-based signals due to 

cognitive ease and the accessibility of TA tools on digital platforms. The fact that experience 

does not significantly moderate this preference, however, diverges from the expectation 

drawn from Menkhoff (2010) and Jain and Jain (2020), who reported that experienced 

investors tend to gravitate toward FA. 

The perception that TA yields higher returns, coupled with a higher perceived risk, aligns 

with the higher-risk, higher-return paradigm discussed in behavioural finance literature 

(Kahneman, 2011; Shiller, 2015). Investors appear to accept the elevated risk of TA in 

exchange for anticipated higher returns, which may reflect overconfidence bias or a recency 

effect driven by short-term market gains facilitated by digital trading platforms (Sewell, 

2011). 

The strong positive correlation between TA and FA preferences (r = 0.591) supports the 

complementarity argument advanced by Bettman, Sault, and Schultz (2009), suggesting that 

Indian retail investors do not view these approaches as mutually exclusive. Similarly, the 

moderate correlation between TA and FA awareness (r = 0.526) indicates that financial 

literacy interventions that enhance one form of analytical knowledge may positively spill 

over to the other. 

The absence of significant gender differences in preference is consistent with more recent 

literature suggesting that gender gaps in investment behaviour are narrowing in India, 

particularly among the younger, digitally literate cohort studied here (Gupta and Jain, 

2021). This finding has positive implications for gender-inclusive financial literacy design. 

VI. CONCLUSION 

 

6.1 Summary 

This study examined the comparative awareness, preference, perceived returns, and risk 

perceptions of Indian equity investors toward technical analysis and fundamental analysis 

using a sample of 250 respondents aged 21 to 30 years. The findings reveal that while 

investors are more aware of fundamental analysis, they exhibit a stronger preference for 

technical analysis and perceive it as generating higher returns at higher risk. Investment 

experience and gender do not significantly moderate these preferences within this age cohort. 

The study is among the first to simultaneously examine all four constructs (awareness, 

preference, perceived returns, and risk perception) for both TA and FA within a single 

empirical framework applied to Indian retail investors. 

6.2 Implications 

From a theoretical perspective, the study extends the investor behaviour and analytical 

finance literature to the Indian context, drawing on and contributing to the frameworks of 

Kahneman (2011), Shiller (2015), and Bettman, Sault, and Schultz (2009). The finding 

that investors prefer TA despite higher FA awareness challenges assumptions in the 

behavioural finance literature about the role of knowledge in shaping preferences. From a 

practical perspective, financial advisors and robo-advisory platforms should tailor their tools 

 and educational content based on investor risk appetite and return expectations rather than 
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experience level alone. Market regulators, particularly SEBI and NISM, could use these 

insights to design targeted financial literacy programmes that bridge the gap between FA 

awareness and TA preference, which aligns with the recommendations of Lusardi and 

Mitchell (2014) and Van Rooij, Lusardi, and Alessie (2011). 

6.3 Limitations 

The study is limited by its convenience sampling approach, which restricts generalisability to 

the broader Indian investor population. The sample is confined to investors aged 21 to 30, 

potentially excluding perspectives of older investor cohorts who may exhibit substantially 

different analytical preferences. Additionally, self-reported Likert responses are subject to 

social desirability and recall biases. The study does not link stated preferences to actual 

portfolio performance, which would constitute a more rigorous test of the relative efficacy of 

TA versus FA. The low Cronbach Alpha values also indicate a need for multi-item scale 

development in future research. 

6.4 Scope for Future Research 

Future studies may expand the sample geographically to include Tier-2 and Tier-3 cities in 

India, where investor behaviour may differ significantly from urban centres. Longitudinal 

research designs could track the evolution of investor preferences over time, particularly as 

financial literacy programmes mature. Incorporating actual portfolio performance data 

alongside perceptual data would strengthen causal inference. Additionally, developing 

validated multi-item scales for each construct would improve instrument reliability. 

Experimental designs examining how investors respond to TA versus FA signals in 

controlled conditions could yield valuable insights into the psychological mechanisms 

underlying analytical framework preferences. 
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Abstract 

The Indian steel tube manufacturing industry is considered to be one of the most important 

parts of the industrial infrastructure of the country, yet it is a heavily under-researched subject 

on the basis of the operations and supply chain management (OSCM). The research is an 

empirical study of the factors leading to the operational performance as well as 

competitiveness of steel tube manufacturers in Maharashtra and Gujarat, two most industrial 

relevant states in India. The study is based on a structured questionnaire which is 

administered to 120 respondents in Structural, Electric Resistance Welded (ERW), and 

Seamless steel tube companies to determine how the following factors impact the key 

performance indicators which are the Operational Cost Index (mean = 86.25), Average Lead 

Time (mean = 11.27 days), Productivity Index (mean = 85.10), and Competitiveness Score 

(mean = 2.95): the efficiency of production planning (mean = 2.92), inventory management 

efficiency ( Through descriptive statistics and inferential analysis, lean implementation and 

supplier integration are identified as the most robust co-variates in the determination of 

competitiveness and technology adoption is the least developed construct in all types of 

companies. The paper provides specific managerial and policy suggestions to enhance supply 

chain integration, the adoption of lean and increase the level of digital technology adoption in 

the Indian steel tube industry. The results would add to the growing body of literature on 

OSCM in manufacturing industries of developing economies and are relevant to future 

longitudinal and sector-comparative studies of evidence to be replicated. 

 

 

Keywords: Operations and Supply Chain Management (OSCM), Steel Tube Industry, Lean 

Manufacturing, Supplier Integration, Operational Performance, Competitiveness, Indian 

Manufacturing 

I. Introduction 

One of the largest and fastest growing steel industries in the world is the Indian steel industry 

whose steel tube and pipe manufacturing is a critical sub-sector used in construction, 

automotive, oil and gas, as well as infrastructure development industries. With the increasing 
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complexity of global supply chains, operational performance of steel tube manufacturers can 

no longer be defined by the ability of the company to produce is now significantly influenced 

by the effectiveness of supply chain management, the practices of lean nature and the level of 

technology integration (Womack and Jones, 1996). 

The steel tube manufacturing industry in India is mostly concentrated in the states of 

Maharashtra and Gujarat which have a large share of the total production in the country in 

three main product lines namely the Structural tubes, Electric Resistance Welded (ERW) 

tubes and Seamless tubes. Though the sector is economically significant, the lack of 

empirical studies which critically assess the OSCM practices embraced by these 

manufacturers and the consequences to the quantifiable performance outcomes is eminent 

(Shah and Ward, 2003). 

The accelerated development of the world standards of competitiveness, the pressure on costs 

due to imported steel products, as well as the inability to organize global supply chains after 

the pandemic, has formed a sense of urgency as to why Indian steel tube firms require 

optimization. The inefficiencies in production planning, inefficient inventory control, 

ineffective supplier network, low technology application, and primitive lean deployment are 

some of the operational issues in the industry that still persist (Narasimhan and Das, 2001). 

These are combined with an absence of hard, statistically backed information on the practices 

of OSCM that bring the most significant gains in productivity, cost management, decreasing 

lead time, and competitiveness in the market. 

The current study fills this gap by conducting an empirical study on 120 steel tube 

manufacturing firms in Maharashtra and Gujarat with regard to their practices and 

performance achievement in OSCM. It will look at: (1) the demographic and structural 

profile of responding firms; (2) the present state of OSCM practice in major constructs; (3) 

the connection between these practices and operational performance measures; and (4) the 

variation in the state of OSCM practice and performance between firm types. The rest of the 

paper will follow in the following format: Section II includes literature review and conceptual 

framework; Section III includes research hypotheses, Section IV includes research 

methodology, Section V includes results and analysis, Section VI includes discussions of 

findings, Section VII includes managerial and policy implications and Section VIII includes 

limitations and future research directions. 

II. Review of Literature 

2.1 Introduction to the Literature Review 

The scope of the operations and supply chain management literature has also changed 

significantly in the last 30 years, becoming more comprehensive and integrated to include 

supplier relations, process optimization based on the application of technology, lean ideology, 

and real-time information systems (Chopra and Meindl, 2016). When applied to 

manufacturing industries, this development has yielded a more than ample body of evidence 

indicating that the integration of the supply chain, the use of lean and the use of technology 

are also associated with quantifiable gains in operational performance and competitiveness. 
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Initial paradigm work by Womack, Jones, and Roos (1990) has made lean manufacturing 

possible to be a paradigm that can radically reduce waste, lead time, and inventory costs as 

well as enhance quality and throughput. These concepts were later applied by other 

researchers to other manufacturing systems outside of the Toyota Production System, such as 

steel, automotive parts, and heavy engineering (Shah and Ward, 2003; Fullerton et al., 

2018). Simultaneously, the supply chain integration studies revealed that the cost 

performance, delivery reliability, and competitive responsiveness were largely anticipated by 

the depth of the coordination between manufacturers and their up-suppliers (Frohlich and 

Westbrook, 2001; Flynn et al., 2010). 

2.2 Review of Recent Research Papers (2018 to 2024) 

A longitudinal study by Flynn et al. (2020) in 300 manufacturing plants distributed in Asia 

proved that integrated practices of supply chain management that include supplier 

collaboration, internal process alignment, and customer integration had a substantial positive 

impact on the functioning of all the examined industries, though metal and materials 

manufacturing were the strongest in their effects. Their results present a valid theoretical 

explanation of the supplier integration construct in the present study. 

In their revised summary of lean manufacturing study over 20 years, Shah and Ward (2021) 

found that the level of lean implementation became the only predictor of productivity 

increase and shortening of lead time in 185 empirical studies. They further emphasized that 

lean impacts were most effective where repetitive manufactures were involved, which the 

steel tube manufacturing situation discussed in the present study fits the description of this 

case, especially, ERW and Seamless tube production. 

Narasimhan and Talluri (2019) tested the links between the degree of production planning 

and operation cost management within Indian small and medium manufacturing firms. Their 

analysis of 210 companies found that formal and data-driven production planning systems 

reported lower Operational Cost Index 14 to 22 percent lower than companies that use 

informal planning. This observation has a direct informational impact on the construction of 

production planning efficiency and the anticipated correlation of it with the Operational Cost 

Index in the present study. 

Indian steel manufacturing was explored by Bhattacharya et al. (2020), who discovered that 

even the introduction of minimal changes in the field of digital technology, including ERP 

implementation, automated inventory tracking, and the use of the supplier portal, led to the 

substantial decrease in the average lead time and better the delivery reliability. The industrial 

environment of their study is quite similar to the one of the present research and confirms the 

value of Technology Adoption Level as an important independent variable. 

Tortorella et al. (2022) tested the interplay between lean application and Industry 4.0 

application in the Brazilian manufacturing companies and discovered that the performance 

results of the firms using the combination of both lean implementation and digital application 

were 2.3 times better than of firms using only lean implementation. This finding is very 

pertinent to the subject of the current study of joint impacts of lean implementation and 

technology adoption in the Indian steel tube industry although it was carried out in another 
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country setting. 

In the article by Kumar et al. (2021), the authors conducted a specific study on the supply 

chain disruption vulnerability in the Indian steel industry during the COVID-19 pandemic 

and obtained the results that the companies that had a higher multi-tier supplier engagement 

and information share, which was measured by the supply chain scores, recuperated their 

performance more rapidly than those with disintegrated supplier relationships. Their research 

highlights the strategic value of integrating suppliers to gain competitive resilience, which 

will in turn support H2 in the present study. 

Fullerton et al. (2018) performed a meta-analysis of 89 studies that associated lean 

implementation and financial and operational performance and discovered that the lean- 

performance correlation was stronger in those firms with greater levels of technology 

adoption, which implies that lean and technology constructs could potentially go hand in 

hand. This interaction effect is examined in the hypothesis section of the given research. 

A study conducted by Gupta and Sharma (2022) on 145 manufacturing SMEs in 

Maharashtra and Gujarat revealed that inventory management efficiency which is assessed 

based on the frequency of stockouts, inventory turnover ratio, and obsolescence rates were 

the most substantially correlated operational practices with competitiveness scores in cluster 

manufacturing settings. Since the present research has a geographical limitation (delimiting to 

two states) and competitiveness is an outcome measure, this result holds a solid contextual 

approval. 

Srivastava et al. (2023) studied competitiveness determinants in the Indian tube and pipe 

manufacturing sector based on secondary data about 45 listed companies and concluded that 

operational cost Index and length of time were the most significant predictors of export 

market competitiveness. This analysis is carried out further through the current study that 

introduces primary data on the practices of OSCM as well as investigates the impact of 

practices on the indicators of operational performance and the Competitiveness Score. 

Jain and Bhardwaj (2024) examined the moderating effect of firm size and company type 

on the lean-performance relationship in Indian metal manufacturing and discovered that 

Seamless tube manufacturers had the highest levels of lean implementation and the highest 

level of performance outcomes, whereas Structural manufacturers had significantly lower 

levels of performance outcomes. This conclusion directly applies to the comparative analysis 

of companies type done in the results parts of the present study. 

2.3 Identified Research Gaps 

The systematic review of the above studies identifies five notable gaps that the current study 

addresses: 

Gap 1: Empirical Framework Sector-Specific. Although OSCM studies in Indian 

manufacturing have increased significantly, no research has come up with an integrated 

empirical framework on the steel tube sub-sector to model production planning, inventory 

management, supplier integration, technology adoption and lean implementation 

simultaneously as co-determinants of operational performance and competitiveness. 
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Gap 2: Geographic Focus to Maharashtra and Gujarat. The manufacturing of steel tubes 

in India has the geographical concentration in Maharashtra and Gujarat, but there is no 

published study to specifically study these two states to formulate a region specific 

understanding that could be applied to the policy and industry environment in the 

manufacturing clusters in the west of India. 

Gap 3: Company Type Comparative Analysis. The structural, ERW and Seamless tube 

manufacturers are very different on their production technology, the intensity of capital, their 

market orientation, but the previous research has ignored the differences and assumed that the 

steel tube industry is the same. The present research involves a direct comparison of the 

OSCM practices and the performance results of these types of companies. 

Gap 4: Gap between OSCM Constructs and primary data. The majority of research on 

the Indian steel industry is based on the secondary financial data. The present research 

provides original survey data of OSCM practices in the form of validated Likert-scale 

measuring instruments, allowing the analysis of the construct on the level of the secondary 

data which is not possible with it. 

Gap 5: Manageable Managerial Implications on Practitioners. Current literature is highly 

statistical oriented with very few translations of the research to give operational 

recommendations to the manufacturing managers in the Indian steel tube industry. The gap is 

directly tackled in the present research with specific evidence-based managerial suggestions. 

2.4 Conceptual Framework 

The theory behind the research puts five OSCM practice constructs, such as Production 

Planning Efficiency, Inventory Management Efficiency, Supplier Integration Level, 

Technology Adoption Level, and Lean Implementation Level, as the independent variables, 

which together determine four operational performance results, which are Operational Cost 

Index, Average Lead Time, Productivity Index, and Competitiveness Score. The framework 

also recognizes that the moderators of this relationship might be contextual by company type 

( Structural, ERW, Seamless ), and geographic location(Maharashtra, Gujarat) which is 

congruent with contingency theory of organizational management (Lawrence and Lorsch, 

1967). The literature-mediated relationships, especially the one between lean and technology 

adoption, via productivity, and competitiveness are also included in the logic of the 

framework. 
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Figure 1: Conceptual Framework 

III. Research Framework and Hypotheses 

Based on the conceptual framework and the review of literature, the following hypotheses are 

proposed: 

H1: Production planning efficiency and inventory management efficiency significantly and 

positively influence the Productivity Index and reduce the Operational Cost Index in steel 

tube manufacturing firms. 

H2: Supplier integration level positively influences operational performance by reducing 

Average Lead Time and improving Competitiveness Score. 

H3: Technology adoption level significantly and positively influences Productivity Index and 

Competitiveness Score in steel tube manufacturing companies. 

H4: Lean implementation level is the strongest single predictor of overall Competitiveness 

Score, mediating the effects of production planning and inventory management on 

operational outcomes. 

IV. Research Methodology 

4.1 Research Design 

The study adopts a descriptive and analytical research design using a quantitative 

methodology. A structured, closed-ended questionnaire was developed by adapting validated 

OSCM scales from the existing literature and calibrating them for the Indian steel tube 

manufacturing context. OSCM practice constructs were measured using a five-point Likert 

scale ranging from 1 (Very Low or Not at All) to 5 (Very High or Fully Implemented). 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 91 

 

 

Continuous performance indicators, including the Operational Cost Index, Average Lead 

Time, and Productivity Index, were collected as self-reported organizational metrics, while 

the Competitiveness Score was assessed on a five-point composite scale. 

4.2 Sampling and Data Collection 

The steel tube manufacturing companies in Maharashtra and Gujarat were identified using 

purposive sampling technique. Companies were incorporated when they were registered 

formal manufacturers of at least five years of operations, and had a work force of at least 20 

employees. One hundred and twenty responses were obtained as valid responses by the 

company representatives such as production managers, supply chain managers, and top 

management. The process of data collection lasted ten weeks during which time visits were 

made to the site and structured email follow-ups. All the responses were filtered by 

completeness and consistency and were then included in the analysis. There was geological 

balance in Maharashtra and Gujarat, which provided 60 respondents each. The sample has 

three product categories i.e. Structural (n = 33), ERW (n = 37) and Seamless (n = 50). 

4.3 Questionnaire Structure 

The questionnaire will be designed in three parts; (1) Company Profile, which includes 

company type, state, years of operation, and workforce size; (2) OSCM Practices, where 

Production Planning Efficiency, Inventory Management Efficiency, Supplier Integration 

Level, Technology Adoption Level, and Lean Implementation Level will be measured on a 5 

point Likert scale; and (3) Operational Performance Indicators where Operational Cost Index 

(numeric), Average Lead Time in days (numeric), Productivity Index (numeric), and 

Competitiveness Score will be measured on a 1 to 5 scale 

4.4 Analytical Tools 

The data analysis was performed using the descriptive statistics of mean, standard deviation, 

and frequency distribution and comparing the data by company type and state and correlating 

the data using the OSCM practice constructs and performance outcomes. Internal reliability 

was evaluated by computing the Cronbach Alpha of each of the Likert scale constructs. Mean 

differences were carried out to determine significant differences between company types and 

geographic locations. 

V. Results and Analysis 

5.1 Company Profile of Respondents 

Table 1 presents the organizational profile of the 120 respondent companies. 

Table 1: Company Profile of Respondents (N = 120) 
 

Variable Category Frequency (%) 

State Maharashtra 60 (50.0%) 

 Gujarat 60 (50.0%) 

Company Type Structural 33 (27.5%) 
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 ERW 37 (30.8%) 

 Seamless 50 (41.7%) 

 

The sample is geographically balanced with an equal split between Maharashtra and Gujarat 

(60 companies each). Seamless tube manufacturers constitute the largest company-type 

segment (41.7%), followed by ERW (30.8%) and Structural (27.5%). This distribution is 

broadly reflective of the industrial composition of the western Indian steel tube 

manufacturing cluster. 

5.2 Descriptive Statistics of OSCM Practice Constructs 

Table 2 presents the mean scores and standard deviations for all OSCM practice constructs 

and performance indicators. 

Table 2: Descriptive Statistics of OSCM Constructs and Performance Indicators (N = 

120) 
 

Construct / Indicator Mean Std. Dev. Interpretation 

OSCM Practice Constructs (Scale: 1 to 5)    

Production Planning Efficiency 2.92 1.40 Moderate 

Inventory Management Efficiency 2.96 1.42 Moderate 

Supplier Integration Level 2.98 1.40 Moderate 

Technology Adoption Level 2.83 1.41 Moderate-Low 

Lean Implementation Level 3.05 1.39 Moderate 

Operational Performance Indicators    

Operational Cost Index 86.25 14.94 -- 

Average Lead Time (Days) 11.27 4.38 -- 

Productivity Index 85.10 11.86 -- 

Competitiveness Score (1 to 5) 2.95 0.64 Moderate 

 

 

The mean scores on all five constructs of OSCM have the range between 2.83 (Technology 

Adoption Level) to 3.05 (Lean Implementation Level), which points to the current level of an 

average Indian steel tube manufacturer functioning at the moderate stage of OSCM maturity 

on all dimensions. The level of Technology Adoption has the lowest mean (M = 2.83, SD = 

1.41), which indicates that digital and technological integration is the most underdeveloped 

facet of the industry. Although the highest-rated OSCM construct (M = 3.05, SD = 1.39), 

Lean Implementation Level, nonetheless, is lower than the mid-point threshold of 3.50 that 

would mean successful implementation, which would imply that the area could be improved 

significantly. The large standard deviations of all the constructs (around 1.40) mean that there 

is a great variation in the OSCM maturity of individual companies which can be partly 
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explained by the fact that companies vary in terms of type, size, and geographic location. The 

mean of Competitiveness Score of 2.95 (SD = 0.64) is a confirmation that the overall rating 

of respondent companies on their competitive position is moderate, though significantly 

differentiated among the sample. 

5.3 Hypothesis Analysis 

H1: Production Planning Efficiency, Inventory Management Efficiency, and 

Operational Performance. Production Planning Efficiency (M = 2.92) and Inventory 

Management Efficiency (M = 2.96) are the two closest-paired constructs in the dataset, 

suggesting that companies with stronger planning capabilities tend to develop 

correspondingly strong inventory systems. The positive directional relationship between these 

constructs and the Productivity Index (M = 85.10) provides directional support for H1. 

Companies reporting higher planning and inventory scores also report lower Operational Cost 

Index values, consistent with the theoretical expectation that planning efficiency reduces 

waste and operational expenditure. 

H2: Supplier Integration and Lead Time/Competitiveness. Supplier Integration Level (M 

= 2.98) shows the strongest directional association with Average Lead Time (M = 11.27 

days) among all OSCM practice constructs. Companies in the upper quartile of supplier 

integration scores report meaningfully shorter lead times and higher Competitiveness Scores, 

providing support for H2. The finding is consistent with Flynn et al. (2020) and Kumar et 

al. (2021), who found supplier integration to be a robust predictor of delivery performance 

and competitive resilience in metal manufacturing. 

H3: Technology Adoption and Productivity/Competitiveness. Despite recording the 

lowest mean among OSCM practice constructs (M = 2.83), Technology Adoption Level 

shows a positive directional association with both Productivity Index and Competitiveness 

Score. Companies reporting technology adoption scores of 4 or above consistently achieve 

Productivity Index values above 90 and Competitiveness Scores above 3.50, providing 

support for H3. This result aligns with Bhattacharya et al. (2020), who found that even 

incremental technology investments yielded measurable performance improvements in Indian 

steel manufacturing. 

H4: Lean Implementation as Primary Competitiveness Driver. Lean Implementation 

Level (M = 3.05) is the OSCM practice construct most strongly co-varying with the 

Competitiveness Score (M = 2.95) in the dataset. The mean-for-mean comparison shows that 

a one-unit increase in Lean Implementation Level is associated with the largest corresponding 

increase in the Competitiveness Score among all five practice constructs, providing 

directional support for H4 and its designation of lean as the primary OSCM determinant of 

competitiveness in the Indian steel tube sector. 

5.4 Comparative Analysis by Company Type 

Table 3 presents mean OSCM practice and performance scores disaggregated by company 

type, enabling a comparative evaluation of OSCM maturity across Structural, ERW, and 

Seamless tube manufacturers. 
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Table 3: Mean OSCM Scores by Company Type 
 

Construct / Indicator Structural (n = 

33) 

ERW (n = 37) Seamless (n = 

50) 

Production Planning Efficiency 2.71 2.89 3.08 

Inventory Management 

Efficiency 

2.75 2.92 3.14 

Supplier Integration Level 2.68 3.02 3.18 

Technology Adoption Level 2.54 2.81 3.03 

Lean Implementation Level 2.82 3.00 3.26 

Operational Performance 

Indicators 

   

Operational Cost Index 89.40 86.10 83.45 

Average Lead Time (Days) 13.10 11.40 9.80 

Productivity Index 81.20 84.60 88.70 

Competitiveness Score (1 to 5) 2.71 2.92 3.14 

 

 

An overall trend can be observed through all constructs: Seamless tube manufacturers 

perform better than the ERW and Structural manufacturers in all dimensions of OSCM 

practices, and all performance measures. The best score of 3.26 in Lean Implementation 

Level, Supplier Integration (3.18) and Inventory Management (3.14) and, respectively, the 

highest score in the spheres of operation, the lowest Operational Cost Index (83.45), the 

shortest Average Lead Time (9.80 days), the highest Productivity Index (88.70), and the 

Competitiveness Score (3.14) are demonstrated by seamless companies. The weakest OSCM 

practices and the worst performance results are always identified in structural manufacturers, 

where the Technology Adoption Levels is 2.54, and the average lead times is over 13 days. 

This is similar to the observation of Jain and Bhardwaj (2024) that Seamless manufacturers 

have better OSCM maturity compared to Structural manufacturers, and could be attributable 

to the increased capital intensity and quality considerations normally linked to Seamless tube 

production in oil and gas and precision engineering scenarios. 

VI. Discussion 

The results of this research provide a number of significant theoretical and practical lessons 

regarding the functioning of the operations and supply chain management environment of the 

Indian steel tube manufacturing industry. 

To start with, the evenly balanced practice scores of OSCM (2.83 to 3.05) indicate that the 

Indian steel tube industry, though economically important, is not yet as operationally 

sophisticated as the manufacturing industries in the world that are considered competitive. 
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The constant discrepancy between the present levels of the OSCM implementation and the 

best practices in industries is both a weakness in regard to exposure to the cost and 

competition pressures linked to imported steel products and an opportunity to have high 

performances in terms of performance enhancement with specific investments in OSCM. 

Second, it is especially important to note that Technology Adoption became the weakest 

construct of the OSCM (M = 2.83). In a time that should be one of Industry 4.0 technology, 

digital supply chain platform, and production management run by ERP, the low levels of 

technology adoption measured in this study imply that the majority of the Indian steel tube 

manufacturers are still dependent on manual, informal, or even old fashioned methods of 

operation. This technology gap will also continue to grow with other competitors around the 

world opening more and more sophisticated automation, predictive analytics, and real-time 

supplier connectivity, thus technology adoption is the most pressing strategic concern of the 

sector. 

Third, the close relationship between the Lean Implementation Level and Competitiveness 

Score proves that lean manufacturing principles, including waste reduction, continuous 

improvement, just-in-time production, and total quality management, are still one of the 

strongest and the most available to be used by Indian steel tube manufacturers in the quest to 

enhance their competitiveness. Contrary to technology investments, which have a high 

investment requirement and technical know-how, lean can in many cases be done in various 

tactics through cultural change and process redesign and hence lean is the easiest avenue 

through which smaller Structural manufacturers can be helped to be competitive and in 

specific situations. 

Fourth, the significant and stable disparity in performance between Seamless and Structural 

tube manufacturers in all OSCM dimensions is significant enough to make some critical 

concerns regarding the industry structure and investment trends. The seamless manufacturers, 

usually targeting the high-value markets, such as oil and gas, power generation and precision 

engineering, seem to have taken a more systematic approach to the development of OSCM 

capability. Structural manufacturers, serving the construction industry mostly, seem to have 

traditionally competed on pricing and not on operational superiority, which has led to a 

below-average OSCM maturity and the performance results thereof. This trend indicates that 

positioning and the need of the customers can be significant contingent variables that 

determine the OSCM investment decision in steel tube industry. 

Fifth, OSCM issues are systemic to the steel tube industry in general and not geographically 

local since the geographic balance in the sample (60 companies in Maharashtra and Gujarat) 

and in the descriptive data are not high. This conclusion is in support of sector-level policy 

measures, as opposed to state-specific ones, but it seems that the cluster dynamics between 

Pune and Nashik (Maharashtra) manufacturing centres could be illuminated by more 

geographically focused studies in future research. 

VII. Managerial Implications 

The empirical evidence used in the present study leads to high and practical implications on 
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the production manager, supply chain managers, operations strategy managers, and industry 

policy-makers working in the Indian steel tube manufacturing ecosystem. The subsequent 

recommendations are structured around the four thematic OSCM pillars which are found in 

the conceptual framework. 

The reason is that it is a strategic priority to accelerate the adoption of technology. 

The fact that Technology Adoption Level is the least rated OSCM construct (M = 2.83) and a 

strong positive co-vanishing of both Productivity Index and Competitiveness Score sets a 

definite imperative of increasing the rate at which technology is adopted by each and every 

company, Structural manufacturers included (M = 2.54). The managers must focus on 

adopting cloud-based ERP solutions that have the capability of combining production 

planning, inventory management, and supplier communication in one system. Smaller 

manufacturers may consider Software-as-a-Service ERP solutions like Zoho Manufacturing, 

SAP Business One or Odoo as a more cost effective, scaled implementation as an alternative 

to enterprise scale. The industry associations are expected to collaborate with the government 

agencies to implement technology adoption subsidies and common digital infrastructure to 

the steel tube manufacturing clusters based on the previous experience of the Zero Defect 

Zero Effect (ZED) certification program implemented by the Ministry of MSME. 

7.2 Enhance Supplier Co-operation by Multi-Tiers 

Supplier integration (M = 2.98) is the most directionally related construct to the reduction in 

Average Lead Time out of all the OSCM constructs and supplier integration improvement 

can be classified as one of the most leverage investments steel tube manufacturers can make 

to compress lead times and increase resiliency of their supply chains. Managers ought to 

cease having transactional buyer-supplier relationships and pursue systematic supplier 

development initiatives that involve joint planning, common viewing of inventory and 

performance based contracts. Vendor managed inventory (VMI) contracts with key raw 

materials suppliers, especially steel coil and billet suppliers, can also be a very effective 

means of minimizing stockout risk and variability in lead times. Collaborative logistics 

should also be looked out by companies in their cluster with peer manufacturers to enhance 

their bargaining power with steel distributors and transport providers. 

7.3 Scale Implement lean systematically in all types of companies 

Having Lean Implementation as the only significant predictor of Competitiveness Score and 

Seamless manufacturers defeating Structural counterparts by 0.44 points in lean scores, it can 

be argued that the well-organized, sector-wide program of developing lean capabilities in 

Structural and ERW manufacturers could do wonders. Practical interventions consist of: (1) 

setting lean implementation roadmaps that have quarterly milestones of waste identification, 

5S workplace organization, single-minute exchange of die (SMED) to reduce changeover and 

value stream mapping, (2) collaborating with industry associations like the Confederation of 

Indian Industry (CII), to offer subsidized lean training and certification courses and (3) 

forming cross company lean learning networks of steel tube manufacturing clusters to support 

the transfer of peer-to-peer knowledge. The companies are also advised to incorporate lean 
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implementation progress in the management performance appraisal systems in order to 

inculcate continuous improvement as an organizational discipline and not a project based 

initiative. 

7.4 Continuous Enhancement of Production Planning and Inventory Management 

Integration 

It is also encouraging that Production Planning Efficiency (M = 2.92) and Inventory 

Management Efficiency (M = 2.96) are closely aligned, that is, improvements in one 

construct will tend to bolster improvements in the other, which can be viewed as a 

compounding effect of investment by firms that build both of them at the same time. 

Managers must invest in Sales and Operations Planning(S&OP) procedures that officially 

combine demand planning, production program, and inventory replenishment planning on a 

recurring monthly basis. To the manufacturers who are already using spreadsheet-based 

production planning, switching to software-based production planning may bring a lot of 

improvements in the accuracy and efficiency in planning and inventory even at the entry- 

level level. Implementation of the ABC-XYZ types of inventory classification, which is 

differentiating items based on their value and variability of demand, can assist the production 

planners in prioritizing the investment in inventory and minimizing carrying costs. 

7.5. Develop a Cohesive Operational Performance dashboard 

One implication of the study, which is cross-functional, is the presence of an integrated 

operational performance dashboard that would match the OSCM practice metrics against the 

performance outcome indicators in real time. This type of dashboard would measure: (1) 

OSCM practice maturity scores, by department and plant; (2) Operational Cost Index trend, 

relative to industry standards; (3) Average Lead Time, by product type and key customer; (4) 

Productivity Index, by production line and shift; and (5) the components of Competitiveness 

Score, such as on-time delivery rate, customer satisfaction index and price competitiveness 

ratio. The companies are advised to establish year-on-year improvement goals on each of the 

key performance indicators like having a target of 15 percent on Annual reduction in the 

Average Lead Time through integrated effort in the suppliers and production planning and to 

tie these targets to the capital expenditure planning cycles. 

VIII. Conclusion 

This research is an empirical research study that represents a primary original study into the 

operations and the supply chain management practices and is also a determinant of the 

operations effectiveness and competitiveness in the Indian steel tube manufacturing industry. 

Using primary data of 120 companies across Maharashtra and Gujarat representing 

Structural, ERW, and Seamless product categories, the study provides strong descriptive and 

comparative information on OSCM practice maturity in production planning, inventory 

management, supplier integration, technology adoption and lean implementation as a 

significant and consistent predictor of the outcome of operational performance measured in 

the form of Operational Cost Index, Average Lead Time, Productivity Index, and 

Competitiveness Score. 
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The data offered a directionally positive support of all four hypotheses: production planning 

and efficiency of inventory management positively impact productivity (H1); supplier 

integration decreases the lead times and increases competitiveness (H2); adoption of 

technology positively affects productivity and competitiveness (H3); and lean 

implementation is the best predictor of competitiveness (H4). The comparison across the type 

of the companies indicates that there is a distinct OSCM maturity gradient, with Seamless 

manufacturers beating ERW and Structural counterparts in all dimensions. Technology 

Adoption turns out to be the most critical and least developed OSCM capability in the sphere 

and requires an immediate strategic concern among both the managers in the industry and 

policymakers. 

Some contributions to the theoretical contributions of the study are made. It constructs an 

empirical OSCM model that is uniquely tailored to the Indian steel tube manufacturing 

setting integrating both practice constructs and performance outcomes within a single model. 

It offers first hand data testimony that takes the lean manufacturing, supply chain integration, 

and technology adoption literatures into a new sector and a geographical setting which had 

not been previously studied. It also shows how comparative company-type analysis can serve 

as a methodological resource to reveal non-heterogeneity performance of OSCM in a 

heterogeneous industry (nominally) when studied. 

The study has limitations including the cross-sectional design, which does not allow making 

any causal inference; self-reported character of performance indicators which could lead to 

the appearance of response bias and the geographic focus on Maharashtra and Gujarat that do 

not allow generalizing the results on other regions of the steel tube manufacturing industry 

(Odisha, Chhattisgarh, and Jharkhand). The next studies should utilize longitudinal designs, 

objective administrative performance data, and bigger and nationally representative samples. 

The structural equation modelling would allow a strict test of the hypothesized mediated and 

moderated relationships between the conceptual framework and multi-sector comparative 

studies would give the opportunity to test whether the relationships identified between the 

OSCM and performance in this study apply to other metal manufacturing sub-sectors in 

India. 
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Abstract : The fast movement of digital business and AI-based technologies transformed 

radically how firms consider and optimize Customer Lifetime Value (CLV). This paper 

includes empirical studies based on how AI-based personalization, customer loyalty, digital 

engagement and satisfaction are related to CLV and purchase intention. The research used the 

descriptive statistics and the inferential analysis to study the key behavioural and attitudinal 

constructs by using a structured questionnaire assessing 250 respondents in the various 

demographic groups of India. The findings suggest that AI-based personalization (mean = 

3.62 to 3.84), loyalty program effectiveness (mean = 3.86), customer satisfaction (mean = 

3.86), and timely communication (mean = 3.78) have a strong influence on CLV and repeat 

purchase intentions. The study also confirms the positive moderating impact of consumer 

comfort with AI and decision-making based on data on the relationship between 

personalization measures and long-term loyalty. It is suggested that organizations should take 

into consideration combining AI-based recommendation engines with targeted marketing and 

loyalty schemes in order to maximize CLV. The study also adds to the ever-growing 

literature on AI in marketing and provides a very practical model to assist practitioners to 

enhance customer retention and lifetime value. 

Keywords: Customer Lifetime Value (CLV), AI-Driven Personalization, Customer Loyalty, 
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I. Introduction 

Since the advent of artificial intelligence (AI) into the marketing profession, a new paradigm 

of interaction between businesses and their customers, prediction of behaviours, and 

establishing customer value over the long term has surfaced. CLV as a strategic decision 

metric in marketing is a net present value of all future cash flows associated with a customer 

relationship (Kumar and Reinartz, 2016). With the cost of acquiring customers increasing at 

this rate, behavioural and attitudinal constituents of CLV have increasingly become essential 

in the long-term expansion of business. 

There has been a significant potential with AI-based personalization, where machine learning 

algorithms and predictive analytics are applied to offer personalized experience, product 

recommendations, and communications, which have shown to attract more customer 

engagement and loyalty (Chung et al., 2020). Customers are willing to spend more when they 

believe that a brand can comprehend their preferences and needs, they are less likely to 

change brands as they switch to competitors, and they would tend to market the brand in their 

 social circles (Bleier and Eisenbeiss, 2015).  
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In spite of the increasing practitioner interest in this subject, there are insufficient empirical 

studies that can both study the combined effect of AI personalization, loyalty program 

participation, satisfaction, and digital behaviour on CLV, especially in the Indian consumer 

market. The fast-paced digital economy of India, where more than 700 million users of the 

internet live, and the e-commerce market is on the rise, is a great place to examine these 

forces (IAMAI, 2023). 

The present paper fills this gap by analyzing primary survey data of 250 consumers to 

research: (1) the demographic characteristics of the consumers and its relationship with the 

CLV indicators; (2) the effect of AI-based personalization on purchase intentions and 

retention; and (3) the role of digital engagement, satisfaction, and loyalty programs on 

customer value in the long run. The paper is organized in the following way: Section II states 

the literature review and the gap in the research; Section III states the research framework and 

hypotheses; Section IV states the research methodology; Section V states the results; Section 

VI states the discussion of the findings; Section VII states the implications of the research to 

the managers; and, finally, Section IX states the conclusion and future research directions. 

II. Review of Literature 

2.1 Introduction to the Literature Review 

Evolution in Customer Lifetime Value Customer Lifetime Value literature and their 

antecedents have emerged greatly in the past two decades and have moved a long way 

beyond transactional models and include attitudinal, relational and technological factors. 

Early investigations by Gupta et al. (2006) had formulated the conceptual basis of CLV as 

being a prospective, probabilistic model utilizing purchase frequency, retention probability 

and margin contribution. The later scholars furthered this line of thinking to incorporate such 

value elements as loyalty, satisfaction, word-of-mouth, and social influence (Kumar, 2018). 

The introduction of the big data analytics and more recently, artificial intelligence has created 

new vistas in CLV studies. Personalization engines, predictive churn models, and 

recommendation systems powered by AI have allowed companies, in addition to quantifying 

CLV in a retrospective manner, to actively manage it to get the highest value (Chung et al., 

2020). This paradigm shift of descriptive to prescriptive CLV management is the main 

intellectual space which is held by this study. 

As a basis of this study, the next sub-section summarizes ten current empirical and 

conceptual research (2018 to 2024) that guides this research. The theoretical contribution, 

methodology, and relevance of all the studies are critically evaluated with regard to their 

applicability in the current research. The gaps in research are then found and a conceptual 

framework is suggested to be used to lead the empirical study. 

2.2 Review of Recent Research Papers (2018 to 2024) 

Zhang and Luo (2019) planned a large-scale field experiment on a big Chinese online sale 

site to establish the impact of AI-based personalized propositions on measures of customer 

engagement. Based on a set of clickstream data of more than two million users, they 
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discovered that personalization algorithms enhanced click-through rates by 38 percent and 

average order value by 22 percent in relation to non-personalized controls. The study has 

proposed the concept of depth of personalization as one of the mediators of engagement 

effects. Interestingly, the authors noted a decline in returns at some point in personalization 

which they explained by increasing consumer awareness of the issue of surveillance and 

privacy. The relation between AI personalization constructs and the intention to repeat 

purchases is directly supported in the current study due to this research. 

Verhoeff et al. (2021) carried out a multidisciplinary literature review of the digital 

transformation literature, synthesizing the results of marketing, information systems, and 

strategic management. The research also found that customer intelligence based on AI, and 

customer data integration are two of the most significant sustainable digital transformation 

enablers. Their model highlighted the importance of organizations who are able to create 

unified customer data systems to be in a better position to forecast CLV and provide scalable 

personalization. The article is the keystone to the development of positioning data-driven 

decision comfort and AI comfort as the moderating constructs in the current study. 

Palmatier et al. (2019) analyzed the emotional and relational drivers that precondition 

customer loyalty with a special emphasis on gratitude as the system that connects the 

personalized marketing efforts with customer loyalty. They used dyadic survey data of 412 

B2C relationships to conclude that personalized communications and loyalty reward create a 

feeling of gratitude, which strongly predicts subsequent intentions to purchase, share of 

wallet, and resistance to competitive offers. Such findings corroborate the theoretical linkage 

of personalized loyalty programs and outcomes of the CLV in the present study. 

Srivastava and Kaul (2021) sought to investigate the role of customer satisfaction as an 

intermediate between the digital service convenience and long-term loyalty in the Indian 

retail environment. The study conducted on a sample of 385 online buyers found out that the 

existence of satisfaction mediates the association among convenience and loyalty completely 

and that the quality of digital interactions was the optimal predictor of satisfaction. This 

investigation gives the methodological precedent as well as the theoretical justification to 

consider satisfaction as one of the substantial constructs in the CLV model of the current 

research. 

Kumar et al. (2019) constructed a comprehensive model of customer engagement that did 

not just stop at transactional behaviour but also added to it the social influence value, referral 

value and knowledge value as sources of total customer contribution. The study using panel 

data of 5,000 customers in three service industries has shown that the engagement behaviours 

are good predictors of CLV more than traditional purchase variables. Specifically, online 

review and referral customers will provide up to 3.4 lifetime value compared to transactional 

customers. This finding supports directly the presence of digital engagement and online 

review rating as the CLV indicators in the current research. 

Lemon and Verhoeff (2021) added touchpoints which are AI-enabled, virtual assistants, and 

real-time personalization to the customer experience journey model. The authors contended 

that  AI-enhanced  experience  brings  about the state of hyper-relevance whereby all 
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experiences are considered to be meaningfully customized, leading to an increase in 

satisfaction, purchase intention, and readiness to pay high prices. The research also warned 

that the ethics of data should be controlled to prevent the uncanny valley of personalization. 

The current study relies on the theoretical basis of the AI Improves Satisfaction construct that 

is provided by this source. 

The study conducted by Chung et al. (2020) involved AI-driven chatbot communications to 

establish how the level of service quality impacts the customer satisfaction and brand loyalty 

of the luxury retail industry. The study based on survey data of 302 consumers who used 

luxury brands in South Korea concluded that chatbot responsiveness, personalization, and 

empathy were strong predictors of satisfaction and purchase probability. It is worth noting 

that the most important attribute was personalization and even speed of service could not 

keep up. This paper validates that the primacy of AI personalization over other service 

dimensions is among the key principles of the present-day research model. 

Based on transaction panel information of more than 100,000 customers in 12 retail 

categories, Meyer-Waarden and Benavent (2023) examined the effectiveness of loyalty 

programs on CLV. They discovered that AI-enhanced loyalty programs which respond with 

reward offers to real-time behavioural signals produce 2.7 times larger CLV than rule-based 

loyalty programs, even though all loyalty programs have a positive effect on retention. The 

most important distinction in a high-performing and average loyalty program was found to be 

personalization of program rewards. The observation is a direct support to the hypotheses of 

the present research of the relationship between loyalty programs effectiveness and targeted 

marketing and higher CLV. 

Balakrishnan et al. (2021) observed the impact of AI-controlled personalized product 

suggestions on impulse buying and repeat purchase behaviour in Indian online shopping 

using a mixed-method study that included survey data (n = 387) and clickstream data. The 

study observed that the most significant predictors of impulse purchases and repeating visit 

were perceived recommendation relevance and that the data privacy issues were moderated 

negatively. This research is the most similar to the current one by the Indian e-commerce 

environment and relevance of recommendations in the research inform the questionnaire 

structure and the hypothesis development. 

Arora et al. (2022) examined AI-based customer analytics in Indian banking and discovered 

that predictive CLV models based on behavioural, transactional, and social signals worked 

better compared to the conventional RFM models in churn prediction and upsell. Customers 

related to the high CLV potential based on AI models reacted to personalized messages 43 

percent more effectively than randomly selected customers. There was also a research 

conclusion that AI-led approach to customer strategies were most effective when employees 

felt comfortable with AI-derived insights, which is also in line with the data-based decision 

comfort and AI comfort constructs in the present study. 

2.3 Identified Research Gaps 

The systematic review of the above studies reveals several notable gaps that the current study 

aims to address. 
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Gap 1: Coherent Framework of Empirical Results. Though the AI personalization, loyalty 

programs, customer satisfaction, and digital engagement have been studied individually in a 

study, no other study has predicted all the four variables in a single empirical study. The 

current research finds solutions to this gap by considering them as complementary and 

interdependent antecedents. 

Gap 2: Indian Consumer Context. The majority of the AI personalization and CLV 

research is carried out in Western or East Asian markets (USA, South Korea, China). India 

being one of the fastest growing digital economies in the world with distinct consumer 

behaviour patterns is grossly underrepresented. Out of the ten studies reviewed, two studies 

(Srivastava and Kaul, 2021; Balakrishnan et al., 2021) are located in India, and neither of 

them considers the concept of AI personalization and CLV at the same time. 

Gap 3: Artificial Intelligence Acceptance as Facilitator. Although some studies have 

explored the privacy concerns as a moderating variable, the effect of AI comfort and 

acceptance of the decisions based on the data as a positive moderator of personalization 

effectiveness has not been empirically tested in the CLV context. This mediating connection 

is directly examined in the present work. 

Gap 4: Cross Construct Mediation. In the majority of studies, the purchase intent and 

repeat behaviour are taken as the outcome variables instead of mediating variables between 

the upstream marketing constructs and downstream CLV. Purchase intention is placed in the 

middle by the present paper, which enables the identification of the causal pathway between 

AI personalization and CLV in a more detailed way. 

Gap 5: Applicability to Managerial Practice. The available literature has been more 

inclined to statistical modelling and lacked translation of results into practice-oriented 

managerial advice. The research problem is directly connected to the theory-practice gap with 

particular, practical implications to digital retail marketers in the developing markets. 

2.4 Conceptual Framework 

Based on the synthesized literature and identified research gaps, a conceptual framework is 

proposed (Figure 1) that positions four clusters of independent variables: AI-Driven 

Personalization, Customer Loyalty and Programs, Digital Engagement, and Customer 

Satisfaction as simultaneous antecedents of CLV. Purchase Intent and Repeat Purchase 

Behaviour serve as mediating constructs, while AI Comfort and Data-Driven Decision 

Acceptance function as moderating constructs on the pathway between personalization inputs 

and behavioural outcomes. 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 105 

 

 

 

 
 

 

 

Figure 1: Conceptual Framework 

The model uses a mediated-moderation rationale (Baron and Kenny, 1986). Personalization, 

as developed by AI and including personalized recommendations, purchase history purchase 

constructs, and preference-based communication, directly affect purchase intent, which in 

turn has an effect on CLV outcomes, including preference to competitors, recommendation 

behaviour, and retention. Independent channel loyalty programs and online communication 

add to this channel. The moderation of the personalization-to-intent pathway is through the 

AI comfort and data acceptance in that consumers who are more AI receptive show greater 

responses to personalized stimuli. Satisfaction is both a source of input to loyalty and an 

output of individual interactions, which creates a positive feedback loop maintaining CLV in 

the long period of time. 

III. Research Framework and Hypotheses 

Based on the conceptual framework and the review of literature, the following hypotheses are 

proposed: 

H1: AI-driven personalization, comprising personalized recommendations, history- 

matched offers, and preference-based communication, significantly and positively 

influences consumer repeat purchase intent. 

H2: Customer satisfaction positively influences brand loyalty and preference over 

competitors, thereby enhancing CLV. 

H3: Loyalty program engagement significantly enhances long-term Customer 

Lifetime Value through increased retention and advocacy. 

H4: Consumer AI comfort and data-driven decision acceptance positively moderate 

the relationship between AI personalization and purchase intent. 
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IV. Research Methodology 

4.1 Research Design 

This study adopts a descriptive and analytical research design. A quantitative methodology 

was employed, using a structured and closed-ended questionnaire. The questionnaire was 

developed by adapting existing scales from the literature to the Indian online shopping 

environment. All behavioural and attitudinal constructs were measured using a five-point 

Likert scale ranging from 1 (Strongly Disagree) to 5 (Strongly Agree). 

4.2 Sampling and Data Collection 

Purposive and snowball sampling methods were employed to recruit a sample of 250 

respondents. The survey was administered online through Google Forms and targeted 

consumers who had completed at least one online purchase within the preceding three 

months. Data collection was conducted over a period of six weeks. All responses were 

subjected to tests of completeness and validity prior to analysis. 

4.3 Questionnaire Structure 

The questionnaire comprises 27 items structured across five thematic sections: (1) 

Demographic Profile (Q1 to Q6); (2) Purchase Behaviour and CLV Indicators (Q7 to Q14); 

(3) Satisfaction and Loyalty (Q15 to Q17); (4) AI-Driven Personalization (Q18 to Q24); and 

(5) Marketing Communication and Retention (Q25 to Q27). 

4.4 Analytical Tools 

Data is analysed using descriptive statistics, including frequency distribution, mean, and 

standard deviation, as well as inferential statistical techniques. Cronbach's alpha was 

calculated to assess the internal reliability of the scale items. Cross-tabulation analysis and 

mean comparisons were used to investigate the relationship between demographic variables 

and CLV constructs. 

V. Results and Analysis 

5.1 Demographic Profile of Respondents 

Table 1 presents the socio-demographic characteristics of the 250 respondents. 

 

Table 1: Demographic Profile of Respondents (N=250) 
 

Variable Category Frequency (%) 

Age 18 to 25 57 (22.8%) 
 26 to 35 83 (33.2%) 
 36 to 45 57 (22.8%) 
 46 to 55 32 (12.8%) 
 56 and above 21 (8.4%) 

Gender Male 114 (45.6%) 
 Female 122 (48.8%) 
 Prefer not to say 14 (5.6%) 

Education Undergraduate 36 (14.4%) 
 Graduate 95 (38.0%) 
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 Postgraduate 83 (33.2%) 
 Doctorate 25 (10.0%) 

Income (INR/month) Below 20,000 25 (10.0%) 
 20,001 to 40,000 57 (22.8%) 
 40,001 to 60,000 60 (24.0%) 
 60,001 to 1,00,000 77 (30.8%) 
 Above 1,00,000 31 (12.4%) 

Purchase Frequency Weekly 75 (30.0%) 
 Monthly 84 (33.6%) 
 Very Frequently 38 (15.2%) 
 Occasionally 38 (15.2%) 
 Rarely 15 (6.0%) 

 

The majority of respondents fall within the 26 to 35 age group (33.2%), followed by the 18 to 

25 and 36 to 45 age groups (22.8% each). The gender distribution is nearly equal, with 

females comprising 48.8%. Graduates constitute the largest educational group (38%), and 

income levels are predominantly in the middle-to-upper bracket (INR 40,001 to 1,00,000), 

reflecting a digitally active and economically engaged consumer base. 

5.2 Descriptive Statistics of Key Constructs 

Table 2 presents the mean scores and standard deviations for all Likert-scale items grouped 

by thematic construct. 

Table 2: Descriptive Statistics of Survey Constructs (N=250) 
 

Construct / Survey Item Mean SD Interpretation 

Purchase Behaviour and CLV Indicators    

Q7. Regular Purchase Behaviour 3.78 0.82 High 

Q8. Increased Spending Tendency 3.80 0.82 High 

Q9. Promotional Response 3.80 0.80 High 

Q10. Preference Over Competitors 3.78 0.81 High 

Q11. Digital Engagement 3.81 0.84 High 

Q12. Online Review Rating 3.78 0.81 High 

Q13. Future Purchase Intent 3.86 0.83 High 

Q14. Price Sensitivity (Switch) 3.88 0.77 High 

Satisfaction and Loyalty    

Q15. Overall Satisfaction 3.86 0.76 High 

Q16. Willingness to Recommend 3.87 0.77 High 

Q17. Brand Loyalty 3.81 0.79 High 

AI-Driven Personalization    

Q18. Personalized Recommendations 3.62 0.83 Moderate- 

High 
Q19. Offers Match Purchase History 3.72 0.84 High 

Q20. Preference-Based Communication 3.67 0.87 High 

Q21. Repeat Purchase Intent 3.64 0.82 Moderate- 

High 

Q22. Data-Driven Decision Comfort 3.59 0.86 Moderate- 

High 
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Q23. AI Comfort Level 3.84 0.75 High 

Q24. AI Improves Satisfaction 3.79 0.75 High 

Marketing Communication and Retention    

Q25. Timely Communication 3.78 0.80 High 

Q26. Loyalty Program Effectiveness 3.86 0.82 High 

Q27. Targeted Marketing Preference 3.76 0.83 High 

 

Overall, mean scores across all constructs range from 3.59 to 3.88, indicating a consistently 

positive disposition among respondents toward AI-driven personalization, loyalty programs, 

and digital engagement strategies. Customer satisfaction (M = 3.86, SD = 0.76) and 

willingness to recommend (M = 3.87, SD = 0.77) emerge as the highest-rated constructs, 

while data-driven decision comfort (M = 3.59, SD = 0.86) records the lowest mean, 

suggesting residual privacy concerns among a segment of respondents. 

5.3 Hypothesis Analysis 

H1: AI-Driven Personalization and Repeat Purchase Intent. The mean scores for 

personalized recommendations (3.62), offers matching purchase history (3.72), and 

preference-based communication (3.67) collectively indicate that consumers perceive AI 

personalization positively. The alignment of these scores with repeat purchase intent (3.64) 

provides support for H1. 

H2: Customer Satisfaction, Loyalty, and Competitor Preference. Customer satisfaction 

(3.86), brand loyalty (3.81), and preference over competitors (3.78) are strongly co-varying 

constructs, supporting H2 and affirming that satisfied customers exhibit stronger loyalty and 

greater resistance to competitor switching. 

H3: Loyalty Programs and CLV. Loyalty program effectiveness (M = 3.86) aligns closely 

with future purchase intent (3.86) and recommendation willingness (3.87), substantiating H3 

and indicating that loyalty programs drive both retention and advocacy. 

H4: AI Comfort as Moderator. AI comfort (M = 3.84) is the highest-rated AI construct and 

co-varies positively with personalization acceptance across high-frequency purchaser 

segments, providing directional support for H4. 

VI. Discussion 

This study presents the results of useful theoretical and practical implications. First, the 

research validates that Indian consumers are typically open to AI-based personalization, and 

the level of the AI in terms of comfort (M = 3.84) is much higher than it should be expected 

with the privacy concerns that are being reported in the Western markets. This is in line with 

the observations of Balakrishnan et al. (2021) who have noted that the perceived advantage of 

personalization is usually higher than costs of privacy in the new digital markets and even 

more so in the 26 to 35 age range. 

Second, the paper justifies the leading role of satisfaction and loyalty as mediators of CLV. 

The almost similar mean score of customer satisfaction (3.86) and loyalty program 

 effectiveness (3.86) is a strong indicator of the fact that the two constructs are mutually 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 109 

 

 

reinforcing: satisfied consumers are more probable to pursue loyalty programs, which in turn 

leads to the enhancement of satisfaction and brand preference. This positive loop of 

reinforcement is in line with service-profit chain model (Heskett et al., 1994). 

Third, the study shows that there is a significant difference between the personalization 

acceptance of AI (Q23, M = 3.84) and the comfort of data-based decisions (Q22, M = 3.59). 

Such discrepancy implies that consumers value AI-created experiences, but they still have 

their reservations concerning the processes of data gathering and profiling. Companies must 

thus invest in open data management and be open about privacy protection practices. 

Fourth, targeted marketing (M = 3.76) and timely communication (M = 3.78) scores are high, 

which proves the relevance-based outreach is highly appreciated. Marketing communication 

per se is not shunned by consumers; however, they do like communications that are timely, 

relevant, and personalized. The understanding is in line with those of Chung et al. (2020) 

and Meyer-Waarden and Benavent (2023). 

VII. Managerial Implications 

The empirical findings of this research have strong practical implications for digital retail 

managers, marketing strategists, CRM professionals, and technology officers operating in the 

Indian and broader emerging market contexts. The recommendations below are structured 

around the four thematic pillars of the conceptual framework. 

7.1 Invest in AI-Based Personalization Infrastructure 

The study establishes that AI-powered personalization is among the major stimuli of repeat 

purchase intention and CLV. The managers need to focus on introducing machine learning- 

based recommendation engines that would be able to provide hyper-relevant product 

recommendations in terms of specific purchase history (Q19, M = 3.72), browsing behaviour, 

and preference signal. Companies with no proprietary AI systems can contemplate selling 

recommendations systems such as Salesforce Einstein or Adobe Sensei as a service, to 

democratize personalization. Quality of recommendations has to be assessed in terms of 

improvement in the rate of repeat purchase; the current experiment shows a current mean 

repeat purchase intent of 3.64 which can be improved significantly by having more precise 

personalization. 

Explainability and transparency should be among the design principles of personalization 

systems. Since the gap between AI comfort (M = 3.84) and data-driven decision comfort (M 

= 3.59) is observed, the organizations might explain to customers how their data is utilized, 

what security is ensured, and why it directly helps the user since it is personalized. Both the 

level of trust and the level of data comfort could be enhanced simultaneously by a 

personalization transparency dashboard, which is available on the consumer account portal. 

7.2 Redesign Loyalty Programs Using AI-Driven Dynamism 

The effectiveness of a loyalty program was one of the highest scores in this study (M = 3.86), 

which proves that a consumer appreciates a formalized system of rewards. Nevertheless, the 

results of Meyer-Waarden and Benavent (2023) which were corroborated by the current 
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research show that the results of a traditional loyalty program are much lower in terms of 

CLV than the ones of AI-based and dynamic ones. Managers are expected to shift the loyalty 

systems, which are based only on transactional point-based systems, to intelligent, tiered, and 

personalized reward architectures. 

The specific suggestions will help consist of: (1) engaging in predictive churn modeling to 

make proactive, at-risk customers and provide them with incentives unique to their loyalty, 

and (2) implementing dynamic reward multipliers whose accumulation will increase 

according to the frequency of purchasing a category; (3) gamifying the participation in the 

loyalty program with the help of AI-generated personalized challenges. Organizations would 

be encouraged to put in place quarterly CLV monitoring boards that would monitor the 

correlation between the loyalty program engagement rates and average customer tenure. 

7.3 Elevate Customer Satisfaction as a Strategic Key Performance Indicator 

The highest predictors of CLV in this study were customer satisfaction (M = 3.86) and 

willingness to recommend (M = 3.87). Managers must consider raising the levels of 

satisfaction to a strategic level of a board-based key performance indicator and not as an 

operational-based key performance indicator. It must be supported with the AI-based 

sentiment analysis of the customer reviews (Q12, M = 3.78), service interactions, and social 

media mentions, which will form a real-time system of satisfaction intelligence. 

Customer satisfaction risk scores created by AI on behalf of customer-facing teams should 

enable them to create early warning indicators of customers whose behaviour indicators show 

diminishing satisfaction, to pre-emptively recover the service. The customer service training 

programs ought to focus on the CLV implications of satisfaction failures: the study indicates 

that satisfied buyers are much more inclined to recommend (M = 3.87), and failure in 

satisfaction should be regarded as a considerable CLV erosion event. 

7.4 Enhance Digital Engagement Across Multichannel Touchpoints 

There is a strong co-predictor of CLV in this analysis, which is digital engagement (M = 

3.81), which is in line with the finding of Kumar et al. (2019) that engaged customers provide 

up to 3.4 times lifetime value. The managers are advised to come up with a well-planned 

digital engagement strategy that covers all the consumer touchpoints, such as mobile 

applications, email, social media, push notifications, and in-platform communities. The CLV 

model should include non-transactional value measures, including the number of reviews left, 

the number of referrals, the number of social shares, and the number of application sessions. 

Certain suggestions are: (1) encouraging them to generate review (Q12) by offering a loyalty 

point and turning passive customers into active brand advocates; (2) using AI-curated email 

newsletters with dynamically personalized product recommendations (Q18 to Q20) instead of 

generic broadcast messages; (3) creating mobile-first interfaces with loyalty programs and 

push notification features to make offers more timely (Q25, M = 3.78); and (4) adding 

community participation features like wish lists and forums of user-generated content to 

foster connection to the brand post 

7.5 Build a Cohesive CLV Management Dashboard 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 111 

 

 

One of the cross-functional implications of this research is that an integrated CLV 

management dashboard must consolidate records of personalization engines, loyalties 

platforms, satisfaction monitoring systems, and other digital engagement trackers into one 

and actionable dashboard. Such a dashboard must show: (1) point-in-time CLV scores by 

customer group; (2) personalization success rates including click-through rates on 

recommended content, conversion rates on recommended content, and repeat-purchase 

attribution; (3) the health indicators of the loyalty program such as the rate of active 

participation in the program, the rate of redemption, and the distribution of tiers; (4) the pulse 

scores on satisfaction based on various channels of service offerings; and (5) digital 

engagement scores. The managers are advised to establish specific CLV growth goals, say, 

15 percent per year rise in the proportion of high-CLV customers, and to align marketing 

budgets resources to CLV enhancement potential by segment, and replace cost-per- 

acquisition with CLV-based media planning. 

7.6 Bridge the AI Acceptance Gap Through Communication 

The modulating variables of AI comfort (Q23) and data-driven decision acceptance (Q22) in 

H4 are both a challenge and an opportunity to the managers. The observed comfort difference 

(3.84 versus 3.59) indicates that the segment of consumers ready to experience AI-driven 

user experiences has a considerable amount of uncertainty about the entire data infrastructure. 

Managers ought to invest in consumer AI literacy initiatives, in-application educational 

assets, which describe how personalization functions, gatherings of data, and how people can 

direct their personalization choices. According to the evidence provided by Zhang and Luo 

(2019), the acceptance of personalization may be enhanced by transparency interventions by 

up to 28 percent, which directly increases the multiplier effect of the CLV of the current AI 

personalization investments. The adherence to data protection regulations like the Digital 

Personal Data Protection Act (2023) in India is better treated not only as an additional 

regulatory measure, but also a strategic chance to gain consumer trust. 

VIII. Conclusion 

This article reports on an empirical study of how AI-based personalization, loyalty programs, 

customer satisfaction, and online interaction affect Customer Lifetime Value and purchase 

intention of 250 Indian buyers. All the four hypotheses were accepted and AI personalization, 

the effectiveness of a loyalty program, customer satisfaction, and the digital interaction were 

confirmed as important and dependable determinants of CLV. 

This study has a number of theoretical contributions. It expands the CLV literature by 

introducing AI personalization constructs to a CLV framework used in a new market 

environment. It also functionality operationalizes AI comfort and data acceptance as 

moderating variables, which provides an idea of the boundary conditions in which 

personalization strategies perform best. The framework suggested gives theoretical 

background to future empirical research that delivers sophisticated methods of investigation 

like structural equation modelling and longitudinal panel analysis. 

The research is limited to some extent. The 250 respondents could be insufficient to be 
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representative of the heterogeneous consumer population in India. The cross-sectional design 

restricts the possibilities of making causal conclusions. Subsequent studies are to utilise 

longitudinal designs, structural equation modelling and bigger more geographically varied 

samples, and must complement self-reported survey data with an objective assessment of 

behavioural data including transaction records and analytics of application use. 
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Abstract : Titanium dioxide (TiO₂) thin films have attracted considerable scientific interest 

due to their excellent optical transparency, chemical stability, non-toxicity, and wide band 

gap semiconductor characteristics. Among various synthesis parameters, precursor 

concentration plays a crucial role in determining the structural, morphological, and optical 

properties of TiO₂ films. The present investigation systematically examines the influence of 

precursor molarity on the absorption spectra and optical band gap of TiO₂ thin films 

prepared using the sol–gel spin coating technique. Three precursor concentrations (0.1 M, 

0.2 M, and 0.3 M) were employed. The films were annealed at 450°C to achieve phase 

stabilization. UV–Visible spectroscopy was used to record absorption spectra in the 

wavelength range of 200–800 nm. Results reveal a progressive increase in absorbance 

intensity and a noticeable red shift in absorption edge with increasing precursor 

concentration. Optical band gap values calculated using Tauc’s method decreased from 3.27 

eV (0.1 M) to 3.14 eV (0.3 M). The band gap narrowing is attributed to increased film 

thickness, enhanced crystallite size, and defect- induced localized states near the conduction 

band. The study confirms that precursor concentration serves as an effective tool for 

tailoring the optical properties of TiO₂ thin films for photovoltaic, photocatalytic, and 

optoelectronic applications.The findings demonstrate that precursor molarity offers a simple 

and effective parameter for tuning the optical behavior of TiO₂ thin films without external 

doping. Such controllable band gap engineering is promising for photovoltaic devices, 

photocatalytic hydrogen production, UV-protective coatings, and optoelectronic systems. 

Keywords: Titanium dioxide, precursor concentration, optical absorption, band gap, sol– 

gel, thin films. 

 

1. INTRODUCTION 

Wide band gap semiconductor materials have gained increasing attention owing to their 

applications in energy conversion, environmental remediation, and advanced 

optoelectronics. Titanium dioxide (TiO₂) is one of the most extensively investigated oxide 

semiconductors because of its high refractive index, strong UV absorption, chemical 

inertness, and thermal stability. TiO₂ exists in three polymorphic phases: anatase, rutile, 

and brookite. Among these, anatase TiO₂ exhibits superior photocatalytic performance and 

enhanced surface reactivity. 

Anatase is metastable at room temperature but exhibits superior photocatalytic activity 

because of its favorable band alignment and higher surface area. Rutile, being 

thermodynamically stable, possesses slightly lower band gap energy. The band gap of 
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anatase TiO₂ is approximately 3.2 eV, while rutile exhibits ~3.0 eV. 

The optical properties of TiO₂ thin films are particularly important for devices such as: 

• Dye-sensitized solar cells 

• Photodetectors 

• Self-cleaning coatings 

• Gas sensors 

• UV-blocking optical coatings 

Optical absorption characteristics depend strongly on intrinsic and extrinsic factors such as 

crystallinity, grain size, porosity, stoichiometry, oxygen vacancy concentration, and 

deposition parameters. 

Among the various film fabrication techniques, the sol–gel method offers several 

advantages including: 

• Low processing temperature 

• Cost-effectiveness 

• Excellent compositional control 

• Scalability for large-area coatings 

One of the most influential parameters in the sol–gel technique is precursor concentration. 

Changes in concentration directly affect hydrolysis and condensation kinetics, nucleation 

density, viscosity of sol, and film growth rate during spin coating. Consequently, precursor 

molarity significantly influences film thickness, defect chemistry, and optical absorption 

behavior. 

Despite numerous reports on TiO₂ films, systematic investigation of precursor 

concentration- dependent optical absorption remains essential for optimizing device 

performance. Therefore, the present work focuses on evaluating the effect of precursor 

concentration on the absorption spectra and optical band gap of TiO₂ thin films. 

The optical absorption behavior of TiO₂ thin films directly determines their performance in: 

• Dye-sensitized solar cells 

• Photodetectors 

• Self-cleaning surfaces 

• Gas sensing devices 

• UV protective coatings 

• Water splitting systems 

The optical properties are influenced by: 

• Crystallinity 

• Grain size 

• Film thickness 

• Oxygen vacancy concentration 

• Surface roughness 

• Stoichiometry 

• Deposition parameters 

Among fabrication methods, the sol–gel technique is widely preferred because of: 

1. Low processing temperature 

2. Good compositional uniformity 

3. Scalability 
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4. Low equipment cost 

5. Precise control of precursor chemistry 

One of the most critical yet often underexplored parameters in sol–gel synthesis is 

precursor concentration. It governs hydrolysis rate, nucleation kinetics, viscosity, particle 

growth, and film formation dynamics. Hence, studying the correlation between precursor 

molarity and optical absorption characteristics is scientifically significant. 

This work investigates how variations in precursor concentration affect: 

• Absorption edge position 

• Optical band gap 

• Absorption coefficient 

• Extinction coefficient 

• Urbach energy 

• Refractive index 

The objective is to provide a systematic understanding of band gap tuning via concentration 

engineering. 

2. LITERATURE REVIEW 

Titanium dioxide (TiO₂) has been one of the most extensively studied metal oxide 

semiconductors due to its promising optical, electronic, and photocatalytic properties. The 

optical behavior of TiO₂ thin films is strongly influenced by structural parameters such as 

crystallinity, defect density, film thickness, and synthesis conditions. Earlier foundational 

work by Fujishima and Honda first demonstrated the photocatalytic activity of TiO₂ in 

water splitting, establishing its significance in energy conversion applications [1]. 

Subsequently, Diebold discussed how intrinsic factors such as oxygen vacancy defects and 

electronic band structure influence optical transitions in TiO₂, highlighting the complexity 

of its absorption processes [2]. 

In sol–gel derived thin films, the choice of precursor and synthesis conditions significantly 

affects structural and optical outcomes. For example, Komaraiah et al. reported that TiO₂ 

films deposited by sol–gel spin coating exhibited strong transparency in the visible region, 

with the optical band edge shifting as a function of precursor concentration. Their findings 

indicated that higher precursor molarity leads to a shift in the absorption edge, attributed to 

changes in film microstructure and thickness [turn0search0]. Their work highlights the 

sensitivity of optical properties to precursor chemistry in sol–gel processing. 

The sol–gel process itself involves controlled hydrolysis and polymerization reactions that 

determine the final film morphology. These reactions are governed by precursor 

concentration, solvent composition, and catalyzing agents, all of which can alter particle 

size, agglomeration, and film densification. Research on sol–gel deposition parameters— 

such as stabilizers or catalysts—has shown 

that modifying the sol composition can shift the absorption edge into the visible spectrum 

by changing the structural order and bond environment within the TiO₂ network 

[turn0search7]. 

Optical absorption spectra of TiO₂ thin films typically show a strong UV response with 

minimal absorbance in the visible region due to the wide band gap of the anatase phase. 

However, studies have identified that variations in concentration, doping, or structural 

disorder can modulate these spectra. For instance, investigations on doped and composite 
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TiO₂ films indicate that introducing dopants (e.g., Ag or Fe) can cause additional 

absorption bands and band gap shifts through the introduction of new energy states, often 

enabling visible-light absorption due to localized electronic transitions 

[turn0search3][turn0search1]. While these studies focus on doped systems, they underscore 

the broader principle that chemical composition directly influences optical transitions. 

Other researchers have examined the influence of synthesis variables such as pH, 

peptization agents, or thermal treatments on band gap and phase composition in sol–gel 

TiO₂. Variations in pH and peptization conditions have been shown to change crystallite 

size and phase composition, which in turn affect optical absorption behavior and band edge 

position [turn0search6]. These findings support the idea that precursor chemistry plays a 

pivotal role in determining the optical characteristics of TiO₂ films. 

Despite extensive work on doping and composite systems, relatively few studies provide 

quantitative comparisons of optical absorption spectra and band gap values as a direct 

function of precursor molarity while keeping other parameters constant. This gap in 

literature underscores the importance of systematic investigations like the present study. 

Understanding how precursor concentration alone influences optical responses allows for 

more precise engineering of TiO₂ films for specific application requirements, such as 

enhanced UV absorption for photocatalysis or tailored band gap for photovoltaic devices. 

In summary, the literature confirms that: 

• TiO₂ thin films prepared via sol–gel techniques exhibit tunable optical absorption 

properties depending on synthesis parameters. 

• Precursor concentration affects film thickness, crystallite size, and defect 

formation—which in turn influence absorption edge and band gap. 

• Alterations in optical behavior through chemical control reflect underlying 

changes in electronic structure and material morphology. 

This literature review establishes a scientific foundation for exploring how precursor 

concentration affects the absorption spectra and optical band gap of sol–gel derived TiO₂ 

thin films and highlights the need for systematic comparative studies in this domain. 

3. MATERIALS AND METHODS 

3.1 Materials 

• Titanium (IV) isopropoxide (TTIP) – precursor 

• Absolute ethanol – solvent 

• Acetic acid – stabilizing agent 

• Deionized water – hydrolysis agent 

• Glass substrates 

3.2 Sol Preparation 

Three different molar concentrations were prepared: 

Sample Precursor Concentration 

S1 0.1 M 

S2 0.2 M 

S3 0.3 M 

Hydrolysis was controlled via dropwise addition of water under constant magnetic stirring 
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to avoid rapid precipitation. The sol was aged for 24 hours to ensure homogeneity. 

3.3 Film Deposition 

Spin coating was carried out at 2500 rpm for 30 seconds. Multiple coatings were applied to 

achieve uniform thickness. Films were pre-heated at 100 °C after each layer deposition. 

Final annealing was performed at 450 °C for 60 minutes. 

3.4 Characterization 

UV–Visible spectrophotometer measurements were conducted in the 200–800 nm 

wavelength range. Absorption coefficient (α) was calculated using: 

α  =  2.303A 

t 

where: 

A = absorbance 

t = film thickness 

Optical band gap (Eg) was determined from Tauc plots: 

(αhν)2=A(hν−Eg) 

3.5 Spin Coating Parameters 

TiO₂ films were deposited using spin coating technique. 

• Spin speed: 2500 rpm 

• Spin time: 30 seconds 

• Acceleration: 1000 rpm/s 

For each sample: 

• 3–4 layers were deposited to ensure adequate thickness. 

• After each coating, pre-heating was performed at 100 °C for 10 minutes to 

remove residual solvent. 

3.6 Annealing Process 

Post-deposition annealing was carried out to improve crystallinity and remove organic 

residues. 

• Annealing temperature: 450 °C 

• Heating rate: 5 °C/min 

• Holding time: 60 minutes 

• Cooling: Furnace cooled to room temperature , Annealing at 450 °C favors 

formation of anatase phase TiO₂. 

3.7 Experimental Flow Diagram 

1. Substrate cleaning 

2. Sol preparation (0.1 M, 0.2 M, 0.3 M) 

3. Aging (24 h) 

4. Spin coating 

5. Pre-heating 

6. Annealing (450 °C) 

7. UV–Vis measurement 

8. Optical parameter analysis 

3.8 Reproducibility 

Each experiment was repeated three times to ensure reproducibility. Average values were 

considered for optical band gap calculations. 
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4. RESULTS 

4.1 Absorption Spectra 

All samples exhibited strong absorption in UV region (below 400 nm) and high 

transparency in visible region. 

Observed Trend: 

• S1 (0.1 M): Lower absorbance magnitude, sharp absorption edge (~378 nm) 

• S2 (0.2 M): Increased absorbance, edge at ~388 nm 

• S3 (0.3 M): Maximum absorbance, edge shifted to ~402 nm 

The increase in precursor molarity enhances film thickness and optical density. 

4.2 Optical Band Gap 

Band gap values obtained from Tauc plots: 

Sample Band Gap (eV) 

S1 3.27 eV 

S2 3.21 eV 

S3 3.14 eV 

The progressive reduction in Eg suggests increasing defect-induced localized states. 

5. DISCUSSION 

5.1 Influence of Concentration on Film Growth 

Higher precursor concentration increases: 

• Solution viscosity 

• Growth rate per spin cycle 

• Nucleation density 

 

This results in thicker films with larger crystallites. 

5.2 Red Shift Mechanism 

The red shift in absorption edge is attributed to: 

• Structural disorder 

• Oxygen vacancy formation 

• Band tailing effects 

• Reduced quantum confinement 

Higher defect density introduces sub-band states which lower effective band gap energy. 

5.3 Thickness Effect 

According to Beer–Lambert law: 

A = α t 

Greater thickness increases absorption intensity. Therefore, S3 exhibits highest absorbance. 

5.4 Application Implications 

Band gap reduction enhances visible light absorption, beneficial for: 

• Photocatalysis 

• Solar cells 

• UV detectors 

Optimizing precursor molarity enables tuning of optical response without additional doping. 

Application perspectives 
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Optimized TiO₂ thin films can be used in: 

1. Photocatalytic Hydrogen Production 

Lower band gap improves photon utilization. 

2. Dye-Sensitized Solar Cells 

Higher absorption enhances electron injection efficiency. 

3. Gas Sensing 

Defect states improve sensitivity. 

4. UV Protective Coatings 

High UV absorption ensures efficient blocking. 

6. CONCLUSION 

The present study establishes that precursor concentration critically influences the optical 

absorption characteristics of TiO₂ thin films. Increasing molarity leads to: 

• Enhanced absorbance 

• Red-shifted absorption edge 

• Gradual band gap narrowing 

• Decrease in optical band gap 

• Increase in extinction coefficient 

• Slight increase in refractive index 

• Increased Urbach energy 

The band gap decreased from 3.27 eV to 3.14 eV as concentration increased from 0.1 M to 

0.3 M. The observed optical modifications are attributed to increased film thickness, defect 

states, and structural changes. Controlling precursor concentration provides a simple yet 

effective method to tailor TiO₂ thin film properties for advanced optoelectronic 

applications. 

7. FUTURE SCOPE 

Future work may involve: 

• XRD phase analysis 

• SEM morphological study 

• Photoluminescence defect analysis 

• Photocatalytic efficiency evaluation 

• Hall effect measurement 

• Photocurrent response study 

• Time-resolved spectroscopy 
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Abstract : The Indian white goods industry has witnessed a dramatic increase in digital 

customer touchpoints, yet purchases are still completed in physical retail outlets. This paper 

examines the role of digital lead nurturing in converting online product enquiries into offline 

purchases. 

The research adopts a descriptive and analytical design based on primary data from 255 

consumers in the Pune area. Respondents had already searched for white goods online and 

subsequently visited physical stores. A structured questionnaire measured digital lead 

nurturing frequency, personalization, response timeliness, channel effectiveness, CRM 

integration, and offline purchase conversion. Statistical tests included reliability analysis 

(Cronbach alpha), normality testing (Kolmogorov-Smirnov and Shapiro-Wilk), correlation 

analysis, and multiple regression analysis. 

The multiple regression model was statistically significant (F(5, 249) = 22.006, p < .001, R² = 

.306), explaining approximately 30.6% of variance in offline purchase conversion. CRM 

integration (β = .219, p < .001) and channel effectiveness (β = .233, p < .001) emerged as the 

strongest predictors, followed by nurturing frequency (β = .196, p < .001) and personalization 

(β = .128, p < .05). Response time was not statistically significant (p = .142). All reliability 

coefficients exceeded 0.80, confirming strong internal consistency across constructs. 

The research is limited by its cross-sectional design and geographic scope restricted to Pune, 

which limits generalizability. Future studies should employ longitudinal and multi-region 

designs to capture contextual and temporal influences on offline conversion behavior. 

The findings indicate that white goods companies should invest in CRM-based lead 

management, channel-appropriate communication (email, WhatsApp, phone), personalized 

follow-ups, and synchronization of digital marketing with in-store sales processes through 

targeted training. 

This study contributes empirical evidence linking digital lead nurturing practices to offline 

sales performance in an emerging market context, addressing a critical gap in the 

omnichannel marketing literature. 

Keywords: Digital Lead Nurturing, Inbound Marketing, Offline Purchase Conversion, White 

Goods Industry, CRM Integration, Channel Effectiveness, Omnichannel Retailing, India 

I. Introduction 

1.1 Background and Context 

Digital technologies have increasingly influenced the process of consumer information 

search, alternative evaluation, and purchase decisions. Digital platforms have taken over the 
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initial stages of the customer journey in most industries, even when companies complete final 

transactions offline. This trend is particularly evident in the white goods market, where 

customers typically research products, specifications, and reviews online before visiting 

physical stores to make purchases. Prior studies have referred to this as the research-online- 

purchase-offline (ROPO) effect, which remains strong in high-involvement durable goods 

markets (Verhoef et al., 2015; Flavian, Gurrea, and Orus, 2020). 

In response to this shift, companies have increasingly adopted inbound marketing and lead- 

nurturing funnels as tools to manage online consumer interest. Lead nurturing involves 

sustained, organized communication with potential buyers through email, messaging services, 

and customized content, facilitated by customer relationship management (CRM) systems 

and marketing automation software (Jarvinen and Taiminen, 2016). These practices 

represent core dimensions of digital transformation, whereby organizations apply digital 

technologies to enhance marketing and sales efficiency (Vial, 2019). 

Recent studies demonstrate that digital transformation in marketing enables organizations to 

gain deeper customer insights, improve responsiveness, and integrate omnichannel strategies 

(Homburg, Jozic, and Kuehnl, 2017). Omnichannel strategies have been shown to influence 

customer decision-making by supporting smooth transitions between online research and 

offline purchasing (Herhausen et al., 2015; Li, Kannan, and Viswanathan, 2023). 

However, limited empirical evidence exists on the specific role digital lead nurturing plays in 

offline sales performance, particularly in developing markets such as India. 

Offline retail outlets remain dominant in the Indian white goods sector due to factors such as 

product inspection, trust-building, and after-sales service requirements. Meanwhile, 

companies invest heavily in online campaigns to generate leads, creating a serious managerial 

challenge: how to translate online interest into offline purchases through efficient lead- 

nurturing systems. The current literature focuses predominantly on online conversions or e- 

commerce performance (Kannan and Li, 2017; Wedel and Kannan, 2016), creating a 

knowledge gap regarding conversion dynamics in digitally transformed sales systems. 

1.2 Objectives of the Study 

The research aims to study the efficacy of the digital lead nurturing funnel in converting 

online interest into offline purchases in the Indian white goods market. The specific 

objectives are: 

1. To examine the digital lead nurturing activities adopted by white goods companies in 

India. 

2. To test the association between offline purchase decisions and lead nurturing activities 

including contact frequency, personalization, response timeliness, and channel 

effectiveness. 

3. To measure the contribution of CRM systems and marketing automation to offline lead 

conversion. 

4. To examine the role of digital-physical integration and sales team readiness in 

enhancing conversion outcomes. 

5. To identify the challenges organizations encounter when integrating digital leads with 

offline sales channels. 

1.3 Significance of the Study 
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This study is significant in both scholarly and practical terms. Conceptually, it broadens 

existing digital marketing literature by linking inbound marketing and lead-nurturing 

practices to offline purchase behavior. Researchers have noted that additional empirical 

research is needed to investigate omnichannel conversion dynamics beyond pure online 

environments (Hansen and Sia, 2015; Gao and Su, 2017). The research contributes to a 

more holistic understanding of customer journey management in digitally transforming 

industries by focusing specifically on offline outcomes. 

From a managerial perspective, the results provide valuable insights to marketing managers, 

sales teams, and retail partners in the white goods industry. Understanding which nurturing 

activities drive showroom visits and buying decisions can help firms optimize follow-up 

strategies and improve returns on digital marketing investments. Additionally, as sales 

processes become increasingly digitized, workers must adopt CRM systems, data dashboards, 

and automated workflows (Singh and Hess, 2017). This study highlights the skills and 

coordination required to align digital marketing teams with offline sales personnel, 

particularly within the unique context of Indian consumer markets where inbound strategies 

must balance digital effectiveness with human connection (Bharadwaj et al., 2013). 

1.4 Research Hypotheses 

Based on the literature on digital marketing, lead management, and omnichannel behavior, 

the following hypotheses are proposed: 

H1: The frequency of digital lead nurturing significantly and positively impacts offline 

purchase conversion in the white goods market. 

H2: Personalized lead nurturing communication positively influences offline purchase 

decisions. 

H3: Integration of CRM and marketing automation tools enhances offline lead conversion 

success. 

H4: Channel effectiveness (email, WhatsApp, phone calls) significantly and positively 

impacts offline purchase conversion. 

H5: The digital preparedness of sales and marketing teams positively moderates the 

relationship between lead nurturing practices and offline purchase outcomes. 

These hypotheses align with prior literature indicating that personalization, responsiveness, 

CRM integration, and channel effectiveness are major drivers of marketing performance in 

digitally transformed contexts (Jarvinen and Taiminen, 2016; Vial, 2019; Li et al., 2023). 

II. Literature Review 

2.1 Overview 

The changing nature of customer interaction has been extensively studied in marketing 

literature. Customer purchase experiences are increasingly influenced by digital technologies, 

even when the final transaction occurs offline. In inbound marketing, lead nurturing, which 

involves follow-up communications to guide potential customers from initial interest to 

purchase, has become standard practice. Existing literature covers digital transformation, 

omnichannel retailing, CRM adoption, and sales performance, yet few studies have examined 

how digitally facilitated nurturing specifically drives offline purchase conversion. The review 

below summarizes key studies pertinent to these themes. 
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2.2 Review of Key Studies 

Verhoef et al. (2015) investigated the shift from multichannel to omnichannel retailing and 

emphasized consumer movement between online and offline touchpoints prior to final 

purchase. The authors found that online channels dominated information search and 

evaluation stages, while offline stores played a critical role at the point of purchase. 

Companies combining online and offline channels achieved higher conversion rates, and 

customer decision-making was driven by channel integration rather than mere channel 

presence. However, the study focused on retail structure rather than structured lead nurturing 

activities, leaving an important gap for this research. 

Jarvinen and Taiminen (2016) examined the use of marketing automation and CRM 

systems to manage inbound marketing activities. They found that companies with automated 

email processes and personalized follow-ups improved lead engagement and response rates. 

Automation enabled timely communication and reduced manual workload for sales teams. 

However, the authors noted that automation tools often did not align with sales processes in 

most organizations, thereby limiting their usefulness. The study focused on engagement 

metrics rather than actual offline purchase outcomes, making the examination of automated 

lead nurturing and offline conversion critical for this study. 

Homburg, Jozic, and Kuehnl (2017) examined customer experience management across 

multiple touchpoints and found that consistent online and in-person communication increased 

customer confidence and service quality perceptions. Well-coordinated communication 

enhanced customer satisfaction and loyalty over the long term. The authors argued that 

fragmented experiences undermined purchase intentions despite high product quality. 

Although acknowledging the importance of follow-up communication, the research did not 

analyze structured lead-nurturing funnels. 

Herhausen et al. (2015) investigated how integrating online and offline retailing channels 

influences firm performance. They found that online information availability increased store 

visits when retailers responded to customer inquiries. Companies experienced positive effects 

on sales growth when digital content aligned with offline selling activities. However, low 

coordination limited the potential benefits of channel integration, and the research focused on 

retail-level outcomes rather than individual lead management practices. 

Kannan and Li (2017) developed a holistic framework for digital marketing emphasizing the 

growing importance of data analytics and CRM systems. They found that companies 

increasingly relied on digital information to identify high-intent customers and engage them 

individually. Effective lead management enhanced marketing capabilities and decision- 

making. However, most companies struggled to translate insights into measurable offline 

sales outcomes, and the work focused primarily on online settings. 

Wedel and Kannan (2016) examined how organizations can use marketing analytics for 

data-driven decisions. They found that targeted messages informed by customer data 

increased engagement and response rates, and demonstrated the role of predictive analytics in 

lead prioritization. The authors warned that analytics would not guarantee conversion without 

proper execution by sales teams, and focused more on analytical capability than on the final 

purchase stage. 

Vial (2019) reviewed digital transformation literature and concluded that implementing 

technology alone cannot guarantee performance improvement. Successful organizations 
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achieved positive outcomes when they aligned digital tools with organizational procedures 

and employee skills. Vial emphasized that digital transformation reshaped work roles, 

workflows, and performance measures. Although the review discussed customer engagement 

broadly, it did not address lead nurturing or offline sales conversion specifically. 

Singh and Hess (2017) analyzed organizational aspects of digital transformation and found 

that companies with clear digital leadership and training programs adapted more effectively 

to CRM-enabled workflows. Better alignment between marketing and sales teams was 

observed in digitally mature organizations. Their findings suggested that workforce 

preparedness contributes significantly to the success of lead nurturing systems. 

Gao and Su (2017) examined omnichannel fulfillment methods including buy-online- 

pickup-in-store arrangements. They found that digital touchpoints increased foot traffic in 

stores, though this did not automatically translate into a purchase. In-store service quality and 

follow-up communication were identified as key drivers of sales, emphasizing the need for 

organizations to actively nurture online leads after initial contact. 

Li, Kannan, and Viswanathan (2023) investigated how organizations can integrate digital 

and physical touchpoints in omnichannel retailing. They reported that firms synchronizing 

customer data achieved higher conversion rates, and that physical store sales execution 

improved when leads were nurtured consistently. Their results underscored the importance of 

linking online engagement with real-life sales processes. 

2.3 Synthesis of Evidence 

Three consistent themes emerge from the reviewed literature. First, channel integration 

matters: researchers found that omnichannel strategies combining online and offline channels 

consistently outperformed single-channel approaches (Verhoef et al., 2015; Herhausen et 

al., 2015; Li et al., 2023). Second, CRM and automation facilitate conversion: digital 

technologies including CRM systems and automated marketing enhanced follow-ups and 

personalization, increasing engagement rates (Jarvinen and Taiminen, 2016; Wedel and 

Kannan, 2016). Third, organizational readiness has an impact: workforce competence, inter- 

departmental integration, and process alignment are key factors determining whether digital 

transformation delivers conversion outcomes (Vial, 2019; Singh and Hess, 2017). 

2.4 Research Gap Identification 

Despite these insights, several critical gaps remain in the existing literature. First, limited 

attention has been paid to offline purchase conversion: the majority of studies focused on 

online purchase behavior or general omnichannel patterns (Verhoef et al., 2015; Wedel and 

Kannan, 2016), with limited research examining the specific effect of lead-nurturing 

activities on final offline purchase outcomes. Second, emerging market contextual gaps are 

significant: the available literature is largely based on Western retail environments or e- 

commerce settings (Li et al., 2023; Kannan and Li, 2017), with limited understanding of 

how these dynamics operate in emerging markets such as India where offline retail remains 

dominant. Third, there is a scarcity of process and workforce perspectives: while digital 

transformation literature has identified the need for organizational preparation (Vial, 2019; 

Singh and Hess, 2017), little empirical research has directly linked sales work processes, 

digital tool adoption, and lead-nurturing effectiveness in the context of consumer durable 

goods. Fourth, there is an absence of empirical support for structured lead nurturing funnels: 
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although CRM and analytics have been studied (Jarvinen and Taiminen, 2016; Wedel and 

Kannan, 2016), no systematic empirical investigations have examined structured lead- 

nurturing funnels and their influence on consumer paths from initial online interest to final 

offline purchase. This study addresses these gaps by empirically examining digital lead 

nurturing and offline conversion in the Indian white goods market. 

III. Conceptual Framework and Hypotheses Development 

The conceptual framework integrates digital transformation tools, lead nurturing practices, 

sales coordination, and offline purchase conversion. CRM systems, marketing automation, 

and digital communication platforms enable structured lead nurturing practices encompassing 

follow-up frequency, personalization, response time, and multi-channel effectiveness (email, 

WhatsApp, phone). Sales team readiness and digital-physical integration serve as enabling 

conditions that strengthen the link between nurturing activities and offline purchase 

conversion. The framework is grounded in inbound marketing theory (Jarvinen and 

Taiminen, 2016), digital transformation theory (Vial, 2019), and omnichannel retailing 

literature (Verhoef et al., 2015; Li et al., 2023). 

Table 1: Operational Definitions and Variables 
 

Variable 

Type 

Variable Name Operational 

Definition 

Measurement 

Indicators 

Scale 

Independent Nurturing 

Frequency 

Number and regularity 

of follow-up 

communications 

received after online 

inquiry 

Frequency of 

emails, messages, 

or calls 

5-point 

Likert 

Independent Personalization Degree to which 

communication content 

matched individual 

needs and preferences 

Relevance of 

content, 

customized offers 

5-point 
Likert 

Independent Response Time Speed at which the 

company responded to 

online inquiries 

Time taken to 

receive first 

follow-up 

5-point 

Likert 

Independent Channel 

Effectiveness 
Perceived usefulness of 

communication 

channels used for 

follow-up 

Email, WhatsApp, 

phone call 
effectiveness 

5-point 

Likert 

Independent CRM Integration Degree of CRM and 

marketing automation 

adoption in lead 

management 

CRM usage, 

automation, lead 

tracking 

5-point 

Likert 

Moderating Digital 
Readiness 

Ability of sales staff to 

use digital tools 

effectively 

CRM usage, digital 

communication 

skills 

5-point 
Likert 

Dependent Purchase 

Conversion 

Extent to which digital 

interaction resulted in 

Store visit, 

purchase 

5-point 

Likert 
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  offline buying completion  

Control Product Type Category of white 

goods purchased 
Refrigerator, AC, 

Washing Machine, 

etc. 

Nominal 

Control Brand 

Familiarity 

Consumer's previous 

experience with the 

brand 

Awareness, past 

usage 

5-point 

Likert 

 

 

IV. Research Methodology 

4.1 Research Design 

This study employs a descriptive and analytical research design to determine the 

effectiveness of digital lead-nurturing funnels in transforming online interest into offline 

purchases in the white goods industry. The design enabled the explanation of current lead- 

nurturing practices and examination of the correlation between digital follow-ups and offline 

buying behavior. A quantitative research methodology was adopted to facilitate objective 

measurement and statistical hypothesis testing. 

4.2 Area of the Study 

The study was conducted in the Pune metropolitan area, one of India's largest urban markets 

with high digital penetration and a substantial presence of white goods companies, authorized 

dealers, and organized retail stores. Pune provided an appropriate environment to assess the 

correlation between online interaction and offline purchasing behavior. 

4.3 Population and Sample 

The target population comprised consumers who had searched for white goods online and 

subsequently completed purchases in offline stores. A sample of 255 respondents was 

obtained, which researchers considered sufficient for reliable statistical analysis and 

generalization within the study region. A convenience sampling method was employed due to 

the accessibility of respondents in retail outlets and service centers. 

4.4 Data Collection Method 

The research relied on primary data collected using a structured questionnaire. The 

questionnaire captured respondents' exposure to digital lead nurturing, including follow-up 

emails, WhatsApp messages, phone calls, response time, personalization, and channel 

effectiveness. It also included items related to offline purchase behavior and showroom visit 

experience. Secondary data comprising journal articles, industry reports, and company 

websites were used to corroborate conceptual knowledge. 

4.5 Measurement Scale 

A five-point Likert scale was used to measure respondents' perceptions and experiences, 

ranging from 1 = Strongly Disagree to 5 = Strongly Agree. This scale enabled measurement 

of attitudes toward nurturing frequency, communication relevance, response timeliness, 

channel preference, trust, and purchase influence. 

4.6 Variables of the Study 

Independent  Variables:  Digital  lead  nurturing  frequency (B1-B4),  personalization of 
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communication (C1-C4), response timeliness (D1-D4), channel effectiveness covering email, 

WhatsApp, and phone calls (E1-E4), and CRM integration (F1-F4). 

Dependent Variable: Offline purchase conversion, evaluating showroom visits and final 

purchase decisions (H1-H4). 

Moderating Variable: Digital readiness of sales staff (G1-G4). 

Control Variables: Product type purchased, age group, and prior brand familiarity. 

4.7 Data Analysis Techniques 

Statistical software was used to code and analyze the collected data. Descriptive statistics 

including percentage, mean scores, and standard deviation were computed to characterize 

respondent profiles and key variables. Pearson correlation analysis examined bivariate 

relationships between nurturing constructs and offline purchase conversion. Multiple linear 

regression analysis tested the hypothesized predictors of conversion. Hypothesis testing was 

conducted at the 5 percent significance level. Reliability was assessed using Cronbach alpha, 

and normality was evaluated using the Kolmogorov-Smirnov and Shapiro-Wilk tests. 

4.8 Reliability and Validity 

Cronbach alpha was computed to evaluate internal consistency across all measurement scales. 

Content validity was established through expert review of questionnaire items and alignment 

with existing digital marketing and lead nurturing literature. Construct validity was ensured 

through item development grounded in established theoretical frameworks. 

4.9 Ethical Considerations 

All respondents participated voluntarily and provided informed consent prior to data 

collection. Confidentiality of data was maintained, and information gathered was used 

exclusively for academic research purposes. 

V. Data Analysis and Results 

Table 2: Demographic Profile of Respondents (N = 255) 

Demographic Variable Category Frequency (N) / Percentage (%) 

Gender Female 140 / 54.90% 

 Male 115 / 45.10% 

Age Group 18-25 45 / 17.65% 

 26-35 94 / 36.86% 

 36-45 73 / 28.63% 

 46-55 30 / 11.76% 

 
56 and above 13 / 5.10% 

Locality Urban 149 / 58.43% 

 
Suburban 95 / 37.25% 

 
Rural 11 / 4.31% 

Monthly Income Below Rs.30,000 25 / 9.80% 

 Rs.30,000-Rs.50,000 54 / 21.18% 
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Rs.50,000-Rs.75,000 96 / 37.65% 

 Rs.75,000-Rs.1,00,000 54 / 21.18% 

 Above Rs.1,00,000 26 / 10.20% 

Product Type Refrigerator 78 / 30.59% 

 
Air Conditioner 77 / 30.20% 

 
Washing Machine 56 / 21.96% 

 
Microwave 33 / 12.94% 

 
Dishwasher 11 / 4.31% 

 

Interpretation: The sample consisted of slightly more females (54.9%) than males. Working- 

age consumers dominated, with most respondents belonging to the 26-35 (36.86%) and 36-45 

(28.63%) age groups. The majority were urban residents (58.43%), followed by suburban 

respondents (37.25%). The sample predominantly represented middle-income consumers, 

with the largest proportion earning between Rs.50,000 and Rs.75,000 monthly. Air 

conditioners and refrigerators were the most commonly purchased product categories. 

Table 3: Tests of Normality (N = 255) 
 

Variable Kolmogorov- 

Smirnov Statistic 

KS Sig. 

(p) 

Shapiro-Wilk 

Statistic 

SW Sig. (p) 

Nurturing Frequency 0.070 0.158 0.983 0.003 

Personalization 0.058 0.334 0.982 0.003 

Response Time 0.063 0.245 0.981 0.002 

Channel Effectiveness 0.067 0.193 0.982 0.003 

CRM Integration 0.066 0.207 0.980 0.001 

Digital Readiness 0.071 0.149 0.979 0.001 

Purchase Conversion 0.061 0.292 0.979 0.001 

Note: Kolmogorov-Smirnov test reported with Lilliefors significance correction. 

 

Interpretation: The Kolmogorov-Smirnov test indicated adequate normality for all variables 

(p > .05). Although Shapiro-Wilk results were significant, this is commonly observed with 

sample sizes exceeding 200. Under the central limit theorem, the sample of 255 is sufficiently 

large for parametric statistical procedures, confirming the appropriateness of regression 

analysis. 

Table 4: Summary of Reliability Statistics 
 

Construct Items Cronbach's 

Alpha 

Mean Std. 

Dev. 

Assessment 

Contact Frequency (B1- 

B4) 

4 0.843 3.01 0.963 Good 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 131 

 

 

 

Personalization (C1-C4) 4 0.840 3.01 0.959 Good 

Response Timeliness (D1- 
D4) 

4 0.853 3.01 0.972 Good 

Channel Effectiveness 

(E1-E4) 

4 0.802 3.01 0.924 Good 

Digital-Physical 
Integration (F1-F4) 

4 0.869 3.01 0.989 Good 

Sales Team Readiness 

(G1-G4) 

4 0.836 3.01 0.955 Good 

Purchase Influence (H1- 

H4) 

4 0.878 3.01 0.998 Good 

Overall Satisfaction (I1-I3) 3 0.839 3.01 1.015 Good 

Note: Reliability assessment based on Nunnally and Bernstein (1994): alpha >= 0.90 = 

Excellent; alpha >= 0.80 = Good; alpha >= 0.70 = Acceptable; alpha < 0.70 = Questionable. 

N = 255 for all constructs. 

Interpretation: All eight constructs demonstrate good internal consistency, with Cronbach 

alpha values ranging from 0.802 (Channel Effectiveness) to 0.878 (Purchase Influence), all 

well above the threshold of 0.70 for applied research. The highest reliability for Purchase 

Influence reflects consistent measurement of digital nurturing's effect on store visits and 

purchasing behavior. Digital-Physical Integration and Response Timeliness also show high 

reliability, confirming the robustness of these construct measurements. 

Table 5: Pearson Correlation Matrix 
 

Variable NF PS CRM RT CE PC 

1. Nurturing Frequency 

(NF) 

1.000 0.251** 0.367** 0.230** 0.199** 0.375** 

2. Personalization (PS) 0.251** 1.000 0.278** 0.298** 0.212** 0.313** 

3. CRM Integration (CRM) 0.367** 0.278** 1.000 0.248** 0.195** 0.393** 

4. Response Time (RT) 0.230** 0.298** 0.248** 1.000 0.210** 0.271** 

5. Channel Effectiveness 
(CE) 

0.199** 0.212** 0.195** 0.210** 1.000 0.360** 

6. Purchase Conversion 

(PC) 

0.375** 0.313** 0.393** 0.271** 0.360** 1.000 

Note: ** p < .01 (two-tailed). NF = Nurturing Frequency; PS = Personalization; CRM = 

CRM Integration; RT = Response Time; CE = Channel Effectiveness; PC = Purchase 

Conversion. 

Interpretation: All independent variables show statistically significant positive correlations 

with offline purchase conversion (p < .01). CRM Integration (r = .393) and Nurturing 

Frequency (r = .375) exhibit the strongest bivariate associations with purchase conversion, 

followed by Channel Effectiveness (r = .360), Personalization (r = .313), and Response Time 

(r = .271). Inter-predictor correlations are moderate, suggesting acceptable independence 

between predictors and supporting the use of multiple regression. 

 Regression Results  
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Table 6: Model Summary 
 

R R Square Adjusted R 

Square 

Std. Error of 

Estimate 

Durbin-Watson 

0.554 0.306 0.293 0.843 2.198 

Note: Predictors: (Constant), Nurturing_Frequency, Personalization, CRM_Integration, 

Response_Time, Channel_Effectiveness; Dependent Variable: Purchase_Conversion. 

 

Table 7: ANOVA 
 

Model Sum of Squares df Mean Square F Sig. 

Regression 78.521 5 15.704 22.006 .000 

Residual 177.619 249 0.713   

Total 256.140 254    

Note: Dependent Variable: Purchase_Conversion. F(5, 249) = 22.006, p < .001. 

 

 

Table 8: Regression Coefficients 
 

Variable B Std. 

Error 

Beta t Sig. 95% CI 

Lower 

95% CI 

Upper 

(Constant) 0.311 0.268  1.159 .247 -0.217 0.838 

Nurturing Frequency 0.204 0.060 .196 3.369 .001 0.085 0.323 

Personalization 0.133 0.060 .128 2.223 .027 0.015 0.251 

CRM Integration 0.222 0.059 .219 3.735 .000 0.105 0.339 

Response Time 0.086 0.059 .084 1.474 .142 -0.029 0.201 

Channel Effectiveness 0.252 0.060 .233 4.211 .000 0.134 0.370 

Note: Dependent Variable: Purchase_Conversion. 

 

 

Table 9: Collinearity Diagnostics 
 

Variable Tolerance VIF 

Nurturing Frequency 0.821 1.218 

Personalization 0.839 1.191 

CRM Integration 0.807 1.239 

Response Time 0.856 1.168 

Channel Effectiveness 0.909 1.100 

Note: All VIF values are well below the threshold of 5, indicating no multicollinearity 

concerns. All Tolerance values exceed 0.20. 
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Table 10: Summary of Hypothesis Testing 
 

H# Hypothesis Beta t-value p-value Result 

H1 Nurturing Frequency -> Purchase 
Conversion 

0.196 3.369 .001 SUPPORTED 

H2 Personalization -> Purchase Conversion 0.128 2.223 .027 SUPPORTED 

H3 CRM Integration -> Purchase 

Conversion 

0.219 3.735 .000 SUPPORTED 

H4 Channel Effectiveness -> Purchase 
Conversion 

0.233 4.211 .000 SUPPORTED 

H5 Digital Readiness (Moderating Effect) - - - NOT TESTED* 

Note: H1-H4 supported at p < .05 significance level. *H5 (moderation) recommended for 

future research using interaction terms. 

5.1 Interpretation of Regression Results 

Overall Model Fit: The multiple regression model was statistically significant (F(5, 249) = 

22.006, p < .001), explaining 30.6% of the variance in offline purchase conversion (R² = 

.306, Adjusted R² = .293). The inclusion of Response Time and Channel Effectiveness in the 

extended model improved R² by 6 percentage points compared to the original three-predictor 

model (R² = .246). The Durbin-Watson statistic of 2.198 falls within the acceptable range 

(1.5-2.5), confirming independence of residuals. All VIF values are below 1.24, well under 

the threshold of 5, confirming no multicollinearity concerns. 

H1: Nurturing Frequency (SUPPORTED): Digital lead nurturing frequency demonstrated a 

significant positive effect on offline purchase conversion (beta = .196, t = 3.369, p = .001). 

Regular touchpoints during lead nurturing significantly influence customer decisions to 

complete purchases offline, confirming that consistent follow-up is a critical driver of 

conversion. 

H2: Personalization (SUPPORTED): Personalized communication significantly influenced 

offline purchase decisions (beta = .128, t = 2.223, p = .027). Although this effect was 

statistically significant, it was the smallest among supported predictors. Customized 

communication addressing specific customer interests effectively drives purchase behavior, 

though its marginal impact is lower than channel and CRM factors. 

H3: CRM Integration (SUPPORTED): CRM integration demonstrated a strong positive effect 

on offline lead conversion (beta = .219, t = 3.735, p < .001). Effective CRM systems 

integrating marketing automation are critical for converting digitally nurtured leads into 

offline purchases, underscoring the importance of technological infrastructure. 

H4: Channel Effectiveness (SUPPORTED - Strongest Effect): Channel effectiveness 

emerged as the strongest predictor in the extended model (beta = .233, t = 4.211, p < .001), 

indicating that the appropriateness and effectiveness of the communication channel (email, 

WhatsApp, phone) is the most critical factor in driving offline conversion. This finding adds 

important new evidence beyond the original model. 

Response Time (NOT SIGNIFICANT): Response time did not achieve statistical significance 

(beta = .084, t = 1.474, p = .142). While response speed remains a best practice in lead 

management, its unique contribution to offline conversion is attenuated when channel 
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effectiveness and CRM integration are controlled for, suggesting that the quality and channel 

appropriateness of communication matter more than speed alone. 

VI. Results and Discussion 

The results confirm that digital lead nurturing significantly influences offline purchase 

conversion in the white goods market. The extended regression model explains 

approximately 30.6% of variance in purchase conversion, representing a meaningful 

improvement over the three-predictor model. Customers respond not just to digital presence, 

but to how relevant, timely, and channel-appropriate that engagement feels. 

Channel effectiveness emerged as the strongest predictor, suggesting that organizations must 

carefully match communication channels to customer preferences. The finding that 

WhatsApp and phone calls may be more effective than generic email campaigns has 

significant implications for white goods companies operating in India, where mobile 

penetration is high and personal communication is culturally preferred. 

CRM integration ranked as the second strongest predictor, confirming that systematic 

tracking and automation of follow-up activities creates a decisive competitive advantage. 

Companies that invest in CRM infrastructure can deliver more consistent, data-driven 

nurturing that bridges the gap between online inquiry and offline conversion. 

Nurturing frequency remains significant, but its effect is moderated by quality and relevance. 

Personalization, while statistically significant, has the smallest independent effect, suggesting 

that generic personalization tokens are insufficient; genuine customization of content to the 

customer's product stage and preferences is required. 

Response time was not a significant independent predictor when other variables were 

controlled, indicating that speed of response is less critical than the substance and channel 

appropriateness of communication. Sales team readiness plays an enabling role: digital 

nurturing works better when sales staff can access prior online interactions and continue the 

conversation in-store. When this continuity breaks, the influence of digital efforts weakens 

considerably. These findings are consistent with inbound marketing theory and omnichannel 

retailing literature, while also revealing practical implementation challenges specific to the 

Indian white goods market. 

VII. Key Findings 

1. Channel effectiveness is the strongest independent predictor of offline purchase 

conversion (beta = .233, p < .001), highlighting that matching communication channels to 

customer preferences is paramount. 

2. CRM integration is the second strongest predictor (beta = .219, p < .001), confirming 

that systematic lead management infrastructure is critical for offline conversion. 

3. Digital lead nurturing frequency significantly influences purchase conversion (beta = 

.196, p < .001), demonstrating that consistent engagement throughout the buying journey 

is essential. 

4. Personalization significantly but modestly influences conversion (beta = .128, p < .05), 

indicating that content relevance must genuinely match customer needs and purchase 

stage. 

5. Response time alone is not a statistically significant predictor (p = .142), suggesting 

that communication substance and channel appropriateness outweigh speed. 
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6. All construct reliability values exceed 0.80, confirming strong measurement quality 

across eight constructs. 

7. Digital-physical integration and sales team readiness serve as enabling conditions that 

strengthen the effectiveness of nurturing activities at the point of final purchase. 

VIII. Recommendations 

Marketers should optimize their channel mix based on customer preferences rather than 

internal process convenience. WhatsApp and telephone follow-ups appear particularly 

effective in the Indian market and should be prioritized over generic email campaigns. Firms 

should invest in CRM implementation with lead scoring and automation capabilities to ensure 

systematic and timely nurturing throughout the customer journey. Sales teams must be 

equipped with access to prior digital interaction histories to maintain continuity during 

showroom visits, requiring regular training and integration between digital marketing and 

retail sales functions. Communication content should genuinely reflect the customer's product 

stage, budget range, and specific queries to maximize personalization impact. Organizations 

should review follow-up protocols to ensure that nurturing activities continue beyond initial 

inquiry, with structured multi-touch sequences across multiple channels. 

IX. Managerial Implications 

The findings indicate that digital marketing cannot operate in isolation from offline sales 

processes. Managers must treat inbound marketing as a shared responsibility between 

marketing and sales functions, requiring integrated CRM systems, response protocols, and 

regular cross-functional training. Investments in channel-appropriate communication tools, 

CRM platforms, and employee development are likely to deliver higher returns than 

increased digital advertising spending alone. Managers should establish clear lead handoff 

procedures from digital marketing teams to retail sales staff, ensuring that customer 

engagement histories are transferred seamlessly. Marketing performance metrics should 

include offline conversion rates alongside digital engagement metrics to provide a holistic 

view of lead nurturing effectiveness. The Indian context requires particular sensitivity to 

regional variation in digital adoption and communication preferences, suggesting that 

localized channel strategies may outperform standardized national approaches. 

X. Limitations 

The study relies on self-reported responses, which may introduce social desirability bias and 

may not perfectly reflect actual purchasing behavior. The sample is geographically limited to 

the Pune metropolitan area, restricting generalizability to other Indian cities and rural 

markets. The cross-sectional design limits causal inference, as temporal sequences of 

nurturing activities and purchase decisions cannot be established. Key external factors 

including pricing competitiveness, product availability, and competitive brand strategies were 

not explicitly controlled. The moderating effect of digital readiness (H5) was not formally 

tested with interaction terms and represents an important direction for future research. 

XI. Scope for Future Research 

Future studies could employ longitudinal designs to observe behavioral change over time and 

establish causal sequences between nurturing activities and purchase outcomes. Comparative 

research across Indian cities and product categories may reveal important contextual 
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differences in the effectiveness of specific channels and nurturing strategies. The use of 

actual sales transaction data or experimental methods using randomized control groups could 

substantially strengthen causal claims. Research on AI-driven personalization tools and their 

impact on lead nurturing effectiveness represents an emerging and important frontier. The 

formal testing of digital readiness as a moderator between nurturing practices and conversion 

outcomes should be prioritized, as this relationship was theorized but not empirically tested in 

the present study. Cross-cultural comparisons between emerging and developed markets 

could illuminate how digital maturity shapes offline conversion dynamics. 

XII. Achievement of Objectives 

The study successfully met all five stated objectives. Digital lead nurturing practices in the 

white goods industry were examined through questionnaire items covering frequency, 

personalization, response timeliness, channel effectiveness, and CRM integration. The 

association between offline purchase conversion and nurturing activities was confirmed 

through significant regression results. The contribution of CRM systems was empirically 

established as the second strongest predictor. The role of digital-physical integration and 

sales team readiness was examined through reliability analysis and discussed as enabling 

conditions. Challenges including cross-functional coordination gaps and the non-significance 

of response time in isolation were identified and discussed. 

XIII. Conclusion 

This study provides empirical evidence that digital lead nurturing meaningfully influences 

offline purchase conversion in the Indian white goods market. Channel effectiveness, CRM 

integration, nurturing frequency, and personalization collectively explain approximately 

30.6% of variance in purchase conversion behavior, representing a significant contribution to 

omnichannel marketing literature. The research demonstrates that the effectiveness of digital 

engagement depends not only on what companies communicate, but how, through which 

channels, and with what degree of systematic follow-through. Technology supports the 

decision-making process, but human interaction remains central in high-involvement 

purchases such as white goods. Organizations that bridge the digital-physical divide through 

integrated CRM systems, channel-appropriate communication, and trained sales personnel 

are best positioned to convert online interest into offline purchases in India's evolving retail 

environment. 

References 

1. Nunnally, J. C., and Bernstein, I. H. (1994). Psychometric theory (3rd ed.). McGraw-Hill. 

2. Bharadwaj, A., El Sawy, O. A., Pavlou, P. A., and Venkatraman, N. (2013). Digital business 

strategy: Toward a next generation of insights. MIS Quarterly, 37(2), 471-482. 

3. Verhoef, P. C., Kannan, P. K., and Inman, J. J. (2015). From multi-channel retailing to omni- 

channel retailing: Introduction to the special issue on multi-channel retailing. Journal of 

Retailing, 91(2), 174-181. https://doi.org/10.1016/j.jretai.2015.02.005 

4. Herhausen, D., Binder, J., Schoegel, M., and Herrmann, A. (2015). Integrating bricks with 

clicks: Retailer-level and channel-level outcomes of online-offline channel integration. 

Journal of Retailing, 91(2), 309-325. https://doi.org/10.1016/j.jretai.2014.12.009 

5. Hansen, R., and Sia, S. K. (2015). Hummel's digital transformation toward omnichannel 

retailing: Key lessons learned. MIS Quarterly Executive, 14(2), 51-66. 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 137 

 

 

6. Jarvinen, J., and Taiminen, H. (2016). Harnessing marketing automation for B2B content 

marketing. Industrial Marketing Management, 54, 164-175. 

https://doi.org/10.1016/j.indmarman.2015.07.002 

7. Wedel, M., and Kannan, P. K. (2016). Marketing analytics for data-rich environments. 

Journal of Marketing, 80(6), 97-121. https://doi.org/10.1509/jm.15.0413 

8. Homburg, C., Jozic, D., and Kuehnl, C. (2017). Customer experience management: Toward 

implementing an evolving marketing concept. Journal of the Academy of Marketing Science, 

45(3), 377-401. https://doi.org/10.1007/s11747-015-0460-7 

9. Kannan, P. K., and Li, H. (2017). Digital marketing: A framework, review and research 

agenda.  International  Journal  of  Research  in  Marketing,  34(1),  22-45. 

https://doi.org/10.1016/j.ijresmar.2016.11.006 

10. Gao, F., and Su, X. (2017). Omnichannel retail operations with buy-online-and-pick-up-in- 

store. Management Science, 63(8), 2478-2492. https://doi.org/10.1287/mnsc.2016.2473 

11. Singh, A., and Hess, T. (2017). How chief digital officers promote the digital transformation 

of their companies. MIS Quarterly Executive, 16(1), 1-17. 

12. Vial, G. (2019). Understanding digital transformation: A review and a research agenda. 

Journal of Strategic Information Systems, 28(2), 118-144. 

https://doi.org/10.1016/j.jsis.2019.01.003 

13. Verhoef, P. C., and Bijmolt, T. H. A. (2019). Marketing perspectives on digital business 

models: A framework and overview of the special issue. International Journal of Research in 

Marketing, 36(3), 341-349. https://doi.org/10.1016/j.ijresmar.2019.08.001 

14. Flavian, C., Gurrea, R., and Orus, C. (2020). Combining channels to make smart purchases: 

The role of webrooming and showrooming. Journal of Retailing and Consumer Services, 52, 

101923. https://doi.org/10.1016/j.jretconser.2019.101923 

15. Li, Y., Kannan, P. K., and Viswanathan, S. (2023). Retailing in the omnichannel era: How do 

physical showrooms affect online sales? Journal of Marketing Research, 60(1), 146-166. 

https://doi.org/10.1177/00222437221118370 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 138 

 

 

A STUDY ON THE ROLE OF REWARDS AND RECOGNITION IN ENHANCING 

EMPLOYEE COMMITMENT 

 

Aboli Mahesh Shelke1, Dr. Shailesh Siddhatekkar2 

1,2 MBA Students, RSM’s Chetan Dattaji Gaikwad Institute of Management Studies, Pune 
3Associate Professor, RSM’s Chetan Dattaji Gaikwad Institute of Management Studies, Pune 

 

 

Abstract : In the modern competitive and dynamic working environment, organizational 

commitment has emerged as a significant issue amongst the employees. Devoted workers are 

beneficial to organizational performance, productivity and success in the long run. Rewards 

and recognition are among other human resource practices that are critical in motivating the 

employees and enhancing their emotional attachment to the organization. This paper 

discusses how rewards and recognition can be used in increasing employee loyalty in the 

contemporary work place. 

The primary aim of the research is to get to know the perception of employees towards 

reward and recognition practices and examine the effects of these practices on the 

commitment of the employees. This study takes both monetary and non-monetary rewards, 

including incentives, bonuses, and non-monetary reward, like appreciation, praise, and award. 

Primary data was gathered through administration of a structured questionnaire to the 

employees whereas secondary data was obtained through books, research articles, journals 

and online. To analyze the data, simple statistical tools were applied, and the descriptive 

research design was chosen. 

The result of the research indicates that reward and recognition practices are positively 

related to employee commitment. When the employees recognize their efforts in a timely and 

appropriate way, they feel that they are important and motivated to work even more 

effectively. It was revealed that non-monetary recognition has a big contribution in enhancing 

emotional commitment and job satisfaction. Another notable point indicated by the study is 

the disparaging effect that absence of transparency and inconsistent recognition might have 

on the motivation and commitment of employees. 

The research then concludes that companies should develop reward and recognition systems 

which are well-structured, transparent and consistent to boost the commitment of employees. 

Through the appreciation of employee efforts, organizations will be able to develop a 

motivated, loyal, and committed workforce which is critical in maintaining the performance 

in the current modern workplace. 

Keywords:- Rewards, Recognition, Employee commitment, Motivation, Modern Workplace. 

 

 

 

Introduction 

One of the factors that will contribute towards the success and growth of an organization is 

employee commitment. The loyalty, motivation and the readiness to put extra efforts in their 

 work of the employees is greater because of the commitment. In the current competitive 
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business world, talent is a challenge to organizations in the retention of talented employees 

and as such, employee commitment is now more than ever before. Reward and recognition 

practices are one of the effective methods employed in ensuring that the commitment of the 

employees is increased. 

Rewards and recognition have been significant human resource management processes to 

motivate employees and reward their efforts. These rewards may be monetary e.g. bonuses 

and incentives or non-monetary e.g. promotions and benefits. The appreciation, praise, 

certificates and public recognition of employee effort is part of recognition. Armstrong 

(2012)i states that sound reward management has the effect of changing the behaviour of the 

employees and enhancing organizational performance. Employees feel appreciated when they 

feel valued and this leads them to have a positive attitude towards their organization. 

Employee commitment can be described as the sense of affiliation and the feeling of 

responsibility that staff members have towards their company. Meyer and Allen (1997)ii were 

able to establish three forms of commitment including affective commitment, continuance 

commitment and normative commitment. Affective commitment is largely enhanced by 

recognition and appreciation. This paper is aimed at learning the role of rewards and 

recognition in promoting employee commitment and explaining its relevance in creating a 

motivated and committed employee base. 

Research Gap 

Numerous past researches have paid attention to how rewards and recognition can influence 

employee motivation and performance. Nevertheless, there is a lack of research on the 

specific effects of the reward and recognition practices on various degrees of employee 

commitment in the modern workplace. Also, the majority of the research is more 

concentrated on financial incentives, whereas the significance of non-monetary those that 

include appreciation, praise, and recognition have been overlooked. Studies that are founded 

on the perceptions of employees in the modern organization settings are also lacking. This 

study, therefore, tries to fill this gap by examining the two roles; rewards, as well as 

recognition in improving employee commitment as viewed by the employee. 

Need of the Study 

The current competitive and dynamic business world is presenting organizations with 

difficulty in preserving talented and dedicated employees. Employee turnover is high 

resulting into high employee recruitment and training expenses. The knowledge about how 

rewards and recognition affect employee commitment will aid organizations to design 

suitable HR practices. This research is required to determine factors of rewards and 

recognition, which can enhance employee dedication as well as to offer viable 

recommendations on how to increase employee loyalty and motivation. 

Scope of the Study 

The study is narrowed in the sense that it only provides an idea of how rewards and 

recognition can be used to boost employee commitment. The research is based on how 

employees perceive monetary and non-monetary reward practices. It addresses the major 

issues of employee commitment including devotion, job satisfaction, and emotional 

connection towards the company. It is anticipated that the findings of the study will be 

helpful to the HR managers and organizations to develop effective reward and recognition 

systems. 
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Objectives of the Study 

1. The purpose of the study is to examine the concept of rewards and recognition within 

organizations. 

2. To know how employees perceive reward and recognition practices. 

3. To examine the issue of rewards and recognition in the improvement of employee 

commitment. 

4. To understand which factors of rewards and recognition have an effect on the 

commitment of employees. 

5. To propose the way to increase the efficiency of reward and recognition systems in 

organizations. 

Research Questions 

1. Are there any rewards and recognition effects on employee commitment? 

2. In which kinds of rewards and recognition do employees appreciate the most? 

3. Does Reward and recognition practices relate with employee commitment? 

4. To what extent is the current reward and recognition systems seen as fair and effective 

by employees? 

Hypotheses Statement 

H1: Rewards play an important role in employee commitment. 

H2: There is a strong influence of recognition on employee commitment. 

H3: Fairness of reward system plays an important role in employee commitment. 

Significance of the Study 

The importance of this study is that it aids in the comprehension of the importance of rewards 

and recognition in improving employee commitment. The study findings will be applicable in 

planning effective reward and recognition schemes that an organization can use to motivate 

the employees and prevent turnover. It also gives feedback on the perceptions of employees 

that can be used by the HR managers to enhance the current HR practices. The research is 

also informative to academic knowledge and a guide to future studies in the area of human 

resource management. 

Literature Review 

1. Ghosh et al. (2016)iii examined the relationship between rewards and recognition and 

normative commitment through employee engagement by regression analysis of 176 

employees of an Indian private bank and discovered that the significantly correlated 

relationship between rewards and recognition and normative commitment was 

mediated by the employee engagement. 

2. Smitha and Prakash (Year not specified)iv conducted a study by also using a 

structured questionnaire of 131 lecturers used to study the perceptions of reward and 

recognition among the employees in Mangaluru dental colleges and discovered that 

there were mixed perceptions on the use of the reward systems and the effectiveness 

of the latter. 

3. Within the framework of the explanatory design, the researchers of the paper Datta et 

al. (2024)v used structured questionnaires and interviews to establish the effects of the 

reward and recognition models in employee engagement, satisfaction, and 

commitment on the long run and suggest that the properly designed models can 

reduce the turnover and enhance loyalty. 
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4. Rathore and Chouhan (2021)vi as well conducted a descriptive study in the realm of 

Rajasthan industries and concluded that rewards and recognition positively affected 

the motivation and job satisfaction of the employees, which established its capacity to 

foster commitment. 

5. In their study, Pai and Prakash (2019)vii compiled data on different industries in 

Karnataka and found out that rewards/ recognition and employee productivity are 

positively correlated, which indicates the existence of indirect effects on commitment. 

6. Kumari (2020)viii implemented benchmarking of reward and recognition policy within 

the framework of different Indian organizations with the help of random sampling and 

reached the conclusion that such practices were natural to the retention of employees 

and organizational culture. 

7. In their study, Baskar and Rajkumar (2015)ix adopted a descriptive design on the 

effect of rewards and recognition on motivation of Indian firms and concluded that 

monetary and non-monetary rewards improved motivation and satisfaction. 

Overview of Existing Research 

The effect of rewards and recognition in employee motivation, satisfaction, and commitment 

has been studied in Indian studies. Most scholars, such as Ghosh et al. (2016), Rathore and 

Chouhan (2021) and Baskar and Rajkumar (2015) discovered that reward and recognition 

practices, monetary and non-monetary, led to employee engagement and loyalty. Scholars 

employed the structured questionnaires and descriptive or explanatory designs to examine 

employee perceptions. Nevertheless, not many studies were specifically dedicated to the joint 

impact of rewards and recognition on the employee commitment, which shows a research gap 

that the given study fills. 

Identification of Research Gaps 

1. The majority of the Indian research was done on motivation, satisfaction, or 

performance, and not on employee commitment. 

2. Not many studies examined rewards and recognition jointly, they were considered as 

independent factors. 

3. Very little researches were conducted on the employee perceptions of reward and 

recognition in contemporary organizational settings. 

4. The majority of the research focused on individual sectors, and less emphasis was 

made on the modern workplaces in the industries. 

5. The absence of empirical studies on the synergistic effect of monetary and non- 

monetary rewards on commitment. 

Research Methodology 

Research Design 

The research design followed is a descriptive one. The design was selected because of the 

need to find out how employees perceive rewards and recognition practices and influence 

them on employee commitment in organizations. 

Nature of Research 

The study is quantitative in nature since it is founded on numerical data which was gathered 

in form of a structured questionnaire and the data was analyzed using statistical methods. 

Source of Data 

The main Data consisted of a structured survey of the employees. 
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The questionnaire concentrated on rewards, recognition activities, and varied facets of 

employee attachment. 

Population of the Study 

The study population will include the employees of the public and private organizations of 

various departments including HR, IT, Sales departments and so on. 

Sample Size 

The study will have a sample size of 102 employees. 

The respondents are of different ages, gender, experience, department and type of 

organization. 

Sampling Technique 

The researcher employs convenient sampling, as workers who were easily available and had 

agreed to take part in the survey were used in the research. 

Variables of the Study 
 

Type of Variable Variables Included 

Independent 

Variables 

Monetary Rewards, Non-Monetary Recognition, Fairness of Reward 

System 
Dependent Variable Employee commitment. 

 

Research Instrument Used for Data Collection 
 

Aspect Description 

Type of Instrument Structured Questionnaire 

Sections Section A – Demographic DetailsSection B – Rewards, Recognition & 
Employee Commitment 

Number of Items 20 Statements 

Scale Used 5-Point Likert Scale 

Mode of 
Administration 

Online Survey 

 

Data Collection Method 

The survey was distributed through the internet and feedback was received on employees 

who work in various organizations. 

Tools for Data Analysis 

The data acquired were analyzed based on: 

1. Percentage analysis 

2. Descriptive statistics (Mean and Standard Deviation). 

3. Inferential statistical software (or test of hypothesis, as necessary) 

4. The SPSS / Excel was used to analyze data. 

Period of the Study 

The figures were gathered within a limited time span in the course of the academic study. 

Limitations of the Study 

1. The research is restricted to a small sample population. 

2. Responses are made depending on personal opinions of the employees. 

3. The results are not generalizable to other industries and regions. 

4. 
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Research Hypotheses 
 

Hypothesis p- 

value 

Decision 

H1: Rewards - Employee commitment < 

0.05 

Hypothesis 

accepted. 

H2: Recognition - Employee Committance < 

0.05 

Hypothesis 
accepted. 

H3: Fairness of Reward System - Employee Commitment < 
0.05 

Hypothesis 
accepted. 

 

Results 

The research examined the information on 102 workers. The findings indicate that employee 

commitment is greatly dependent on rewards, recognition and fairness of the reward system. 

Tests on all three hypotheses were performed through the SPSS, and the p-values were less 

than 0.05. As such, the alternative hypotheses were accepted. Well rewarded employees are 

more loyal to their organization. 

Discussion 

Rewards, as it can be seen, are also good in stimulating the workers, and increasing their 

dedication. When employees are valued through their efforts, the employees will feel valued 

as well, and will be the more attached to the working environment. 

It was also established that equity as regards to reward system enhances trust and loyalty 

among employees. When the rewards are fairly well-given, then employee commitment is 

achieved. The results are in agreement with the earlier research studies, which revealed the 

importance of good reward and recognition practices. 

Findings 

1. The research established that employee commitment is positively related to rewards. 

2. Recognition was noted to enhance the value and loyalty the employees have on the 

organization. 

3. The results reveal that equity in the reward system enhances trust and employee 

commitment. 

4. When the rewards and recognition are done on time, the employees become more 

motivated and willing to remain in the organization. 

5. Generally, the reward and recognition practices were observed to be effective in 

increasing employee commitment. 

Limitations 

1. The sample size used in the study is 102 respondents, which might not be sufficient to 

generalize the findings. 

2. The questionnaire applied was a self-report questionnaire which can cause personal 

bias. 

3. The research is limited to the selected reward and recognition factors and is not 

comprehensive on the aspects of motivation. 

4. These results are derived on the answers surveyed within a brief duration of time. 

5. The outcome can be different in other industries and organisations. 

Recommendations 
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1. Fair and clear reward policies should be implemented in organizations. 

2. Employees are supposed to be rewarded frequently concerning their performance. 

3. Employees need to be motivated using both monetary and non-monetary rewards. 

4. Reward and recognition systems should be made transparent by the management. 

5. Improving reward policies should take into account feedback by the employees. 
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Abstract: Organisational change in the modern business environment is characterised by 

accelerated technological advancement and intensifying pressure to innovate. Human 

Resource (HR) strategies are central to the integration of business objectives with technology 

and innovation. This paper examines how strategic HR practices contribute to organisational 

performance in technology-driven and innovation-oriented business environments, with a 

focus on the evolving role of HR as a strategic partner rather than an administrative function. 

The key HR strategies examined in this study include talent acquisition, learning and 

development, performance management, and employee engagement. These strategies assist 

organisations in developing a skilled and adaptable workforce. Continuous reskilling and 

upskilling enable employees to respond effectively to technological change. Digital learning 

systems and innovation-focused performance practices supported by HR enhance both 

employee productivity and organisational creativity. The study illustrates how HR practices 

promote a culture of continuous improvement and technological flexibility. 

The findings demonstrate that organisations which align HR strategies with business and 

technology objectives achieve greater innovation capacity and sustained competitive 

advantage. Strategic HR practices enhance workforce agility, accelerate digital 

transformation, and contribute to long-term organisational sustainability. The study concludes 

that well-designed HR practices serve as a critical bridge between human capital and 

technological advancement. When HR strategies are integrated with business and innovation 

strategies, organisations are better positioned to compete in dynamic environments. 

Keywords: HR Strategies, Business Performance, Technology Integration, Innovation 

Management, Human Capital, Reskilling, Upskilling, Workforce Agility 

 

1. Introduction 

The modern business environment has become highly dynamic, requiring organisations to 

operate under conditions of rapid technological development and continuous innovation. 

Digital transformation, automation, and emerging technologies have reshaped business 

models and work processes across virtually every industry. In this context, Human Resource 

(HR) management has evolved from a primarily administrative support function into a 

strategic driver of organisational success. HR strategies now play a critical role in aligning 

human capital with business goals, technological change, and innovation demands. 

To sustain competitiveness, organisations depend increasingly on skilled, flexible, and 

innovative employees. HR strategies support this need through systematic talent acquisition, 

structured learning and development programmes, performance management, and employee 
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engagement practices. Ongoing reskilling and upskilling equip employees with the 

competencies required by advanced technologies, enabling organisations to respond 

effectively to shifting market demands and technological disruptions. 

HR strategies also play a significant role in building an innovation-oriented organisational 

culture. By promoting collaboration, creative thinking, and knowledge sharing, HR practices 

facilitate the creation and execution of innovative ideas. Technology-enabled HR systems 

further improve efficiency and data-driven decision-making, supporting evidence-based talent 

management and performance evaluation. 

Aligned with the theme Fusion Edge: Business, Technology and Innovations, this paper 

explores the strategic position of HR in bridging business objectives with technological and 

innovative capabilities. The study emphasises that organisations which achieve effective HR 

alignment are better placed to realise sustainable growth, improved performance, and long- 

term competitive advantage in an environment of continuous change. 

1.1 Research Gap 

Existing literature confirms that HR strategies play a crucial role in business performance and 

technological adaptation. However, there is a notable absence of empirical research that 

examines HR strategies, business outcomes, technology adoption, and innovation together as 

a unified system. Most studies address individual HR practices or isolated technology 

outcomes without considering their combined influence on innovation capacity and 

organisational competitiveness. Additionally, there is limited literature on the role of HR 

strategies in sustaining innovation within rapidly evolving technological contexts. This gap 

constrains a comprehensive understanding of how HR can be used strategically to drive 

simultaneous business-technology alignment and innovation-led organisational growth. 

1.2 Need of the Study 

Organisations today face significant pressure to keep pace with technological change and 

innovation-driven competition. The need to understand how HR strategies can facilitate this 

transformation is growing. Organisations require evidence-based knowledge to align HR 

activities effectively with technology and innovation objectives. This research addresses that 

need by providing HR professionals with actionable guidance for formulating strategies that 

improve workforce adaptability, increase productivity, and enhance innovation capacity. It 

also assists organisations in maximising their investment in human capital while sustaining a 

competitive advantage in fast-changing business environments. 

1.3 Scope of the Study 

The scope of this research encompasses HR practices that support business growth, 

technology integration, and innovation within organisations. It focuses on talent management, 

learning and development, performance management, and employee engagement as the 

primary HR practices under examination. The paper analyses how these strategies contribute 

to workforce agility and innovation capability. The study is based on quantitative analysis of 

primary employee-level data collected from 300 respondents across eleven departments in 

technology and innovation-oriented organisations located in fourteen cities across India. The 

findings are applicable to organisations operating in technologically dynamic and innovation- 

focused business environments. 

1.4 Objectives of the Study 
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1. To examine how HR strategies contribute to organisational performance, 

technological adaptation, and innovation capacity. 

2. To analyse how reskilling and upskilling programmes affect employee productivity, 

engagement, and organisational performance, using primary employee-level data. 

3. To assess the contribution of HR-led learning and development practices to 

organisational competitiveness within a technology-based business environment. 

1.5 Research Questions 

1. How do organisations use HR strategies to ensure coordination between business 

goals, technological change, and innovation? 

2. What is the impact of reskilling and upskilling programmes on employee productivity 

and engagement across various industries? 

3. How do HR learning strategies relate to overall organisational performance 

outcomes? 

4. What is the effectiveness of HR strategies in fostering innovation and workforce 

flexibility in technology-based organisations? 

1.6 Hypothesis Statements 

H1: There is a significant positive influence of HR strategies on employee productivity and 

engagement in technology-driven organisations. 

H2: Reskilling and upskilling programmes have a significant impact on organisational 

performance and competitiveness. 

H3: HR learning strategies and innovation outcomes in organisations have a significant 

relationship. 

1.7 Significance of the Study 

This research is significant for organisations, HR practitioners, and policymakers. It provides 

an understanding of the strategic role of HR in aligning business goals with technology and 

innovation. The findings can assist organisations in developing effective HR plans to improve 

productivity, foster innovation, and strengthen competitiveness. The study offers practical 

guidance to HR practitioners on building future-ready workforces. It also makes an academic 

contribution to the literature on human resource management by addressing the intersection 

of business, technology, and innovation within a single strategic empirical framework. 

II. Literature Review 

2.1 Review of Selected Research Papers 

Sharma and Verma (2019)1 reviewed the impact of HR strategies on the adoption of new 

technology in Indian organisations. The paper examined training, talent management, and 

performance systems. The authors found that organised reskilling programmes enhanced 

employee productivity and innovative ability. The study highlighted the strategic importance 

of HR in aligning workforce capabilities with business and technology objectives. 

Rao (2020)2 examined HR practices used by Indian IT companies in the process of digital 

transformation. The programmes tested included learning and development initiatives and 

 

1
Sharma, R., and Verma, S. (2019). Strategic HR practices and technological adaptation in Indian organisations. Indian 

Journal of Human Resource Management, 8(2), 45-58. 
2
Rao, P. (2020). Digital transformation and HR strategies in Indian IT firms. International Journal of Management Studies, 

 7(1), 32-41.  
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employee engagement practices. The results showed that continuous upskilling in the 

workplace led to increased workforce flexibility and innovation capacity. The study 

concluded that HR strategies had a significant impact on organisational competitiveness in 

technology-intensive settings. 

Gupta and Singh (2020)3 examined the contribution of HR practices to innovation 

performance in Indian manufacturing firms. The analysis focused on training, knowledge 

sharing, and performance appraisal systems. The authors found a positive relationship 

between HR-led learning programmes and innovation output. The study highlighted the role 

of HR in building a culture of continuous improvement. 

Mehta and Kulkarni (2021)4 examined the relationship between HR strategies and business 

performance in Indian service organisations. Talent acquisition, skill development, and 

employee engagement practices were evaluated. The results showed that HR practices 

supported technological preparedness and operational efficiency. The authors identified the 

role of HR in driving sustainable business growth. 

Nair and Pillai (2021)5 studied reskilling and upskilling initiatives in Indian banking 

institutions. Their effects on employee performance and service quality were measured. The 

findings indicated that targeted HR learning interventions increased technological 

competence and readiness to innovate. The authors confirmed that HR interventions 

improved overall organisational performance. 

Chatterjee (2022)6 studied digital HR practices in Indian companies undergoing 

technological change. The research examined e-learning systems and data-driven HR 

decision-making. The findings showed that technology-integrated HR strategies enhanced 

employee engagement and innovation potential. The research reinforced the importance of 

aligning HR strategy with business and technology goals. 

Iyer and Deshpande (2022)7 examined HR strategies in Indian startups that facilitate 

innovation. The study focused on learning culture, performance incentives, and leadership 

development. The authors found that HR practices promoted technological experimentation 

and innovativeness. The research demonstrated the role of HR in sustaining innovation-based 

business models. 

Banerjee and Das (2023)8 assessed the impact of HR learning strategies on organisational 

performance in Indian IT firms. The research examined reskilling, upskilling, and employee 

engagement initiatives. The findings indicated a close relationship between HR strategies and 

innovation outcomes. The authors identified workforce agility as a key competitive 

advantage. 

 

3
Gupta, A., and Singh, K. (2020). HR practices and innovation performance in Indian manufacturing firms. Journal of 

Business and Industrial Studies, 5(3), 66-75. 
4
Mehta, N., and Kulkarni, R. (2021). HR strategies and business performance in Indian service organisations. Asian Journal 

of Management Research, 11(2), 89-98. 
5
Nair, S., and Pillai, R. (2021). Reskilling initiatives and employee performance in Indian banking. Journal of Financial 

Services Management, 9(1), 54-63. 
6
Chatterjee, D. (2022). Digital HR practices and employee engagement in India. South Asian Journal of Human Resources, 

10(2), 101-112. 
7
Iyer, M., and Deshpande, P. (2022). HR strategies and innovation culture in Indian startups. Journal of Entrepreneurship 

Development, 14(1), 27-38. 
8
Banerjee, T., and Das, S. (2023). Learning-oriented HR strategies and organisational performance in IT firms. Indian 

 Journal of Organisational Studies, 12(1), 44-56.  
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Malhotra (2023)9 studied HR practices adopted by Indian organisations during the transition 

to Industry 4.0. The research examined workforce preparedness and skill transformation 

programmes. The findings indicated that strategic HR practices were associated with 

improved technological integration and innovation performance. The study confirmed the 

strategic value of HR in driving digital transformation. 

Patel and Joshi (2024)10 studied the role of HR strategies in bridging business and 

technology objectives in Indian firms. Training effectiveness and employee productivity were 

evaluated. The authors found that HR-driven innovation practices boosted organisational 

performance. The researchers concluded that HR functions as a pivotal link between business 

strategy and technological advancement. 

2.2 Overview of Existing Research 

The current literature on the Indian context has adequately covered the importance of HR 

strategies in supporting business performance and technological change. Learning and 

development, reskilling, upskilling, and employee engagement have consistently been 

identified as key drivers of organisational success. Prior studies have established that training 

programmes led by HR enhance workforce adaptability and productivity within technology- 

oriented work environments. Considerable attention has also been paid to digital HR 

practices and innovation culture. However, the majority of these studies examine these 

factors in isolation. There is a lack of studies that combine HR strategies, technology 

outcomes, and innovation results using quantitative employee-level data. 

2.3 Identification of Research Gaps 

1. Most existing research has focused on HR strategies and technology adoption 

independently, disregarding their integrated effect on measurable innovation and 

employee performance outcomes. 

2. Few empirical studies have used large-scale employee datasets to determine the 

combined effect of reskilling and upskilling on productivity, engagement, and 

business results. 

3. Previous research has largely concentrated on particular industries, creating a gap in 

cross-industry analysis of HR strategies in technology-driven business environments. 

4. Evidence-based research examining the simultaneous effect of HR strategies on 

business performance, technological readiness, and innovation capacity remains 

limited. 

III. Research Methodology 

3.1 Research Design 

A descriptive research design was adopted to examine the relationship between selected HR 

practices and employee outcomes. This design supports the systematic collection of 

quantitative data from respondents. It is appropriate for analysing the attitudes, perceptions, 

and responses of employees with respect to HR practices and their professional outcomes. 

3.2 Nature of Research 

 

9
Malhotra, V. (2023). HR strategies for Industry 4.0 readiness in India. Journal of Technology and Business Management, 

6(2), 73-84. 
10

Patel, H., and Joshi, A. (2024). HR strategies for business-technology alignment in Indian enterprises. International Journal 

 of Innovation and Management, 9(1), 15-26.  
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The study is quantitative in nature, based on numerical data gathered through a structured 

questionnaire. The data were analysed using statistical tools to test the stated hypotheses. 

This approach ensures objectivity and enhances the reliability of the findings. 

3.3 Source of Data 

Primary Data: First-hand information was obtained by directly administering a structured 

questionnaire to employees across technology and innovation-oriented organisations. 

Secondary Data: Secondary data were gathered from research journals, books, official 

websites, company reports, and previous research on HR practices, digital transformation, 

and organisational performance. 

3.4 Population of the Study 

The study population comprised employees working in technology and innovation-focused 

organisations across India, covering departments such as Digital Transformation, AI and 

Machine Learning, Cloud and Infrastructure, Cybersecurity, Strategy and Innovation, and 

related functions. 

3.5 Sample Size and Justification 

A sample of 300 respondents was selected from fourteen cities across India to ensure 

adequate representation and statistical validity. This sample size is sufficient for meaningful 

statistical interpretation within the time constraints of the study and enables reliable cross- 

departmental comparison. 

3.6 Sampling Technique 

Convenience sampling was employed, with respondents selected based on availability and 

willingness to participate. The diverse composition of the sample across eleven departments, 

multiple designations, and fourteen cities ensures reasonable representativeness despite the 

non-probability nature of the technique. 

 

3.7 Variables of the Study 

 

Type of Variable Variables Included 

Independent Variable 
HR Practices — Talent Acquisition, Learning and 
Development, Performance Management 

Independent Variable 
Workplace Factors — Reskilling, Upskilling, Digital Tools, 

Innovation Culture 

Dependent Variable 
Employee Engagement — Motivation, Retention, 
Participation 

Dependent Variable 
Employee Performance — Productivity, Innovation Output, 
Quality of Work 

Table 1: Variables of the Study 
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3.8 Research Instrument 

 

Instrument Description 

Structured 

Questionnaire 

Close-ended questions using a 5-point Likert scale covering HR 

practices, workplace factors, employee engagement, and 

performance outcomes. 

Likert Scale 
Measures respondents' level of agreement or disagreement on a 
scale from 1 (Strongly Disagree) to 5 (Strongly Agree). 

Demographic Sheet 
Collects basic information including age, gender, education, 
experience, department, designation, and location. 

Table 2: Research Instruments Used for Data Collection 

3.9 Data Collection Method 

Data were collected using a structured questionnaire distributed to employees through both 

online and offline modes. Participants were assured of confidentiality to encourage candid 

and accurate responses. The collected data were then compiled and prepared for statistical 

analysis. 

 

3.10 Period of the Study 

- Data collection was conducted over a period of three months. 

- Responses were gathered on working days to maximise participation. 

- The duration was sufficient to obtain credible and representative responses across all 

eleven departments. 

-  

3.11 Limitations of the Study 

1. The convenience sampling method may limit the generalisability of findings to all 

industries and geographical regions. 

2. Responses are based on self-reported data, which may carry a risk of social 

desirability bias. 

3. The study focuses on a defined set of HR practices and does not capture all 

dimensions of the HR-performance relationship. 

4. The cross-sectional design precludes causal inference; longitudinal research would 

provide stronger directional evidence. 

5. 

IV. Data Analysis and Findings 

 

4.1 Demographic Profile of Respondents 

The study is based on primary data collected from 300 employees across eleven departments 

in technology and innovation-oriented organisations in India. Table 3 presents the 

demographic and professional profile of the respondents derived from the actual dataset 
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Parameter Value Remark 

Total Employees 300 100% 

Female Employees 165 55.0% 

Male Employees 135 45.0% 

Average Age 39.9 years Range: 22 to 58 years; SD = 11.07 

Average Work Experience 9.7 years Range: 0 to 35 years; SD = 8.63 

Average Annual Salary Rs. 17,29,377 
Range: Rs. 3,64,913 to Rs. 

60,25,986 

Average Performance Rating 3.78 out of 5.00 SD = 0.71 

High Performers (Rating >= 

4.0) 
124 employees 41.3% of total 

Low Performers (Rating < 
3.0) 

50 employees 16.7% of total 

Departments Covered 11 departments 
Across technology and innovation 

functions 

Cities Covered 
14 cities across 

India 

Including Pune, Mumbai, Delhi, 

Bangalore, Hyderabad 

Employees with Technical 
Skills 

268 employees 89.3% of total sample 

 

Table 3: Demographic and Professional Profile of Respondents (N = 300) 

 

The sample comprised 165 female employees (55.0%) and 135 male employees (45.0%), 

reflecting a reasonably gender-balanced workforce. The average age of respondents was 39.9 

years (SD = 11.07), with ages ranging from 22 to 58 years, indicating a mix of early-career 

and senior professionals. The average work experience was 9.7 years (SD = 8.63) and the 

average annual salary was Rs. 17,29,377. The mean performance rating across all 

respondents was 3.78 out of 5.00 (SD = 0.71). A total of 124 employees (41.3%) were rated 

as high performers with a rating of 4.0 or above, while 50 employees (16.7%) were classified 

as low performers with a rating below 3.0. A total of 89.3% of respondents possessed 

documented technical skills, reflecting the technology orientation of the sampled 

organisations. 

 

4.2 Education Profile of Respondents 

Table 4 presents the educational qualifications of the 300 respondents. The sample is diverse, 

spanning undergraduate and postgraduate disciplines from engineering, management, 

science, and commerce. 
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Qualification 
Number of 
Respondents 

Percentage (%) 

PhD 33 11.0% 

M.Tech 30 10.0% 

B.Com 27 9.0% 

B.Sc 26 8.7% 

MBA 26 8.7% 

M.Sc 21 7.0% 

BBA 21 7.0% 

B.E 21 7.0% 

M.E 21 7.0% 

MCA 20 6.7% 

BCA 19 6.3% 

M.Com 19 6.3% 

B.Tech 16 5.3% 

Table 4: Education Profile of Respondents (N = 300) 

 

PhD holders constituted the largest group at 11.0%, followed by M.Tech at 10.0%, B.Com at 

9.0%, B.Sc and MBA at 8.7% each. The remaining respondents held qualifications in M.Sc, 

BBA, B.E, M.E, MCA, BCA, M.Com, and B.Tech. This diversity reflects the cross- 

functional nature of technology and innovation organisations, which draw talent from 

engineering, management, science, and commerce backgrounds. 

 

4.3 Department-wise Performance and Salary Analysis 

Table 5 presents the distribution of respondents, average performance ratings, and average 

annual salaries across the eleven departments covered in the study. 

 

 

Department 

 

Count 

Avg. 

Performance 

Rating 

 

Avg. Annual Salary (INR) 

Business Solutions 27 3.94 Rs. 16,40,400 

Digital Transformation 32 3.89 Rs. 18,15,848 

Cloud and Infrastructure 31 3.87 Rs. 17,39,456 

Strategy and Innovation 32 3.87 Rs. 18,89,427 

Product Development 30 3.86 Rs. 15,00,548 
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Department 

 

Count 

Avg. 

Performance 

Rating 

 

Avg. Annual Salary (INR) 

Customer Experience 25 3.84 Rs. 16,89,905 

Technology and Innovation 25 3.83 Rs. 18,72,866 

Research and Development 28 3.73 Rs. 18,67,266 

Data and Analytics 22 3.61 Rs. 18,08,973 

Cybersecurity 29 3.55 Rs. 15,70,578 

AI and Machine Learning 19 3.41 Rs. 15,95,634 

Table 5: Department-wise Average Performance Rating and Annual Salary 

Business Solutions recorded the highest average performance rating of 3.94, followed by 

Digital Transformation (3.89), Cloud and Infrastructure (3.87), and Strategy and Innovation 

(3.87). The lowest average performance rating was observed in the AI and Machine Learning 

department (3.41), which also recorded the second-lowest average salary at Rs. 15,95,634. 

Strategy and Innovation reported the highest average annual salary of Rs. 18,89,427. One- 

Way ANOVA confirmed that inter-departmental differences in performance ratings were not 

statistically significant at the 5% level (F = 1.355, p = 0.2008), suggesting that broad HR 

practices and working conditions are consistent across departments even as salary structures 

vary by function. 

 

4.4 Experience-Band Analysis 

Table 6 presents the distribution of respondents across five experience bands along with their 

average performance ratings. This analysis is central to testing H1 and H2. 

 

Experience Band Count Percentage Avg. Performance Rating 

0 to 2 years 50 16.7% 3.94 

3 to 5 years 53 17.7% 3.67 

6 to 10 years 63 21.0% 3.56 

11 to 20 years 74 24.7% 3.88 

21 years and above 38 12.7% 3.87 

Total 300 100% 3.78 

Table 6: Distribution of Respondents and Average Performance Rating by Experience Band 

 

Respondents with 0 to 2 years of experience recorded the highest average performance rating 

of 3.94, reflecting strong early-career motivation. Performance ratings declined in the 3 to 5 

year band (3.67) and again in the 6 to 10 year band (3.56), before recovering sharply among 

employees with 11 to 20 years of experience (3.88) and 21 or more years (3.87). One-Way 
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ANOVA confirmed that these differences across experience bands were statistically 

significant (F = 4.075, p = 0.0074), supporting the view that experience levels interact 

meaningfully with performance outcomes. This non-linear, U-shaped pattern suggests the 

presence of a mid-career engagement dip, a finding with direct implications for targeted HR 

learning and retention interventions. Employees in the 3 to 10 year bracket appear to benefit 

most from structured reskilling and career development programmes. 

4.5 Correlation Analysis 

Table 7 presents the Pearson correlation coefficients among the key continuous variables: 

work experience, performance rating, salary, and age. 

Variable Experience Perf. Rating Salary Age 

Experience 1.000 0.061 0.772 0.635 

Performance Rating 0.061 1.000 -0.000 0.027 

Salary 0.772 -0.000 1.000 0.489 

Age 0.635 0.027 0.489 1.000 

Table 7: Pearson Correlation Matrix (N = 300) 

A strong positive correlation was observed between experience and salary (r = 0.772), 

confirming that more experienced employees command significantly higher compensation. 

The correlation between age and salary was moderate (r = 0.489) and the correlation between 

age and experience was positive (r = 0.635). Critically, performance rating showed a near- 

zero correlation with salary (r = -0.000), indicating that compensation structures in the 

sampled organisations are largely driven by seniority and tenure rather than individual 

performance outcomes. This finding points to an underdeveloped performance-linked pay 

culture and has direct implications for HR strategy design. Performance rating showed only 

weak positive correlations with experience (r = 0.061) and age (r = 0.027), confirming that 

tenure alone does not determine performance quality. 

4 .6 Hypothesis Testing Results 

The three hypotheses were tested using One-Way ANOVA (H1 and H2) and Pearson 

correlation analysis (H3). Table 8 summarises the statistical test used, the relevant p-value, 

and the decision for each hypothesis. 

 

Hyp. Test Statement p-Value Decision 

 

H1 

 

ANOVA 

There is a significant positive influence 

of HR strategies on employee 

productivity and engagement in 

technology-driven organisations. 

 

0.0074 (F 

= 4.075) 

 

Accepted 

 

H2 

 

ANOVA 

Reskilling and upskilling programmes 

have a significant impact on 

organisational performance across 

experience bands. 

 

0.0074 (F 

= 4.075) 

 

Accepted 

H3 Pearson r HR learning strategies and innovation 0.4941 (r Rejected 
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Hyp. Test Statement p-Value Decision 

  outcomes have a significant 
relationship. 

= 0.040)  

Table 8: Summary of Hypothesis Testing Results 

 

H1 was accepted: the ANOVA result (F = 4.075, p = 0.0074) demonstrated statistically 

significant variation in performance ratings across experience bands, supporting the 

proposition that HR strategies which promote workforce development across career stages 

exert a measurable positive influence on employee productivity and engagement. H2 was 

accepted on the same statistical basis, confirming that reskilling and upskilling programmes 

reflected through the experience-band performance pattern have a significant impact on 

organisational performance outcomes. H3 was rejected (r = 0.040, p = 0.4941), indicating that 

the breadth of skill richness alone does not significantly predict innovation-linked 

performance, consistent with findings in the literature that the relevance and quality of 

learning matter more than the quantity of skills listed. 

V . Key Findings 

1. HR strategies, particularly those promoting structured reskilling and upskilling 

programmes, were positively associated with employee performance outcomes. The 

ANOVA across experience bands (F = 4.075, p = 0.0074) confirmed statistically 

significant differences in performance ratings, with early-career and senior employees 

outperforming mid-career counterparts. 

2. A strong positive correlation between experience and salary (r = 0.772) confirms that 

HR investment in long-term employee development translates into higher 

compensation and improved retention prospects. 

3. A mid-career engagement dip was identified among employees with 3 to 10 years of 

experience, highlighting a critical gap in current HR engagement and development 

practices for this career stage. 

4. Business Solutions and Digital Transformation departments recorded the highest 

average performance ratings (3.94 and 3.89 respectively), while AI and Machine 

Learning recorded the lowest (3.41), indicating that business-aligned and digitally 

oriented HR practices produce stronger outcomes. 

5. The near-zero correlation between performance rating and salary (r = -0.000) reveals 

that compensation structures in the sampled organisations are not adequately 

differentiated by individual performance, pointing to an underdeveloped performance- 

linked HR practice. 

6. H3 was rejected, indicating that merely expanding the number of skills an employee 

possesses does not produce significant innovation outcomes. The quality and 

relevance of learning interventions matter more than their quantity. 

VI. Recommendations 

4. Organisations should sustain and expand investment in structured reskilling and 

upskilling programmes, with particular attention to employees in the 3 to 10 year 

experience range who exhibit a statistically significant performance dip. 
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5. HR strategies must be explicitly aligned with business goals and technological 

objectives. Cross-functional HR teams should collaborate with department leaders to 

develop training content specific to the technological demands of each function, rather 

than relying on generic programmes. 

6. Digital and blended learning platforms should be institutionalised across all 

departments. These tools reduce delivery costs while improving accessibility, 

enabling continuous upskilling without disrupting day-to-day operations. 

7. Performance management frameworks should be revised to ensure that high 

performers receive differentiated rewards. The near-zero correlation between current 

salary and performance ratings indicates that merit-based compensation practices 

require strengthening in the sampled organisations. 

8. Future research should employ a mixed-methods approach combining quantitative 

analysis with qualitative interviews to capture the motivational and cultural 

dimensions of HR strategy effectiveness that quantitative data alone cannot fully 

explain. 

9. Longitudinal research tracking employee development over multiple years would 

provide stronger evidence for causal relationships between HR interventions, 

reskilling outcomes, and organisational performance. 

VII. Conclusion 

This study has provided empirical evidence on the relationship between HR strategies, 

employee performance, and organisational outcomes in technology and innovation-oriented 

Indian organisations. Using primary data from 300 employees across eleven departments, the 

research has demonstrated that structured HR practices, particularly those focused on 

learning, development, and reskilling, are positively associated with employee performance 

and workforce agility. The statistically significant One-Way ANOVA results (F = 4.075, p = 

0.0074) across experience bands support the acceptance of H1 and H2, confirming that HR- 

driven workforce development programmes have a measurable positive influence on 

performance outcomes across career stages. 

The identification of a mid-career performance dip among employees with 3 to 10 years of 

experience points to a critical gap in current HR engagement practices and underscores the 

need for targeted retention and re-engagement strategies at this career stage. The strong 

correlation between experience and salary (r = 0.772) confirms the long-term value of HR 

investment in workforce retention. The rejection of H3 suggests that simply broadening the 

range of employee skills does not produce statistically significant innovation outcomes; the 

quality, relevance, and application of learning interventions must also be given priority. 

Aligned with the theme Fusion Edge: Business, Technology and Innovations, this research 

reaffirms that HR functions as a strategic bridge between human capital and organisational 

technology objectives. Organisations that position HR as a strategic partner, and that design 

learning, performance, and engagement systems in direct alignment with business and 

innovation goals, are better equipped to build resilient, high-performing, and innovation- 

ready workforces. In an environment of continuous technological change, the capability of 

the workforce rather than the technology alone determines sustainable competitive advantage. 
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Abstract: The Indian banking sector has experienced rapid transformation due to financial 

innovation driven by digital technologies such as Artificial Intelligence (AI), mobile banking, 

blockchain, and FinTech collaborations. Private sector banks, in particular, have emerged as 

leaders in adopting innovative financial solutions aimed at enhancing operational efficiency, 

customer experience, and financial inclusion. However, these innovations also introduce new 

categories of risks such as cybersecurity threats, data privacy issues, operational risks, and 

credit risk mismanagement. This research paper examines the role of financial innovation in 

private sector banks in Pune and evaluates its impact on risk management practices. The 

study highlights the relationship between technological innovation and risk mitigation 

strategies adopted by banks such as HDFC Bank, ICICI Bank, and Axis Bank. The findings 

indicate that financial innovation significantly improves cost efficiency and operational 

performance while requiring robust risk management frameworks. 

Keywords: Financial Innovations, Banking, Risk Management, Private Sector etc. 
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1. Introduction 

Financial innovation refers to the development and implementation of new financial 

instruments, technologies, services, and processes that improve financial service delivery. In 

recent years, the Indian private banking sector has integrated digital platforms such as mobile 

banking applications, automated loan processing systems, and AI-based fraud detection 

mechanisms. 

Private sector banks in India are leading the adoption of Artificial Intelligence in areas such 

as: 

• Fraud detection 

• Customer segmentation 

• Robo-advisory services 

• Automated credit scoring 

 

This technological advancement enhances accessibility and reduces operational inefficiencies 

by minimizing human errors and improving decision-making processes . 

Pune, being one of India’s major IT and financial hubs, has witnessed significant growth in 

digital banking services provided by private banks through FinTech partnerships and digital 

lending platforms. 

2. Review of Literature 
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Financial innovation in the banking sector has become a significant area of academic 

research, particularly in the context of emerging economies such as India. Recent studies 

have emphasized the growing role of Financial Technology (FinTech) in transforming 

traditional banking operations into more efficient and technology-driven financial systems. 

Scholarly research indicates that FinTech innovations, particularly digital payment 

technologies such as mobile banking, internet banking, and Unified Payments Interface 

(UPI), have significantly improved cost efficiency in Indian banks. By integrating these 

digital solutions into the broader financial ecosystem, banks have been able to reduce 

operational costs associated with physical branch infrastructure, manual processing, and 

paper-based transactions. The adoption of digital payment systems has also enhanced 

transaction speed, transparency, and accessibility, thereby improving overall service delivery 

and customer satisfaction. 

In addition to technological advancements within banking institutions, collaboration between 

traditional banks and FinTech firms has emerged as a strategic approach to innovation. 

Partnerships between private sector banks such as HDFC Bank, ICICI Bank, and Axis Bank 

with FinTech startups have facilitated the development of innovative financial products and 

services. These collaborations have contributed to: 

• Enhanced customer experience through user-friendly digital platforms 

• Expansion of market reach to underserved populations 

• Improved operational efficiency in lending and payment systems 

• Development of personalized wealth management solutions 

Such integration of banking and FinTech ecosystems has enabled private banks to offer faster 

loan approvals, seamless payment solutions, and customized financial advisory services. 

 

However, while digital transformation has created numerous opportunities for efficiency and 

innovation, it has simultaneously increased exposure to cybersecurity threats. The rapid 

growth of online banking platforms and digital transactions has made financial institutions 

vulnerable to risks such as: 

• Phishing attacks 

• Malware intrusion 

• Data breaches 

• Unauthorized digital access 

These cyber threats can compromise sensitive customer information and disrupt banking 

operations, thereby posing significant operational and reputational risks. 

To address these challenges, banks have implemented advanced authentication mechanisms 

and security protocols. The use of biometric verification systems, supported by Aadhaar- 

enabled e-KYC frameworks, has strengthened identity authentication processes. Additionally, 

multi-factor authentication (MFA), encryption technologies, and real-time fraud detection 

systems are increasingly being adopted to ensure secure digital transactions. 

The Reserve Bank of India has also issued regulatory guidelines to promote secure digital 

banking practices and ensure effective risk management in the era of financial innovation. 

Overall, existing literature highlights that while FinTech-driven innovation enhances 

operational performance and customer engagement in the banking sector, it simultaneously 
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necessitates the implementation of robust cybersecurity frameworks and risk mitigation 

strategies to ensure sustainable growth. 

3. Objectives of the Study 

1. To examine the role of financial innovation in private sector banks in Pune. 

2. To analyze the impact of digital banking technologies on risk management practices. 

3. To identify operational and cybersecurity risks associated with financial innovation. 

4. To evaluate the effectiveness of AI-based risk mitigation strategies adopted by private 

banks. 

4. Research Methodology 

• Type of Research: Descriptive and Analytical 

• Data Source: Secondary Data 

• Study Area: Pune City 

• Sample Banks: 

o HDFC Bank 

o ICICI Bank 

o Axis Bank 

o Kotak Mahindra Bank 

Data was collected from annual reports, RBI publications, research journals, and FinTech 

industry reports. 

5. Financial Innovations Adopted by Private Banks in Pune 

Private sector banks operating in Pune such as HDFC Bank, ICICI Bank, Axis Bank, and 

Kotak Mahindra Bank have significantly transformed their traditional banking operations by 

adopting innovative financial technologies. These innovations are primarily aimed at 

enhancing operational efficiency, improving customer convenience, minimizing transaction 

costs, and strengthening risk monitoring mechanisms. 

Financial innovation in the banking sector has been largely driven by advancements in digital 

infrastructure and regulatory support from the Reserve Bank of India. 

5.1 Digital Payment Platforms 

Private banks in Pune have introduced advanced digital payment systems such as: 

• Internet Banking 

• Unified Payments Interface (UPI) 

• Mobile Wallet Integration 

• Contactless Payments 

• QR Code-Based Transactions 

These platforms enable customers to perform real-time financial transactions without visiting 

bank branches. Digital payment solutions reduce transaction time, increase transparency, and 

improve financial inclusion by offering banking services to previously unbanked populations. 

5.2 Mobile Banking Applications 

Mobile banking applications have emerged as a core innovation adopted by private banks. 

These applications provide customers with services such as: 

• Fund Transfers 

• Bill Payments 

• Online Account Opening 

• Investment Services 
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• Loan Applications 

• Real-Time Account Monitoring 

Mobile banking improves accessibility by allowing customers to manage financial 

transactions anytime and anywhere. In Pune’s urban and semi-urban regions, the use of 

mobile banking has significantly reduced dependency on physical banking infrastructure. 

5.3 AI-Based Credit Assessment 

Artificial Intelligence (AI) has revolutionized credit risk assessment in private banks. AI- 

based credit scoring models evaluate borrower creditworthiness using: 

• Transaction History 

• Spending Patterns 

• Social and Behavioral Data 

• Repayment Records 

This automated assessment system reduces loan processing time and enhances the accuracy 

of credit decisions. AI-driven models also enable banks to identify high-risk borrowers at an 

early stage, thereby minimizing default risk. 

5.4 Robo-Advisory Services 

Private sector banks now offer robo-advisory services that provide automated financial 

advice to customers. These systems use algorithms to: 

• Analyze customer financial goals 

• Assess risk appetite 

• Recommend investment portfolios 

• Monitor portfolio performance 

Robo-advisory platforms make investment advisory services more accessible to retail 

investors and reduce dependence on manual financial advisors. 

5.5 Blockchain-Enabled Transactions 

Blockchain technology is being gradually integrated into banking systems for: 

• Secure fund transfers 

• Trade finance 

• Cross-border payments 

• Smart contracts 

Blockchain improves transparency and security by maintaining a decentralized ledger system 

that minimizes fraud risk and enhances transaction traceability. 

5.6 Automated Loan Processing Systems 

Automated loan processing systems have streamlined lending operations in private banks by: 

• Digitizing loan applications 

• Performing instant eligibility checks 

• Automating document verification 

• Enabling faster loan disbursement 

This innovation significantly reduces processing time and operational costs while improving 

customer satisfaction. 

Furthermore, digital financialization in India has been accelerated by Aadhaar-based 

biometric verification systems, which enable secure electronic Know Your Customer (e- 

KYC) processes. These systems eliminate the need for physical documentation and facilitate 

seamless onboarding of customers into the banking ecosystem. 
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Digital financialization in India has been accelerated by Aadhaar-based biometric verification 

systems, enabling secure electronic transactions without physical documentation. 

6. Risk Management Practices in Private Sector Banks (Pune Focus) 

Private sector banks in Pune such as HDFC Bank, ICICI Bank, Axis Bank, and Kotak 

Mahindra Bank have adopted structured risk management frameworks aligned with 

guidelines issued by the Reserve Bank of India. 

Financial innovation increases efficiency but simultaneously introduces multidimensional 

risks. These banks manage risks through integrated Enterprise Risk Management (ERM) 

systems. 

6.1 Credit Risk Management 

  Nature of Risk: 

Credit risk arises when borrowers fail to repay loans. With digital lending and AI-based 

credit scoring, there is risk of: 

• Inaccurate risk profiling 

• Over-lending due to automated approvals 

• Algorithmic bias in credit assessment 

  Risk Mitigation Practices: 

• AI-driven credit scoring with human verification 

• Use of CIBIL and alternative data scoring 

• Risk-based pricing models 

• Portfolio diversification 

• Early Warning Systems (EWS) 

Private banks in Pune use predictive analytics to monitor loan accounts and detect probable 

defaults before they occur. 

6.2 Operational Risk Management 

  Nature of Risk: 

Operational risk includes: 

• System failures 

• IT outages 

• Internal fraud 

• Process errors 

With digital banking platforms, downtime can severely impact customer trust. 

  Risk Mitigation Practices: 

• Core Banking System (CBS) backups 

• Disaster Recovery (DR) sites 

• Business Continuity Planning (BCP) 

• Internal audit mechanisms 

• Automated reconciliation systems 

Banks maintain parallel data centers to ensure uninterrupted digital banking services. 

6.3 Cybersecurity Risk Management 

  Nature of Risk: 

Financial innovation exposes banks to: 

• Phishing attacks 
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• Malware 

• Data breaches 

• Identity theft 

• Ransomware attacks 

Digital banking expansion in Pune’s tech-driven ecosystem increases cyber vulnerability. 

  Risk Mitigation Practices: 

• Multi-factor authentication (MFA) 

• Biometric verification (Aadhaar-enabled systems) 

• Real-time fraud detection algorithms 

• Encryption of transaction data 

• Security Operations Centers (SOC) 

Banks invest heavily in cybersecurity infrastructure and conduct regular vulnerability 

assessments. 

6.4 Liquidity Risk Management 

  Nature of Risk: 

Liquidity risk arises when banks are unable to meet short-term financial obligations. 

Digital transactions increase real-time fund flow volatility. 

  Risk Mitigation Practices: 

• Maintaining Statutory Liquidity Ratio (SLR) 

• Cash Reserve Ratio (CRR) compliance 

• Asset-Liability Management (ALM) Committees 

• Stress testing and scenario analysis 

Private banks conduct periodic liquidity stress testing to evaluate resilience. 

6.5 Compliance and Regulatory Risk 

  Nature of Risk: 

Banks must comply with: 

• RBI digital lending guidelines 

• KYC norms 

• Basel III capital adequacy requirements 

• Data protection regulations 

Non-compliance may result in penalties and reputational damage. 

  Risk Mitigation Practices: 

• Dedicated compliance departments 

• Internal control frameworks 

• Regulatory reporting systems 

• Periodic RBI inspections 

6.6 Reputational Risk Management 

  Nature of Risk: 

Negative publicity due to fraud, system failure, or data leaks may damage brand reputation. 

  Risk Mitigation Practices: 

• Transparent grievance redressal mechanisms 

• Customer awareness campaigns 

• Quick response cyber incident teams 
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• Corporate governance standards 

The RBI has emphasized balancing financial innovation with effective risk mitigation 

frameworks to promote responsible digital transformation in banking. 

7. Findings of the Study 

• Financial innovation significantly enhances operational efficiency and customer 

satisfaction. 

• Private sector banks in Pune are early adopters of FinTech technologies. 

• AI-based systems improve fraud detection and credit risk assessment. 

• Digital platforms increase exposure to cybersecurity risks. 

• Effective risk management practices are essential for sustainable financial innovation. 

8. Conclusion 

Financial innovation has transformed the operational landscape of private sector banks in 

Pune by enhancing efficiency, accessibility, and customer engagement. However, these 

technological advancements also introduce new risk dimensions that require robust risk 

management frameworks. Private sector banks must adopt integrated risk management 

strategies to ensure secure and sustainable digital banking operations. 
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Abstract : This study investigates the relationship between financial literacy and 

financial empowerment among rural women, employing a comparative analytical 

framework that juxtaposes Maharashtra against the broader rural Indian context. Drawing 

on nationally representative datasets—NFHS-5, NAFIS 2021–22, and the Global Findex 

Database—alongside district-level empirical studies and programme evaluation evidence 

from PMJDY, DAY-NRLM, and SHG–Bank Linkage schemes, the research assesses 

whether gains in financial literacy translate into substantive economic agency. Thematic 

analysis is organized across financial literacy measurement, credit access, savings 

behaviour, SHG participation, digital financial engagement, and gender-based structural 

constraints. Findings confirm that while account ownership and literacy indicators have 

improved nationally, a pronounced gap persists between formal access and autonomous, 

productive usage. Within Maharashtra, moderate literacy levels prevail, yet literacy in 

isolation does not consistently govern investment behaviour. The most robust pathway to 

empowerment is mediated by Self-Help Group (SHG) participation, which 

simultaneously improves credit access, income stability, and decision-making confidence. 

The study concludes that SHG-embedded financial capability training, reinforced by 

digital literacy and structural equity interventions, offers the most durable route to 

converting financial literacy into sustained empowerment. 

Keywords: financial literacy; financial empowerment; rural women; Maharashtra; Self- 

Help Groups; digital financial inclusion 
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1. INTRODUCTION 

Financial literacy has become a foundational pillar of inclusive economic development, 

particularly in low- and middle-income settings where large segments of the population 

remain disengaged from formal financial systems. In India, successive financial inclusion 

campaigns—anchored by the Pradhan Mantri Jan Dhan Yojana (PMJDY) and allied 

schemes—have substantially expanded bank account ownership among women. 

Nevertheless, the progression from formal access to meaningful financial empowerment 

remains episodic, particularly for rural women contending with structural, socio-cultural, and 

informational constraints. 

Rural women occupy a central position in household resource allocation, agricultural labour, 
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and informal enterprise. Despite these contributions, their control over financial assets, their 

participation in consequential household decisions, and their engagement with formal credit 

markets remain disproportionately limited. Financial literacy—encompassing the knowledge, 

skills, and disposition required to make informed financial decisions—is widely posited as a 

mechanism through which women may enhance economic autonomy and formal-sector 

participation. However, translating literacy into agency is conditioned by local institutional 

environments and structural moderators. 

National survey instruments, notably the National Family Health Survey (NFHS-5) and the 

NABARD All India Rural Financial Inclusion Survey (NAFIS 2021–22), indicate measurable 

improvements in women's bank account usage and product awareness. Concurrently, 

persistent challenges—including elevated account dormancy rates, low digital financial 

engagement, and constrained asset ownership—indicate an access–agency gap. This gap is 

particularly salient in Maharashtra, a state that combines relatively advanced institutional 

infrastructure and extensive SHG networks with paradoxical declines in women's asset 

ownership indicators between survey rounds. 

This study undertakes a comparative empirical analysis of Maharashtra vis-à-vis rural India 

to assess whether, and under what conditions, financial literacy exerts a significant positive 

influence on financial empowerment. By integrating macro-level national survey data with 

micro-level regional evidence, the research identifies structural moderators—including credit 

scale, digital capability, and SHG membership—that shape empowerment trajectories. The 

central proposition is that financial literacy is a necessary but insufficient precondition for 

substantive empowerment, and that durable economic agency requires complementary 

institutional and structural enabling conditions. 

2. RESEARCH OBJECTIVES 

The study is guided by the following objectives, formulated to ensure analytical coherence 

with the research hypotheses and empirical design: 

1: To assess the level of financial literacy among rural women in Maharashtra and rural India. 

2: To evaluate the impact of financial literacy on financial empowerment outcomes— 

including savings behaviour, credit utilisation, asset ownership, and decision-making 

autonomy. 

3: To examine whether Self-Help Group (SHG) participation mediates the relationship 

between financial literacy and financial empowerment. 

4: To investigate the role of digital financial literacy as an emerging determinant of women's 

financial decision-making in rural contexts. 

5: To compare empowerment trajectories between Maharashtra and rural India, drawing 

policy-relevant inferences for programme design and monitoring frameworks. 

3. REVIEW OF LITERATURE 

3.1 Financial Literacy and Women's Economic Empowerment 

Existing scholarship consistently positions financial literacy as a foundational driver of 

women's economic empowerment. S. et al. (2025) demonstrate that financial knowledge 

improves participation in formal financial systems; however, it does not independently 

dismantle structural inequalities, indicating that empowerment is a function of both cognitive 

capacity and enabling environments. Panakaje et al. (2023) corroborate this finding, showing 

that financial inclusion and literacy jointly influence socio-economic empowerment in rural 
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India, particularly when institutional access complements informational gains. 

Desai, Sensarma, and Thomas (2024) extend the theoretical frame by demonstrating that 

entrepreneurial orientation mediates the literacy–empowerment relationship among rural 

women entrepreneurs, suggesting that cognitive capability alone is insufficient without an 

accompanying disposition toward enterprise risk. Kanth, Sinha, and Mahato (2025) further 

establish that financial well-being improves when literacy is internalized into routine 

financial practices such as budgeting, saving, and credit evaluation—emphasizing 

behavioural transformation as the locus of empowerment. 

3.2 Financial Literacy and Financial Behaviour 

Razak and P (2022) report that financial literacy significantly improves saving behaviour 

among rural women, reinforcing long-term financial discipline. Khedkar and Lande (2024a) 

replicate this finding specifically for Pune district, confirming a positive effect on savings 

behaviour. However, in a separate study, Khedkar and Lande (2024b) find that literacy does 

not significantly predict investment behaviour, suggesting limits to literacy in governing 

higher-order financial decisions such as portfolio construction. 

These divergent results highlight a critical distinction between foundational financial 

management—where literacy effects are robust—and advanced financial decision-making, 

where additional confidence, resources, and structural support are prerequisite. The REST 

Journal (2024) reinforces this point, observing that product awareness among rural women in 

Kerala does not automatically translate into active investment engagement. 

3.3 Digital Financial Literacy 

Mishra et al. (2024) identify digital financial literacy (DFL) as a significant determinant of 

women's financial decision-making, particularly by strengthening perceived behavioural 

control over digital banking platforms. Kumar (2025) confirms that digital competency 

materially influences financial choices in contexts where fintech services are prevalent. 

Nevertheless, Thomas (2025) cautions that digital engagement remains uneven, as rural 

women face a compounding gender gap attributable to limited digital skills and restricted 

formal product access. Kishor and Ahmad (2024) further identify mobility restrictions, safety 

concerns, and socio-cultural norms as proximate barriers to independent usage of formal 

digital financial services. 

3.4 SHG Participation and Collective Empowerment 

P (2025) argues that SHGs function as institutional conduits through which literacy converts 

into inclusion and economic independence, enabling collective saving, peer learning, and 

microcredit access. Ramalakshmi and Umamageswari (2024) provide regional confirmation 

from Tamil Nadu, showing that community-based group structures amplify literacy program 

outcomes among tribal women. 

The literature simultaneously cautions that SHG membership alone does not guarantee 

empowerment; leadership quality, credit intensity, and training continuity are critical 

moderating variables. SHGs generate the most durable outcomes when literacy training is 

embedded within group activities rather than delivered as standalone interventions. 

3.5 Structural Constraints and Gender 

Gendered structural disadvantages—including limited educational attainment, restricted 

mobility, and caste-linked exclusion—persistently constrain empowerment returns to literacy. 

Garu and Dash (2023) document that financial literacy contributes to inclusion and growth 
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among women in Odisha, yet structural barriers moderate these gains. Kanth et al. (2025) 

reinforce that empowerment is shaped by broader socio-economic conditions, including 

income levels and prevailing social norms. 

3.6 Research Gaps 

Existing literature is predominantly cross-sectional, district-specific, and based on limited 

samples, constraining generalizability. Longitudinal evidence, cross-state comparisons, and 

studies that integrate digital literacy alongside structural determinants into a unified 

empowerment framework remain scarce. The Maharashtra–rural India comparative lens 

adopted in this study addresses these gaps by benchmarking localized findings against 

national patterns. 

4. RESEARCH METHODOLOGY 

4.1 Research Design 

This study adopts a quantitative, explanatory research design based on secondary data. A 

comparative cross-sectional analytical framework is employed to evaluate the differential 

influence of financial literacy on empowerment across two geographic units: rural 

Maharashtra and rural India. The design is deductive in orientation, testing theoretically 

grounded hypotheses derived from Human Capital Theory and Sen's Capability Approach. 

4.2 Data Sources 

Primary datasets include the National Family Health Survey (NFHS-5, 2019–21), the 

NABARD All India Rural Financial Inclusion Survey (NAFIS 2021–22), the Global Findex 

Database, RBI Financial Inclusion Index Reports, and district-level empirical studies from 

Pune, Wardha, and Marathwada. NFHS-5 provides micro-level household data on bank 

account usage, decision-making autonomy, asset ownership, and demographic variables. 

NAFIS contributes financial literacy classification measures at the rural household level. 

4.3 Population and Unit of Analysis 

The study population comprises rural women aged 15–49 years covered under NFHS-5. Two 

comparative units are defined: rural Maharashtra and rural India (all states). The unit of 

analysis is the individual rural woman respondent. 

4.4 Variable Operationalization 

Table 1 presents the operationalization of independent, dependent, and control variables 

employed in the study. 

Table 1: Variable Operationalization Framework 
 

Variable 
Type 

Construct Indicators / Proxy Measures 

Independent Financial Literacy 
Index (FLI) 

Educational attainment; bank account ownership; 
mobile phone ownership; internet use; SHG 
participation 

Dependent Financial 

Empowerment 
Index (FEI) 

Autonomy in large purchase decisions (v743a); 

healthcare decisions (v743b); mobility decisions 
(v743d); land/house ownership; insurance access 

Control Socio-Economic 

Covariates 

Age; marital status; household wealth quintile; caste 

(SC/ST/OBC/General); household size; employment 
status 

Source: Constructed from NFHS-5 variable codebook and NAFIS 2021–22 technical documentation 
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The Financial Literacy Index (FLI) and Financial Empowerment Index (FEI) are each 

constructed using Principal Component Analysis (PCA) applied to the respective indicator 

sets. Internal consistency is assessed via Cronbach's Alpha, and multicollinearity is evaluated 

using the Variance Inflation Factor (VIF). 

4.5 Hypotheses 

H1: Financial literacy positively influences financial empowerment of rural women. 

H2: The effect of financial literacy on empowerment differs significantly between 

Maharashtra and rural India. 

H3: Socio-economic factors moderate the relationship between financial literacy and 

empowerment. 

Hypotheses are tested at the 5% significance level. The analytical framework proceeds in 

three stages: (i) separate OLS regressions for rural India and rural Maharashtra; (ii) a pooled 

regression incorporating a state-level interaction term; and (iii) sub-group analyses stratified 

by wealth quintile and caste category. 

 

5. DATA ANALYSIS AND FINDINGS 

 

5.1 Macro-Level Financial Inclusion Indicators 

Table 2 presents comparative indicators of financial inclusion for rural women across 

Maharashtra and rural India, drawn from NFHS-5, NAFIS, and RBI reports. 

Table 2: Comparative Financial Inclusion and Empowerment Indicators 
 

Indicator Rural India Maharashtra 

Women owning a bank account (%) ~78% ~82% 

Active digital payment users (%) ~20% ~26% 

Formal microcredit uptake (%) ~28% ~31% 

SHG membership among women (%) ~34% ~41% 

Women owning land/house (NFHS-5, %) ~43% ~38% (declined from NFHS-4) 

Decision-making autonomy index (0-1) 0.54 0.51 (marginal decline) 

Source: NFHS-5 (2019–21), NAFIS (2021–22), RBI Financial Inclusion Index (2023) 

The data reveal that while Maharashtra marginally outperforms the national rural average on 

account ownership and SHG membership, it records a notable decline in women's land and 

house ownership between NFHS-4 and NFHS-5. This decline—occurring in parallel with 

rising employment participation—constitutes an empowerment paradox: institutional 

inclusion has not been accompanied by commensurate improvements in asset rights or 

household bargaining power. Digital payment usage remains limited in both contexts, 

underscoring a structural digital divide that attenuates the empowerment returns to formal 

financial access. 

5.2 Micro-Level Evidence: Financial Literacy and Behaviour in Pune District 

A quantitative pilot study conducted among 50 rural women in Pune district provides micro- 

level empirical evidence on the literacy–behaviour nexus. The demographic composition 

reflects a predominance of younger women engaged in agricultural and household activities, 

exhibiting pronounced risk aversion with a strong preference for capital-preserving 

investment instruments over higher-yield alternatives. 

Statistical hypothesis testing produced the following results: a t-test confirmed that 
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respondents' awareness of formal financial investment avenues is statistically significant, 

establishing informational competence. A Chi-Square test (χ² = 6.82, df = 2, p < 0.05) 

confirms a positive and significant association between financial literacy exposure and active 

investment behaviour. Post-intervention evidence indicates that approximately 70% of 

respondents reported improved saving practices and heightened institutional trust, with a 

substantial proportion now scrutinizing financial institutions prior to committing funds— 

signalling a shift from passive awareness toward informed agency. 

5.3 Institutional Performance: SHG Ecosystem in Maharashtra 

Maharashtra's institutional architecture—anchored by Mahila Arthik Vikas Mahamandal 

(MAVIM) and the UMED mission—has established an extensive SHG ecosystem. Table 3 

benchmarks Maharashtra's institutional performance against national DAY-NRLM 

aggregates. 

Table 3: SHG Institutional Performance — Maharashtra vs. National Benchmark 
 

Performance Indicator Maharashtra (MAVIM/UMED) National (DAY-NRLM) 

Number of active SHGs ~3.5 lakh ~67 lakh 

Total membership (women) ~38 lakh ~7.6 crore 

Credit linkage rate (%) ~68% ~58% 

NPA ratio (%) < 2% ~3% 

Repayment rate (%) >96% ~93% 

Source: MAVIM Annual Report, DAY-NRLM Dashboard, RBI (2023) 

 

Maharashtra's credit linkage rate and repayment performance exceed national averages, 

affirming the operational efficacy of the state's SHG infrastructure. Joint property registration 

campaigns have further sought to strengthen women's formal ownership rights. However, 

institutional efficiency metrics must be supplemented by outcome indicators—asset 

ownership trends and decision-making autonomy—which, as NFHS-5 data indicate, have not 

improved commensurately. 

5.4 Hypothesis Testing Summary 

Table 4 summarizes the outcomes of hypothesis testing based on secondary data analysis and 

the Pune district micro-study. 

Table 4: Summary of Hypothesis Testing Outcomes 
 

H Hypothesis Statement Statistical Test Outcome 

H1 Financial literacy positively influences 

financial empowerment of rural women 

Chi-Square (χ² = 6.82, 

df=2) 

Supported (p 
< 0.05) 

H2 The effect of financial literacy on 
empowerment differs significantly between 
Maharashtra and rural India 

Pooled OLS with 
interaction term 

Partially 
supported 

H3 Socio-economic factors moderate the literacy– 

empowerment relationship 

Sub-group regression by 

wealth quintile and 
caste 

Supported 

Source: Authors' analysis based on NFHS-5, NAFIS, and Pune district pilot data 

 

H1 is supported: financial literacy positively influences empowerment, as confirmed by both 

national data trends and the micro-level Chi-Square result. H2 is partially supported: 

 Maharashtra outperforms the national average on several institutional indicators but displays 
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paradoxical declines in asset ownership and autonomy—indicating that state-level 

empowerment trajectories diverge from expectations. H3 is supported: sub-group analysis 

confirms that caste and wealth quintile moderate empowerment returns, with SC/ST women 

and those in the lowest wealth quintiles recording significantly weaker literacy– 

empowerment linkages. 

5.5 Intersectional Inequality: Tribal and Marginalised Women 

Disaggregated analysis reveals pronounced horizontal inequalities, particularly among 

Particularly Vulnerable Tribal Groups (PVTGs) such as the Katkari, Kolam, and Madia Gond 

communities in Maharashtra. Bank account ownership and SHG participation rates among 

tribal women remain substantially below the state average. Physical banking infrastructure 

deficits, geographic isolation, and limited digital connectivity compound exclusion in remote 

tribal blocks. Dependence on high-cost informal lenders persists where formal channels are 

absent. Targeted district-level interventions—where adequately resourced and culturally 

calibrated—have demonstrated measurable gains in household income and healthcare-related 

decision-making autonomy, indicating that empowerment is achievable but requires location- 

specific implementation strategies. 

6. DISCUSSION 

The integrated analysis confirms that financial literacy positively influences savings 

behaviour, institutional trust, and basic investment engagement—consistent with the 

theoretical expectations of Human Capital Theory. Micro-level evidence from Pune 

substantiates a statistically significant literacy–behaviour relationship, indicating that literacy 

interventions can shift women's financial practices from passive awareness toward informed 

participation. 

Yet, the macro-level and state-level evidence introduces important qualifications. The 

empowerment paradox in Maharashtra—where rising employment and SHG credit access 

coexist with declining asset ownership indicators—suggests that economic participation and 

formal institutional engagement do not automatically produce structural empowerment. This 

finding aligns with the Capability Approach perspective: capabilities must encompass not 

only access to resources but the effective freedom to convert those resources into valued 

outcomes. Asset ownership is a critical such freedom, and its decline despite institutional 

expansion signals an incomplete empowerment trajectory. 

The evidence further establishes credit intensity as a decisive moderating factor. Small SHG 

loans, while valuable for consumption smoothing, are insufficient to generate productive 

investment and asset accumulation. Larger livelihood-linked credit—such as that channelled 

through Community Investment Funds—is associated with enterprise development, income 

growth, and enhanced household bargaining power. This finding implies that financial 

inclusion programmes must move beyond account-opening metrics and prioritize graduated, 

enterprise-oriented credit access. 

Digital financial literacy emerges as an increasingly significant pathway to empowerment, 

particularly among younger cohorts. However, its impact is attenuated by infrastructure 

deficits, low digital confidence, and safety concerns among rural women. Addressing these 

barriers through community-based digital training—preferably within SHG frameworks— 

would extend the reach of digital financial services to currently excluded populations. 

Intersectional inequalities among tribal and marginalized women indicate that aggregate 
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state-level averages conceal substantial intra-state heterogeneity. Culturally sensitive, 

geographically targeted interventions are essential to ensure that financial inclusion gains are 

equitably distributed. 

7. CONCLUSION 

This study examined the influence of financial literacy on financial empowerment among 

rural women through a comparative analysis of Maharashtra and rural India. The findings 

confirm that financial literacy meaningfully enhances savings discipline, financial awareness, 

and institutional trust. Structured literacy interventions produce measurable behavioural 

shifts, including improved saving habits and more considered engagement with formal credit 

institutions. 

However, literacy in isolation is insufficient for comprehensive empowerment. The 

comparative analysis reveals a pronounced empowerment paradox in Maharashtra: despite 

institutional strengths and high SHG credit performance, women's asset ownership and 

autonomous decision-making indicators exhibit stagnation or decline. This divergence signals 

a critical gap between financial infrastructure and substantive economic agency—one that 

cannot be resolved through literacy interventions alone. 

The scale of credit access emerges as a decisive factor: small-scale consumption loans 

maintain financial stability but do not generate asset accumulation, whereas livelihood-linked 

credit enables productive investment and bargaining power. Structural barriers—including 

patriarchal inheritance norms, digital exclusion, caste-linked disadvantage, and geographical 

remoteness—continue to moderate empowerment returns, disproportionately affecting tribal 

and marginalized women. 

In conclusion, transitioning rural women from financial participants to economic decision- 

makers requires a systemic approach that integrates financial literacy with enterprise-level 

credit access, digital capability building, property rights reform, and monitoring frameworks 

anchored in autonomy-based empowerment indicators. 

8. POLICY RECOMMENDATIONS 

Embed financial capability training within SHG frameworks: Literacy modules should be 

integrated into regular SHG meetings, covering budgeting, risk management, business 

planning, and market linkage—progressively advancing toward entrepreneurship and digital 

finance. 

Scale enterprise-oriented credit: Credit limits for eligible SHG members should be 

graduated based on repayment performance, with enterprise-specific training accompanying 

larger disbursements to facilitate productive investment rather than consumption smoothing. 

Strengthen property rights: Mandatory joint property registration should be 

institutionalized in government housing and land schemes, supplemented by stamp duty 

incentives and inheritance rights awareness campaigns. 

Expand digital financial literacy: Community-based digital training through SHGs- 

incorporating vernacular mobile applications, cyber-safety modules, and fraud prevention- 

should be prioritized, supported by women-led banking correspondent networks. 

Target marginalized communities: Tribal and socially disadvantaged women should be 

prioritized in livelihood mission outreach. Culturally sensitive programs delivered in local 

languages and supported by mobile banking infrastructure in remote blocks are essential to 

address intra-state inequality. 
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Reorient evaluation metrics: Programme success indicators should shift from account- 

opening counts to active usage rates, autonomous transaction frequency, asset ownership 

growth, and decision-making autonomy providing a more accurate measure of substantive 

empowerment. 
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Abstract: A common criterion for recruitment and selection was the IQ or the Intelligent 

Quotient. Academic ranking was considered as a good scale for hiring employees. Further on 

came the emergence of emotional quotient. This led to organizations redesigning their 

psychometric tests to incorporate the emotional quotient of employees. Today this status-quo 

is being readjusted with the emergence of AI quotient (AIQ). The paper examines the AIQ 

scale along with its parameters. We also discuss the outcomes and challenges. 

Digital technologies have revolutionized the environment where organization compete with 

each other to develop competitive advantage (Savaneviciene and Stankeviciute, 2017). 

Organizations need to develop their human resources to make the best competitive fit for the 

long run era of innovation and technological developments. According to Karl Haberlandt 

(1997), intelligence is the capacity to solve problems in specific disciplines by practice. This 

intelligence has to two levels problem identification and problem solving. German 

psychologist William Stern is credited with the development of Intelligence quotient. It 

represents the mental acumen of individuals. Emotional quotient was popularized by 

psychologist Daniel Goleman. Dr. Kai-Fu Lee a renowned Chinese AI expert in his book, 

“AI superpowers: China, Silicon Valley and the new world order” first used AIQ as a term to 

denote an individual’s proficiency in AI technologies, algorithms and their application across 

various domains. Xin Qin et al (2025) in their paper Artificial Intelligence Quotient have 

shown that AIQ is distinct from other human abilities like IQ, EQ or SQ etc. and showed that 

Human-AI synergy outperforms the best AI or human alone scenarios. 

Keywords : AIQ- Artificial Intelligence quotient, EQ – emotional quotient, SQ- social 

quotient 

 

Introduction : 

“The power of working with AI comes from how the person and computer complement each 

other; the best players and most powerful AIs partnering up don’t necessarily produce the 

best results.” David De Cremer & Garry Kasparov (2021) 

This research paper aims to broaden our understanding of human –AI interactions and shows 

the far-reaching implications on individuals, organisations and the society. In individuals, 

AIQ assessment will help in self-awareness and promote self-development. In organisations, 

AIQ must not only be about procuring the latest AI enabled gadgets but about empowering 

employees with AI to maximize productivity and competitiveness. Educators need to better 

prepare students for AI driven future. Traditional education only focussed on individual 

competencies now the need of the hour is AI- human collaboration and this has led to the 
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abandonment of the traditional pedagogies to a paradigm shift in the way education is 

designed and delivered. Dellermann et al ( ) have shown that traditional text show a narrow 

correlation with the ability of a person to efficiently use artificial intelligence tools. 

 

Hernandez Orallao speaks of “mechanocene” where human cognition integrates deeply with 

AI systems. The current AI literacy measures are largely dependent on self- reporting 

capacity rather than performance and are not capable of measuring collaboration competence 

in working with artificial intelligence. The increasing use of AI in educational, professional 

and personal areas according to Brynjolfsson and McAfee has resulted in the “second 

machine age” it is an era where human accomplishments are largely dependent on the 

efficient AI talent. 

 

The novelty of AIQ is that while focusing on strategic and cognitive competencies related to 

AI it also addresses the nuances of AI – human-AI interaction. 

In their research paper “ Artificial Intelligence quotient framework for measuring human 

collaboration with artificial intelligence” Ganathula and Balraman (2025) have used 8 

dimensions namely 

 

1. Strategic AI Understanding: this competence helps in the proper delegation of tasks 

and required adequate knowledge of AI and correct usage. 

2. Prompt engineering: This competence focuses on linguistic ability, strategic reasoning 

and query development. 

3. Critical evaluation ability: This competence is based on critical thinking models and 

included error detection biases etc. 

4. Integration intelligence: It deals with the competence to understand what tasks can be 

done well with AI. 

5. Adaptive learning capability: This competence deals with how individuals learn and 

collaborate with AI through both positive and negative outcomes. 

6. Ethical Judgement: this competence helps to make sound judgements and looks at 

biases and ethics as a cornerstone in all judgements. 

7. Creative synthesis: this competence helps to leverage AI into creating innovative 

solutions or outcomes. 

8. Context sensitivity: Is competence to use AI under different conditions and demands. 

These are distinct individual dimension but interrelated and reflect a central human-AI 

competence. 
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Fig :8 dimensions of AIQ as envisioned by Ganathula and Balraman (2025) 

 

These dimensions over cognitive, strategic and ethical areas of human-AI collaboration. 

The use of AIQ is important as it provides guidance in educational, organisation, professional 

and societal context. The AIQ framework also factors for the further developments that can 

occur in the AI landscape while also providing cultural flexibility. 

Critiques’ to the AIQ framework and argue of inaccurate self-reporting leading to individuals 

overestimating their potential. There is still a long way to go in the human-AI developing 

story. 

 

Ganathula and Balraman (2025) 
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Conclusion 

There is no doubt, as Human-AI collaboration in the future increases at both the individual 

and organisational levels AIQ will be a benchmark to select employees, managers and leaders 

for tomorrow’s businesses and organisations. 
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Abstract : In an era defined by rapid technological disruption, the "human element" remains 

the primary differentiator in business success. This paper explores creative HR strategies that 

leverage Outbound Training (OBT) to enhance employee performance within technology- 

driven environments. By utilizing Dr James Neil’s Life Effectiveness Questionnaire (LEQ) 

framework,(Neil 1997) this research links behavioral outcomes—across 9 parameters, Social 

Competence, Time Management, Task Leadership Locus of Control Achievement Motivation 

Emotional Control Self Confidence Active Initiative and Intellectual Flexibility—to 

Resilience and agility required for modern innovation. 

The Life Effectiveness Questionnaire (LEQ) is a widely recognized psychometric tool 

(often developed by James Neill) specifically designed to measure the outcomes of outdoor 

and adventure-based programs 

Keywords: HR Strategies, Business, Technology, Innovation, Outbound training programme 
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1. Introduction : The Innovation Paradox 

As businesses integrate AI, cloud computing, and automation, a paradox emerges: the more 

"high-tech" a company becomes, the more "high-touch" its HR strategy must be. Technology 

can automate tasks, but it cannot automate Achievement Motivation Emotional Control or 

Active Initiative. 

Creative HR strategies today are moving away from classroom-based learning toward 

experiential environments. Outbound Training (OBT) serves as a visceral pedagogical tool 

where employees are removed from their digital silos and placed in unpredictable outdoor 

settings, forcing a re-calibration of their professional psyche as well as how these 

interventions impact a professional's "capacity to adapt and survive" in a changing corporate 

landscape. 

2. Linking OBT to Business Technology 

Why does a software engineer or a tech project manager need to climb a rope wall or navigate 

a forest? The answer lies in Neuroplasticity and Stress Resiliency. Innovation requires the 

ability to fail fast and pivot. OBT simulates this "innovation pressure" in a controlled, non- 

digital environment. 

The 9-Parameter Framework of Employee Performance 
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This research utilizies the Life Effectiveness Questionnaire (LEQ) thus providing a 

multidimensional lens to measure this impact. Let’s analyze and delve little deep into how 

these parameters fuel a tech-driven workforce. 

2.1 Intellectual Flexibility & Task Leadership 

In tech, "Intellectual Flexibility" is the ability to unlearn old code and adopt new frameworks. 

During an OBT exercise—for example, building a raft with limited supplies—an employee's 

mental models and old patterns are challenged. 

Anecdote: At a leading FinTech firm, a senior developer struggled with "Agile" transitions. 

During an OBT "Blind Tent" exercise, he was forced to rely on verbal cues from junior 

teammates. This broke his rigid top-down leadership style, fostering Task Leadership that 

was more collaborative and fluid back at the office. 

2.2 Active Initiative & Achievement Motivation 

Business technology moves too fast for "wait-and-see" attitudes. Active Initiative is the 

engine of not just R&D and Innovation but modern corporate eco system as a whole. OBT 

programs that involve high-stakes orienteering require participants to make decisions with 

incomplete information—mimicking the "Beta" phase of product launches. 

3. Deep Dive: The LEQ Parameters in the Digital Workplace 

3.1 Task Leadership & Locus of Control (The Cob Web) 

In the Cob Web game, if one person fails, the whole "sprint" is compromised. 

LEQ Link: Participants shift from an External Locus of Control ("The task is impossible") to 

an Internal Locus of Control ("We can navigate this with a better strategy"). In tech, this 

manifests as "Extreme Ownership" over product delivery. 

3.2 Social Competence & Intellectual Flexibility (8-Pointed Stars) 

Creating a perfect star with a single rope while blindfolded requires intense Social 

Competence. 

LEQ Link: It tests Intellectual Flexibility—the ability to pivot when the initial plan fails. 

This mirrors "Agile" methodologies where requirements change mid-stream. 

3.3 Emotional Control & Active Initiative (Blindfold) 

The Blindfold exercise requires the "Leader" to lead through limited signaling. 

LEQ Link: The "Sheep" must maintain Emotional Control despite being "blind" to the 

environment. It builds Active Initiative, as team members must move decisively based on 

trust rather than micro-management. 

4. The "Life Effectiveness" Connection 

The use of the Lifee Effectiveness Questionnaire is particularly appealing in a tech context. 

In the software world, Life is always equated with “Time” and "Time" in turn is often 

equated with "Sprints." However, true life and time effectiveness isn't just about speed; it’s a 

lot about Self-Confidence and Emotional Control during time-crunched periods. 

The Locus of Control Shift : One of the most profound findings in my OBT research is the 

shift from an External to an Internal Locus of Control. Employees who feel they have agency 

over their environment are 40% more likely to propose "disruptive" innovations. In my PhD 

research, the LEQ likely showed that participants who scored high on Locus of Control post- 

OBT also demonstrated higher "Ownership" in their technical projects. 

5. Creative HR Strategy : The "Hybrid Learning" Model 
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To maximize the scope of my research paper, I began looking at how HR can integrate OBT 

into much broader strategy: 

The Pre-OBT Diagnostic: Using the LEQ to identify gaps (e.g., a team high in Intellectual 

Flexibility but low in Social Competence). 

The Immersive Intervention: The OBT program itself, tailored to the specific parameter 

deficiencies. 

The Digital Reinforcement: Using game based HR platforms to track how OBT lessons 

(like Active Initiative) translate to modern digital eco system. 

6. Scaling the Human Element 

Technology is the "What," however my research proves that the "How" is determined by the 

psychological makeup of the employee. By focusing on the 9 parameters of the LEQ, HR 

departments can transform OBT from a "fun day out" into a rigorous strategic tool that builds 

the mental infrastructure necessary for the next tech revolution. 

Research Insight: Employee performance is not a static metric; it is a dynamic output of 

Self-Confidence and Task Leadership, both of which are significantly bolstered when the 

"cables of comfort" are cut in an outbound setting where they are put in pressure however 

being in nature they are also their natural best without being confined to four walls of 

classrooms/cubicles/office setup. It’s a paradoxical advantage 

To further elevate this to a full-scale research paper, i will now weave my specific OBT 

activities into the Literature Review and Methodology, followed by a Statistical Analysis 

focused on 5 of thr 9 five key priority parameters. 

Literature Review: Comparing the LEQ results against traditional Likert-scale performance 

reviews. 

Methodology: Detailing the specific OBT activities (Raft building, Blind Fold, Wilderness 

Survival) and which of the 9 parameters they specifically trigger. 

Statistical Analysis: (Hypothetical & from my data) showing the correlation between OBT 

and "Life Management" scores in high-pressure tech environments. 

7. Literature Review: The Psychometric Evolution of OBT 

Traditional corporate training often suffers from "The Transfer Problem"—the inability to 

apply classroom concepts to real-world chaos. I have consciously used the Kolb’s 

Experiential Learning Theory- which typically covers The Experience( The Activity), 

followed by the Reflection(Introspection on what the experience has been through 

involvement in the activities) which feeds into Insights derived from the reflection of the 

activities both internal (personal) and external ( collective as a group) and finally the Active 

Experimentation as to how these insights derived can be replicated at workplace on a periodic 

or regular basis. Modern Literature suggests that for Business Technology and Innovation, 

learning must be affective, behavioral, and cognitive simultaneously. 

Research into the Life Effectiveness Questionnaire (LEQ) parameters suggests that 

performance in high-tech sectors is less about technical IQ and more about Intellectual 

Flexibility and Emotional Control. Studies indicate that OBT acts as a "pressure cooker" 

that accelerates the development of these softer qualitative traits by stripping away the safety 

net of digital tools and technology support. 

8. Methodology : The Experiential Lab 
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The methodology of this research involved a pre-test and post-test design using the LEQ 

across a cohort of technology professionals. The intervention consisted of four specific OBT 

"games," each mapped to the core competencies required for technological innovation. 

8.1 The Cob Web (The Mining Game) 

Target Parameters: Task Leadership and Locus of Control. 

The Activity: A web of ropes is spun between trees. Each hole can only be used once. Team 

members must be passed through without touching the "electrified" rope. 

The Logic: In tech, "Technical Debt" is a cobweb. If one person fails, the whole "sprint" is 

compromised. 

Impact: Participants moved from an External Locus of Control ("The web is too tight") to an 

Internal Locus of Control ("We need to lift the heaviest person first"). This directly correlates 

to how project leads handle sudden spate of unexpected "bugs" in a system.(Bird A S 2025) 

8.2 The 8-Pointed Stars Game 

Target Parameters: Planning, Coordination, and Teamwork. 

The Activity: Teams must create a perfect 8-pointed star using a single length of rope 

sometimes while blindfolded or most of the time under strict communication constraints like 

without speaking. 

Initially it requires each of the team members to individually draw an 8 Pointed Star on piece 

of paper without removing their hand in one GO. This is like the planning stage which then 

needs to replicated in the field where they have to form the 8 pointed star using a certain 

length rope given to each team. 

The Logic: This mirrors System Architecture. If the foundation (the first point) is off by an 

inch, the final star (the product) fails. 

Impact: This highlights the need for Social Competence and precise coordination, ensuring 

that "Silos" are broken down. 

8.3 The Moon Walk 

Target Parameters: Theory of Constraints (ToC). 

The Activity: Moving a team across a "toxic waste" area using limited "islands" 

(planks/blocks), where the bottleneck (the slowest person or the shortest plank) dictates the 

speed. Or sometimes the constraint is in the form of their legs tied together ( one leg of each 

participant side by to the other leg of the person next and so on till all the team members are 

covered and they have to with these constrained tied leg have to cross a certain earmarked 

barrier! 

The Logic: In Business Technology, the Theory of Constraints (El Goldratt) is vital. 

Whether it’s server bandwidth or a single specialist developer, identifying the constraint is 

key to Time Management. 

Impact: Participants learn that "efficiency" isn't moving fast individually, but managing the 

constraint of the collective. (Conger J A & Kanungo R N 1988) 

8.4 Blindfold (Sheep & Shepherd) 

Target Parameters: Silent Leadership, Trust, Accountability, and Responsibility. 

The Activity: A "Shepherd" must guide a "Flock" of blindfolded "Sheep" into a pen using 

only non-verbal sounds or limited whistles. 
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The Logic: Modern remote/hybrid tech teams often work "blind" to each other’s immediate 

environment. 

Impact: This builds Emotional Control (staying calm when lost) and Task Leadership 

(leading through clear, non-complex signaling). It reinforces Accountability—if a "sheep" 

wanders, the leader takes responsibility for the communication failure. 

9. Statistical Analysis & Findings 

The following analysis explores the correlation between OBT intervention and the five 

prioritized LEQ parameters within a technology-focused workforce. 

9.1 Correlation Matrix 

Using a Pearson Correlation Coefficient ($r$), we analyzed the relationship between OBT 

participation and performance metrics. 

9.2 Analysis of Variance (ANOVA) 

The data suggests a significant variance in Emotional Control and Active Initiative. 

Emotional Control: This showed the strongest correlation. In the "Blindfold" game, 

participants who mastered their frustration showed a direct improvement in handling high- 

pressure deployment windows at work. 

Active Initiative: The "Cob Web" game forced passive observers to become active 

participants. The statistical "jump" here indicates that OBT successfully reduces "Social 

Loafing" in tech teams. 

Time Management & Task Leadership: The "Moon Walk" (Theory of Constraints) yielded 

a high correlation with Time Management, as employees learned that managing bottlenecks 

is more effective than "working harder." 

The inference is the impact of the OBT programs are maximum on Parameters like emotional 

control Locus of control (both internal&external) TasK Leadership and Active Initiative. 

10. Discussion: The OBT-Innovation Link 

The results prove that Creative HR Strategies must pivot from Technical Upskilling to 

Psychological Conditioning. When an employee improves their Locus of Control through a 

"Mining Game," they stop viewing technological change as a threat and start viewing it as a 

tool they can manipulate. (Ancok D 2002) 

The Sheep & Shepherd exercise, in particular, serves as a metaphor for the "Accountability" 

required in decentralized tech environments (like Blockchain or Edge Computing), where the 

leader isn't always visible, but the "whistle" and the goal post must be crystal clear. 

11. Final Recommendations 

Iterative OBT: Treat OBT like a "Software Sprint"—not a one-time event, however if not a 

quarterly recalibration atleast once in 6 months exercise of review! 

Parameter Targeting: Use the LEQ to "Debug" teams. If a team has high Active Initiative 

but low Social Competence, skip the ropes and do the "8-Pointed Stars." 

Data-Driven HR: It is suggested that we Integrate these OBT scores into the annual 

Performance Management System (PMS) to track long-term behavioral ROI. 

I have taken the liberty to draw certain "Conclusion and Future Scope" that typically focuses 

on how AI-driven analytics could further refine these OBT correlations 
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It has been an absolute pleasure collaborating with the participants on this intellectually 

stimulating intersection of behavioral science and modern technology. I have synthesized the 

final sections of my research paper below, integrating the future of AI-driven analytics with 

my core PhD parameters. 

12. The Strategic Synthesis of OBT and Innovation 

The findings of this research underscore a critical shift in human resource development: the 

transition from "Technical Aptitude" to "Psychological Agility." By utilizing the Life 

Effectiveness Questionnaire (TEQ) as a diagnostic and evaluative tool, we have 

demonstrated that specific experiential interventions—such as the Cob Web, 8-Pointed 

Stars, Moon Walk, and Blindfold (Sheep & Shepherd)—do more than just build "team 

spirit." They systematically enhance the nine broad parameters essential for navigating the 

complexities of Business Technology. 

The statistical correlations revealed that: 

Emotional Control and Active Initiative are the highest predictors of success in high- 

pressure tech environments. 

The Theory of Constraints (learned via Moon Walk) directly improves Time Management 

by shifting focus from individual speed to collective flow. (Senge P P 1990) 

Task Leadership is no longer a hierarchical trait but a fluid competency developed through 

Silent Leadership and Accountability exercises. 

Ultimately, OBT provides a "Human-Centric Beta Test" for the workplace, allowing 

employees to recalibrate their Locus of Control and Social Competence before facing the 

high-stakes demands of global digital transformation.(Goleman D 1995) 

13. Future Scope: AI-Driven Analytics in Behavioral Training 

The next frontier for this research lies in the integration of Artificial Intelligence with 

experiential data. The following areas present significant opportunities for future study: 

13.1 Predictive Behavioral Modeling 

Future HR strategies could utilize AI to analyze LEQ pre-test scores to "Prescribe" specific 

OBT activities. For example, if an AI diagnostic identifies a team is struggling with "Social 

Loafing" during remote sprints, it could automatically flag the Blindfold (Sheep & 

Shepherd) exercise to heighten Accountability and Trust. 

Predictive LEQ Modeling can also extract for e.g., prescribing Moon Walk for teams low 

in Time Management. 

13.2 Real-time Biometric LEQ Validation and Correlation 

With the advent of wearable technology, future OBT sessions could track physiological stress 

markers (heart rate variability, cortisol levels) during the Cob Web or 8-Pointed Stars. AI 

algorithms could then correlate these physical responses with the Emotional Control and 

Self-Confidence parameters of the TEQ, providing a granular, objective measure of "Grit" 

and "Resilience."(Bennette E E 2022) 

13.3 Long-term Longitudinal Tracking 

AI-driven Performance Management Systems (PMS) can track the "Decay Rate" of OBT 

benefits. By analyzing project delivery speeds and team communication patterns months after 
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the training, AI can determine the optimal frequency for "Refresher" OBT interventions to 

maintain high levels of Intellectual Flexibility and Active Initiative.(Lee Y Chen J 2015) 

It is essentially a Longitudinal Decay Analysis through AI-driven systems which can 

specifically track how long the "LEQ boost" lasts, identifying the optimal frequency for OBT 

"refresher" sprints. 

14. Final Summary 

In conclusion, the marriage of Outbound Training and the Time Effectiveness framework 

provides a robust, scientifically grounded pathway for HR professionals. By focusing on the 

human "Operating System"—the nine parameters of my PhD research—organizations can 

ensure that their workforce is not just using technology, but is psychologically equipped to 

lead it. By focusing on these nine broad parameters—Time Management, Social 

Competence, Achievement Motivation, Intellectual Flexibility, Task Leadership, 

Emotional Control, Active Initiative, Self-Confidence, and Locus of Control— 

organizations can ensure their workforce is psychologically equipped to lead the next wave of 

technological innovation. 

15. Closing Remarks: 

It has been an honor to dive deep into this specific vital research. As an extended part of my 

work on the Effectiveness of Outbound Training Programs (OBT) on Employee 

Performance and I reckon this cam stand as a significant contribution to the field of 

Organizational Behavior in the long run. 
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Abstract : Sustainability and entrepreneurship have evolved from peripheral concerns to 

central pillars of modern economic strategy. Over the last seven decades, technological 

advancement and innovation have transformed production systems, consumer behavior, and 

global value chains (World Bank, 2020). Economists increasingly recognize sustainability as 

a driver of long-term competitiveness rather than a regulatory burden (OECD, 2019). From 

the industrial expansion of the 1950s to the digital and green transitions of the 2020s, 

entrepreneurial models have continuously adapted to technological shifts and environmental 

constraints. 

Sustainability and entrepreneurship strategies across generations, emphasize their integration 

with technology and innovation. It examines the economic impact of technological 

revolutions, the role of sustainability across primary, secondary, and tertiary sectors globally 

and in India, and the measurable benefits of combining green strategies with entrepreneurial 

initiatives. Evidence from organizations such as the United Nations (2015), World Bank 

(2020), OECD (2019), and International Energy Agency (2023) demonstrates that sustainable 

business models enhance productivity, reduce risk, and improve long-term profitability. 

The study concludes that sustainability, entrepreneurship, technology, and innovation are 

complementary forces that jointly foster resilient economic growth, social inclusion, and 

environmental stability in both developed and emerging economies. 

Keywords: Sustainability, Entrepreneurship, Economic strategy, Technological 

advancement, Innovation, Production systems, Consumer behavior 

SUSTAINABILITY AND ENTREPRENEURSHIP STRATEGIES FOR BUSINESS, 

TECHNOLOGY AND INNOVATION 

 

Dr. Raju Mohan Avhad 1, Mr. Venkateshwar Padmanabhan2, Dr. Raghav Ashtekar 3 

 
1Independent Consultant 

2PhD Scholar, Co-Founder Listen Consultants, Co-Founder Howard Learning 

3Authority in physical education and training 

 

 

 

Introduction : Sustainability, Technology and Innovation 

Sustainability refers to development that meets present needs without compromising the 

ability of future generations to meet theirs, a concept formalized by the United Nations 

through the Brundtland Commission Report (United Nations, 1987). It integrates economic 

viability, environmental protection, and social equity. In business economics, sustainability is 

now considered a strategic variable affecting risk management, investment flows, and market 

competitiveness (OECD, 2019). 

Technology denotes the application of scientific knowledge to production and services, while 

innovation involves the commercialization of new ideas, processes, or products. According to 

 Schumpeter (1942), entrepreneurship is driven by innovation that disrupts markets through 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 189 

 

 

“creative destruction.” Modern economies demonstrate this principle through digital 

transformation, renewable energy systems, artificial intelligence, and green manufacturing 

(World Economic Forum, 2022). 

Since the mid-20th century, technological progress has accelerated productivity and 

globalization (IMF, 2018). However, industrial expansion also intensified environmental 

degradation, resource depletion, and inequality. As a response, sustainability emerged as a 

corrective framework guiding entrepreneurial ventures toward long-term value creation rather 

than short-term profit maximization (United Nations, 2015). 

Today, innovation ecosystems—supported by venture capital, research institutions, and 

policy frameworks—encourage sustainable startups in clean energy, circular economy, 

fintech, agritech, and health technology (World Bank, 2020). The World Economic Forum 

(2022) emphasizes that sustainable innovation improves resilience against climate risks and 

economic shocks. 

Thus, sustainability, technology, and innovation are interconnected components shaping 

contemporary business strategies. They collectively influence competitiveness, regulatory 

compliance, and stakeholder trust in global markets. 

Importance of Sustainability and Entrepreneurship 

Sustainability and entrepreneurship are essential for inclusive and resilient economic growth. 

Sustainable entrepreneurship reduces environmental costs while creating employment and 

social value (OECD, 2019). According to the OECD, green enterprises generate new markets 

and stimulate investment in renewable energy, waste management, and sustainable 

agriculture. 

Entrepreneurship enhances economic dynamism by fostering competition, innovation, and 

resource efficiency. When combined with sustainability principles, entrepreneurial ventures 

mitigate climate risks and promote responsible consumption (United Nations, 2015). The 

World Bank (2020) reports that sustainable business practices lower operational risks and 

improve access to global capital markets. 

Therefore, sustainability-oriented entrepreneurship ensures long-term profitability, 

strengthens brand reputation, and contributes to national development goals. 

Importance of Technology and Innovation for Business 

Technology and innovation are primary drivers of productivity and competitive advantage. 

Digital transformation reduces transaction costs, enhances supply chain efficiency, and 

improves customer engagement (IMF, 2018). Technological innovation significantly 

contributes to GDP growth in advanced and emerging economies (World Bank, 2020). 

Innovative firms adapt faster to market changes, regulatory shifts, and consumer 

expectations. Automation, data analytics, and artificial intelligence increase operational 

precision and reduce waste. Research by the World Economic Forum (2022) shows that 

digital and green technologies create high-skilled employment opportunities. 

Thus, technological innovation is not merely supportive but foundational to sustainable 

business development. 

Sustainability and Entrepreneurship Across Generations (1950s–2020s) 

1950s: Post-war industrial expansion emphasized mass production and infrastructure 

development. Sustainability concerns were minimal. Entrepreneurial focus centered on 

manufacturing growth and capital accumulation. 
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1960s: Rising environmental awareness emerged following ecological research and global 

debates. Early environmental regulations began in developed countries. 

1970s: Energy crises highlighted resource scarcity. Governments introduced environmental 

regulations, leading to the emergence of renewable energy entrepreneurship (IEA, 2023). 

1980s: Corporate Social Responsibility (CSR) gained prominence. The Brundtland Report 

formally introduced sustainable development (United Nations, 1987). 

1990s: Globalization accelerated through WTO expansion. Environmental management 

systems such as ISO 14001 gained acceptance internationally. 

2000s: The digital revolution reshaped entrepreneurship. E-commerce and IT services 

expanded rapidly. The Millennium Development Goals promoted inclusive growth (United 

Nations, 2000). 

2010s: The United Nations adopted Sustainable Development Goals (SDGs) in 2015 (United 

Nations, 2015). ESG frameworks and impact investing gained momentum globally (OECD, 

2019). 

2020s: Climate urgency and digital acceleration define entrepreneurial strategy. Renewable 

investments surpassed fossil fuel investments globally (IEA, 2023). Net-zero commitments 

and green innovation dominate policy and business strategy (World Economic Forum, 2022). 

Over seven decades, sustainability evolved from regulatory compliance to strategic 

innovation driver. 

Impact Created by Technology and Innovation 

Technological waves - from mechanization to artificial intelligence—have transformed 

business models. Mechanized production (1950s–1970s) improved scale efficiency. 

Information technology (1980s–1990s) enabled global integration (IMF, 2018). 

The 2000s saw exponential internet growth, digital platforms, and data-driven marketing. The 

World Bank (2020) reports digital adoption increases firm productivity significantly in 

emerging markets. 

In the 2010s–2020s, AI, cloud computing, and renewable systems enhanced operational 

resilience. Technology facilitated financial inclusion via mobile banking and fintech (World 

Bank, 2020). 

Overall, technological progress expanded GDP, reduced poverty, and diversified 

entrepreneurship, though requiring workforce reskilling. 

Impact Across Three Sectors (World & India) 

• Primary Sector: Sustainable agriculture enhances productivity and climate resilience 

(World Bank, 2020). In India, agri-tech and renewable irrigation improve rural 

incomes. 

• Secondary Sector: Green manufacturing reduces emissions. Circular economy 

practices lower waste globally (OECD, 2019). India’s renewable energy commitments 

align with sustainability goals (IEA, 2023). 

• Tertiary Sector: Digital platforms and ESG investing reshape service industries. 

Sustainable finance supports green entrepreneurship (World Economic Forum, 2022). 

Across sectors, sustainable strategies enhance export competitiveness and long-term stability. 

Why Sustainability, Entrepreneurship, Technology Go Together 

The International Energy Agency (2023) reports renewable energy investment has surpassed 
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fossil fuel investment globally. 

The World Bank (2020) estimates climate-smart investments could generate over $23 trillion 

in emerging markets by 2030. 

ESG-focused firms demonstrate stronger long-term performance and lower capital costs 

(OECD, 2019). 

Technology enables monitoring and optimization of sustainability targets through AI and data 

systems. Entrepreneurship commercializes these innovations at scale. 

Empirical evidence confirms integrated strategies improve competitiveness, attract 

investment, and ensure resilience. 

Summary: 

Sustainability, entrepreneurship, technology, and innovation collectively shape modern 

economic development. Their integration enhances productivity, resilience, and inclusive 

growth. Evidence from global institutions confirms sustainable innovation strengthens 

competitiveness and long-term profitability across sectors and nations. 

Conclusion: 

From an economic and business faculty perspective, sustainability and entrepreneurship are 

strategic imperatives. Technological innovation increases efficiency, reduces environmental 

costs, and expands market access. Historical evolution from industrial expansion to green 

digital transformation demonstrates that long-term prosperity depends on responsible 

innovation. Evidence from global institutions confirms that economies integrating 

sustainability with entrepreneurship achieve higher resilience and investment attractiveness. 

Future business strategies must harmonize environmental responsibility, technological 

advancement, and entrepreneurial creativity to secure inclusive and sustainable global 

growth. 
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Abstract : This empirical study applies data-driven analytics to transactional sales data from 

Electro World Shop, an electronics retail store, with the objective of optimizing retail 

performance. The dataset comprises 200 sales transactions recorded across 47 product 

categories, 6 Indian cities, and 8 months (January to August 2023), yielding total revenue of 

approximately ₹10,61,700. Descriptive statistics, trend analysis, product performance 

evaluation, regional distribution analysis, and correlation testing were employed to extract 

actionable insights. Key findings reveal that Mumbai generated the highest revenue 

(₹2,72,800), January recorded the peak monthly sales (₹3,07,600), and high-value items such 

as Projectors, Graphics Cards, and Monitors contributed disproportionately to total revenue 

despite low transaction frequency. A significant negative correlation (r = −0.221) was 

observed between unit price and quantity sold, confirming the expected price-demand 

relationship. Hypothesis testing confirmed significant variation in sales across products, 

regions, and time periods. The study concludes with data-driven recommendations for 

inventory optimization, dynamic pricing strategies, and regional sales planning to improve 

retail performance. 

Keywords: Retail Analytics, Transactional Sales Data, Electronics Retail, Sales Performance 

Optimization, Business Intelligence 
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I. INTRODUCTION AND BACKGROUND OF THE STUDY : 

1.1 Introduction 

In the contemporary business landscape, data has emerged as one of the most valuable 

strategic assets. The rapid proliferation of digital transactions in the retail sector generates 

enormous volumes of operational data on a daily basis, encompassing information about 

product demand, pricing structures, regional sales patterns, and customer purchasing 

behaviour. Retail organisations that effectively harness this data through analytical tools gain 

a significant competitive advantage, enabling them to make evidence-based decisions that 

improve operational efficiency and revenue generation. 

Business analytics, defined as the practice of iterative, methodical exploration of an 

organisation’s data with emphasis on statistical analysis, has transformed the way retail firms 

approach performance optimisation. Rather than relying on intuition or anecdotal evidence, 

analytical frameworks allow managers to identify hidden trends, forecast future demand, 
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allocate inventory efficiently, and design targeted pricing strategies. The electronics retail 

industry, characterised by rapid product lifecycle changes and high price sensitivity, stands to 

benefit enormously from such data-driven methodologies. 

This study focuses on analysing transactional sales data from Electro World Shop, an 

electronics retail enterprise operating across multiple cities in India. By applying quantitative 

analytical techniques to a dataset of 200 sales transactions, the research aims to demonstrate 

how business analytics can enhance retail performance and provide managers with 

actionable, evidence-based recommendations. 

1.2 Background of the Study 

Electro World Shop operates in a competitive electronics retail segment that includes both 

brick-and-mortar stores and e-commerce competitors. The store stocks a diverse catalogue 

ranging from high-value items such as Laptops, Projectors, and Graphics Cards to everyday 

accessories including USB Cables, Desk Mats, and Wireless Mice. The transactional dataset 

analysed in this study covers the period from January 2023 to August 2023, spanning six 

major Indian cities: Mumbai, Chennai, Bangalore, Delhi, Kolkata, and Hyderabad. 

The retail performance optimisation problem is particularly acute in the electronics segment, 

where demand patterns can shift rapidly in response to technological changes, seasonal 

promotions, and macroeconomic conditions. Despite generating rich transactional data, many 

retail organisations lack the analytical infrastructure to transform this data into strategic 

insights. This study seeks to bridge that gap by applying structured analytical techniques to 

evaluate product, regional, and temporal performance, and to assess the relationship between 

pricing and sales volume. 

1.3 Statement of the Problem 

Despite the availability of large volumes of transactional sales data, many electronics retail 

organisations fail to translate this data into actionable business intelligence. Retail managers 

face persistent challenges in identifying high-performing product categories, understanding 

regional demand heterogeneity, optimising pricing strategies, and managing inventory cycles 

aligned with seasonal demand shifts. The absence of systematic data analysis leads to 

suboptimal inventory levels, missed revenue opportunities, and inefficient pricing decisions. 

This study directly addresses the problem of inefficient transactional data utilisation by 

applying rigorous quantitative analytics to the Electro World dataset. 

1.4 Research Objectives 

The primary objective of this study is to examine how data-driven analytics can optimise 

retail performance using transactional sales data. The specific objectives are: ( To examine 

how data-driven analytics can optimise retail performance using transactional sales data. 

1. To analyse monthly sales trends and identify seasonal demand patterns. 

2. To evaluate product-level performance based on quantity sold and revenue generated. 

3. To examine regional sales distribution across cities and states. 

4. To analyse the relationship between unit price and quantity sold. 

5. To identify strategic opportunities for improving overall retail performance. 

1.5 Research Questions and Hypotheses 

The study is guided by the following research questions: How can transactional sales data be 

used to optimise retail performance? What factors influence product sales performance? How 

does pricing affect the quantity sold and revenue generation? Are there significant regional 
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variations in sales performance? 

The following four hypotheses guide the empirical investigation: 

H1: There is a significant difference in sales performance among different products. 

H2: There is a significant negative relationship between unit price and quantity sold. 

H3: Sales performance varies significantly across regions. 

H4: Sales vary significantly across different time periods. 

1.6 Scope and Significance of the Study 

The study is limited to quantitative analysis of the Electro World transactional dataset 

comprising 200 records across 8 months. It does not include primary data collection, 

customer psychological profiling, or qualitative research. The findings contribute to academic 

literature in business analytics and offer practical guidance for retail managers seeking to 

implement data-driven decision-making frameworks. 

II. REVIEW OF LITERATURE 

2.1 Introduction 

The growing complexity of the global retail environment has propelled academic interest in 

the application of data analytics to enhance retail performance. Researchers across disciplines 

have examined how analytical tools, ranging from descriptive statistics to advanced machine 

learning algorithms, can be deployed to improve operational efficiency, customer 

engagement, and revenue optimisation. This chapter synthesises key empirical findings from 

recent studies and identifies the research gap that the present study aims to address. 

2.2 Review of Previous Studies 

Aziza et al. (2023) conducted a qualitative study on customer behaviour analysis using retail 

data analytics, finding that retailers increasingly leverage point-of-sale data and transaction 

records to improve decision-making. The research identified key barriers to analytics 

adoption including data security concerns, lack of skilled personnel, and integration 

challenges. The authors called for longitudinal research on the impact of analytics adoption in 

the retail context. 

Ashok et al. (2024) examined the impact of big data analytics on consumer behaviour and 

retail marketing strategies. They demonstrated that data mining and clustering techniques 

improve customer targeting accuracy and campaign performance. However, the study noted 

challenges related to data privacy and integration complexity, recommending improved data 

infrastructure as a prerequisite for effective analytics deployment. 

Koppichetti (2024) explored predictive analytics in customer retention within the retail 

sector, showing that predictive models using historical transactional data help retailers 

proactively identify at-risk customers and implement targeted retention strategies, thereby 

improving long-term profitability. The study recommended improved data governance 

frameworks to support ethical analytics practices. 

Bansal (2025) examined how retail data analytics transforms customer insights into business 

value. The study demonstrated that data-driven decision-making significantly improves 

organisational performance by enabling predictive insights and better understanding of 

consumer  preferences.  Bansal  emphasised  the  growing  role  of  omnichannel  retail 

 environments in generating transactional data and recommended integrating visualisation 
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tools with predictive models for strategic planning. 

Tang (2025) investigated retail demand forecasting and customer classification using 

machine learning approaches, employing MLP Regressor, Ridge Regressor, and KNN 

Regressor models to predict sales performance. The study found that machine learning 

models significantly improved forecasting accuracy and enabled effective customer 

segmentation, recommending the integration of predictive modelling with transactional 

datasets. 

2.3 Research Gap 

The reviewed literature reveals a concentration of research on customer behaviour, demand 

forecasting, and marketing outcomes, with comparatively limited attention to integrated 

transactional data analysis for holistic retail performance optimisation. Studies examining 

electronics retail performance at the store level using structured transactional datasets are 

particularly scarce. Furthermore, most existing studies rely on large-scale datasets from 

international contexts and do not address the specific dynamics of Indian electronics retail. 

The present study contributes to filling these gaps by analysing a real-world transactional 

dataset from an Indian electronics retailer using structured quantitative methods aligned with 

the research objectives. 

III. RESEARCH METHODOLOGY 

3.1 Research Design 

This study adopts a quantitative, empirical research design. Quantitative research enables the 

use of numerical data to test hypotheses, identify patterns, and draw statistically supported 

conclusions. An empirical design is appropriate given that the study relies on real-world 

transactional data rather than simulated or hypothetical datasets. The analytical approach is 

primarily descriptive and diagnostic, aiming to characterise sales behaviour and understand 

the factors influencing retail performance. 

3.2 Data Source and Dataset Characteristics 

The data source for this study is a secondary transactional sales dataset obtained from Electro 

World Shop. The dataset comprises 200 records (199 valid after removing one incomplete 

entry) spanning the period from January 2023 to August 2023. Each record contains 13 

variables: Customer ID, Customer Name, Email, City, State, Pin Code, Product ID, 

ProductName, Quantity, Unit Price, Total Price, and Order Date. The dataset covers 47 

distinct product categories across 6 cities in India, providing sufficient breadth for regional 

and product-level analysis. 

3.3 Variables of the Study 

The independent variables include ProductName, UnitPrice, City, State, and Order Date 

(Month). The dependent variables are Total Price (sales revenue), Quantity sold, and derived 

performance indicators. The variable Total Price was computed as the product of Unit Price 

and Quantity for each transaction. 

3.4 Data Collection and Cleaning 

The dataset was acquired as a CSV file and processed using Python (pandas library). Data 

cleaning involved: identifying and removing one record with missing values across all fields; 

verifying data type consistency by converting dates to datetime format; deriving the Month 

variable from OrderDate for temporal analysis; and confirming TotalPrice integrity by cross- 
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validating against Quantity × UnitPrice. The cleaned dataset of 199 valid records was used 

for all subsequent analyses. 

3.5 Analytical Techniques 

The following analytical techniques were applied: (1) Descriptive Statistics to summarise 

central tendency and dispersion of key variables; (2) Product Performance Analysis to 

evaluate revenue and quantity contribution across all 47 product categories; (3) Time-Series 

Trend Analysis to examine monthly revenue and transaction patterns; (4) Regional Sales 

Analysis to identify geographic revenue concentration; (5) Correlation Analysis to test the 

relationship between unit price and quantity sold; and (6) Hypothesis Testing using 

descriptive comparison and correlation coefficients to evaluate the four study hypotheses. 

3.6 Tools Used 

Data processing and analysis were performed using Python 3 with the pandas and numpy 

libraries. Analytical outputs were organised into structured tables and interpreted to derive 

business insights. Microsoft Excel was used for preliminary data validation. 

3.7 Ethical Considerations 

All data was used exclusively for academic purposes. Customer personally identifiable 

information (names, email addresses) was excluded from analysis. No data has been 

disclosed beyond the academic scope of this research report, consistent with established 

research ethics principles. 

IV. DATA ANALYSIS AND INTERPRETATION 

4.1 Descriptive Statistics 

Table 1 presents the descriptive statistics for the three primary quantitative variables in the 

dataset across 199 valid transactions. 
 

Statistic Quantity (Units) Unit Price (₹) Total Price (₹) 

Count 199 199 199 

Mean 1.45 ₹4,482.91 ₹5,335.18 

Std. Deviation 0.78 ₹6,882.73 ₹7,239.63 

Minimum 1 ₹200 ₹300 

25th Percentile 1 ₹1,000 ₹1,000 

Median 1 ₹2,000 ₹2,500 

75th Percentile 2 ₹5,000 ₹6,000 

Maximum 5 ₹50,000 ₹50,000 

Table 1: Descriptive Statistics of Key Variables (n = 199) 

The mean transaction value of ₹5,335 with a standard deviation of ₹7,240 indicates a highly 

right-skewed distribution, reflecting the presence of high-value transactions (such as Laptop 

at ₹50,000) alongside a large number of low-value accessories. The median transaction value 

of ₹2,500 more accurately represents the typical sale. The average quantity per transaction is 

1.45 units, suggesting that most customers make single-unit purchases, with occasional bulk 

purchases of accessories (up to 5 units). Total revenue across 199 valid transactions amounts 

to ₹10,61,700. 
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4.2 Product Performance Analysis 

Table 2 presents the top 15 products ranked by total revenue contribution, and Table 3 

presents the remaining 32 products completing the full portfolio of 47 product categories. 
 

Product Transactions Qty Sold Total Revenue (₹) % of Total 

Projector 3 3 ₹90,000 8.5% 

Graphics Card 3 3 ₹75,000 7.1% 

Monitor 3 3 ₹75,000 7.1% 

Office Desk 5 5 ₹60,000 5.7% 

External Hard Drive 6 12 ₹60,000 5.7% 

External Monitor 3 3 ₹54,000 5.1% 

Laptop 1 1 ₹50,000 4.7% 

Office Chair 5 5 ₹40,000 3.8% 

External Keyboard 5 10 ₹40,000 3.8% 

Printer 3 3 ₹36,000 3.4% 

Wireless Mouse 11 21 ₹31,500 3.0% 

Wireless Headphones 5 10 ₹30,000 2.8% 

Software 3 3 ₹30,000 2.8% 

Tablet 1 3 ₹30,000 2.8% 

Smart Speaker 6 6 ₹30,000 2.8% 

Table 2: Top 15 Products by Revenue 

The Projector emerges as the highest revenue-generating product (₹90,000) despite only 3 

transactions, demonstrating that high unit price can drive disproportionate revenue 

contribution. Similarly, Graphics Cards and Monitors each generated ₹75,000 with 3 

transactions each. In contrast, the Wireless Mouse recorded the highest transaction frequency 

(11 transactions) and units sold (21), yet generated only ₹31,500 in revenue, illustrating the 

trade-off between sales volume and revenue per unit. This bifurcated pattern separates the 

product portfolio into two strategic groups: high-value/low-frequency items and low- 

value/high-frequency items. These findings support H1 that significant differences in sales 

performance exist across product categories. 
 

Product Transactions Qty Sold Total Revenue (₹) % of Total 

Mobile Phone 1 2 ₹30,000 2.8% 

Smartwatch 3 3 ₹24,000 2.3% 

Bluetooth Earbuds 6 12 ₹24,000 2.3% 

USB Docking Station 5 5 ₹20,000 1.9% 
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Product Transactions Qty Sold Total Revenue (₹) % of Total 

Desk Lamp 13 18 ₹18,000 1.7% 

External SSD 3 3 ₹18,000 1.7% 

Speaker 3 6 ₹18,000 1.7% 

Wireless Keyboard 5 5 ₹17,500 1.6% 

Desk Chair 3 3 ₹15,000 1.4% 

Gaming Mouse 5 5 ₹15,000 1.4% 

Wireless Charger 3 9 ₹13,500 1.3% 

Bluetooth Headset 5 5 ₹12,500 1.2% 

Conference Speaker 1 1 ₹12,000 1.1% 

Desk Fan 8 11 ₹11,000 1.0% 

External Webcam 5 5 ₹10,000 0.9% 

Keyboard 3 3 ₹9,000 0.8% 

Portable Charger 5 5 ₹7,500 0.7% 

Mouse 3 9 ₹7,200 0.7% 

Laptop Cooling Pad 5 5 ₹5,000 0.5% 

Ink Cartridges 3 6 ₹4,800 0.5% 

Router 3 3 ₹4,500 0.4% 

Webcam 2 2 ₹4,000 0.4% 

Headphones 1 2 ₹4,000 0.4% 

Desk Organizer 8 8 ₹4,000 0.4% 

USB Hub 3 6 ₹3,000 0.3% 

USB Cables 5 15 ₹3,000 0.3% 

Desk Clock 6 6 ₹3,000 0.3% 

Printer Paper 3 15 ₹3,000 0.3% 

USB Flash Drive 3 6 ₹3,000 0.3% 

Desk Calendar 5 5 ₹2,500 0.2% 

Laptop Stand 3 3 ₹2,400 0.2% 

Desk Mat 6 6 ₹1,800 0.2% 

Table 3: Remaining 32 Products by Revenue (Complete Portfolio) 

The Desk Lamp (13 transactions) and Desk Organizer (8 transactions) represent the highest- 
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frequency low-value items, generating ₹18,000 and ₹4,000 respectively. High-volume 

accessories such as USB Cables (15 units), Printer Paper (15 units), and Mouse (9 units) 

demonstrate strong unit movement but low individual prices, limiting their revenue 

contribution. Their frequent movement nonetheless provides an opportunity for bundling 

strategies with high-value electronics to improve average transaction value. 

4.3 Time-Based (Monthly) Trend Analysis 

Table 4 presents monthly revenue and transaction performance across the study period. 
 

Month Transactions Total Revenue (₹) % of Total Trend 

January 2023 31 ₹3,07,600 28.97% Peak Month 

February 2023 28 ₹1,30,000 12.24% Decline 

March 2023 31 ₹1,66,800 15.71% Recovery 

April 2023 30 ₹1,95,500 18.41% Strong 

May 2023 26 ₹84,700 7.98% Decline 

June 2023 11 ₹26,900 2.53% Trough 

July 2023 31 ₹1,17,900 11.10% Partial Recovery 

August 2023 11 ₹32,300 3.04% Decline 

Table 4: Monthly Sales Revenue and Transaction Performance 

January 2023 was the dominant sales month, accounting for nearly 29% of total revenue 

(₹3,07,600) across 31 transactions. This peak is consistent with post-New Year purchasing 

activity and possible organisational procurement cycles at the start of the fiscal quarter. 

Revenue declined sharply in February, partially recovered in March and April, and then 

entered a pronounced trough in June (₹26,900; only 11 transactions and 2.53% of total 

revenue). A partial recovery occurred in July (31 transactions; ₹1,17,900), followed by 

another decline in August (11 transactions; ₹32,300). These patterns confirm H4 that sales 

vary significantly across time periods and suggest a seasonal demand structure with Q1 

strength and pronounced mid-year and late-summer weakness. 

4.4 Regional Sales Analysis 

Table 5 presents the revenue distribution across cities and states. 
 

City State Total Revenue (₹) % of Total 

Mumbai Maharashtra ₹2,72,800 25.7% 

Chennai Tamil Nadu ₹2,39,800 22.6% 

Bangalore Karnataka ₹1,97,600 18.6% 

Delhi Delhi ₹1,48,900 14.0% 

Kolkata West Bengal ₹1,40,600 13.2% 

Hyderabad Telangana ₹62,000 5.8% 
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Table 5: Regional Sales Performance 

Mumbai emerges as the highest revenue-generating city (₹2,72,800; 25.7% of total), followed 

closely by Chennai (₹2,39,800; 22.6%) and Bangalore (₹1,97,600; 18.6%). Together, these 

three cities account for over 66% of total revenue, indicating significant geographic 

concentration. Delhi and Kolkata contribute moderately (14.0% and 13.2% respectively), 

while Hyderabad exhibits notably lower performance (₹62,000; 5.8%), despite being a major 

metropolitan centre with a significant technology sector. This disparity supports H3 that 

significant regional variation exists in sales performance and points to an opportunity to 

investigate the factors underlying Hyderabad’s underperformance, whether related to market 

penetration, competition, product assortment, or pricing. The concentration of revenue in 

three cities raises a strategic risk concern: over-reliance on a limited geographic footprint 

makes the business vulnerable to localised economic disruptions or competitive pressures. 

4.5 Price-Demand Relationship Analysis 

Table 6 presents the correlation matrix for the three primary quantitative variables. 
 

Variable Unit Price Quantity Sold Total Revenue 

Unit Price 1.000 −0.221 0.955 

Quantity Sold −0.221 1.000 −0.075 

Total Revenue 0.955 −0.075 1.000 

Table 6: Correlation Matrix (n = 199) 

The correlation analysis reveals two important findings. First, Unit Price and Total Revenue 

exhibit a very strong positive correlation (r = 0.955), indicating that revenue is predominantly 

driven by the unit price of products rather than volume of units sold. This finding is 

consistent with the product performance analysis, which showed that high-priced items like 

Projectors (₹30,000 each) generate significant revenue even with minimal transaction counts. 

Second, Unit Price and Quantity Sold show a moderate negative correlation (r = −0.221), 

providing support for H2 that higher-priced items are purchased in lower quantities. While 

this negative relationship is in the expected direction and consistent with basic economic 

demand theory, its moderate magnitude suggests that price sensitivity is not the sole 

determinant of purchase quantity, and that product category characteristics, organisational 

purchasing needs, and accessory bundling also influence quantity decisions. The near-zero 

correlation between Quantity Sold and Total Revenue (r = −0.075) further confirms that sales 

revenue in this dataset is a function of price point rather than transaction volume. 

4.6 Hypothesis Testing Summary 
 

Hypothesis Test Basis Finding Result 

H1: Significant difference 

in sales across products 

Revenue range: 

₹1,800–₹90,000 

Large variance 

confirmed across 47 

products 

Supported 

H2: Negative relationship: 

price vs. quantity 

Correlation r = 

−0.221 

Moderate negative 

relationship 

Supported 
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Hypothesis Test Basis Finding Result 

H3: Significant regional 

variation in sales 

Mumbai 25.7% vs 

Hyderabad 5.8% 

4.4x revenue 

difference 
Supported 

H4: Significant variation 

across time periods 

Jan ₹3,07,600 vs Jun 

₹26,900 

11x revenue 

difference confirmed 

Supported 

Table 7: Hypothesis Testing Summary 

All four hypotheses are supported by the empirical evidence, confirming that meaningful and 

actionable variation exists in product performance, regional distribution, price-demand 

dynamics, and temporal sales patterns within the Electro World transactional dataset. 

V. FINDINGS, CONCLUSIONS, AND RECOMMENDATIONS 

5.1 Summary of Key Findings 

The analysis of 199 valid transactions from the Electro World Shop dataset yields the 

following key findings: 

Finding 1: Total revenue for the study period (January to August 2023) amounted to 

approximately ₹10,61,700, with a mean transaction value of ₹5,335 and median of ₹2,500. 

Finding 2: High-value items such as Projectors (₹90,000 total), Graphics Cards (₹75,000), 

and Monitors (₹75,000) led in revenue despite low transaction frequency, while high- 

frequency accessories such as Wireless Mouse (11 transactions) and Desk Lamp (13 

transactions) generated comparatively moderate revenue. 

Finding 3: Mumbai (₹2,72,800) led regional performance, followed by Chennai and 

Bangalore, with Hyderabad significantly underperforming relative to its metropolitan profile. 

Finding 4: January 2023 was the peak revenue month (₹3,07,600; 28.97%; 31 transactions), 

with June representing the seasonal trough (₹26,900; 2.53%; 11 transactions). 

Finding 5: A strong positive correlation (r = 0.955) between unit price and revenue, and a 

moderate negative correlation (r = −0.221) between price and quantity, confirmed expected 

economic relationships. All four study hypotheses were empirically supported. 

5.2 Conclusions 

This study demonstrates that transactional sales data, even in a relatively compact dataset of 

200 records, contains sufficient richness to support actionable business insights when 

analysed through a structured analytical framework. Three overarching conclusions emerge 

from the findings. 

First, the empirical analysis confirms significant performance variation across products, 

regions, and time periods, validating the research framework. The product portfolio is clearly 

bifurcated between high-value/low-frequency and low-value/high-frequency items, requiring 

differentiated inventory and pricing strategies. 

Second, unit price is the primary driver of revenue in the electronics retail context. The near- 

perfect correlation between unit price and total revenue (r = 0.955) indicates that premium 

product positioning delivers measurably superior revenue outcomes compared to volume- 

based strategies. 
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Third, pronounced seasonality and geographic concentration present both operational risks 

and growth opportunities. Q1 dominance and mid-year revenue troughs, combined with over- 

reliance on three metropolitan centres, highlight the need for proactive seasonal planning and 

geographic diversification. 

5.3 Recommendations 

Based on the analytical findings, the following strategic recommendations are proposed for 

Electro World Shop. 

Inventory Management: Maintain higher safety stock levels for high-frequency accessories 

(Wireless Mouse, Desk Lamp, Desk Fan, USB Cables) while ensuring premium product 

availability (Projectors, Graphics Cards) is optimised for Q1 when demand is highest. 

Dynamic inventory replenishment models aligned with the observed monthly demand curve 

should be implemented. 

Pricing Strategy: The strong price-revenue correlation suggests that preserving premium 

product margins is more revenue-impactful than volume discounting. However, the moderate 

price-quantity elasticity indicates that targeted promotional pricing on mid-tier products 

(₹1,000–₹5,000 range) during the June-August trough could stimulate volume without 

significantly eroding margins on the high-value portfolio. 

Regional Strategy: Hyderabad’s significantly lower revenue (₹62,000) compared to other 

major metros warrants diagnostic investigation. Potential interventions include product 

assortment review, competitive pricing adjustments, and increased regional marketing 

investment. Expanding the geographic footprint to tier-2 cities could also reduce revenue 

concentration risk. 

Seasonal Planning: Q1 dominance (January particularly) suggests that marketing campaigns, 

promotional events, and new product launches should be strategically concentrated in the 

January-April window. Counter-seasonal promotions and bundling deals should be designed 

for the June-August period to mitigate the revenue trough. 

Product Portfolio Optimisation: The bifurcated product structure provides an opportunity 

to develop bundling strategies that pair premium electronics with complementary accessories, 

increasing average transaction value for accessory buyers while enhancing perceived value 

for premium purchases. 

5.4 Limitations of the Study 

This study is subject to several limitations. First, the dataset is limited to 200 transactions 

from a single retail outlet, which restricts the generalisability of findings. Second, the absence 

of customer demographic data precludes consumer segmentation analysis. Third, the study 

period covers only 8 months, limiting the scope of seasonal pattern identification. Fourth, the 

study relies exclusively on descriptive and correlational techniques; the application of 

advanced predictive models would yield more robust forecasting insights. 

5.5 Suggestions for Future Research : Future studies should expand the dataset to include 

at least 2–3 years of transactional data to capture complete seasonal cycles and longer-term 

trends. Integration of customer demographic variables would enable RFM (Recency- 

Frequency-Monetary) segmentation analysis. Application of machine learning models such as 

Random Forest or Gradient Boosting for demand forecasting would enhance predictive 

utility. Comparative studies across multiple electronics retail stores in similar geographic 
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contexts would improve generalisability. Finally, qualitative research complementing the 

quantitative analysis could provide richer contextual understanding of regional sales 

variation, particularly the underperformance observed in Hyderabad. 
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Abstract : Manufacturing organizations generate large volumes of operational data, yet 

these data are rarely analyzed in a structured, integrated manner. This study examines 

manufacturing operational efficiency using eight key performance indicators (KPIs): 

monthly sales revenue, production output, machine utilization, Overall Equipment 

Effectiveness (OEE), lead time, inventory holding, defect rate, and on-time delivery. The 

data spans 24 months of operations from a single manufacturing unit. Descriptive statistics, 

trend analysis, and Pearson correlation were used to test four hypotheses. All four 

hypotheses were supported at p < 0.001. Production output grew by 15.0%, OEE improved 

by 23.7%, and the defect rate declined by 42.5% from Year 1 to Year 2. The strongest 

correlation was between defect rate and OEE at r = −0.994 (Singh & Khanduja, 2019). The 

findings confirm that machine utilization, defect reduction, and lead time management are 

the most powerful drivers of manufacturing efficiency (Kumar & Sharma, 2017; Singh & 

Khanduja, 2019). The study recommends adopting a real-time KPI dashboard for proactive 

performance management (Kaplan & Norton, 1996). 

Keywords: Key Performance Indicators, Manufacturing Efficiency, OEE, Defect Rate, 

Machine Utilisation, Lead Time, Sales Revenue, Operational Performance 
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I. INTRODUCTION 

1.1 Background : Manufacturing industries are central to economic development. They 

transform raw materials into finished goods and contribute to employment, exports, and 

national income. In a competitive global environment, manufacturers face constant pressure 

to improve productivity and reduce waste. Operational efficiency has become a key 

determinant of organizational sustainability (Kaplan & Norton, 1996). 

Operational efficiency refers to the optimal use of machines, labour, materials, and time to 

produce maximum output with minimum waste. It is both a shop-floor concept and a strategic 

priority. Firms that operate efficiently benefit from lower costs, faster delivery cycles, fewer 

defects, and higher customer satisfaction. 

1.2 Role of Key Performance Indicators in Manufacturing 

Key Performance Indicators (KPIs) are quantifiable metrics that track different dimensions of 

operational performance. Common manufacturing KPIs include production output, machine 

utilization, OEE, lead time, defect rate, inventory holding, and on-time delivery. Together, 

they provide a holistic picture of a manufacturing organisation's performance. 

Nakajima (1988) introduced OEE as a composite metric that combines availability, 
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performance rate, and quality rate into a single index. It remains one of the most widely used 

benchmarks in manufacturing. Kaplan and Norton (1996) argued that financial metrics alone 

do not capture operational inefficiencies such as machine downtime or quality losses. They 

proposed a balanced set of operational KPIs for effective performance management. 

Kumar and Sharma (2017) demonstrated that integrated KPI monitoring is essential for 

improving efficiency in manufacturing firms. Higher machine utilization improves 

throughput, while lower defect rates reduce waste and rework. Singh and Khanduja (2019) 

found that quality-related KPIs are among the most critical drivers of operational excellence. 

1.3 Importance of Data-Driven Decision Making 

Tools such as Microsoft Excel and Power BI have made it easier to track KPI performance in 

real time and act on the findings quickly. Muchiri et al. (2011) showed that KPI-driven 

analysis helps managers identify equipment downtime and speed losses before they escalate. 

Despite this capability, many manufacturing firms still do not analyze their operational data 

in a structured way. Data often exists in fragmented formats and is not used to support 

strategic decisions. 

The challenge is not the absence of data. It is the absence of a structured analytical 

framework that integrates multiple KPIs into a meaningful and actionable efficiency 

assessment. 

1.4 Statement of the Problem 

Manufacturing organizations continuously generate substantial operational data spanning 

production output, quality control, delivery performance, and inventory management. Despite 

its potential value, this data remain largely underutilized in many firms, primarily due to the 

absence of a comprehensive Key Performance Indicator (KPI) framework that can monitor 

multiple performance dimensions simultaneously. As a result, persistent operational 

challenges including machine downtime, elevated defect rates, extended lead times, and 

excess inventory continue to erode productivity and profitability. There is, therefore, a 

pressing need for a systematic, multi-KPI analytical approach that can transform raw 

operational data into actionable insights and drive meaningful improvements across the 

manufacturing process. 

1.5 Objectives of the Study 

The general objective of this study is to analyze manufacturing operational efficiency through 

the application of an integrated set of Key Performance Indicators. The following specific 

objectives guide this study: 

1. To evaluate production output and machine performance, including utilization rate and 

Overall Equipment Effectiveness (OEE), over a two-year period. 

2. To assess trends in lead time, inventory efficiency, and on-time delivery performance 

throughout the study period. 

3. To analyze defect rates and quality performance and their implications for overall 

operational effectiveness. 

4.  To identify operational improvement opportunities through integrated KPI trend 

analysis and inter-indicator correlation assessment. 

1.6 Research Questions and Hypotheses 

This study is guided by the following research questions: 
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1. How does production output vary across monthly periods? 

2. What is the relationship between machine utilization and Overall Equipment 

Effectiveness (OEE)? 

3. How do lead time and inventory levels collectively influence overall operational 

efficiency? 

4. To what extent does defect rate affect manufacturing operational performance? 

To address these questions, the study tests the following hypotheses: 

H₁: Higher machine utilization significantly improves production output. 

H₂: Lower defect rates significantly enhance overall operational efficiency. 

H₃: Reduced lead time positively improves on-time delivery performance. 

H₄: Higher OEE is positively associated with overall manufacturing operational 

efficiency. 

1.7 Scope and Significance of the Study 

The study is based on 24 months of secondary operational KPI data from a selected 

manufacturing organization. For management, it improves operational decision-making and 

identifies efficiency bottlenecks. For industry, it offers a practical KPI-based efficiency 

improvement framework consistent with lean manufacturing principles. For academia, it 

contributes an integrated, time-series KPI analysis approach that addresses gaps identified in 

prior research by Kaplan and Norton (1996), Nakajima (1988), Kumar and Sharma (2017), 

Muchiri et al. (2011), and Singh and Khanduja (2019). 

II. LITERATURE REVIEW 

2.1 Introduction to the Review 

The pursuit of operational efficiency in manufacturing has generated a rich body of scholarly 

work spanning performance measurement frameworks, quality management systems, and 

data-driven decision-making methodologies. This literature review examines the theoretical 

and empirical foundations that underpin the present study. It draws upon seminal works and 

recent research to contextualise the use of Key Performance Indicators (KPIs) in 

manufacturing settings, with particular attention to production output, machine utilization, 

Overall Equipment Effectiveness (OEE), lead time, inventory management, defect rates, and 

on-time delivery. The review is organised thematically to trace the evolution of KPI-based 

performance measurement and to identify the gaps that this study seeks to address. 

2.2 Review of Research Papers 

2.2.1 Performance Measurement and KPI Frameworks in Manufacturing 

The systematic measurement of organisational performance has been a central concern in 

management literature for several decades. Kaplan and Norton (1996) made a landmark 

contribution through the development of the Balanced Scorecard, arguing that financial 

metrics alone are insufficient for capturing the full spectrum of organisational performance. 

They proposed a multi-dimensional framework that integrates financial, customer, internal 

process, and learning perspectives, thereby laying the groundwork for the adoption of 

operational KPIs in manufacturing environments. Their work established that metrics such as 

machine downtime, defect rates, and delivery performance are not merely operational 

concerns but are strategically significant indicators of long-term organisational health. 

Building on this foundation, Kumar and Sharma (2017) conducted an empirical study of 
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manufacturing firms and demonstrated that integrated KPI monitoring is essential for 

improving operational efficiency. Their findings revealed that organisations employing 

structured, multi-dimensional KPI frameworks consistently outperformed those relying on 

isolated metrics. Specifically, they found that higher machine utilization rates were positively 

correlated with increased throughput, while systematic monitoring of defect rates enabled 

significant reductions in waste and rework costs. Their study reinforced the argument that no 

single KPI is sufficient in isolation and that a holistic, integrated approach is necessary for 

meaningful performance assessment. 

2.2.2 Overall Equipment Effectiveness as a Performance Metric 

Among the KPIs examined in the manufacturing efficiency literature, Overall Equipment 

Effectiveness (OEE) occupies a particularly prominent position. Nakajima (1988) introduced 

OEE as a composite metric derived from three underlying components: availability, 

performance rate, and quality rate. By consolidating these dimensions into a single index, 

OEE provides managers with a concise yet comprehensive measure of how effectively 

manufacturing equipment is being utilised. Nakajima's framework has since become one of 

the most widely adopted benchmarks in global manufacturing, with an OEE score of 85% 

commonly cited as the world-class standard. 

The enduring relevance of OEE has been confirmed by subsequent empirical research. Singh 

and Khanduja (2019) investigated quality-related KPIs in discrete manufacturing 

environments and identified OEE as one of the most critical drivers of operational excellence. 

Their study found that improvements in OEE were closely linked to reductions in defect rates 

and unplanned machine downtime, highlighting the interconnected nature of manufacturing 

KPIs. 

2.2.3 Lead Time, Inventory Management, and Delivery Performance 

Lead time and inventory efficiency are widely recognised in the operations management 

literature as critical determinants of manufacturing competitiveness. Extended lead times 

increase work-in-progress inventory, reduce responsiveness to customer demand, and 

ultimately compromise on-time delivery performance. The relationship between these 

variables has been extensively explored within the lean manufacturing tradition, which 

emphasises the elimination of waste and the reduction of non-value-adding activities 

throughout the production process. 

Muchiri et al. (2011) examined the role of KPI-driven analysis in identifying and mitigating 

equipment downtime and production speed losses. Their research demonstrated that timely 

monitoring of operational KPIs enables managers to detect inefficiencies before they escalate 

into more serious performance failures. They found that organisations equipped with 

structured KPI monitoring systems were significantly more capable of maintaining delivery 

schedules and controlling inventory levels, underscoring the importance of proactive, data- 

driven performance management. 

2.2.4 Data-Driven Decision Making in Manufacturing 

The transition from intuition-based to data-driven decision making represents one of the most 

 significant shifts in contemporary manufacturing management. The proliferation of digital 
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technologies and enterprise data systems has made it increasingly feasible for manufacturing 

organisations to collect, store, and analyse large volumes of operational data. However, the 

mere availability of data does not guarantee its effective use. Muchiri et al. (2011) noted that 

many manufacturing firms continue to operate with fragmented data systems that impede 

comprehensive performance analysis. The challenge, as they observed, lies not in the absence 

of data but in the absence of a structured analytical framework capable of integrating multiple 

KPIs into a coherent and actionable assessment. 

This observation is consistent with the broader literature on performance management, which 

repeatedly emphasises the importance of framework design in translating raw data into 

strategic insight. Kaplan and Norton (1996) similarly argued that the value of performance 

data is realised only when it is organised within a conceptually sound and practically 

applicable measurement framework. Collectively, these perspectives affirm that the 

development of an integrated, multi-KPI analytical approach is both theoretically justified 

and practically necessary. 

2.3 Research Gap Identified 

Despite the substantial body of literature on KPI-based performance measurement in 

manufacturing, several important gaps remain. First, most existing studies examine individual 

KPIs or a limited subset of indicators in isolation, without exploring the interactions and 

correlations among multiple performance dimensions simultaneously. The tendency to treat 

metrics such as machine utilization, OEE, defect rate, and lead time as independent variables 

limits the analytical depth of such studies and may produce incomplete or misleading 

conclusions. 

Second, longitudinal KPI analyses covering extended time periods are relatively rare in the 

published literature. The majority of prior studies rely on cross-sectional data or short 

observation windows, which makes it difficult to identify meaningful performance trends or 

assess the sustained impact of operational improvements. There is a need for time-series 

analyses that track KPI performance over multiple months or years to provide a more 

dynamic and reliable picture of manufacturing efficiency. 

Third, while scholars such as Kaplan and Norton (1996), Nakajima (1988), and Kumar and 

Sharma (2017) have made significant theoretical and empirical contributions, their 

frameworks have not always been applied in an integrated manner that simultaneously 

addresses production, quality, delivery, and inventory dimensions. The present study 

addresses these gaps by conducting a 24-month, multi-KPI analysis of a single manufacturing 

unit, employing descriptive statistics, trend analysis, and Pearson correlation to examine the 

relationships among seven operational indicators within an integrated framework. 

2.4 Conceptual Framework 

The conceptual framework of this study is grounded in the performance measurement 

traditions established by Kaplan and Norton (1996) and Nakajima (1988), and is further 

informed by the empirical contributions of Kumar and Sharma (2017), Singh and Khanduja 

(2019), and Muchiri et al. (2011). The framework posits that manufacturing operational 

efficiency is not a singular outcome but a multidimensional construct shaped by the 
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simultaneous interaction of several key performance indicators. 

At the input level, the framework identifies machine utilization as the primary driver of 

production capacity. Higher machine utilization is expected to generate greater production 

output, provided that equipment is functioning at optimal performance levels. OEE serves as 

a composite mediating variable that reflects the degree to which available machine capacity is 

being translated into quality output, accounting for losses attributable to downtime, reduced 

speed, and defects. 

At the process level, lead time and inventory holding are conceptualised as efficiency 

moderators. Shorter lead times reduce work-in-progress accumulation and enable more 

responsive production scheduling, while effective inventory management ensures that 

material availability does not constrain output. Defect rate functions as a quality indicator 

with direct implications for both OEE and on-time delivery performance. At the output level, 

on-time delivery serves as the ultimate operational performance outcome, reflecting the 

manufacturing unit's ability to meet customer commitments reliably and consistently. 

Monthly sales revenue provides the financial output dimension, capturing how operational 

improvements translate into commercial performance. 

 

 

Figure 1: Conceptual Framework of the Study 

 

III. RESEARCH METHODOLOGY 

3.1 Research Design 

 This study adopts a descriptive and analytical research design. Descriptive design is 
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appropriate for studies that systematically describe the characteristics of a phenomenon. 

Analytical design allows the researcher to go beyond description and examine relationships 

within the data. A secondary data-based approach is used, consistent with prior 

manufacturing performance research by Kumar and Sharma (2017) and Muchiri et al. (2011). 

3.2 Nature and Type of Research 

The research is quantitative in nature. It relies on numerical KPI data to identify trends, 

compute descriptive statistics, and test hypothesised relationships. Quantitative research 

offers objectivity and the ability to test hypotheses using established statistical methods. No 

qualitative methods are used, as the focus is on operational performance data rather than 

managerial perceptions or organisational culture factors. 

3.3 Data Source and Dataset Description 

The data is sourced from a compiled manufacturing KPI dataset covering 24 months of 

monthly operational records from a selected manufacturing unit. The dataset contains eight 

key performance variables: monthly sales revenue, production output, machine utilization, 

OEE, lead time, inventory holding, defect rate, and on-time delivery. The dataset spans a 

continuous two-year period, providing sufficient temporal depth for trend analysis and 

correlation testing. The data was used strictly for academic research purposes, with 

organisational confidentiality maintained throughout. 

3.4 Description of Variables 

Table 1 presents the operational definitions and units of measurement for each KPI variable 

analysed in this study. 

Table 1: KPI Variable Definitions and Units of Measurement 
 

KPI Variable Definition 
Unit of 

Measurement 

Monthly Sales 
Total revenue generated from sales per 

month 
₹ Lakhs 

Production Output Total units produced per month Units 

Machine Utilization 
Percentage of scheduled time machines are 
actively running 

Percentage (%) 

OEE 
Availability × Performance Rate × Quality 

Rate 
Percentage (%) 

Lead Time 
Time from production order initiation to 
product delivery 

Days 

Inventory Holding Average inventory maintained per month ₹ Lakhs 

Defect Rate Percentage of defective units in total output Percentage (%) 
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KPI Variable Definition 
Unit of 

Measurement 

On-Time Delivery 
Percentage of orders delivered within the 

committed delivery window 
Percentage (%) 

Source: Compiled from the manufacturing operational dataset. 

 

OEE is calculated as the product of three sub-indices: availability rate, performance rate, and 

quality rate. An OEE score of 85% or above is considered world-class, as established by 

Nakajima (1988). 

3.5 Tools Used for Analysis 

Three tools are used in this study. Microsoft Excel is used for data cleaning, organisation, and 

computation of descriptive statistics and trend charts. Power BI is used to develop an 

integrated operational performance dashboard that visualises all KPIs across the 24-month 

period. Statistical techniques, specifically Pearson correlation and descriptive statistics, are 

applied to test the four research hypotheses and quantify relationships among KPI variables. 

3.6 Analytical Techniques 

Table 2 summarises the analytical techniques applied in this study, their purposes, and the 

KPIs to which each is applied. 

Table 2: Analytical Techniques and Their Application 
 

Technique Purpose KPIs Involved 

Descriptive 

Statistics 

Summarise central tendency and 

variability of each KPI 
All KPIs 

Trend Analysis 
Examine performance patterns over 
24 months 

All KPIs 

Pearson Correlation 
Test linear relationships between 
pairs of KPI variables 

All KPIs 

KPI Benchmarking 
Compare actual values against 

established performance targets 

OEE, Defect Rate, On-Time 

Delivery 

Dashboard 

Visualisation 

Present integrated KPI performance 

visually in Power BI 
All KPIs 

Source: Research design for the present study. 

 

Pearson correlation coefficients quantify linear relationships between pairs of KPI variables. 

Correlation strength is interpreted as follows: r between 0.10 and 0.29 indicates a weak 

relationship; r between 0.30 and 0.49 indicates a moderate relationship; and r of 0.50 or 

above indicates a strong relationship. Statistical significance is assessed at the 0.05 level, 

consistent with standard practice in operations management research (Kaplan & Norton, 

1996; Kumar & Sharma, 2017). 

3.7 Ethical Considerations 

The dataset is used exclusively for academic research. The identity of the manufacturing 

organisation is kept confidential. No personally identifiable information is included in the 
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dataset. The data has not been manipulated or selectively altered in any way. These 

safeguards ensure the integrity and credibility of the research findings. 

3.8 Limitations of the Methodology 

This study has four primary methodological limitations. First, the analysis is based on data 

from a single manufacturing organisation, which limits the generalisability of the findings. 

Second, reliance on secondary data means the researcher had no control over how the original 

data was recorded. Third, the 24-month study period may not capture longer-term cyclical 

performance patterns or the effects of major external disruptions. Fourth, Pearson correlation 

identifies linear relationships only and cannot establish causal direction. 

IV. DATA ANALYSIS AND INTERPRETATION 

4.1 Dataset Overview 

The dataset comprises 24 monthly observations spanning two consecutive years, with 12 

records in each year. Seven key operational KPIs are recorded for each month. All records 

were complete and required no imputation. The data was organised and analysed in Microsoft 

Excel prior to visualisation in Power BI, consistent with the methodology recommended for 

manufacturing performance analysis by Muchiri et al. (2011). 

4.2 Descriptive Statistics 

Table 3 presents the descriptive statistics for all KPI variables across the full 24-month study 

period, together with the year-on-year percentage change from Year 1 to Year 2. 

Table 3: Descriptive Statistics and Year-on-Year Change for All KPI Variables (n = 24 

Months) 

KPI Variable Mean Std Dev Min Max Change Y1 to Y2 

Production Output 

(Units) 
49,050 3,890 42,000 54,600 +15.0% 

Machine Utilization 

(%) 
76.00 4.99 68 84 +12.1 pp 

OEE (%) 68.88 7.88 58 81 +23.7% 

Lead Time (Days) 9.21 2.28 6 13 −36.3% 

Inventory Holding 

(₹ Lakhs) 
38.17 9.50 27.0 51.0 −38.4% 

Defect Rate (%) 2.75 0.81 1.5 3.9 −42.5% 

On-Time Delivery 

(%) 
89.58 5.51 81 98 +11.6 pp 

Source: Compiled from the manufacturing operational dataset. pp = percentage points. 

 

The descriptive statistics reveal improvement across all KPIs between Year 1 and Year 2. 

Production output increased from a Year 1 mean of 45,625 units to a Year 2 mean of 52,475 

units, representing a gain of 15.0%. Machine utilization rose from 71.67% to 80.33%, an 

 increase of 12.1 percentage points. OEE recorded the most substantial improvement, rising 
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from 61.58% in Year 1 to 76.17% in Year 2, a gain of 23.7%. These improvements were 

accompanied by reductions in waste-related KPIs. Defect rate declined by 42.5%, lead time 

fell by 36.3%, and inventory holding decreased by 38.4%. On-time delivery improved by 

11.6 percentage points, from 84.67% to 94.50%. 

4.3 Year-on-Year KPI Performance Comparison 

Table 4 provides a structured year-on-year comparison of mean KPI values, highlighting the 

direction and magnitude of performance change across the two years. 

Table 4: Year-on-Year Comparison of KPI Performance (Year 1 vs. Year 2) 
 

KPI Variable Year 1 Mean Year 2 Mean Change Direction 

Production Output 

(Units) 
45,625 52,475 +6,850 Improved 

Machine Utilization (%) 71.67 80.33 +8.66 pp Improved 

OEE (%) 61.58 76.17 +14.59 pp Improved 

Lead Time (Days) 11.25 7.17 −4.08 days Improved 

Inventory Holding (₹ 

Lakhs) 
47.25 29.08 −18.17 Improved 

Defect Rate (%) 3.49 2.01 −1.48 pp Improved 

On-Time Delivery (%) 84.67 94.50 +9.83 pp Improved 

Source: Compiled from the manufacturing operational dataset. pp = percentage points. 

 

All seven KPIs improved from Year 1 to Year 2. The dataset indicates that a Just-in-Time 

(JIT) production system was adopted between Year 1 and Year 2, with Year 1 representing 

the pre-JIT operational baseline and Year 2 reflecting post-JIT performance. This 

contextualises the improvement in inventory holding (−38%), lead time (−36%), and on-time 

delivery as direct outcomes of leaner scheduling and reduced overproduction. Monthly sales 

revenue also improved substantially, rising from an average of ₹180 Lakhs in Year 1 to ₹226 

Lakhs in Year 2, a 25.6% increase driven by improved delivery reliability and customer 

satisfaction. The 23.7% improvement in OEE reflects simultaneous improvement across 

multiple operational subsystems, consistent with the TPM framework described by Nakajima 

(1988). 

4.4 Production Output Trend Analysis 

Production output ranged from a low of 42,000 units in January of Year 1 to a high of 54,600 

units in December of Year 2, representing a total increase of 30.0% over the full study period. 

Within Year 1, output followed a broadly upward trend with seasonal dips in January, April, 

July, and November. These months consistently recorded lower machine utilization and 

higher lead times. Year 2 maintained consistently higher output levels throughout, with all 12 

months exceeding the Year 1 peak by a significant margin. This sustained elevation indicates 

structural improvements in operational capacity and production scheduling rather than 

isolated monthly gains. 
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4.5 Machine Utilization and OEE Analysis 

Machine utilization in Year 1 ranged from 68% to 76%, with a mean of 71.67%. In Year 2, 

utilization improved to a range of 77% to 84%, with a mean of 80.33%. The highest- 

performing months were August and December of Year 2, recording utilization rates of 83% 

and 84% respectively. These values approach the world-class benchmark of 85% established 

by Nakajima (1988). 

OEE scores followed a similar pattern. Year 1 OEE ranged from 58% in April to 66% in 

December, both values below the world-class threshold. Year 2 OEE ranged from 72% in 

January to 81% in December. While improvement is clear and consistent, the 85% 

benchmark remains unachieved, indicating that further improvement potential exists 

(Nakajima, 1988). The strong relationship between machine utilization and OEE across all 24 

months is confirmed by the correlation analysis at r = 0.986 (p < 0.001), consistent with the 

findings of Muchiri et al. (2011). 

4.6 Lead Time and On-Time Delivery Analysis 

Lead time in Year 1 ranged from 10 to 13 days, with a mean of 11.25 days. By Year 2, lead 

time had been substantially reduced to a range of 6 to 8 days, with a mean of 7.17 days, a 

reduction of more than four days on average. The best lead time performance was recorded in 

August and December of Year 2, both at 6 days. Elevated lead times in April and November 

of Year 1, both at 13 days, were associated with the lowest on-time delivery rates in the study 

at 81% and 82% respectively. 

On-time delivery improved from a Year 1 mean of 84.67% to a Year 2 mean of 94.50%. All 

Year 2 months recorded delivery rates above 91%, with December of Year 2 achieving the 

study period maximum of 98%. The inverse relationship between lead time and on-time 

delivery was strong and statistically significant at r = −0.978 (p < 0.001). This finding aligns 

closely with Kumar and Sharma (2017), who found that long lead times negatively affect 

delivery performance and inventory efficiency in manufacturing environments. 

4.7 Inventory Holding Analysis 

Inventory holding declined from a Year 1 mean of ₹47.25 Lakhs to a Year 2 mean of ₹29.08 

Lakhs, a reduction of 38.4%. Within Year 1, inventory peaked at ₹51 Lakhs in August. Year 

2 consistently maintained lower inventory levels, ranging from ₹27 to ₹32 Lakhs. This 

reduction is directly consistent with the shorter lead times observed in Year 2. Shorter 

production cycles require less buffer stock and reduce the risk of overproduction, as noted in 

the lean manufacturing literature cited by Kumar and Sharma (2017). The positive correlation 

between lead time and inventory holding at r = 0.892 (p < 0.001) confirms this relationship in 

the present dataset. 

4.8 Defect Rate and Quality Performance Analysis 

Defect rate showed the greatest proportional improvement of any KPI in the dataset. It 

declined from a Year 1 mean of 3.49% to a Year 2 mean of 2.01%, a reduction of 42.5%. In 

Year 1, defect rates ranged from 3.0% in December to 3.9% in April. In Year 2, they ranged 

from 1.5% in December to 2.5% in January. The Year 2 April defect rate of 2.3% was already 

lower than the best-performing month in Year 1, confirming that quality improvement was 

structural rather than seasonal. 

The correlation between defect rate and OEE was the strongest in the entire dataset at r = 
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−0.994 (p < 0.001). This confirms that quality losses have a direct and powerful negative 

effect on overall equipment effectiveness. This finding is consistent with Singh and Khanduja 

(2019) and with Nakajima's (1988) OEE framework, which explicitly incorporates quality 

rate as one of the three determinants of OEE. 

4.9 Correlation Analysis 

Table 5 presents the Pearson correlation matrix for the six primary KPI variables across the 

full 24-month dataset. All correlations reported are statistically significant at p < 0.001. 

Table 5: Pearson Correlation Matrix for Manufacturing KPI Variables (n = 24) 
 

Variable 
Prod. 

Output 

Mach. 

Util. 
Lead Time 

Defect 

Rate 
OTD OEE 

Production 

Output 
1.000 0.990** −0.940** −0.977** 0.986** 0.981** 

Machine 

Utilization 
0.990** 1.000 −0.966** −0.983** 0.996** 0.986** 

Lead Time −0.940** −0.966** 1.000 0.975** −0.978** −0.972** 

Defect Rate −0.977** −0.983** 0.975** 1.000 −0.990** −0.994** 

On-Time 

Delivery 
0.986** 0.996** −0.978** −0.990** 1.000 0.993** 

OEE 0.981** 0.986** −0.972** −0.994** 0.993** 1.000 

Note: ** indicates statistical significance at p < 0.001. Positive values indicate direct 

relationships; negative values indicate inverse relationships. 

The correlation matrix reveals a highly integrated KPI system in which all performance 

variables are strongly and significantly interrelated. Machine utilization and on-time delivery 

recorded the highest positive correlation at r = 0.996. The defect rate and OEE correlation of r 

= −0.994 confirms that quality losses are the most damaging factor for overall equipment 

effectiveness (Nakajima, 1988; Singh & Khanduja, 2019). Production output is strongly 

positively correlated with machine utilization at r = 0.990 and with OEE at r = 0.981, 

consistent with the integrated KPI framework proposed by Kaplan and Norton (1996). 

4.10 Hypothesis Testing Results 

Table 6 summarises the hypothesis testing results for all four research hypotheses based on 

the Pearson correlation analysis. 

Table 6: Summary of Hypothesis Testing Results 
 

H Hypothesis Statement Variables Tested r Value p Value Outcome 

 

H₁ 

Higher machine 

utilization improves 

production output 

 

Util. vs Output 

 

0.990 

 

<0.001 

 

Supported 

 

H₂ 

Lower defect rates 

increase operational 

efficiency 

 

Defect vs OEE 

 

−0.994 

 

<0.001 

 

Supported 
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H Hypothesis Statement Variables Tested r Value p Value Outcome 

 

H₃ 
Reduced lead time 

improves on-time 

delivery 

 

Lead Time vs OTD 

 

−0.978 

 

<0.001 

 

Supported 

 

H₄ 

Higher OEE is positively 

associated with overall 

operational efficiency 

 

OEE vs Output 

 

0.981 

 

<0.001 

 

Supported 

Source: Pearson correlation analysis of the manufacturing operational dataset. All p-values 

< 0.001. 

 

All four hypotheses are supported at a high level of statistical significance. H₁ is confirmed 

by the near-perfect positive correlation at r = 0.990 (Kumar & Sharma, 2017). H₂ is supported 

by the strongest correlation r = −0.994 (Singh & Khanduja, 2019; Nakajima, 1988). H₃ is 

confirmed at r = −0.978 (Kumar & Sharma, 2017). H₄ is supported at r = 0.981, consistent 

with the Balanced Scorecard framework of Kaplan and Norton (1996). 

4.11 Overall Efficiency Assessment 

The analysis confirms that the manufacturing organisation improved consistently across all 

seven KPIs from Year 1 to Year 2. Despite these improvements, OEE reached a maximum of 

only 81% in December of Year 2, remaining below the world-class benchmark of 85% 

established by Nakajima (1988). This indicates that meaningful efficiency improvement 

potential remains unrealised. Continued investment in defect reduction and machine 

utilization will yield the highest marginal returns in OEE improvement, given the near- 

perfect correlation coefficients observed between these variables. 

V. FINDINGS, CONCLUSIONS, AND RECOMMENDATIONS 

5.1 Summary of Key Findings 

The analysis of 24 months of manufacturing KPI data produced five interconnected findings. 

Finding 1: All seven KPIs improved from Year 1 to Year 2. Production output increased by 

15.0%, machine utilization rose by 12.1 percentage points, OEE improved by 23.7%, and on- 

time delivery gained 11.6 percentage points. Defect rate fell by 42.5%, lead time by 36.3%, 

and inventory holding by 38.4%. 

Finding 2: Defect rate reduction is the most powerful driver of OEE improvement. The 

correlation between defect rate and OEE was r = −0.994 (p < 0.001), the strongest 

relationship in the entire dataset. The 42.5% reduction in defect rate was the primary 

contributor to the 23.7% OEE improvement. 

Finding 3: Machine utilization and production output are nearly perfectly correlated at r = 

0.990 (p < 0.001). The improvement in machine utilization from 71.67% to 80.33% was 

directly reflected in the 15.0% increase in production output. 

Finding 4: Lead time reduction drives on-time delivery improvement with near-perfect 

precision. The correlation between lead time and on-time delivery was r = −0.978 (p < 

0.001). The reduction in average lead time from 11.25 days to 7.17 days was directly 
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associated with on-time delivery improving from 84.67% to 94.50%. 

Finding 5: Despite significant improvement, OEE has not yet reached world-class levels. 

Even in December of Year 2, OEE reached only 81%, remaining below the 85% world-class 

threshold established by Nakajima (1988). 

Table 7: Summary of Research Findings and Hypothesis Testing Outcomes 
 

H Hypothesis Key Empirical Finding r Value Outcome 

 

H₁ 

Higher machine 

utilization improves 

production output 

Utilization rose from 71.67% to 
80.33%; output grew by 15.0% 

r = 0.990, p 

< 0.001 

 

Supported 

 

H₂ 

Lower defect rates 

increase operational 

efficiency 

Defect rate fell 42.5%; OEE 

improved by 23.7% 

r = −0.994, 

p < 0.001 

 

Supported 

 

H₃ 

Reduced lead time 

improves on-time 

delivery 

Lead time fell from 11.25 to 7.17 

days; OTD rose from 84.67% to 

94.50% 

r = −0.978, 

p < 0.001 

 

Supported 

 

H₄ 

Higher OEE is 

positively associated 

with overall 

efficiency 

OEE strongly correlated with 

output; peak OEE reached 81% in 

Dec, Year 2 

 

r = 0.981, p 

< 0.001 

 

Supported 

Source: Pearson correlation analysis of the manufacturing operational dataset. 

 

5.2 Conclusions 

This study set out to analyse manufacturing operational efficiency using an integrated set of 

key performance indicators across a 24-month operational dataset. Three overarching 

conclusions emerge from the findings. 

First, the organisation achieved consistent and comprehensive operational improvement 

across all seven KPIs from Year 1 to Year 2. The breadth of improvement is consistent with a 

structured, multi-dimensional efficiency initiative, reflecting the integrated performance 

management approach advocated by Kaplan and Norton (1996). 

Second, quality management and defect rate reduction emerged as the single most impactful 

lever for operational efficiency. The near-perfect correlation between defect rate and OEE at r 

= −0.994 demonstrates that quality losses carry a cascading cost across the entire operational 

system. Organisations should therefore prioritise quality control systems, defect root cause 

analysis, and preventive process controls, as recommended by Singh and Khanduja (2019). 

Third, the KPI system operates as an integrated performance network rather than a collection 

of independent metrics. The high cross-correlations among all seven KPIs confirm that 

improvements in one area amplify gains across the entire operational system. This validates 

the integrated KPI framework and reinforces Kaplan and Norton's (1996) argument that 

operational performance must be measured and managed holistically. 

5.3 Operational Improvement Recommendations 

 Table 8 presents the operational improvement recommendations derived from the empirical 
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findings of this study. 

Table 8: Operational Improvement Recommendations 
 

Focus Area Recommendation Expected Benefit 

 

OEE Improvement 

Implement Total Productive Maintenance 

to close the gap between current OEE of 

81% and the world-class benchmark of 

85% 

Better equipment 

availability and reduced 

unplanned downtime 

 

Defect Reduction 

Deploy Statistical Process Control and root 

cause analysis for recurring defect patterns 

identified in Year 1 

Defect rate below 1.5% 
and lower rework costs 

 

Lead Time 

Optimisation 

Adopt demand-driven production 

scheduling and supplier collaboration to 

maintain lead times at six days or below 

On-time delivery 

consistently above 95% 

and reduced inventory 

holding 

Inventory 

Management 

Implement Just-in-Time inventory 

replenishment aligned with real-time 

production demand signals 

Lower holding costs and 

better utilisation of 

working capital 

 

KPI Monitoring 

Deploy a real-time Power BI dashboard to 

monitor all seven KPIs monthly and trigger 

corrective action when thresholds are 

breached 

Proactive performance 

management and early 

bottleneck detection 

Workforce 

Development 

Invest in operations analytics and lean 

manufacturing training for production 

managers and quality engineers 

Stronger internal 

capability to sustain and 

extend efficiency gains 

Source: Derived from the findings of the present study. 

 

The most urgent priority is closing the OEE gap. Achieving world-class OEE requires 

sustained attention to equipment availability, production speed optimisation, and continued 

defect reduction. The correlational evidence confirms that each percentage point reduction in 

defect rate yields the highest OEE return of any single improvement lever available to the 

organisation (Singh & Khanduja, 2019). 

5.4 Managerial Implications 

For production managers, this study demonstrates that real-time KPI monitoring provides an 

early warning system for operational deterioration. The months in which KPIs 

underperformed, notably April and November of Year 1, show that timely intervention could 

have corrected performance dips before they compounded across the system. This reinforces 

the practical case for dashboard-based monitoring as advocated by Kaplan and Norton (1996) 

and Muchiri et al. (2011). 

5.5 Academic Contributions 

This study makes three contributions to manufacturing and operations management literature. 

First, it provides empirical evidence demonstrating the systemic interdependence of 

manufacturing KPIs, extending the theoretical frameworks proposed by Kaplan and Norton 

(1996) and Nakajima (1988). Second, it demonstrates how time-series KPI analysis across 
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two comparable periods reveals directional improvement trajectories and remaining 

efficiency gaps, building on the longitudinal approach suggested by Muchiri et al. (2011). 

Third, by combining trend analysis, descriptive statistics, Pearson correlation, and hypothesis 

testing, it offers a replicable methodological template for future KPI-based efficiency studies. 

5.6 Limitations of the Study 

The methodological limitations of this study are detailed in Section 3.8. In summary, the four 

primary limitations are: (1) the analysis is based on data from a single manufacturing 

organisation, limiting generalisability; (2) reliance on secondary data precluded researcher 

control over measurement protocols; (3) the 24-month study period may not capture longer- 

term performance cycles or external disruptions; and (4) Pearson correlation cannot establish 

causal direction between variables. 

5.7 Suggestions for Future Research 

Several directions for future research emerge from this study. Comparative multi-firm studies 

across multiple manufacturing organisations or industry sectors would allow researchers to 

assess whether the KPI relationships observed here are generalisable. Longitudinal studies 

extending beyond two years would provide richer data for detecting long-term performance 

cycles. Future research might also incorporate financial KPIs such as cost per unit, gross 

margin, and return on assets, building on the Balanced Scorecard framework of Kaplan and 

Norton (1996). Finally, the application of machine learning and predictive modelling 

techniques to manufacturing KPI time-series data represents a promising frontier for 

transforming dashboards into prescriptive decision-support systems. 

5.8 Conclusion 

This study demonstrates that an integrated KPI-based framework provides a powerful and 

practical approach to evaluating and improving manufacturing operational efficiency. The 

findings confirm that production output, machine utilization, OEE, lead time, defect rate, 

inventory holding, and on-time delivery function as an interconnected performance system. 

The empirical evidence shows that structured KPI analysis can drive meaningful operational 

improvement — defect rate fell from 3.49% to 2.01%, OEE rose from 61.58% to 76.17%, 

and on-time delivery improved from 84.67% to 94.50% — consistent with the performance 

management frameworks proposed by Kaplan and Norton (1996), Nakajima (1988), Kumar 

and Sharma (2017), Muchiri et al. (2011), and Singh and Khanduja (2019). 
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Abstract : This study analyses rejection patterns and defect classifications in the Rollbar 

Operations division. The data covers a four-month production cycle from January to April 

2025. Researchers examined 128 rejection events, comprising 366,312 rejected units. 

The study used defect categorisation, machine performance profiling, operator-level 

assessment, and shift-based comparison to draw its findings. Dent Mark defects stood out as 

the dominant failure mode. They accounted for approximately 48.7% of all recorded 

incidents. Dimensional and angular deviations followed as secondary contributors. 

At the machine level, WF 02 generated the highest share of rejected units among all assets. 

Shift I recorded the greatest rejection burden throughout the study period. This points to 

process vulnerabilities linked to morning production conditions, start-of-shift setup practices, 

and tooling behaviour. Operator performance also varied noticeably across the study period. 

This variation suggests that teams need stronger standardisation of work practices on the shop 

floor. 

Root cause analysis identified three primary drivers behind these outcomes. Process 

instability, progressive tooling wear, and inconsistent practices across shifts and operators 

each played a significant role. 

To tackle these issues, the study recommends a structured Corrective and Preventive Action 

plan. This includes targeted operator training programmes, preventive maintenance schedules 

tied to machine cycle counts, and Statistical Process Control monitoring for critical quality 

parameters. Together, these actions aim to build a stable, data-driven quality improvement 

framework for rollbar manufacturing operations. 

Keywords: Rejection Analysis, Defect Classification, Rollbar Operations, Quality 

Improvement, Statistical Process Control 

 

I. Introduction 

1.1 Background of the Manufacturing Industry 

Manufacturing has long served as the backbone of industrial economies worldwide. It drives 

employment, technological advancement, and national productivity in equal measure. Over 

the past two decades, global manufacturing has undergone a profound transformation. 

Automation, digitalisation, and lean production philosophies have reshaped how factories 

operate and compete (Womack et al., 1990). Today, manufacturers face intense pressure to 

deliver high-quality products at lower costs and faster cycle times. This pressure makes 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 222 

 

 

process efficiency and quality management more critical than ever before. 

Metal forming and fabrication industries occupy a central position within this landscape. 

They supply components to automotive, construction, aerospace, and infrastructure sectors. 

Wire-form bending operations serve as a key production method for structural and safety- 

critical components (Altan et al., 2005). As customer specifications tighten and tolerance 

windows narrow, manufacturers must adopt rigorous quality systems to remain competitive 

and compliant. 

1.2 The Importance of Quality Control in Production Processes 

Quality control sits at the heart of every successful manufacturing operation. It protects 

customers from defective products, shields manufacturers from costly recalls, and underpins 

brand reputation. Poor quality directly inflates production costs through rework, scrap, and 

downtime. Studies estimate that quality-related failures can account for 15 to 25 per cent of 

total production costs in metal fabrication environments (Juran and Godfrey, 1999). 

Modern quality management frameworks such as Total Quality Management, Six Sigma, and 

ISO 9001 provide structured approaches to reducing defects and improving process 

consistency (Montgomery, 2020). These frameworks share a common foundation: data- 

driven decision making. Without accurate defect data, manufacturers cannot identify root 

causes, prioritise corrective actions, or measure improvement over time. Systematic rejection 

tracking and defect classification are, therefore, not optional activities. They are essential 

inputs to any meaningful quality improvement programme (Oakland, 2014). 

Statistical Process Control adds a further layer of rigour by enabling real-time monitoring of 

process variables. It allows operators and engineers to detect process drift before it produces 

non-conforming output (Shewhart, 1931). Together, these tools give manufacturers the 

visibility they need to act proactively rather than reactively. 

1.3 Overview of Rollbar Manufacturing and Its Role in the Automotive and Structural 

Sector 

Rollbars are structural safety components used extensively in automotive, agricultural, and 

construction applications. They protect occupants from injury during vehicle rollover events 

and must meet strict dimensional, material, and surface quality standards (Mori et al., 2007). 

In automotive applications specifically, rollbar assemblies are subject to rigorous 

homologation requirements. Any dimensional non-conformance can render a component non- 

compliant and unfit for assembly. 

Rollbar manufacturing typically involves wire-form or tube bending processes where raw 

stock material passes through CNC-controlled bending machines to achieve specified 

geometries. The process demands precise control of bend angles, leg distances, flatness, and 

surface finish. Even minor deviations in tooling setup, material properties, or operator 

technique can produce parts that fall outside tolerance. This sensitivity to process variables 

makes rollbar manufacturing particularly vulnerable to rejection events (Altan et al., 2005). 

The facility examined in this study operates four wire-form bending machines and produces 

rollbar assemblies across three production shifts. Given the safety-critical nature of the 

product, quality failures carry consequences well beyond financial loss. They carry potential 
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liability and reputational risk for both manufacturer and customer. 

1.4 Problem Statement: High Rejection Rates Affecting Productivity and Cost 

The Rollbar Operations division at the study facility recorded 366,312 rejected units across 

128 rejection events between January and April 2025. This represents a significant quality 

burden that directly impacts production throughput, material utilisation, and operational 

costs. Rework activities consume machine time and operator capacity that would otherwise 

contribute to productive output. 

Rejection events in this facility cluster around a recurring set of defect types, particularly dent 

marks, angular deviations, and flatness non-conformances. These defects recur across 

multiple machines, shifts, and operators without a structured corrective framework in place. 

The absence of systematic defect classification and root cause analysis means that corrective 

actions, when taken, remain reactive and short-lived. High rejection rates in wire-form 

bending operations are widely reported as a persistent quality challenge in similar 

manufacturing environments (Singh et al., 2019). Without structured intervention, rejection 

volumes tend to grow rather than decline as tooling ages and process drift accumulates. 

1.5 Significance of the Study 

This study carries significance on multiple levels. At the operational level, it gives the 

facility's management team a clear, data-driven picture of where rejections originate and why. 

This visibility is the first step toward targeted and sustainable quality improvement. At the 

broader industry level, the study contributes to the growing body of applied research on 

defect classification and quality management in wire-form bending operations. 

Few published studies focus specifically on rollbar operations as a unit of quality analysis. 

Most existing literature addresses tube bending or sheet metal forming in broader terms 

(Makinouchi, 1996). This study fills a specific knowledge gap. It also demonstrates how 

production-level rejection data, often underutilised in shop floor environments, can be 

transformed into actionable quality intelligence through systematic analysis. Imai (1986) 

argued that small, continuous improvements grounded in data deliver greater long-term gains 

than large, infrequent interventions. This study operationalises that principle within the 

rollbar manufacturing context. 

1.6 Research Objectives 

This study pursues the following objectives: 

1. To catalogue and classify all defect types recorded in rollbar operations during the 

January to April 2025 study period. 

2. To quantify rejection volumes across machines, operators, shifts, and part numbers. 

3. To apply Pareto analysis and identify the vital few defect categories driving the majority 

of rejections. 

4. To conduct root cause analysis on the dominant defect categories using the 5M1E 

Ishikawa framework. 

5. To recommend a structured Corrective and Preventive Action plan to reduce rejection 

rates and improve process stability. 
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6. To establish a measurable quality baseline that supports future improvement tracking and 

performance evaluation. 

1.7 Scope and Limitations of the Study 

This study focuses exclusively on the Rollbar Operations division of a single manufacturing 

facility during a defined four-month window. The dataset covers four wire-form bending 

machines, three production shifts, three operators, and three-part numbers. All analysis draws 

from the production rejection log maintained by the quality department. 

Several limitations apply. First, the study period spans only four months. Seasonal or cyclical 

variations in material supply, production demand, or workforce availability may influence 

results in ways that a longer study window would reveal. Second, the dataset captures 

rejection quantities and defect descriptions but does not include process parameter data such 

as bend force, tooling temperature, or material certification records. This limits the depth of 

quantitative root cause analysis. Third, operator-level comparisons must be interpreted with 

caution. Differences in machine assignment and part mix across operators may account for 

volume disparities independent of individual skill or practice. Fourth, the April 2025 data 

appear incomplete, which affects the reliability of monthly trend comparisons for that period. 

Future research should address these limitations by expanding the study window, integrating 

process parameter data, and applying multivariate statistical methods to isolate the 

independent contribution of each causal factor (Montgomery, 2020). 

II. Literature Review 

2.1 Introduction to Literature Review 

Quality improvement in manufacturing is a well-researched field. Decades of academic 

inquiry and industrial practice have produced a rich body of knowledge covering defect 

analysis, process control, and quality management systems. This literature review examines 

the theoretical and empirical foundations that underpin the current study. It draws on 

established quality management frameworks, prior research on defect classification and 

rejection patterns, and analytical tools widely applied in production environments. The 

review also identifies the specific gap in existing literature that this study addresses. The 

literature reviewed here spans foundational quality management theory, applied studies in 

metal forming and wire-form bending operations, and methodological literature on Pareto 

analysis and Statistical Process Control. 

2.2 Quality Management Principles: TQM, Six Sigma, and Lean Manufacturing 

Quality management has evolved significantly over the past century. Three frameworks 

dominate contemporary manufacturing practice: Total Quality Management, Six Sigma, and 

Lean Manufacturing. Each offers a distinct philosophy and toolkit for improving production 

quality and operational efficiency. 

Total Quality Management 

Total Quality Management emerged as a comprehensive organisational philosophy in the 

latter half of the twentieth century. It positions quality as the responsibility of every 

individual within an organisation, not just the quality department. Juran and Godfrey (1999) 

described TQM as a system that integrates quality planning, quality control, and quality 

improvement into a unified management approach. Oakland (2014) reinforced this view, 
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arguing that TQM succeeds only when leadership commits to quality as a strategic priority 

and embeds it into everyday operational decisions. 

TQM places heavy emphasis on customer focus, continuous improvement, and fact-based 

decision making. In manufacturing environments, TQM practitioners use tools such as 

control charts, cause-and-effect diagrams, and process capability indices to monitor and 

improve production quality (Juran and Godfrey, 1999). The philosophy aligns closely with 

the objectives of this study, which seeks to use production rejection data to drive structured 

quality improvement in rollbar operations. 

Six Sigma 

Six Sigma was developed at Motorola in the 1980s and later popularised by General Electric 

under Jack Welch. It targets a defect rate of no more than 3.4 defects per million 

opportunities, representing a process performance level of six standard deviations from the 

mean (Harry and Schroeder, 2000). Six Sigma operates through a structured problem- 

solving methodology known as DMAIC: Define, Measure, Analyse, Improve, and Control. 

Antony and Banuelas (2002) demonstrated that Six Sigma delivers measurable reductions in 

defect rates, rework costs, and cycle times when applied rigorously in manufacturing 

environments. The Analyse phase of DMAIC relies heavily on root cause analysis tools, 

including Pareto charts, fishbone diagrams, and regression analysis. Six Sigma's insistence on 

quantified baseline measurement before improvement action directly informs the approach 

taken here, where rejection volume data establishes the performance baseline from which 

corrective actions will be evaluated. 

Lean Manufacturing 

Lean Manufacturing traces its origins to the Toyota Production System. Womack, Jones and 

Roos (1990) introduced lean principles to a global audience through their landmark study of 

the automotive industry. Lean focuses on eliminating waste in all its forms: overproduction, 

waiting, unnecessary motion, excess inventory, defects, over-processing, and unused talent. 

Within lean philosophy, defects represent one of the most damaging forms of waste. Every 

rejected unit consumes material, machine time, and operator effort without delivering value 

to the customer. Imai (1986) captured this principle in the concept of Kaizen, arguing that 

small, incremental improvements grounded in shop-floor data deliver greater cumulative 

gains than large, infrequent interventions. 

2.3 Previous Studies on Defect Analysis and Rejection Patterns in Manufacturing 

A substantial body of research examines defect types and rejection patterns in metal forming 

and fabrication environments. Singh et al. (2019) found that surface dent marks and angular 

deviations together accounted for over 60 per cent of all rejection events in wire-form 

bending operations. They attributed surface dents primarily to worn tooling surfaces and 

inadequate part handling procedures. Angular deviations were linked to springback variation 

caused by inconsistencies in material yield strength. 

Mori, Tsuji and Ishiguro (2007) examined springback behaviour in high-strength steel 

bending processes. Their research demonstrated that springback magnitude varies 

significantly with material batch, bend radius, and tooling temperature. They recommended 

compensated bend angle programming as a practical countermeasure. 

Makinouchi (1996) reviewed studies in sheet metal forming and identified tooling wear as a 

primary driver of dimensional drift in high-volume production runs. He noted that tooling 
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degradation tends to produce systematic rather than random dimensional errors, which means 

defect rates increase progressively as tooling ages between maintenance interventions. 

Bralla (1999) argued that many manufacturing defects originate in the product design stage 

rather than on the shop floor. Parts with tight combined tolerances across multiple dimensions 

are inherently more susceptible to rejection in production. 

Kumar and Suresh (2006) applied quality management tools, including Pareto analysis, 

cause-and-effect diagrams, and SPC, to a metal component manufacturing environment and 

achieved a 34 per cent reduction in rejection rates within six months of structured 

intervention. 

Deros, Yusof and Salleh (2006) reviewed the adoption of quality improvement tools in small 

and medium manufacturing enterprises and found that Pareto analysis and fishbone diagrams 

were the most widely used and most consistently effective tools for defect reduction. 

2.4 Pareto Analysis and Its Application in Quality Improvement 

Pareto analysis takes its name from the Italian economist Vilfredo Pareto. Juran (1954) 

applied this observation to quality management, coining the phrase 'vital few and useful 

many' to describe the unequal distribution of defect causes in manufacturing processes. He 

argued that a small number of defect categories typically account for the large majority of 

rejection events, and that targeting these categories delivers the greatest quality improvement 

per unit of effort invested. 

Pareto charts present defect categories ranked in descending order of frequency, with a 

cumulative percentage curve overlaid. Montgomery (2020) described the Pareto chart as one 

of the most powerful and accessible tools in the quality improvement toolkit, precisely 

because it transforms raw frequency data into a clear prioritisation framework without 

requiring advanced statistical expertise. 

Pareto analysis does carry limitations that practitioners must acknowledge. It identifies what 

is happening but does not explain why. It ranks defect categories by frequency but does not 

account for the relative cost or safety severity of each category. Montgomery (2020) 

recommended combining Pareto analysis with root cause analysis tools to bridge this gap, an 

approach this study adopts through the application of the Ishikawa framework to the top- 

ranked defect categories. 

2.5 Statistical Process Control in Production Environments 

Statistical Process Control was first developed by Walter Shewhart at Bell Laboratories in the 

1920s. Shewhart (1931) distinguished between common cause variation, which is inherent to 

the process and predictable, and special cause variation, which arises from specific assignable 

factors and produces unpredictable process behaviour. He introduced the control chart as a 

tool for separating these two types of variation in real time. 

W. Edwards Deming later brought SPC to global manufacturing attention through his work in 

post-war Japan. Deming (1986) argued that management's failure to distinguish between 

common and special cause variation was one of the most damaging and prevalent mistakes in 

industrial management. 

In practical manufacturing terms, SPC operates through a family of control charts. The X-bar 

and R chart monitors the mean and range of a measured characteristic across subgroups. The 
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p-chart tracks the proportion of non-conforming units in a sample. The c-chart and u-chart 

monitor the count of defects per unit (Montgomery, 2020). 

Antony and Banuelas (2002) documented multiple case studies where SPC implementation 

reduced process variability by 20 to 50 per cent within the first year of deployment. In metal 

forming environments, SPC has been applied successfully to monitor bend angle consistency, 

surface roughness, and dimensional conformance in real-time production settings (Mori et al., 

2007). 

The current study does not apply SPC retrospectively to the available dataset, as the data 

structure does not include the subgroup measurements required for classical control charting. 

However, SPC implementation forms a central recommendation of the study's corrective 

action plan. 

2.6 Gap in Existing Literature That This Study Addresses 

The literature reviewed above is extensive and methodologically rigorous. However, it leaves 

several important gaps that the current study directly addresses. 

First, most published studies on defect analysis in metal forming focus on sheet metal, tube 

bending, or automotive stamping operations. Very few studies examine wire-form bending 

operations specifically, and fewer still focus on rollbar assemblies as the unit of analysis. 

Singh et al. (2019) come closest to the operational context of this study, but their work covers 

multiple facility types without isolating the rollbar manufacturing environment. 

Second, the majority of published quality improvement studies in this domain are conducted 

in large multinational manufacturing environments. The facility examined in this study 

represents a more typical industrial context: a mid-scale production operation relying on 

manual rejection logging and operator-level quality monitoring. The study demonstrates that 

rigorous Pareto analysis and root cause investigation are achievable with straightforward 

production log data. 

Third, existing literature rarely addresses the interaction between machine-level, operator- 

level, and shift-level factors within a single unified analysis. Most studies isolate one 

dimension of variation. This study examines all three simultaneously, revealing that high 

rejection volumes on WF 02 coincide with specific shift and operator combinations, a finding 

that a single-dimension analysis would miss entirely. 

Fourth, the study period of January to April 2025 captures a current and live operational 

challenge. The findings are not historical case studies but active data from a facility 

navigating real quality pressures. 

III. Methodology 

3.1 Research Design 

This study follows a quantitative, descriptive-analytical research design. Quantitative 

methods suit this investigation because the primary data consists of numerical rejection 

counts and categorical production variables that respond well to statistical analysis. The 

descriptive component establishes the nature, frequency, and distribution of rejection events 

across the study period. The analytical component goes further by identifying patterns, 

relationships, and causal factors embedded within the data. 
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This design choice aligns with the guidance of Creswell and Creswell (2018), who argued 

that quantitative descriptive research is the most appropriate approach when a study aims to 

characterise a phenomenon systematically before proposing interventions. The study does not 

manipulate variables or apply experimental treatments. Instead, it observes, measures, and 

interprets existing production outcomes to generate evidence-based recommendations. This 

approach reflects what Yin (2014) described as applied research: inquiry directed at solving a 

specific, identifiable operational problem rather than generating abstract theoretical 

knowledge. 

3.2 Data Source 

The primary data source for this study is the official production rejection log maintained by 

the Quality Control department of the Rollbar Operations division. This log records every 

rejection event identified during the production process across all active machines and shifts. 

The facility uses a manual logging system where supervisors and quality inspectors enter 

rejection details at the time of detection. 

The dataset covers the period from January 2025 to April 2025 and contains 128 individual 

rejection event records. Each record represents a discrete production rejection entry logged 

against a specific machine, operator, shift, and part number. The total rejection volume 

captured across all records amounts to 366,312 rejected units. Secondary sources, including 

published quality management literature and industry standards, informed the analytical 

framework and the development of corrective action recommendations. 

3.3 Variables Studied 

The dataset contains eight key variables. Each variable contributes a distinct analytical 

dimension to the study. Table 1 defines each variable and its role in the analysis. 

Table 1: Variables and Their Analytical Roles 
 

Variable Type Role in Analysis 

Date / Month Temporal Tracks rejection trends over time 

Shift Categorical Identifies shift-level rejection patterns 

Process Categorical Confirms operational context 

Machine Number Categorical Isolates machine-level contributions 

Operator Categorical Profiles operator-level rejection patterns 

Part Number Categorical Links rejections to product variants 

Reject Quantity Numerical Measures rejected units per event 

Defect Description Categorical / 

Textual 

Basis for defect classification and Pareto analysis 

The defect description variable required the most preparation before analysis. The raw dataset 

contained over 50 distinct defect description entries, many of which described the same 

defect type using different wording, abbreviations, or formatting styles. A defect taxonomy 

exercise consolidated these entries into six standardised defect categories: Dent and Surface 

Mark, Flatness Deviation, Angular Deviation, Dimensional and Distance Error, Combined 

 Compound Defects, and Radius Non-conformance.  
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3.4 Data Analysis Tools 

The study employs four analytical methods. Each method addresses a specific research 

objective and contributes a distinct layer of understanding to the overall findings. 

Pareto Analysis: Pareto analysis ranks defect categories by frequency and calculates their 

cumulative percentage contribution to the total rejection event count. This method directly 

addresses Research Objective 3. Juran (1954) established Pareto analysis as a foundational 

quality improvement tool, and Montgomery (2020) confirmed its continued relevance in 

modern manufacturing quality management. 

Frequency Distribution: Frequency distribution analysis counts the number of rejection 

events and the volume of rejected units within each category of each variable. This includes 

frequency counts by machine, operator, shift, part number, and defect type, addressing 

Research Objectives 1 and 2. 

Trend Analysis: Trend analysis examines how rejection volumes change across the four- 

month study period. Monthly rejection totals are plotted and compared to identify whether 

rejections are increasing, decreasing, or remaining stable over time. It also provides the 

baseline against which future improvement can be measured (Montgomery, 2020). 

Cross-Tabulation: Cross-tabulation examines the relationship between two or more 

categorical variables simultaneously, such as machine and defect type, or operator and shift. 

Bryman and Bell (2015) described cross-tabulation as an essential tool for identifying 

association patterns in categorical data. 

3.5 Software Used 

All data analysis in this study was conducted using IBM SPSS Statistics. Field (2018) 

identified SPSS as one of the most accessible and reliable platforms for quantitative data 

analysis in applied research contexts. SPSS was used to generate frequency tables for all 

categorical variables, compute descriptive statistics for rejection quantity, produce cross- 

tabulation outputs with percentage breakdowns, and generate trend charts for monthly 

rejection volume analysis. 

The raw production log data was first cleaned and structured in Microsoft Excel before being 

imported into SPSS. Data cleaning steps included standardising defect description labels, 

correcting date formatting inconsistencies, and removing incomplete records where key 

variables were missing. 

3.6 Validity and Reliability 

The study's validity rests on several foundations. The data comes directly from the 

operational rejection log, which is the authoritative record of production quality events at the 

facility. The variables studied are the exact variables that quality engineers and production 

managers use to manage day-to-day operations. The analytical methods chosen, particularly 

Pareto analysis and cross-tabulation, are well-established and widely validated tools for this 

type of quality investigation (Montgomery, 2020; Juran and Godfrey, 1999). 

Reliability was addressed through the data cleaning process, the defect taxonomy 

consolidation exercise, and the cross-referencing of SPSS outputs against the original log. 

The study acknowledges that human error in the original log entries cannot be fully 

eliminated. However, the large sample size of 128 events and 366,312 rejected units provides 

sufficient statistical weight to make the aggregate patterns robust against individual entry 
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errors. 

V. Results and Analysis 

5.1 Overview of Rejection Data 

The production rejection log yielded 128 individual rejection event records covering January 

2025 to April 2025. The cumulative rejection volume across all 128 events totals 366,312 

rejected units. The average rejection volume per event across the study period is 2,862 units. 

Table 2 presents the high-level dataset summary. 

Table 2: Overview of Rejection Dataset 
 

Parameter Value 

Study Period January 2025 - April 2025 

Total Rejection Events 128 

Total Rejected Units 366,312 

Machines Covered 4 (WF 01, WF 02, WF 03, WF 04) 

Shifts Covered 3 (Shift I, Shift II, Shift III) 

Operators Covered 3 (Operator-1, Operator-2, Operator-3) 

Part Numbers Covered 3 (WF0525A001F, WF0525A002F, 

WF0525A003F) 

Raw Defect Descriptions 50+ 

Consolidated Defect Categories 6 

5.2 Defect Classification 

The raw rejection log contained over 50 distinct defect description entries. A systematic 

defect taxonomy exercise consolidated all raw descriptions into six standardised defect 

categories. Table 3 presents the consolidated defect classification with event frequency and 

percentage share for each category. 

Table 3: Consolidated Defect Classification by Event Frequency 
 

Rank Defect Category Events % of Events 

1 Dent / Surface Mark 57 44.5% 

2 Combined / Compound Defects 26 20.3% 

3 Angular Deviation 20 15.6% 

4 Flatness Deviation 13 10.2% 

5 Dimensional / Distance Error 10 7.8% 

6 Radius Non-conformance 2 1.6% 

 Total 128 100% 

Dent and Surface Mark defects clearly dominate the defect profile, accounting for 44.5 per 

cent of all rejection events. Combined and Compound Defects rank second at 20.3 per cent. 

These are events where two or more defect types occur simultaneously on the same part, 

indicating episodes of broader process instability rather than isolated single-cause failures. 

 Angular Deviation ranks third at 15.6 per cent, and Flatness Deviation fourth at 10.2 per cent.  
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The high incidence of compound defects deserves particular attention. When multiple defect 

types appear together on a single part, it suggests that the process is operating outside its 

stable capability window. Their 20.3 per cent share of events signals that process stability is a 

recurring concern in this operation, not merely an occasional deviation. 

5.3 Pareto Analysis 

Pareto analysis was applied to the consolidated defect categories to identify the vital few 

categories driving the majority of rejection events. Table 4 presents the full Pareto output. 

Table 4: Pareto Analysis of Defect Categories 
 

Rank Defect Category Events % of Events Cumulative % 

1 Dent / Surface Mark 57 44.5% 44.5% 

2 Combined / Compound Defects 26 20.3% 64.8% 

3 Angular Deviation 20 15.6% 80.5% 

4 Flatness Deviation 13 10.2% 90.6% 

5 Dimensional / Distance Error 10 7.8% 98.4% 

6 Radius Non-conformance 2 1.6% 100.0% 

 Total 128 100%  

The Pareto analysis confirms a clear concentration of rejection events within the top three 

defect categories. Dent and Surface Mark, Combined Compound Defects, and Angular 

Deviation together account for 103 events, representing 80.5 per cent of the total 128 

rejection events. This confirms Juran's (1954) vital few principle and provides a clear 

prioritisation framework for corrective action. 

5.4 Shift-wise Analysis 

The study period covers three production shifts: Shift I (morning), Shift II (afternoon), and 

Shift III (night). Table 5 presents the rejection event count, total rejected units, and 

percentage share for each shift. 

Table 5: Rejection Analysis by Shift 
 

Shift Events 
% of 

Events 
Rejected Units 

% of Total 

Units 

Avg. Units / 

Event 

Shift I (Morning) 50 39.1% 171,253 46.7% 3,425 

Shift II 
(Afternoon) 

54 42.2% 136,455 37.2% 2,527 

Shift III (Night) 24 18.8% 58,604 16.0% 2,442 

Total 128 100% 366,312 100% 2,862 

Shift II records the highest number of rejection events at 54 (42.2 percent). However, Shift I 

generates the largest total rejected unit volume at 171,253 units (46.7 percent), with an 

average of 3,425 rejected units per event. This pattern suggests two different quality 

dynamics. Shift II faces a frequency problem, with rejection events occurring more often. 
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Shift I faces a volume problem, where rejections tend to involve larger batches, possibly 

reflecting longer undetected process drift during the morning production run. 

5.5 Machine-wise Analysis 

Four wire-form bending machines were active during the study period. Table 6 presents the 

rejection event count, total rejected units, and average rejection per event for each machine. 

Table 6: Rejection Analysis by Machine 
 

Machine Events % of Events Rejected Units 
% of Total 

Units 

Avg. Units / 

Event 

WF 01 20 15.6% 72,360 19.8% 3,618 

WF 02 42 32.8% 121,051 33.0% 2,882 

WF 03 43 33.6% 113,411 30.9% 2,638 

WF 04 23 18.0% 59,490 16.2% 2,587 

Total 128 100% 366,312 100% 2,862 

Machines WF 02 and WF 03 together account for 85 events (66.4 percent) and 234,462 

rejected units (64.0 percent of total volume). These two machines are the highest-priority 

targets for machine-level quality intervention. WF 02 generates slightly more rejected units in 

total (121,051 versus 113,411 for WF 03), confirming its status as the highest-volume 

rejection machine in the facility. 

WF 01, despite having the fewest events (20), records the highest average rejection volume 

per event at 3,618 units. This suggests that WF 01 operates on longer production runs with 

less frequent in-process inspection, allowing larger quantities to accumulate before a defect is 

detected. WF 04 performs relatively well on both metrics, with the lowest total rejection 

volume and the lowest average rejection per event. 

5.6 Operator-wise Analysis 

Three operators were active during the study period. Table 7 presents the rejection profile for 

each operator. 

Table 7: Rejection Analysis by Operator 
 

Operator Events 
% of 

Events 
Rejected Units 

% of Total 

Units 

Avg. Units / 

Event 

Operator-1 55 43.0% 148,455 40.5% 2,699 

Operator-2 43 33.6% 136,255 37.2% 3,169 

Operator-3 30 23.4% 81,602 22.3% 2,720 

Total 128 100% 366,312 100% 2,862 

Operator-1 records the highest event count at 55 (43.0 per cent) and the highest total rejected 

unit volume at 148,455 units (40.5 per cent). Operator-2 records the highest average rejection 

volume per event at 3,169 units, compared to Operator-3 at 2,720 and Operator-1 at 2,699. 

Although Operator-1 is involved in more rejection events overall, Operator-2's events tend to 

produce larger batches of rejected parts. 

These operator-level figures must be interpreted carefully. Differences in rejection rates 
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across operators do not automatically indicate differences in operator skill or diligence. 

Operators are assigned to specific machines and part numbers, and these assignments carry 

different inherent rejection risk profiles. Operator-1 and Operator-2 together account for 76.5 

per cent of all rejection events and 77.7 per cent of total rejected units. 

5.7 Time Trend Analysis 

Monthly rejection volumes across the study period reveal important temporal patterns. Table 

8 presents the monthly breakdown. 

Table 8: Monthly Rejection Trend Analysis 
 

Month Events 
% of 
Events 

Rejected Units 
% of Total 
Units 

Monthly Avg. 

/ Event 

January 2025 40 31.3% 146,081 39.9% 3,652 

February 2025 31 24.2% 94,541 25.8% 3,050 

March 2025 44 34.4% 109,421 29.9% 2,487 

April 2025 13 10.2% 16,269 4.4% 1,251 

Total 128 100% 366,312 100% 2,862 

January 2025 opens the study period with the largest rejection volume at 146,081 units across 

40 events. This high opening level suggests that the process entered the year in an unstable 

condition, possibly reflecting end-of-year tooling fatigue, post-shutdown setup issues, or 

accumulated maintenance backlogs. 

February 2025 shows a meaningful reduction to 94,541 units across 31 events. March 2025 

sees a rebound in both event count (44 events, the highest of any month) and total volume 

(109,421 units). This rebound is a concerning finding. It suggests that whatever contributed to 

February's improvement was not sustained into March. April 2025 records the lowest figures, 

but the April data is almost certainly incomplete, covering only a partial month. 

Taking the trend as a whole, the data does not show a clear or sustained improvement 

trajectory. The February dip followed by the March rebound indicates that quality 

improvement in this operation has so far been reactive and short-lived rather than structural 

and sustained. Montgomery (2020) noted that genuine process improvement manifests as a 

sustained reduction in both the frequency and average severity of rejection events over 

multiple consecutive periods. By that standard, the trend data does not yet evidence genuine 

improvement. 

VI. Discussion 

6.1 Interpretation of Findings in the Context of the Research Objectives 

This study set out six research objectives at the outset. The findings address each objective 

directly and collectively build a coherent picture of the quality challenge facing the Rollbar 

Operations division. 

The first objective was to catalogue and classify all defect types. The defect taxonomy 

exercise successfully consolidated over 50 raw defect descriptions into six standardised 

categories. The second objective was to quantify rejection volumes across machines, 

 operators, shifts, and part numbers. Total rejection volume stands at 366,312 units from 128 
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events. Machine WF 02 leads in total rejected units (121,051), Shift I leads in unit volume 

(171,253), Operator-1 leads in event frequency (55 events), and Part Number WF0525A003F 

contributes 49.3 percent of total volume. 

The third objective was to apply Pareto analysis to identify the vital few defect categories. 

The Pareto output confirmed that three categories account for 80.5 percent of all rejection 

events. The fourth objective was to conduct root cause analysis. The Ishikawa framework 

identified tooling wear, operator handling practices, springback variation, and process 

instability as the primary causal drivers. The fifth objective was to recommend a structured 

CAPA plan, achieved through the recommendations in Section VII. The sixth objective was 

to establish a measurable quality baseline, achieved through the monthly trend data in Table 

8. 

6.2 Root Cause Analysis of Major Defects 

Root cause analysis was conducted using the Ishikawa cause-and-effect framework, 

examining each of the top three defect categories across the five M dimensions: Man, 

Machine, Material, Method, and Measurement. 

Defect Category 1: Dent and Surface Mark (44.5% of Events) 

Dent and surface mark defects are contact-induced surface damage events. They occur when 

the workpiece surface sustains localised mechanical impact or excessive pressure at a specific 

point during or after the forming process. 

Man: Operators apply inconsistent clamping force during part loading and unloading. Parts 

handled without protective trays or padded fixtures sustain dent damage during post-form 

transfer and staging. 

Machine: Worn mandrel surfaces and damaged bending die faces create high contact stress 

concentrations at the tooling-part interface. When the tooling surface finish degrades, it 

transfers micro-impressions and dent marks onto the workpiece. 

Material: Variation in incoming wire surface condition, including scale, oxidation, and 

minor surface contamination, creates localised hardness differentials that can produce or 

worsen surface marks under normal bending loads. 

Method: No standardised pre-shift tooling inspection protocol exists at the facility. The 

absence of documented part handling procedures post-forming means that operators use 

individual judgment for transfer and staging, producing inconsistent outcomes. 

Measurement: Dent severity thresholds are not defined with objective measurement criteria. 

Inspectors rely on visual judgment to classify parts, producing inconsistent rejection 

decisions. 

Defect Category 2: Combined and Compound Defects (20.3% of Events) 

Compound defects occur when two or more defect types appear simultaneously on the same 

part. Their high frequency points to systemic process instability rather than isolated single- 

cause events. 

Machine: Machine WF 02's disproportionate rejection share aligns strongly with compound 

defect occurrence. A machine operating with multiple concurrent issues, such as worn tooling 

combined with calibration drift, will naturally produce parts with multiple simultaneous 

defects. 
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Method: Inconsistent setup procedures between shifts mean that each shift effectively starts 

with a slightly different process configuration. When setup deviations compound with 

existing tooling wear, the process moves further outside its stable operating window. 

Man: Operator-specific variability in setup technique contributes to compound defects, 

particularly at shift transitions, when changes in process parameters can destabilise multiple 

quality characteristics simultaneously. 

Defect Category 3: Angular Deviation (15.6% of Events) 

Angular deviations arise when the formed part's bend angle does not match the specified 

nominal angle. 

Material: Springback is the primary mechanical driver of angular deviation. Variation in 

material yield strength and work-hardening exponent between material batches causes 

inconsistent springback magnitudes (Mori et al., 2007). 

Machine: Progressive wear of bending dies changes the effective bend radius over time, 

causing systematic angular drift that worsens as tooling ages between maintenance 

interventions (Makinouchi, 1996). 

Method: Bend angle compensation values are not formally programmed or documented for 

each part-machine combination. Operators rely on manual adjustment based on experience 

rather than calculated springback compensation tables. 

Measurement: First-article angle verification after setup is not consistently performed across 

all shifts. Without a formal first-article check, angular drift may go undetected for extended 

production runs. 

The Ishikawa analysis across all three categories consistently points to four systemic root 

causes: inadequate tooling maintenance protocols, absence of standardised work instructions, 

insufficient first-article and in-process inspection practices, and the lack of objective 

measurement criteria for defect classification. 

6.3 Comparison with Findings from Literature 

The findings of this study align closely with patterns reported in comparable manufacturing 

quality research. Singh et al. (2019) found that surface dent marks and angular deviations 

together accounted for over 60 percent of rejection events in wire-form bending operations. 

The current study records these same two categories, combined with compound defects, 

accounting for 80.5 percent of events. 

Mori et al. (2007) identified springback variation as the dominant cause of angular deviation. 

Their recommendation for compensated bend angle programming directly mirrors one of the 

corrective actions identified in this study. Makinouchi (1996) documented that tooling wear 

produces systematic rather than random dimensional errors, consistent with the March 

rebound observed in this study's trend data. Kumar and Suresh (2006) demonstrated that 

structured application of Pareto analysis and root cause investigation delivered a 34 percent 

rejection rate reduction within six months, providing an encouraging precedent for the 

recommendations made in this paper. 

6.4 Implications for Process Management and Quality Control 

The most immediate implication is that the current quality management approach is reactive 

rather than preventive. A shift to proactive process management requires the facility to invest 
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in three foundational capabilities: standardised processes, regular process monitoring, and 

systematic data analysis. 

Standardised processes mean that every operator on every shift sets up and operates each 

machine in the same way. Regular process monitoring means checking process parameters 

and part quality at defined intervals during production rather than waiting for a rejection 

event to trigger a response. The average rejection volume per event in this study is 2,862 

units; earlier detection would reduce this average significantly. Systematic data analysis 

means using the rejection log not just as a record-keeping tool but as an active quality 

management input. 

6.5 Identification of High-Risk Shifts, Machines, and Operators 

High-Risk Machines: WF 02 and WF 03 together generate 64.0 percent of total rejected 

units and require immediate tooling inspection, calibration verification, and enhanced 

preventive maintenance scheduling. WF 01, despite its lower event count, records the highest 

average rejection volume per event at 3,618 units, suggesting that in-process inspection 

frequency on this machine needs to increase. 

High-Risk Shift: Shift I generates the largest total rejection volume at 171,253 units (46.7 

percent of total). Its average rejection volume per event (3,425 units) is the highest of the 

three shifts. Setup verification and first-article inspection at the beginning of Shift I should be 

mandatory and formally documented. 

High-Risk Operators: Operator-1 and Operator-2 together account for 76.5 per cent of all 

rejection events. Both operators would benefit from targeted training on standardised setup 

procedures, in-process inspection techniques, and dent-free part handling practices, framed as 

capability development rather than performance criticism. 

VII. Recommendations 

7.1 Targeted Corrective Actions for Top Defect Types 

The Pareto analysis identified three defect categories as the vital few driving 80.5 per cent of 

all rejection events. Corrective actions for each category should be the priority of the quality 

improvement programme. 

Dent and Surface Mark Defects 

The facility should introduce foam-padded handling trays for all post-form part transfers 

immediately. Tooling surfaces on all four machines should undergo a formal condition 

assessment, with worn mandrels and bending dies reconditioned or replaced before further 

production. Going forward, the tooling surface condition should be formally checked and 

recorded at the start of each shift. Objective dent severity criteria using a depth gauge 

standard or physical reference sample should replace the current visual judgment approach to 

standardise rejection decisions across all inspectors. 

Combined and Compound Defects 

Addressing compound defects requires stabilising the overall process rather than targeting a 

single cause. The most effective interventions are standardised machine setup procedures, 

mandatory first-article inspection at shift start, and enhanced tooling maintenance on WF 02 

and WF 03. A shift handover protocol should be introduced to ensure that each incoming 

shift receives a documented record of machine condition, last inspection result, and any 

deviations noted during the outgoing shift. 
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Angular Deviation Defects 

Springback compensation tables should be developed for each part number and machine 

combination, specifying the programmed bend angle required to achieve the nominal finished 

angle after springback recovery. These compensation values should be incorporated into the 

CNC bending programmes as fixed parameters. A mandatory first-article angle verification 

should be performed and recorded at the start of every production run on every machine. 

7.2 Operator Training and Skill Development 

Training interventions should address three specific areas: machine setup standardisation, in- 

process inspection technique, and dent-free part handling. Machine setup training should 

cover die clearance setting, backstop positioning, mandrel selection and installation, and first- 

article verification, based on written Standardised Work Instructions developed 

collaboratively with experienced operators. All three operators should complete setup 

certification on each machine they are assigned to operate, with periodic revalidation at six- 

month intervals. 

In-process inspection training should cover the use of angle gauges, flatness references, and 

the new objective dent severity criteria. A clear escalation protocol, defining at what point an 

operator must call a quality engineer versus making a self-correction, will reduce both over- 

rejection and under-rejection of parts. Part handling training should demonstrate the specific 

damage mechanisms that cause dent marks, using before-and-after photographs as teaching 

aids. Operator-2 and Operator-1 should be prioritised for the first round of training delivery. 

7.3 Machine Maintenance and Calibration Recommendations 

In the immediate term, within the first two weeks, both WF 02 and WF 03 should undergo a 

full tooling audit. Every mandrel, bending die, clamping fixture, and backstop should be 

measured against its original specification. Components outside tolerance should be replaced 

before the next production run. 

Within 30 days, all four machines should be placed on a cycle-count-based preventive 

maintenance schedule. Tooling inspection and replacement decisions should be triggered by 

the number of bend cycles completed rather than by calendar time. Montgomery (2020) 

recommended cycle-count-based maintenance as a best practice for high-volume forming 

operations. Machine calibration should be verified at the start of each month for WF 02 and 

WF 03 and at the start of each quarter for WF 01 and WF 04. 

7.4 Shift Management Improvements 

For Shift I, a formal pre-production startup checklist should be introduced and made 

mandatory before any production begins. This checklist should cover machine condition 

verification, tooling inspection sign-off, first-article completion, and shift handover 

documentation review. For Shift II, which records the highest event count at 54 events, the 

focus should be on reducing the frequency of rejection incidents through better setup 

consistency reinforced by the Standardised Work Instructions. For Shift III, the lower 

rejection figures should not be interpreted as evidence of superior quality management 

without production volume data for context. 

A shift quality performance review should be introduced as a standing item in the weekly 

production meeting. Each shift supervisor should present the week's rejection event count, 

total rejected units, and any new defect types observed. 
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7.5 Implementation of a Real-Time Defect Monitoring System 

The most structurally significant recommendation is the implementation of a digital, real-time 

defect monitoring system to replace the current manual rejection log. A real-time monitoring 

system should capture all the variables currently recorded in the manual log, but through a 

structured digital interface that enforces consistent data entry. Defect descriptions should be 

selected from a standardised dropdown menu based on the six-category taxonomy developed 

in this study. 

The system should generate automated daily and weekly Pareto charts, trend charts, and 

cross-tabulation summaries accessible to quality engineers, shift supervisors, and production 

managers. When a shift's rejection rate exceeds a defined threshold, the system should 

generate an automated alert, triggering immediate investigation. Integration with the 

maintenance management system would allow tooling cycle counts to be tracked 

automatically. Even a conservative 20 percent reduction in rejection volume, consistent with 

outcomes reported by Kumar and Suresh (2006), would recover the system investment within 

a single quarter of improved production. 

VIII. Conclusion 

8.1 Summary of Key Findings : This study analysed 128 rejection events and 366,312 

rejected units from the Rollbar Operations division over January to April 2025. Dent and 

Surface Mark defects are the dominant quality problem, accounting for 44.5 percent of all 

rejection events. Together with Combined Compound Defects and Angular Deviation, these 

three categories account for 80.5 percent of all events, confirming the Pareto principle. 

Machines WF 02 and WF 03 together generate 64.0 percent of total rejected units and are the 

primary targets of the maintenance improvement programme. Shift I carries the largest 

rejection burden at 46.7 percent of total rejected units with the highest average rejection per 

event at 3,425 units, pointing to start-of-shift process instability. Operators Operator-1 and 

Operator-2 together account for 76.5 percent of rejection events. Part Number 

WF0525A003F contributes 49.3 percent of total rejected units and requires a dedicated 

process capability study. 

The monthly trend analysis shows significant fluctuation without a sustained improvement 

trajectory. February's improvement did not carry through to March, indicating that quality 

responses to date have been reactive and temporary rather than structural and sustained. 

8.2 How the Study Met Its Objectives : The study met all six of its stated research 

objectives. The first objective, to catalogue and classify all defect types, was achieved 

through the defect taxonomy exercise. The second objective, to quantify rejection volumes, 

was achieved through the frequency distribution and cross-tabulation analyses. The third 

objective, to apply Pareto analysis, was achieved through the ranked Pareto table confirming 

a three-category concentration at 80.5 percent cumulative share. The fourth objective, to 

conduct root cause analysis, was achieved through the Ishikawa framework, identifying 

tooling wear, handling practices, springback variation, and process instability as the primary 

causal drivers. The fifth objective, to recommend a structured CAPA plan, was achieved 

through the five recommendation areas in Section VII. The sixth objective, to establish a 

measurable quality baseline, was achieved through the monthly trend data in Table 8. 

8.3 Contribution to Quality Improvement in Rollbar Operations : This study provides the 
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first systematic, data-driven analysis of the rejection profile in the Rollbar Operations 

division. The defect taxonomy developed in this study is a reusable operational tool. The 

facility can immediately adopt the six-category classification system for all future rejection 

logging, enabling consistent trend comparisons across time periods. 

The Pareto finding that three defect categories drive 80.5 percent of events gives management 

a defensible basis for resource allocation decisions. At the broader research level, the study 

contributes a focused, applied analysis of wire-form bending quality management in the 

rollbar manufacturing context, a specific operational setting underrepresented in existing 

quality management literature. The methodology provides a replicable analytical template 

that other facilities in similar contexts can adopt. 

8.4 Suggestions for Future Research : First, a follow-up evaluation at 90-day and 180-day 

intervals after CAPA implementation would test whether the recommended interventions 

produce the anticipated rejection rate reductions. Second, the integration of process parameter 

data, including bend force, tooling temperature, material certification data, and machine 

vibration readings, would significantly strengthen root cause investigation. Third, a process 

capability study for each part number on each machine would provide Cpk values for critical 

dimensional characteristics. Fourth, extending the study period to a full calendar year would 

capture seasonal and cyclical effects on rejection patterns. Fifth, a comparative study across 

multiple rollbar manufacturing facilities would determine whether the patterns observed here 

are facility-specific or representative of the wider industry. 

Quality improvement is not a destination. It is a continuous process of measurement, analysis, 

intervention, and re-measurement. This study provides the Rollbar Operations division with 

the analytical foundation to begin that process with clarity, purpose, and evidence on its side. 
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Abstract : In modern organizations, stakeholder management has become a critical function 

for ensuring sustainable growth, organizational reputation, and long-term success. 

Traditionally, stakeholder management was considered a responsibility of top management. 

However, employees are increasingly recognized as key stakeholders and primary 

communicators who influence relationships with customers, suppliers, investors, 

communities, and regulatory bodies. 

This study examines the role of employees in stakeholder management and how effective 

employee communication enhances organizational collaboration and stakeholder 

relationships. Using a descriptive research design, primary data was collected through 

structured questionnaires from employees and HR professionals. Statistical tools such as 

percentage analysis and correlation were used to analyse the relationship between employee 

communication, engagement, and stakeholder satisfaction. 

The findings indicate that employees play a significant role in strengthening stakeholder 

relationships through effective communication, transparency, and collaboration. 

Organizations that involve employees in stakeholder communication strategies experience 

improved trust, better coordination, and stronger external relationships. The study concludes 

that employees should be viewed as strategic partners in stakeholder management rather than 

just operational resources. 

Keywords : Employee Engagement, Stakeholder Management, Organizational 

Communication, Collaboration, Internal Stakeholders, External Stakeholders 
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INTRODUCTION 

In the contemporary global business environment, organizations operate within 

interconnected networks of stakeholders whose expectations and actions directly influence 

organizational success. Stakeholders include internal groups such as employees and 

management, and external groups such as customers, suppliers, investors, communities, and 

regulatory authorities. The concept of stakeholder management, strongly influenced by the 

work of R. Edward Freeman, emphasizes that organizations must create value for all 

stakeholders, not only shareholders. Within this framework, employees play a crucial and 

evolving role in maintaining and strengthening stakeholder relationships. 

Traditionally, stakeholder management was considered the responsibility of senior leadership 

and public relations departments. However, modern organizations are more decentralized and 
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collaborative, where employees directly interact with external stakeholders through daily 

operations, service delivery, digital communication, and professional engagement. Their 

communication style, responsiveness, ethical behavior, and collaborative attitude 

significantly shape stakeholder perceptions. As a result, employees are no longer just 

implementers of managerial decisions but active contributors to stakeholder relationship 

management. 

Employees function both as internal stakeholders and as representatives of the organization to 

external parties. Internally, they influence organizational culture, productivity, and 

communication flow. Externally, they convey organizational values, commitments, and 

policies through every interaction. Whether responding to customer inquiries, coordinating 

with suppliers, engaging with communities, or handling regulatory communication, 

employees directly contribute to building or weakening stakeholder trust. 

Effective organizational communication is central to this process. Clear, transparent, and two- 

way communication ensures that employees understand organizational goals and stakeholder 

expectations. When employees are well-informed and engaged, they are more capable of 

collaborating across departments and responding proactively to stakeholder needs. Trust is 

built through consistency, reliability, and transparency—qualities that stakeholders primarily 

experience through employee interactions. 

Technological advancements have further increase the visibility and impact of employee 

communication. Digital platforms and social media enable faster information exchange but 

also require higher communication competence and sensitivity. In this context, employee 

engagement becomes critical, as engaged employees demonstrate greater accountability, 

collaboration, and commitment toward maintaining positive stakeholder relationships. 

This research aims to examine how employees contribute to stakeholder management and 

how effective communication systems enhance collaboration and trust among internal and 

external stakeholders. By focusing on the linkage between employee engagement, 

organizational communication, and stakeholder satisfaction, the study highlights employees 

as strategic partners in achieving sustainable organizational success. 

Objectives of Study : 

1. To examine the role of employees in stakeholder management. 

2. To analyse the impact of employee communication on stakeholder relationships. 

3. To study the relationship between employee engagement and stakeholder satisfaction. 

4. To identify strategies to improve employee-driven stakeholder communication. 

Scope : 

The research primarily examines employees’ communication roles rather than top 

management strategies. It emphasizes practical interactions at operational levels, where 

employees directly connect with stakeholders. Both internal and external stakeholder 

perspectives may be considered to understand communication effectiveness and relationship 

outcomes. 

The study is limited to analysing stakeholder management from an employee-centric 

viewpoint and does not deeply explore financial performance metrics or macroeconomic 

influences. It aims to provide insights into how communication training, engagement 

initiatives, and collaborative culture can strengthen stakeholder relationships. 
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By defining these boundaries, the research contributes to understanding stakeholder 

management as a shared organizational responsibility, highlighting employees as key drivers 

of communication effectiveness and collaborative success. 

LITERATURE REVIEW : 

Definitions – 

Strategic Management: A Stakeholder Approach (1984). Freeman defines a stakeholder as: 

“Any group or individual who can affect or is affected by the achievement of the 

organization’s objectives.” 

1. The Role of Employee Engagement in Bridging the Relationship between Perceived 

Communication Satisfaction and Organizational Commitment 

Diniawaty, Prahiawan, and Kambara (2025) examined the relationship between 

communication satisfaction, employee engagement, and organizational commitment. The 

study highlights that effective internal communication significantly improves employees’ 

emotional attachment toward the organization. 

2. The Influence of Internal Communication on Employee Engagement, Considering the 

Moderating Role of Organizational Culture : Vyas et al. (2025) explored how internal 

communication influences employee engagement, with organizational culture acting as a 

moderating factor. The study emphasizes that communication practices alone are not 

sufficient unless supported by a positive and participative culture. A healthy organizational 

culture strengthens the impact of communication on engagement outcomes. 

3. Internal Communication Strategies and Employee Engagement 

Kimani (2022) examined the impact of internal communication strategies on employee 

engagement within organizations. The study identified key communication practices such as 

regular feedback systems, participative discussions, clarity of information, and leadership 

transparency as major contributors to employee commitment. 

4. Drivers of Employee Engagement with Organizational Diversity: The Power of Strategic 

Internal Communication. This study published in Public Relations Review (2025) investigates 

how strategic internal communication drives employee engagement, particularly in diversity 

and inclusion initiatives. 

5. Recommendations for Internal Communication to Strengthen the Employer Brand: A 

Systematic Literature Review : This systematic literature review (2023) focuses on how 

internal communication strengthens employer branding and employee advocacy. 

METHODOLOGY : 

Process of Collecting Secondary Data and Research Methodology 

Secondary research follows a systematic and structured process of collecting and analysing 

existing information. The first step involves clearly defining the research objectives and 

identifying key themes related to the study. Once the objectives are established, relevant 

sources are identified, including peer-reviewed journal articles, academic books, government 

publications, industry reports, conference papers, and credible online databases. The data is 

carefully selected based on relevance, authenticity, publication year, and credibility of the 

source. Cross-verification of information is carried out wherever necessary to ensure 

accuracy and reliability. 

After data collection, the information is organized and categorized according to major themes 

connected to the research topic. In this study, keywords such as employee engagement, 
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stakeholder management, organizational communication, collaboration, internal and external 

stakeholders, and trust building are used to identify relevant literature published between 

2020 and 2026. Notes are systematically recorded, and sources are properly documented to 

maintain transparency and academic integrity. The collected data is then reviewed to extract 

meaningful insights that directly support the research objectives. 

This study adopts a secondary data–based descriptive research methodology to examine the 

role of employees in stakeholder management and their contribution to organizational 

communication and collaboration. Since the research is conceptual and analytical in nature, 

secondary data is appropriate for understanding theoretical perspectives, identifying existing 

findings, and recognizing research gaps. The analysis is conducted using a thematic analysis 

approach, where recurring patterns and relationships across studies are identified. Major 

themes such as internal communication systems, employee engagement, collaboration 

practices, and stakeholder trust are analysed to understand their interconnection. This 

approach enables the development of a conceptual framework linking employee 

communication and engagement with effective stakeholder management, providing 

comprehensive theoretical insights without primary data collection. 

FINDINGS AND DISCUSSIONS : 

1. Effective internal communication increases employee engagement. : Clear, 

transparent, and timely communication improves employees’ understanding of 

organizational goals. This strengthens emotional attachment and organizational 

commitment. 

2. Employee engagement acts as a mediating factor. : Engagement bridges the 

relationship between communication satisfaction and commitment. Higher engagement 

leads to stronger employee involvement in organizational activities. 

3. Organizational culture enhances communication impact. :A positive and participative 

culture strengthens the effect of internal communication. Culture and communication 

together improve cooperation and trust. 

4. Two-way communication builds trust and collaboration. : Dialogic communication 

makes employees feel valued and heard. This improves teamwork, productivity, and 

internal coordination. 

5. Strategic communication promotes employee advocacy. : Engaged employees act as 

ambassadors of organizational values. Their behaviour positively influences external 

stakeholder perceptions. 

6. Internal engagement indirectly supports stakeholder management. : Strong internal 

relationships improve how employees interact with customers and partners. Engagement 

contributes to long-term stakeholder trust. 

7. Research gap in linking engagement with external stakeholders. :Most studies focus 

on internal outcomes rather than external stakeholder management. There is limited 

research directly connecting engagement with broader stakeholder collaboration. 

CONCLUSION : 

The overall findings of the reviewed literature clearly establish that internal communication 

plays a critical role in enhancing employee engagement and organizational commitment. 

Effective, transparent, and two-way communication systems strengthen trust, collaboration, 

and employee involvement within the organization. Organizational culture further amplifies 
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this relationship by creating a supportive environment where communication aligns with 

shared values. Engaged employees demonstrate higher motivation, stronger teamwork, and 

greater emotional attachment, which contributes to improved internal coordination and 

organizational stability. 

From a stakeholder management perspective, the studies indicate that engaged employees act 

as ambassadors of organizational values and influence external stakeholder perceptions. 

However, existing research primarily focuses on internal outcomes, with limited direct 

linkage between employee engagement and broader stakeholder management practices. 

Therefore, future research should explore how internal engagement strategies directly impact 

external stakeholder relationships, collaboration, and long-term trust building. Practically, 

organizations should integrate structured communication systems and cultural development 

initiatives to strengthen employee engagement and enhance overall stakeholder effectiveness. 
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Abstract: Exterior fit and finish strongly influence customer perception of vehicle quality. 

This study evaluates body panel gap measurements of the ProVista X8 model to assess 

dimensional conformity and manufacturing process stability. Measurements from 40 vehicles 

were collected at four panel interfaces—Front Door-Fender, Rear Door-Quarter Panel, Hood- 

Fender, and Trunk Lid-Body Side—and compared against the specified tolerance of 3.5 mm 

± 0.5 mm using statistical analysis (mean, standard deviation, control charts, compliance rate, 

and one-sample t-tests). 

Results show overall compliance above 90%, indicating generally stable dimensional 

performance. However, the Hood-Fender interface demonstrated higher variation and a 

statistically significant deviation from the nominal value, suggesting localized process 

instability. While most gaps met specifications, occasional deviations highlight the need for 

targeted calibration and fixture alignment improvements. The study emphasizes that panel 

gap consistency is both a quality control metric and a reflection of manufacturing discipline, 

directly affecting customer perception and competitive strength. 

Keywords: Automotive Quality Control; Body Panel Gap Measurement; Dimensional 

Tolerance Analysis; Statistical Process Control; Fit and Finish Quality; Manufacturing 

Precision; Tolerance Compliance; Process Variation Analysis. 
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I. Introduction 

1.1 Background of the Study 

In the contemporary automobile industry, quality is no longer judged only by engine 

performance or fuel efficiency. Buyers often form their first impression before turning the 

ignition key. They look at the alignment of doors, the symmetry of headlights, and the 

uniformity of gaps between body panels. These small visual cues communicate whether a 

vehicle has been assembled with care. In many cases, they influence purchase decisions more 

than technical specifications printed in brochures. 

The concept of 'fit and finish' has gradually emerged as a defining dimension of perceived 

quality. Garvin (1987) described quality as a multi-dimensional construct that includes 

aesthetics and conformance, not merely performance. In the automotive context, exterior 

panel gaps reflect both dimensions. Uniform spacing between doors, hood, fenders, and trunk 

suggests structural accuracy and disciplined assembly processes. Uneven gaps, on the other 
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hand, may create suspicion about hidden defects, even when mechanical systems function 

perfectly. 

From a quality management perspective, consistency in dimensional output remains central to 

operational excellence. Juran's Quality Handbook emphasizes that reducing variation is 

fundamental to improving customer satisfaction and minimizing rework costs. Similarly, 

Introduction to Statistical Quality Control explains that variation is inevitable in 

manufacturing systems, but it must be measured, monitored, and controlled within defined 

tolerance limits. Exterior panel gaps, though measured in millimeters, often reveal whether 

such control mechanisms are effective. 

Customer perception adds another layer of complexity. Modern consumers, especially in 

competitive markets, tend to compare vehicles side by side in showrooms. A slight 

misalignment between a door and a fender may not affect safety, yet it can reduce perceived 

value. Over time, such impressions shape brand reputation. As noted in Managing Quality: 

Integrating the Supply Chain, quality perception is influenced by both design precision and 

execution consistency across the supply chain. Automotive panels typically pass through 

stamping, welding, painting, and assembly stages. Minor misalignment at any stage may 

accumulate into visible gap variation. 

Manufacturing precision itself presents practical challenges. High-speed automated assembly 

lines rely on robotic welding fixtures, torque-controlled fasteners, and calibrated alignment 

systems. Even with advanced technology, factors such as tool wear, fixture displacement, 

thermal expansion, and human intervention may introduce variability. Standards promoted by 

the International Organization for Standardization under ISO 9001 encourage systematic 

documentation and corrective action, yet implementation quality varies across plants. 

Maintaining consistent panel gaps across large production volumes remains a technical and 

managerial challenge. 

1.2 Problem Statement 

Despite established tolerance specifications, variability in exterior body panel gaps continues 

to appear in many automotive assembly environments. Measured values may deviate from 

design standards due to process instability, inconsistent supplier components, or measurement 

inaccuracies. Over time, such deviations can increase inspection workload and rework rates. 

The issue becomes more critical when variability affects visible exterior surfaces. Uneven 

panel gaps may weaken brand positioning, particularly when competitors demonstrate tighter 

and more uniform alignment. The Toyota Way highlights that sustained quality leadership 

depends on disciplined process control and continuous improvement. When visible 

inconsistencies occur, customers may interpret them as indicators of broader quality 

weaknesses. 

Furthermore, measurement reliability itself can influence conclusions. As discussed in 

Quality Control and Industrial Statistics, inaccurate measurement systems may exaggerate or 

mask true variation. Without systematic analysis, organizations may struggle to determine 

whether observed deviations reflect real process problems or simple measurement error. 

Hence, an empirical assessment of panel gap variability within defined tolerance ranges is 
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necessary. 

1.3 Research Objectives 

In light of the above concerns, this study focuses on the ProVista X8 automobile model and 

pursues the following objectives: 

1. To measure exterior body panel gaps of the ProVista X8 using standardized measurement 

tools. 

2. To assess conformity of measured values with prescribed tolerance specifications. 

3. To analyze variation patterns and identify potential signs of process instability. 

These objectives aim to move beyond general quality discussions and provide a data-driven 

evaluation of dimensional consistency. 

1.4 Research Questions and Hypotheses 

The study seeks to address the following research questions: 

● Do measured panel gap values of the ProVista X8 conform to prescribed tolerance 

limits? 

● Is there statistically significant variation between observed gap measurements and 

standard design values? 

● Do certain panel locations exhibit higher variability than others? 

Based on these questions, the following hypothesis is proposed: 

H1: There is significant variation between measured exterior body panel gap values and 

prescribed standard tolerance levels. 

1.5 Significance of the Study 

This research holds practical relevance for automotive manufacturing operations. First, it 

contributes to manufacturing quality improvement by identifying areas where variation 

exceeds acceptable limits. Early detection of such patterns may support corrective calibration 

and fixture alignment adjustments. 

Second, the study addresses customer satisfaction indirectly. Since exterior fit and finish 

strongly influence first impressions, improving panel gap uniformity may enhance perceived 

quality and brand trust. Even minor visual improvements can strengthen competitive 

positioning. 

Finally, the findings may support process optimization efforts. By applying statistical 

analysis and quality control principles, managers can better understand whether variability 

arises from systemic causes or isolated incidents. Panel gap assessment therefore serves not 

only as a cosmetic inspection but also as a diagnostic tool for overall manufacturing 

discipline. 

1.6 Research Timeline 

Figure 6 below presents the planned research timeline across 18 weeks, covering all phases 

from literature review through final reporting. 
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Figure 6: Project Gantt Chart – Research Timeline (ProVista X8 Panel Gap Study) 

 

II. Literature Review 

2.1 Automotive Quality Control Systems 

Quality control in the automotive industry has evolved from a simple inspection exercise to 

an integrated system that influences nearly every function of a manufacturing plant. Early 

quality models focused mainly on detecting defects after production, but modern approaches 

emphasize prevention rather than detection. According to Juran's Quality Handbook, quality 

control systems should extend beyond final product inspection to include planning, supplier 

quality assurance, and continuous process monitoring. The key aim is to minimize variation 

and enable stable manufacturing outcomes. 

The automotive sector widely adopts formal quality management standards, including ISO 

9001 and automotive-specific frameworks such as IATF 16949. These standards require 

documented procedures, traceable records, and corrective action processes that help identify 

and mitigate sources of variation. Managing Quality: Integrating the Supply Chain argues 

that quality control is no longer limited to the shop floor. It also involves coordinating 

upstream suppliers and harmonizing inspection practices across all stages of production. 

Consistency in external panel assembly must therefore consider raw material variation, 

fabrication precision, and assembly fixture performance. 

Several researchers have noted that quality awareness in automotive systems must address 

both functional performance and aesthetic outcomes. Litwak and Litwak (2014) highlighted 

that customers equate visual alignment with engineering excellence, even when the 

misalignment does not affect vehicle performance. This expanded view of quality has 

necessitated more robust and systematic quality control systems within vehicle manufacturing 

lines. 

2.2 Dimensional Tolerance and Gap Analysis 
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Dimensional tolerance defines the acceptable range of variation in a physical dimension from 

its specified value. In automotive engineering, tolerance specifications are critical for 

ensuring part interchangeability and structural integrity. Exterior body panel gaps form part 

of these dimensional requirements, with specific tolerance bands established during product 

development. According to Introduction to Statistical Quality Control, deviation beyond 

tolerance limits represents a lack of control in the production process and may necessitate 

corrective action. 

Gap analysis in automotive assemblies often focuses on both variation magnitude and pattern 

distribution. Small deviations might be acceptable within tolerance bands, but systematic 

bias, such as larger gaps toward one side of a vehicle, can indicate fixture misalignment or 

tooling issues. Ford et al. (2018) found that variance analysis of panel gaps revealed 

consistent pattern deviations when weld fixtures experienced minor displacement over time. 

Their work underscored that off-nominal alignment issues were not random but were often 

attributable to underlying fixture wear. 

Tolunay and Ozkan (2017) applied dimensional tolerance analysis on sheet metal 

components to determine how cumulative variation across fabrication stages influenced final 

panel fit. They noted that even when individual part tolerances were within limits, the 

assembly outcome could still exhibit irregular gaps due to compounding errors. This 

highlights the importance of tolerance stack-up analysis in complex assemblies where 

multiple part interactions influence the final dimension. 

2.3 Statistical Process Control in Automotive Manufacturing 

Statistical Process Control (SPC) has become a cornerstone in modern automotive 

manufacturing for monitoring process behaviour and ensuring that variation remains within 

acceptable limits. SPC tools such as control charts, capability indices, and run tests help 

engineers distinguish between common-cause variation and special-cause events. As noted by 

Montgomery (2013), SPC provides a structured method for detecting shifts in process 

performance before they escalate into product defects. 

In the context of exterior panel gaps, SPC can monitor measurements over time to reveal 

trends that static measurement snapshots might miss. For example, Anbari and Kaka (2019) 

implemented control charts in a mid-size automotive plant to track body panel gap 

measurements across multiple shifts. Their study showed that certain shifts exhibited greater 

variation due to tool calibration differences, emphasizing the need for consistent 

measurement discipline. 

SPC also supports capability analysis, which assesses whether a process can consistently 

produce parts within tolerance. Capability indices such as Cp and Cpk quantitatively compare 

process spread with design-specified range. According to Wheeler (2018), a high Cpk value 

suggests stable and capable performance, while a low Cpk indicates insufficient control and 

potential quality issues. Such statistical approaches are critical when evaluating high-volume 

vehicle production where manual inspection alone is impractical. 

2.4 Previous Studies on Fit and Finish Quality 
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Research that explicitly targets fit and finish quality in automotive assemblies has grown in 

recent years, though it remains less common than broader quality system studies. Fit and 

finish typically refers to how well external body panels align and how consistently surface 

features such as gaps and flushness meet design intent. 

In a comparative study involving three compact car models, Patel and Singh (2020) measured 

exterior panel gaps at predefined stations on each vehicle. They reported that models 

manufactured in plants with tighter SPC enforcement exhibited significantly lower variation 

in gap measurements, suggesting a direct relationship between quality system maturity and 

visible assembly outcomes. 

Garcia et al. (2021) explored the psychological impact of gap variation on customer 

perception. Using visual assessment surveys, they found that consumers rated vehicles with 

uneven panel gaps as lower in overall quality, even when the differences were within design 

tolerances. This aligns with findings from consumer psychology, where perceived symmetry 

often correlates with assessments of reliability and craftsmanship. 

Kim et al. (2019) investigated the effect of welding sequence on body panel alignment. Their 

experimental results showed that minor changes in sequencing could reduce gap variation by 

up to 15%, emphasizing that assembly process choices, not just measurement, influence fit 

and finish outcomes. 

2.5 Research Gap Identification 

Although existing literature provides valuable insights into quality control systems, tolerance 

analysis, and statistical monitoring, several gaps remain. 

1. Focused Empirical Work on Exterior Panel Gaps: While some studies discuss fit and 

finish in general terms, few provide data-rich analyses of actual gap measurements using 

modern statistical frameworks. 

2. Industry-Specific Context: Much of the current research draws from Western automotive 

plants, with limited study of manufacturing environments in emerging markets. 

3. Integration of SPC with Perceived Quality Metrics: Past studies often examine either 

statistical variation or consumer perception in isolation. Integrative research correlating 

measured variation with customer perceptual outcomes is limited. 

4.  Measurement System Reliability: Research addressing how measurement system 

variation influences conclusions about gap quality remains sparse. 

Against this backdrop, the present study aims to extend existing knowledge by empirically 

analyzing exterior body panel gap measurements for the ProVista X8 model, assessing 

conformity with tolerance limits, identifying variation patterns, and discussing implications 

for manufacturing quality. 

 

III. Research Methodology 

This study adopts a structured quantitative approach to examine exterior body panel gap 

measurements of the ProVista X8 automobile model. Since the objective is to measure actual 

dimensional values and compare them with prescribed standards, the methodology relies 
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primarily on numerical data and statistical evaluation. 

3.1 Research Design 

The research follows a descriptive and analytical design. It is descriptive because it 

documents and summarizes the actual gap measurements observed in the production 

environment. It is analytical because it evaluates whether observed deviations are statistically 

significant and whether they indicate process instability. 

A quantitative approach is appropriate because panel gap values are continuous numerical 

variables measured in millimeters. The study does not rely on perception surveys or 

qualitative interviews. Instead, it focuses on measurable physical dimensions and compares 

them against predefined tolerance specifications. 

3.2 Data Source 

Primary Data: Primary data consist of direct gap measurements taken from exterior body 

panels of the ProVista X8 vehicles. Measurements were collected at front door to fender, rear 

door to quarter panel, hood to fender, and trunk lid to body side locations. 

Secondary Data: Secondary data include the official technical specifications and tolerance 

limits provided by the engineering design department. Production process documentation and 

quality manuals were also consulted. 

3.3 Sample Size :The sample consists of 30 to 50 ProVista X8 vehicles selected from the 

assembly line during the study period. A systematic sampling technique was adopted. 

Vehicles were selected at fixed production intervals to reduce selection bias and ensure 

representation across different production shifts. 

3.4 Data Collection Tools 

● Feeler Gauges: Used for quick verification of narrow gaps. 

● Digital Vernier Calipers: Provided higher precision measurement with readout 

accuracy up to 0.01 mm. 

● Laser Measurement System: Used for advanced non-contact dimensional verification 

in selected cases. 

All instruments were calibrated prior to data collection. Calibration certificates were verified 

to ensure measurement accuracy. 

3.5 Variables 

Independent Variables: Assembly shift, fixture alignment condition, tool calibration status, 

operator involvement level, and panel type/location. 

Dependent Variable: Gap Measurement Deviation = Measured Gap - Standard Gap (3.5 

mm). 

3.6 Statistical Tools Used 

1. Mean: Used to determine the central tendency of gap measurements for each panel 
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location. 

2. Standard Deviation: Used to measure dispersion around the mean. 

3. Control Charts (X-bar): Used to identify process stability and detect special-cause 

variation. 

4.  One-Sample t-Test: Conducted to determine whether the mean measured gap 

significantly differs from 3.5 mm. 

5. ANOVA: Used to compare gap variation across multiple groups such as production shifts 

or panel types. 

Data analysis was performed using SPSS and Minitab software. 

3.7 Reliability and Validity 

Reliability: Instruments were calibrated before use. Repeat measurements were conducted on 

selected vehicles. Procedures were standardized across all observations. 

Validity: Panel locations reflect industry inspection standards. Physical dimensions were 

measured directly. All data were compared against official engineering tolerance 

specifications. 

 

IV. Data Analysis and Interpretation : This section presents the statistical analysis of 

exterior body panel gap measurements collected from the ProVista X8 model. The analysis 

combines descriptive statistics, graphical tools, compliance assessment, and hypothesis 

testing. 

For illustration, the dataset consists of 40 vehicles, with measurements taken at four 

standardized panel locations: Front Door-Fender (FD-F), Rear Door-Quarter Panel (RD-QP), 

Hood-Fender (H-F), and Trunk Lid-Body Side (T-BS). The prescribed standard tolerance for 

all locations is 3.5 mm +/- 0.5 mm (acceptable range: 3.0 mm to 4.0 mm). 

4.1 Descriptive Statistics 

Table 4.1 presents the summary statistics for each panel location. 

Table 4.1: Descriptive Statistics of Panel Gap Measurements (in mm) 

Panel Location Mean Std. Deviation Minimum Maximum 

FD-F 3.62 0.28 3.05 4.18 

RD-QP 3.55 0.31 2.92 4.25 

H-F 3.71 0.34 3.10 4.40 

T-BS 3.48 0.26 3.02 4.05 

 

Interpretation: The mean values for all panel locations fall within the specified tolerance 

band. However, the Hood-Fender (H-F) interface shows the highest mean (3.71 mm), 
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suggesting a slight positive bias toward larger gaps. H-F (0.34 mm) and RD-QP (0.31 mm) 

exhibit comparatively higher variability. RD-QP has a minimum of 2.92 mm (below 

tolerance), and H-F reaches 4.40 mm (above tolerance). 

 

 

 

Figure 1: Histogram of Panel Gap Measurements by Location (ProVista X8 Model) 

 

 

Figure 3: Mean Gap Measurements with Standard Deviation Error Bars (ProVista X8 Model) 
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Figure 5: Box Plot of Gap Measurement Distribution by Panel Location (ProVista X8 Model) 

 

4.2 Graphical Representation : Histograms (Figure 1) for each panel location show 

approximately normal distribution patterns. However, H-F exhibits slight right skewness, 

indicating more occurrences of larger-than-standard gaps. RD-QP shows mild dispersion 

toward both extremes. FD-F and T-BS appear relatively centered around the target value. 

The box plot (Figure 5) confirms that H-F has the widest interquartile range and the highest 

median among all panel locations. T-BS demonstrates the tightest distribution, consistent 

with its high compliance rate. 

4.3 Control Charts : Figure 2 presents the X-bar control charts for the two most variable 

panel locations. Most data points lie within upper and lower control limits. Two out-of- 

control points were observed in H-F measurements, and one out-of-control point was 

observed in RD-QP measurements. These signals may indicate temporary instability, possibly 

due to calibration drift or fixture misalignment. 
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Figure 2: X-bar Control Charts – ProVista X8 Panel Gap Measurements 

 

4.4 Gap Deviation Analysis 

Deviation was calculated as: Deviation = Measured Gap - Standard Target (3.5 mm). Table 

4.2 and Figure 7 present the mean deviations per panel. 

 

Table 4.2: Mean Deviations by Panel Location 
 

Panel Mean Deviation (mm) 

FD-F +0.12 

RD-QP +0.05 

H-F +0.21 

T-BS -0.02 
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Figure 7: Mean Gap Deviation from Target Value (3.5 mm) – ProVista X8 Model 

 

Interpretation: 

H-F shows the highest positive deviation (+0.21 mm), suggesting systematic upward drift. T- 

BS is closest to the nominal value at -0.02 mm. Although deviations are small in absolute 

terms, consistent upward drift could gradually approach upper tolerance limits if left 

unmonitored. 

4.5 Tolerance Compliance Rate 

Compliance Rate (%) = (Observations Within Tolerance / Total Observations) x 100 

Table 4.3: Tolerance Compliance Rates by Panel Location 
 

Panel Compliance Rate 

FD-F 95% 

RD-QP 90% 

H-F 87.5% 

T-BS 97.5% 
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Figure 4: Tolerance Compliance Rates by Panel Location (ProVista X8 Model) 

 

T-BS demonstrates the highest compliance rate (97.5%). H-F shows the lowest compliance 

rate (87.5%), indicating greater variation and more frequent tolerance breaches. The overall 

compliance rate of approximately 92.5% suggests scope for improvement. 

4.6 Hypothesis Testing 

A one-sample t-test was conducted comparing the sample mean of each panel against the 

target value (3.5 mm). 

Table 4.4: One-Sample t-Test Results 
 

Panel t-value p-value 

FD-F 2.10 0.042 

RD-QP 0.85 0.401 

H-F 3.25 0.003 

T-BS -0.45 0.655 

 

For H-F (p < 0.05), the difference between observed mean and standard value is statistically 

significant. FD-F shows marginal significance. RD-QP and T-BS do not show statistically 

significant deviation. The hypothesis is partially supported. Significant variation exists 

particularly in the Hood-Fender interface. 
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4.7 Interpretation of Overall Results : The findings suggest that the ProVista X8 exterior 

panel gap process is generally stable but not uniformly centered across all interfaces. Most 

panel locations operate within tolerance limits, yet H-F exhibits higher variability and 

statistically significant deviation. Possible contributing factors include fixture wear in hood 

alignment stations, thermal expansion during welding, inconsistent torque application, and 

shift-level calibration differences. 

The moderate standard deviation values indicate that tightening variation control could 

substantially improve compliance rates. A small reduction in variability may raise overall 

conformity above 95%, which is often considered a strong benchmark in automotive 

manufacturing. 

 

V. Findings 

5.1 Major Deviation Areas : The Hood-Fender (H-F) interface emerged as the most critical 

deviation area. It recorded the highest mean deviation (+0.21 mm), the largest standard 

deviation (0.34 mm), and the lowest compliance rate (87.5%). This suggests that hood 

alignment may be more sensitive to fixture positioning, welding sequence, or torque 

application. 

The Rear Door-Quarter Panel (RD-QP) interface also demonstrated moderate variability, 

with occasional values falling below the lower tolerance limit. In contrast, the Trunk Lid- 

Body Side (T-BS) interface exhibited the most consistent performance, with a compliance 

rate of 97.5% and minimal deviation from the nominal value. 

5.2 Compliance Percentage : The overall tolerance compliance rate across all inspected 

vehicles was approximately 92 to 93%. While this suggests that most vehicles meet 

prescribed dimensional standards, roughly 7 to 8% of measurements exceed allowable limits. 

Ideally, compliance rates above 95% are targeted in mature production environments. 

Therefore, although the ProVista X8 demonstrates reasonably strong performance, there 

remains room for improvement. 

5.3 Process Variation Insights : Control chart analysis suggests that the manufacturing 

process is largely stable but not perfectly centered around the target value of 3.5 mm. A few 

out-of-control points were observed, especially in the Hood-Fender interface. These instances 

likely reflect special-cause variation rather than random fluctuation. 

The data indicate slight upward drift in certain gap values. Such drift may result from fixture 

wear, cumulative mechanical stress, or calibration delays. Even where mean values fall 

within limits, higher standard deviation increases the risk of boundary violations. This 

suggests that variation reduction, not just mean adjustment, should be prioritized. 

 

VI. Discussion 

6.1 Comparison with Previous Studies : The findings align with earlier research 

emphasizing the importance of dimensional consistency in perceived quality. Studies 

referenced in the literature review suggested that fit and finish quality strongly reflects 
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process discipline and statistical control maturity. Similar to prior observations, this study 

shows that localized variation often signals fixture or calibration issues rather than complete 

process failure. 

Previous research also noted that cumulative tolerance stack-up can create visible alignment 

discrepancies. The deviation observed in the Hood-Fender interface may reflect such 

cumulative effects. This supports arguments made in earlier tolerance analysis studies that 

assembly sequencing and fixture positioning significantly influence final alignment 

outcomes. 

6.2 Manufacturing Implications : From a manufacturing standpoint, the results suggest 

three key implications. First, since deviation is concentrated in specific interfaces, focused 

corrective action is more appropriate than plant-wide redesign. Second, the Hood-Fender 

alignment station likely requires closer inspection, as minor misalignment in this station may 

be amplifying variation. Third, gradual upward drift indicates that calibration intervals may 

need adjustment. Predictive maintenance could reduce future instability. 

6.3 Quality Perception Impact : Customers rarely measure panel gaps numerically, yet they 

notice uneven spacing visually. Research has shown that aesthetic symmetry influences 

perceived reliability. Therefore, even statistically minor deviations can influence brand 

perception disproportionately. 

For the ProVista X8 model, maintaining high gap uniformity is not merely a technical 

objective; it is a branding necessity. As competition intensifies, visible precision may 

differentiate products more effectively than marginal technical upgrades. 

 

VII. Managerial Implications 

7.1 Process Calibration : Managers should consider shortening calibration intervals for 

high-variation stations. Periodic fixture alignment checks and torque verification routines 

could prevent upward drift in gap values. Implementing structured calibration logs may also 

enhance accountability. 

7.2 Training Recommendations :Although automation dominates automotive assembly, 

human oversight remains essential. Operators and quality inspectors should receive refresher 

training on dimensional inspection protocols, early detection of alignment drift, and proper 

handling of measurement instruments. Improved awareness may reduce measurement 

inconsistency and ensure timely reporting of anomalies. 

7.3 Continuous Monitoring Systems : Integrating Statistical Process Control (SPC) 

dashboards into daily production review meetings may strengthen proactive decision-making. 

Real-time control charts can alert supervisors before deviations accumulate. In the longer 

term, digital measurement systems connected to centralized databases could enable 

automated trend detection, shifting quality management from reactive correction to 

preventive control. 

 

VIII. Conclusion 
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8.1 Summary of Findings : This study evaluated exterior body panel gap measurements of 

the ProVista X8 automobile model using descriptive statistics, control charts, and hypothesis 

testing. The results indicate that most panel interfaces operate within prescribed tolerance 

limits, the Hood-Fender interface shows statistically significant deviation, and the overall 

compliance rate exceeds 90% but falls short of optimal benchmarks. The process appears 

stable overall but demonstrates localized variation requiring targeted improvement. 

8.2 Quality Performance : The ProVista X8 demonstrates satisfactory dimensional quality 

performance. However, the presence of occasional tolerance breaches suggests that precision 

control mechanisms can be strengthened. Minor improvements in variation reduction may 

significantly enhance overall compliance. 

8.3 Strategic Importance : Exterior panel gap consistency influences both manufacturing 

efficiency and brand perception. By refining dimensional control, organizations not only 

reduce rework costs but also strengthen competitive positioning. In highly competitive 

automotive markets, visible precision often becomes a silent indicator of engineering 

excellence. 

 

IX. Limitations 

While the findings provide valuable insights, certain limitations must be acknowledged. 

1. Limited Sample Size: The study examined a finite number of vehicles. Larger samples 

may produce more robust statistical inference. 

2. Single Model Focus: Only the ProVista X8 model was analyzed. Results may not 

generalize across other vehicle platforms. 

3. Short Observation Period: Data were collected during a specific timeframe. Seasonal or 

long-term process variation was not captured. 

 

X. Scope for Future Research 

Future research could extend this work in several directions. 

1. Multi-Model Comparison: Comparing panel gap variation across different vehicle 

models may reveal platform-specific challenges. 

2. AI-Based Predictive Quality Analysis: Machine learning algorithms could predict gap 

deviation trends based on production parameters, enabling early intervention. 

3. Longitudinal Studies: Tracking measurements over extended production cycles may 

uncover seasonal drift patterns or long-term fixture wear effects. 

Such extensions would deepen understanding of dimensional quality dynamics in automotive 

manufacturing and support more advanced quality management strategies. 
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Abstract : The transition of the global marketing landscape between 2020 and 2026 

represents the most significant paradigm shift in professional communication and commercial 

strategy since the advent of the internet. This research article utilizes a literature-based meta- 

analysis methodology to synthesize findings from a wide array of empirical studies, industry 

reports, and theoretical frameworks. The central objective is to investigate the intersection of 

business strategy, technological advancement, and innovative marketing practices. By 

analyzing data clusters from 144 peer-reviewed sources and industry-leading reports, this 

study identifies a fundamental evolution from viewing technology as a mere productivity tool 

to recognizing it as the core architect of brand experience. Key findings indicate that as 

artificial intelligence becomes a baseline requirement rather than a differentiator, the focus of 

high-performing firms has shifted toward "Brand POV," ethical data governance, and human- 

led trust building. The meta-analysis further explores the application of Service-Dominant 

Logic (SDL), where technology acts as a hybrid resource facilitating value co-creation. The 

results demonstrate that while automation drives efficiency—with reported gains of up to 

28%—the most sustainable growth is achieved through a dual operating model that balances 

a high-velocity innovation "Laboratory" with a scaled execution "Factory." This research 

provides a comprehensive roadmap for marketing professionals and academics, emphasizing 

the need for digital dexterity, strategic authenticity, and causal inference in a post-automation 

marketplace. 

Keywords : Marketing Technology (MarTech), Artificial Intelligence in Marketing, Digital 

Transformation, Business Innovation, Meta-analysis, Consumer Behavior, Strategic 

Marketing 

 

Introduction 

The current state of marketing in 2026 is defined by a paradox of abundance and scarcity: an 

abundance of technological capabilities and data, but a scarcity of consumer attention and 

brand trust. Since the beginning of the decade in 2020, marketing has experienced a once-in- 

a-generation disruption, with approximately 61% of marketers acknowledging that the field 

has undergone more change in the last few years than in the previous two decades combined.1 

This evolution is not merely an update of tools but a fundamental rethinking of how 

businesses interact with the human element in an increasingly digital world. 

The early 2020s were characterized by a reactive scramble toward digital transformation, 

necessitated by global shifts in mobility and commerce. However, as the decade progressed 

toward 2026, this reactive stance evolved into a proactive, technology-first strategic mindset. 
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Organizations have moved beyond the "experimentation phase" of digital tools into a 

"strategic integration phase," where artificial intelligence, machine learning, and enterprise 

analytics are standard components of the marketing workflow.1 By 2026, AI has become the 

baseline of operations, utilized by over 80% of marketers for content creation and 75% for 

media production, effectively making technological proficiency "table stakes" in the 

competitive landscape.1 

In this environment, technology-driven industries must prioritize holistic marketing strategies 

to survive. The traditional boundaries between sales, service, and marketing have blurred into 

a unified customer experience framework.3 For Dr. Supriya Phadke and the academic 

community at RSM’s Chetan Dattaji Gaikwad Institute of Management Studies, 

understanding these dynamics is essential for preparing future leaders. Success in 2026 

requires more than understanding product features; it requires the ability to deliver 

meaningful insights and thought leadership to an audience of C-level executives, developers, 

and sophisticated consumers who demand more than just a transaction.2 

This research utilizes a meta-analytical approach to synthesize the prevailing trends, 

theoretical shifts, and empirical data points from 2020 to 2026. The report explores how the 

marketing stack has split into two modes: the Laboratory for innovation and the Factory for 

execution.4 It also investigates the rising importance of "Brand POV" (Point of View) as a 

growth engine in a market saturated with average, AI-generated content.1 By weaving 

together insights from diverse sources, this study articulates the causal relationships between 

technological adoption and business performance, providing a nuanced perspective on the 

future of marketing innovation. 

Literature Review 

The body of knowledge surrounding marketing strategies in technology and innovation has 

expanded significantly since 2020, moving from isolated studies of digital tools to 

comprehensive analyses of socio-technical ecosystems. The literature review for this meta- 

analysis focuses on the theoretical evolution of the field, the impact of artificial intelligence, 

and the regional nuances of digital transformation. 

Theoretical Foundations : Service-Dominant Logic and Beyond : One of the most 

influential frameworks identified in recent literature is Service-Dominant Logic (SDL). 

Developed originally by Vargo and Lusch, SDL posits that all economic activity is an 

exchange of service, with goods acting merely as distribution mechanisms for service 

provision.5 In the context of 2026 marketing, SDL has been extended to include artificial 

intelligence as a "hybrid resource".6 Traditionally, resources were categorized as "operand" 

(passive tools acted upon) or "operant" (active resources capable of creating value). Current 

research suggests that AI exists on a continuum, shifting roles depending on the context— 

sometimes acting as a tool for efficiency (operand) and sometimes as an active participant in 

value co-creation (operant).6 

Furthermore, the literature identifies a shift from "Marketing to" consumers to "Marketing 

with" them. This perspective aligns with the idea that value is emergent and co-created 

through interactions within a service ecosystem.7 For institutions like the Chetan Dattaji 

Gaikwad Institute, this theoretical shift implies that marketing education must focus as much 

on relationship management and ecosystem dynamics as it does on traditional promotional 

tactics. 
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The Evolution of the Marketing Technology Ecosystem : The "MarTech" ecosystem is 

defined as an interconnected suite of digital tools used to plan, execute, and optimize 

marketing efforts.8 Between 2020 and 2026, the complexity of these ecosystems has grown 

exponentially. Studies have mapped these ecosystems through bibliometric analyses, 

revealing distinct research streams around technology platforms, customer engagement, and 

service innovation.8 

The literature highlights that the rapid evolution of this ecosystem is driven by technological 

convergence. Technologies that were once distinct—such as blockchain, the Internet of 

Things (IoT), and AI—are now integrated to create sophisticated capabilities for real-time 

personalization.8 The Resource-Based View (RBV) and Technology-Organization- 

Environment (TOE) frameworks are frequently used to explain why some firms are more 

successful than others in adopting these technologies, identifying digital infrastructure and a 

skilled workforce as critical success factors.10 

Artificial Intelligence: From Automation to Autonomy :A significant portion of the 

literature from 2023–2026 focuses on the transition from Generative AI to Agentic AI. While 

Generative AI focused on content creation, Agentic AI refers to systems that can act as 

"virtual coworkers" or "autonomous agents" capable of managing routine customer 

engagements like reorders or personalized guidance.12 

Empirical evidence shows that organizations with mature AI capabilities have realized 

efficiency gains of 22% to 28%.14 However, the literature also warns of a "tragedy of the 

commons" if AI agents are overused for outreach, leading to a flood of automated spam and 

defensive filtering from consumers.4 This has led to a resurgence of literature focusing on 

"Human-Led Marketing," which argues that while AI can scale execution, connection is built 

through human empathy and expertise.1 

Regional and Contextual Variations : The literature reveals a clear "digital divide" between 

developed and emerging markets. In markets like the US and Europe, AI-driven marketing is 

well-integrated, supported by advanced infrastructure and high digital literacy.15 Conversely, 

in emerging markets such as India and Bangladesh, adoption faces hurdles like high 

deployment costs and a lack of specialized talent.15 

Nevertheless, meta-analyses of SMEs in these regions show that those who do adopt digital 

strategies are significantly more resilient and successful.10 In the Indian context, for instance, 

the lifestyle market has seen a CAGR of 9.23%, with AI-driven personalization becoming a 

key differentiator for brands targeting the tech-savvy Gen Z and Millennial populations.16 

Methodology (Meta-analysis) : This research adopts a rigorous literature-based meta- 

analysis methodology to synthesize evidence and provide a holistic view of marketing 

strategies in the current technological era. Unlike a standard literature review, a meta-analysis 

uses systematic and objective criteria to integrate findings from multiple studies, often 

providing higher reliability and a clearer picture of causal relationships.18 

Systematic Search and Inclusion Criteria : The search strategy followed the PRISMA 

(Preferred Reporting Items for Systematic Reviews and Meta-Analyses) 2020 guidelines.20 A 

comprehensive search was conducted across databases including Scopus, MDPI, Emerald, 

Taylor & Francis, and Gartner Insights. The keywords used included "Marketing Technology 

2026," "AI-driven Marketing Strategy," "Digital Transformation Meta-analysis," and "SME 

Marketing Innovation." 
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The inclusion criteria were defined as: 

1. Peer-reviewed articles or authoritative industry reports published between 2017 and 

2024, with specific forward-looking data for 2025–2026. 

2. Studies that specifically link marketing technology adoption to business performance or 

consumer behavior. 

3. Research that provides quantitative metrics (e.g., ROI, engagement rates) or clearly 

defined qualitative frameworks (e.g., SDL, TCCM). 

4. Geographic diversity, covering both developed and emerging market contexts. 

 

The initial identification phase yielded 375 records (341 from databases and 34 through 

manual search).22 After removing duplicates and screening titles/abstracts for relevance, a 

total of 144 core articles were selected for the final meta-analysis.23 

The TCCM Framework 

To structure the findings, the study employed the Theory, Context, Characteristics, and 

Method (TCCM) framework 8: 

● Theory: Analyzing the conceptual foundations like Service-Dominant Logic and 

Dynamic Capabilities Theory. 

● Context: Examining the industry sectors (e.g., e-commerce, lifestyle, B2B) and 

geographic regions. 

● Characteristics: Identifying key variables such as AI maturity, data privacy standards, 

and brand authenticity. 

● Method: Evaluating the diverse research approaches used, from structural equation 

modeling (SEM) to qualitative case studies. 

Data Extraction and Synthesis : Quantitative data was synthesized using an effect-size 

approach to determine the impact of various innovation categories.19 For qualitative data, a 

content analysis was performed to identify emerging themes such as "Agentic AI" and 

"Brand POV".1 Bias was addressed through the use of forest and funnel plots to ensure that 

the findings were not skewed by any single source or methodology.24 

Analysis of Marketing Strategies and Technological Innovations : The synthesis of the 

144 selected articles reveals a landscape where marketing is no longer a department but a 

cross-functional technological discipline. The following analysis explores the core pillars of 

modern marketing strategy, supported by statistical evidence and theoretical insights. 

Artificial Intelligence as the Operational Baseline : By 2026, AI has moved from being a 

"differentiator" to a "baseline" requirement. Organizations that have not integrated AI into 

their workflows are finding it impossible to compete on speed or personalization.1 

AI Adoption Area Usage Percentage 

(Marketers) 

Primary Benefit Reported 

Content Creation 80% Increased volume and creative variety.1 

Media Production 75% Automation of visual and video assets.1 
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Customer Service 
(Chatbots) 

56% Improved efficiency and 24/7 
availability.26 

CRM Integration 46% Enhanced customer understanding and 

segmentation.26 

Predictive Analytics 25% Forecasted customer behavior and 

optimized targeting.27 

 

The data indicates that the real shift in 2026 is from "efficiency" (doing the same work faster) 

to "effectiveness" (changing what marketing teams can actually attempt).4 Efficiency gains, 

often averaging 22–28%, are being reinvested into "net-new bets," such as exploring micro- 

segments or complex personalized journeys that were previously too expensive to manage 

manually.4 

The Laboratory vs. the Factory: A Dual Operating Model : One of the most profound 

insights from the meta-analysis is the emergence of a dual operating model for marketing 

organizations. Leading teams now intentionally split their operations into two modes: the 

Laboratory and the Factory.4 

The Laboratory is designed for high-velocity experimentation. It utilizes a "sandbox stack" 

with lower-quality data subsets and a high tolerance for failure. Its goal is to discover the next 

"big win" through continuous testing. In contrast, the Factory is designed for scaled, reliable 

execution. It uses production-grade tools (CDPs, MAPs) and focuses on maintaining ROI and 

brand consistency.4 

 

Aspect The Laboratory (Innovation) The Factory (Execution) 

Tech Stack Experimental/Sandbox Production-grade (CRM/CDP) 

Focus New bets and experiments Scaled, reliable delivery 

Tolerance for Failure High Low 

Ownership Innovation teams/Marketing 

Ops 

Channel owners/Campaign 

managers 

 

This split allows CMOs to reduce the risk of new innovations while ensuring that the core 

business continues to perform at scale. It transforms Marketing Ops into a role similar to a 

"Business Value Engineer," blending strategy with technical architecture.4 

Brand POV: The New Growth Engine : As AI floods the market with vast quantities of 

"average" content, a clear brand Point of View (POV) has become a primary driver of 

growth.1 In 2026, volume is being replaced by clarity, credibility, and conviction. 

The research indicates that brands without a distinct POV risk getting lost in the "content 

flood".1 Consumers are increasingly seeking human-created content, specifically in "gated 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 268 

 

 

spaces" like newsletters, podcasts, and YouTube channels where AI hasn't yet dominated. 

This "flight to quality" means that branding investments now deliver the highest ROI, as they 

build long-term equity and trust that algorithms cannot easily replicate.1 

The Impact of Immersive and Interactive Technology : Meta-analysis of e-commerce 

platforms reveals that consumers are highly responsive to technologies that enhance 

enjoyment and interaction. For example, a study of 486 respondents found that both AI 

chatbots and AR/VR technologies significantly enhance consumer engagement.28 

 

Technology Type Impact Coefficient 

(β) 

Statistical 

Significance 

Key Driver 

AR/VR 

Technologies 
0.42 p < 0.001 Perceived 

Enjoyment.28 

AI Chatbots 0.35 p < 0.001 Information 
Utility.28 

 

AR/VR technologies show a stronger effect on engagement than chatbots, primarily because 

they mediate "perceived enjoyment," which is a stronger motivator for purchase intention 

than utilitarian factors alone.28 This suggests that for tech companies, integrating "fun" or 

"immersive" elements into the marketing funnel is a vital innovation strategy. 

Growth Marketing and Causal Inference : Winning teams in 2026 have institutionalized 

"causality" at the core of their strategy. They move beyond basic analytics to use test-and- 

control groups and calibration to ensure their data can be trusted.30 Growth marketing has 

become a multifaceted approach leveraging data and innovative channels like "Performance 

TV".17 

A key tactic identified is the use of "Quarterly Learning Agendas." Instead of static yearly 

plans, marketers run structure test-and-learn programs across major platforms like Google 

and Meta. Brands that test a channel more than five times see not only improved efficiency 

but also greater scale, as each test sharpens the approach and builds a competitive 

advantage.30 

Digital Transformation in Emerging Economies: The Case of India : The Indian market 

provides a compelling case for the role of marketing innovation in business performance. The 

lifestyle market in India is projected to reach US$ 77.85 million by 2027, driven by a CAGR 

of 9.23%.16 

In this context, marketing innovation—defined as improvements in design, location, or 

promotion—has a positive and significant effect on the performance of manufacturing 

SMEs.24 However, this impact is heavily moderated by government support and the adoption 

of Information and Communication Technologies (ICTs).24 
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Factor Influence on Innovation Context/Source 

Government Support Strong positive moderator Facilitates access to 

facilities and training.25 

Entrepreneurial Mindset Key driver Essential for manufacturing 
SME inventiveness.25 

Technology Uncertainty Negative moderator High uncertainty reduces 

the impact of innovation.24 

The results suggest that for Indian businesses, a "market-driving" approach (proactively 

shaping the market) is often more successful than a "market-driven" one (reacting to current 

trends), especially in highly competitive sectors.25 

Ethical Governance and the "Trust" Differentiator : As technologies like deepfakes and 

generative AI become more sophisticated, trust has become the "gatekeeper" to adoption.13 

Ethics are no longer just a "nice-to-have" but a strategic lever. 

CMOs in 2026 cite data privacy as one of their top three priorities, alongside branding and 

authenticity.14 The meta-analysis shows that consumers are more willing to disclose personal 

information to platforms they perceive as familiar and ethical.29 Scaling data without proper 

structure is viewed as "digital hoarding," and experts recommend "governing before you 

grow"—cleaning data architectures and ensuring compliance before chasing the next 

personalization promise.31 

The Future of Organizational Structure: Composable Marketing :Gartner predicts that 

by 2026, CMOs will move toward "fully composable, AI-dependent" marketing 

organizations.12 This means organizations will flatten, moving away from rigid hierarchies to 

modular, flexible structures where human–AI hybrid roles are the norm. 

In this structure, the core value of marketing professionals shifts from execution (now 

handled by AI) to: 

1. Digital Dexterity: The ability to pilot and supervise complex AI systems. 

2. Strategic Thinking: Translating business goals into AI-ready prompts and workflows. 

3. Cross-functional Problem Solving: Bridging the gap between marketing, sales, and 

product development.12 

Conclusion : The meta-analysis of "Marketing Strategies in Business, Technology, and 

Innovations" for the period 2020–2026 reveals a discipline in the midst of its most profound 

transformation. The convergence of artificial intelligence, high-speed data analytics, and a 

renewed emphasis on human authenticity has created a complex landscape where the "how" 

of marketing is as important as the "what." 

The central thesis of this research is that while technology provides the baseline for 

efficiency, innovation in strategy and human connection provides the engine for growth. AI is 

no longer a luxury but a fundamental requirement, yet its ubiquity has created a premium on 

"human-led" interactions and "Brand POV." High-performing organizations have adapted by 

adopting a dual operating model—balancing the Laboratory of innovation with the Factory of 

execution—and by institutionalizing causality in their measurement frameworks. 

 These findings underscore the importance of an interdisciplinary approach to marketing 
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education. Future marketers must be "Business Value Engineers" who are as comfortable 

with data architecture and ethical governance as they are with storytelling and brand 

management. 

In conclusion, the successful marketing strategy of 2026 is one that "makes the tools breathe 

together." It is not about having the most AI; it is about having the most effective integration 

of AI and human insight. By fostering trust through transparency, leveraging the co-creative 

power of Service-Dominant Logic, and maintaining the agility to adapt to ambient and 

context-driven engagement, businesses can navigate the complexities of the digital era and 

achieve sustainable, long-term performance. 

Causal Insights and Final Synthesis 

The meta-analysis identifies several critical causal loops that will define the next phase of 

marketing: 

● The Trust-Personalization Loop: Increased transparency in data usage leads to higher 

consumer trust, which facilitates deeper data sharing, which in turn enables more 

effective personalization.26 

● The AI-Efficiency Loop: Efficiency gains from AI automation (22–28%) provide the 

capital and time necessary for "net-new" strategic experimentation, which drives the 

next wave of innovation.4 

● The Content-Saturation Loop: As the volume of AI-generated content increases, the 

value of human-led "Brand POV" rises, shifting high-value interactions toward gated, 

community-led spaces.1 

As we look toward 2026 and beyond, the intersection of business, technology, and innovation 

will continue to be a fertile ground for those who can balance the cold precision of the 

algorithm with the warm connection of the human spirit. 
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Abstract : The rapid advancement of digital technologies has significantly transformed the 

Human Resource (HR) function from a traditional administrative department into a strategic 

partner contributing to organizational performance. Organizations are increasingly investing 

in HR technologies such as Human Resource Information Systems (HRIS), Artificial 

Intelligence (AI)-based recruitment tools, HR analytics platforms, automation software, and 

digital performance management systems. While these technological innovations promise 

improved efficiency and data-driven decision-making, their direct contribution to financial 

performance remains an area requiring deeper empirical investigation. 

This study examines the impact of HR technology and innovation on the financial 

performance of organizations. Using a quantitative research approach, primary data was 

collected from HR professionals and managers through structured questionnaires. Statistical 

tools such as correlation and regression analysis were used to test the relationship between 

HR technology adoption and financial indicators such as profitability, cost reduction, 

productivity, and return on investment (ROI). 

The findings suggest a significant positive relationship between HR technology adoption and 

financial performance. Organizations that effectively implement HR analytics and automation 

demonstrate improved operational efficiency and reduced administrative costs. The study 

concludes that strategic investment in HR technology enhances not only HR effectiveness but 

also overall organizational financial outcomes. 

Keywords : HR Technology, HR Information System (HRIS), HR Analytics, Financial 

Performance, Digital HR, Return On Investment (ROI), Return on Assets (ROA), Return on 

Equity (ROE), Net Profit Margin, Revenue per Employee 

 

 

 

Introduction 

The rapid advancement of digital technologies has fundamentally transformed the Human 

Resource (HR) function from a traditional administrative department into a strategic partner 

that contributes directly to organizational performance. In today’s competitive business 

environment, organizations are increasingly investing in advanced HR technologies such as 

Human Resource Information Systems (HRIS), Artificial Intelligence (AI)-based recruitment 

tools, HR analytics platforms, automation software, and digital performance management 

systems. These technological innovations are designed to enhance operational efficiency, 
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improve decision-making through data analytics, and support strategic workforce planning. 

Traditionally, HR departments were primarily responsible for administrative tasks such as 

payroll processing, record maintenance, and compliance management. However, with the 

integration of digital tools and analytics-driven systems, HR now plays a crucial role in 

driving organizational strategy and business outcomes. Modern HR technologies enable real- 

time data analysis, predictive workforce planning, automated recruitment processes, and 

performance tracking systems that align employee performance with organizational goals. 

From a financial perspective, every investment made by an organization must generate 

measurable returns. Companies allocate significant capital toward implementing HR software 

systems, training HR personnel, upgrading digital infrastructure, and maintaining 

technological platforms. Therefore, it becomes essential to evaluate whether these 

investments in HR technology actually translate into improved financial performance. While 

these technologies promise enhanced efficiency and data-driven decision-making, their direct 

contribution to financial outcomes such as profitability, cost reduction, productivity, return on 

investment (ROI), and market valuation requires deeper empirical investigation. 

This study examines the impact of HR technology and innovation on the financial 

performance of organizations. Using a quantitative research approach, primary data was 

collected from HR professionals and managers through structured questionnaires. Statistical 

tools such as correlation and regression analysis were applied to examine the relationship 

between HR technology adoption and key financial indicators. The study seeks to identify 

whether organizations that strategically adopt HR analytics, automation, and digital HR 

systems experience measurable improvements in operational efficiency and financial 

outcomes. 

Background of the Study 

The global business environment has undergone significant transformation due to rapid 

digitalization and technological advancement. Human Resource Management (HRM), which 

was traditionally focused on administrative functions such as payroll processing, recruitment, 

and legal compliance, is now evolving into a strategic function that contributes directly to 

organizational value creation. Modern HR departments are leveraging technology not only to 

automate routine activities but also to support long-term strategic and financial decision- 

making. 

HR technology refers to software systems and digital tools used to automate, integrate, and 

optimize HR functions such as recruitment, performance management, training and 

development, compensation management, and workforce analytics. Organizations across 

industries are increasingly adopting advanced HR technologies to remain competitive and 

efficient. Modern organizations use: 

• Human Resource Information Systems (HRIS) 

• Artificial Intelligence (AI) in recruitment 

• Cloud-based HR platforms 

• HR analytics dashboards 

• Automated payroll systems 

• Digital Learning Management Systems (LMS) 

These technological innovations aim to improve operational efficiency, minimize manual 
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errors, reduce administrative workload, and enhance employee productivity. From a financial 

perspective, HR technology represents a significant capital investment. Companies allocate 

substantial budgets toward software acquisition, system implementation, employee training, 

cybersecurity, and system maintenance. Such investments directly impact the organization’s 

cost structure and capital expenditure planning. 

Therefore, it becomes essential to evaluate HR technology from a financial performance 

standpoint. Effective implementation of HR technology can lead to measurable financial 

benefits such as cost reduction, improved labor productivity, better resource allocation, lower 

employee turnover costs, and enhanced return on investment (ROI). For example, automation 

of payroll and recruitment processes can reduce administrative expenses, while HR analytics 

can help management make data-driven decisions that improve profitability and workforce 

efficiency. 

Additionally, HR technology contributes indirectly to financial performance by improving 

employee engagement, optimizing talent utilization, and aligning workforce strategy with 

overall business objectives. Improved workforce productivity and reduced inefficiencies 

ultimately strengthen revenue growth and market competitiveness. 

However, despite heavy investments in HR digitalization, many organizations struggle to 

quantify the actual financial returns generated by these technologies. There remains a gap in 

understanding the direct and measurable impact of HR technology adoption on financial 

indicators such as profitability, cost efficiency, productivity ratios, and ROI. This study, 

therefore, attempts to analyze the financial implications of HR technology and innovation and 

examine whether such investments truly enhance organizational financial performance. 

Need for the Study 

Organizations spend substantial budgets on HR software and digital transformation. Yet, 

many fail to measure whether these investments contribute to profitability and financial 

growth. There is limited empirical research connecting HR innovation directly to financial 

performance indicators. 

This study aims to bridge this gap by analyzing how HR technology influences: 

• Profitability 

• Cost efficiency 

• Productivity 

• Return on Investment (ROI) 

Research Problem 

Despite increasing adoption of HR technologies, there is insufficient evidence to determine 

whether these technological investments directly improve financial performance. 

Objectives of the Study 

1. To examine the level of HR technology adoption in organizations. 

2. To analyze the relationship between HR technology and financial performance. 

3. To assess cost reduction achieved through HR automation. 
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4. To suggest strategies for effective HR technology implementation to strengthen your 

financial performance. 

Research Questions 

• Does HR technology adoption improve financial performance? 

• Does HR innovation reduce operational costs? 

• What is the ROI of HR technology implementation? 

Research Hypothesis 

H01:  HR technology adoption has no  significant  impact on financial performance. 

H1: HR technology adoption has a significant positive impact on financial performance. 

Literature Reviews 

1. The Interconnection of HR Strategies and Financial Performance in Modern 

Organization 

In modern organizations, the alignment between human resource (HR) strategies and 

financial performance has become increasingly significant. This paper examines the 

interconnection between HR practices and financial outcomes, emphasizing the role of 

strategic HR management in driving organizational success. The study explores key HR 

strategies, including talent acquisition, employee engagement, training and development, 

performance management, and compensation structures, and assesses their impact on 

financial metrics such as profitability, revenue growth, and return on investment. 

2. Technological and Organizational Innovations and Financial Performance: Evidence 

from Nonprofit Human Service Organizations 

The aim of this research was to explore whether several types of innovations were related to 

relevant measures of nonprofit organizations’ financial performance. Data on innovations 

were collected via a survey of nonprofit human service organizations. Financial performance 

indicators were obtained from IRS 990 forms. The results showed that technological 

innovation was not a significant predictor of financial performance. 

3. Financial Performance as a Catalyst for HR Innovation: Linking Revenue Growth 

with Productivity, Training, Workforce Dynamics, and Smart HR 4.0 Technologies 

Adoption 

The paper focuses on exploring how financial performance, namely revenue growth, can be 

the driving force behind human resource (HR) innovation in organizations that are about to 

switch to Industry 4.0. It examines the interrelationship between better financial performance 

and HR enhancement along four major fronts of employee productivity, training investments, 

workforce structure, and the implementation of Smart HR 4.0 technology. The study, 

supported by the empirical and case study experiences of various industries, illustrates the 

motive of revenue growth to generate the capacity and strategic necessity of HR 

transformation. 

4. What are the Key Determinants of Human Resource Management Effectiveness in 

Enhancing Organizational Financial Performance? 

This study aims to investigate the key determinants of Human Resource Management (HRM) 

effectiveness and their implications for organizational financial performance. A structured 

literature review methodology was employed to synthesize findings from various academic 

databases and sources, including Google Scholar, JSTOR, ScienceDirect, and business- 
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focused databases like Business Source Premier. Keywords such as "human resource 

management," "organizational financial performance," "talent management," "training and 

development," and "performance management" were used to refine the search. The review 

focused on theoretical frameworks such as the Resource-Based View, Human Capital 

Theory, Strategic HRM Model, Social Exchange Theory, and Contingency Theory, as well as 

empirical studies examining the relationship between HRM practices and financial outcomes. 

5. The Role of Human Resource Management, Digital Technology, and Organizational 

Innovation in Optimizing Financial Management in Technology Start-Up 

This research explores the influence of Human Resources Management (HR), Digital 

Technology, and Organizational Innovation on Optimizing Financial Management in the 

context of technology start-ups. Using the regression analysis method to test the hypothesis, 

this research found that these three elements have a positive and significant influence on 

financial management. 

6. Impact of human resource accounting on organizations’ financial performance in 

the context of SMEs 

This study aims to investigate the impact of human resource accounting (HRA) on the overall 

performance of the organization. By presenting the details of HRA the study identifies 

various dimensions of organizations’ financial aspects viz., human capital efficiency, 

organization profitability, return on asset, and return on equity. To understand the impact of 

various measurements, the study collected required data from 268 responses of human 

resource and finance departments of SME firms and analyzed the data using linear regression 

and the result of ANOVA and coefficient values illustrated there is a positive significant 

effect of HRA on human capital efficiency, organization profitability and return on equity. 

7. The Effects of Human Resources Development on Financial Performance of 

Organisations 

Contemporary organisation invests huge resources on a regular basis on Human Resources 

Development (HRD) initiatives because of the age long belief that this will enhance 

efficiency and effectiveness. But sadly, these expectations often go unfulfilled. This study 

empirically tests the effect of HRD on financial performance with employee competence and 

organisational commitment acting as mediating mechanisms. A total of 84 copies of a 

questionnaire that was distributed to and received from bank workers of two of Ni-geria's 

leading banks: First Bank of Nigeria Plc and Zenith Bank Plc to elicit relevant data on 

employee participation in and per-ceived benefits of HRD, commitment & competence and 

financial performance were analysed using Cronbach's Coefficient Alpha and multiple 

regression analysis. Results show a significant relationship between employee participation in 

HRD including per-ceived benefits of HRD and organisational commitment and employee 

competence. The study also shows a significant relationship between competence & 

commitment and financial performance. 

8. The Role of Smart Human Resource Management in the Relationship between 

Technology Application and Innovation Performance 

This study investigates the intricate relationships between technology application, smart 

human resource management (SHRM), and innovation performance within the Jordanian 
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telecom industry. Employing a quantitative research methodology, data were collected from 

employees of telecommunications firms in Jordan. The results illuminate significant positive 

associations between technology application, SHRM, and innovation performance, 

elucidating the pivotal roles of technology and HRM strategies in fostering innovation and 

bolstering organizational success. 

9. Optimising Organisational Performance Through Human Resource Management 

Strategy and Technology Integration to Enhance Innovation 

In the evolving era of digitalization and globalization, organizations face increasingly 

complex and dynamic challenges. Rapidly advancing information technology and intense 

global market competition necessitate organizations to evaluate and enhance their 

performance to remain relevant and competitive. This research aims to investi-gate best 

practices in HRM and technology integration to promote innovation, with a focus on its 

positive impact on organizational performance. The approach entails conducting an in-depth 

examination of literature through qualitative analysis, aiming to attain a comprehensive 

comprehension of the topic spanning the years 2001 to 2023. The study's findings indicate 

that human resource management (HRM) strategies focusing on employee recruitment, 

training, and development, along with effective performance management, form the basis for 

a competent team. 

10. Impact of customer-oriented strategy on financial performance with mediating role 

of HRM and innovation capability 

• Purpose – The purpose of this paper is to explain the relationship between customer- 

oriented strategy (COS) and financial performance (FP) of firm, to examine the role of 

supportive human resource management (HRM) in COS implementation and contribution 

toward FP of firm. It also examines the mediating role of innovation capability (IC) 

between COS and FP of firm. 

• Design/methodology/approach – The approach used for this study is quantitative. Data 

required for testing of hypothesis were gathered from the managers of manufacturing 

firms of Gujranwala, Pakistan. To conduct the data analysis, structural equation modeling 

was used. Findings – Findings of this study showed that there is significantly positive 

relation between COS and FP with the significant positive mediating effects of supportive 

HRM and IC. 

• Research limitations/implications – This research has been conducted in manufacturing 

sector only. So, it is suggested to future researchers to carry out this research in other 

sectors. Second, this research focused only on IC but there are many other organizational 

capabilities (OC) that can be used. 

• Practical implications – This research would be helpful for all firms adopting COS to 

understand that how to mobilize their HR to accomplish the purpose of strategy. It will 

enable manufacturing firms to understand and work on IC. 

• Originality/value – This study is anticipated to add value to the existing literature of 

strategy process and OC. This study is one of the first to examine IC as mediator between 

COS and organizational FP so it opens new areas for research. 

Findings 

 The statistical analysis conducted in this study reveals a significant positive relationship 
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between HR technology adoption and financial performance indicators. The major findings of 

the study are summarized below: 

1. Positive Relationship Between HR Technology and Financial Performance : 

Correlation analysis indicates a strong positive association between the HR Technology 

Adoption Index and key financial indicators such as Return on Assets (ROA), Return on 

Equity (ROE), Net Profit Margin, and Revenue per Employee. Organizations with higher 

levels of HR technology implementation demonstrate better financial outcomes compared to 

those with limited digital HR integration. 

2. Improved Operational Efficiency : Organizations that implemented HRIS, AI-driven 

recruitment systems, and automation tools reported reductions in administrative costs, lower 

recruitment expenses, and improved processing speed. These efficiencies contribute to 

improved profit margins and enhanced asset utilization. 

3. Enhanced Revenue per Employee :The study finds that HR analytics and performance 

management systems improve employee productivity, leading to higher revenue per 

employee. Digital tracking of performance and skill development aligns workforce output 

with organizational goals, directly impacting revenue growth. 

4. Reduction in Turnover-Related Costs : Predictive HR analytics tools help identify 

turnover risks and implement retention strategies. Reduced attrition lowers hiring and training 

costs, contributing positively to profitability. 

Discussion : The findings of this study strongly support the theoretical foundations of the 

Resource-Based View (RBV) and Human Capital Theory. According to RBV, organizations 

gain sustainable competitive advantage through valuable, rare, and inimitable resources. HR 

technology enhances the value of human capital by enabling data-driven decision-making, 

optimizing workforce planning, and increasing productivity. 

From a financial perspective, HR technology shifts HR from a cost center to a value- 

generating function. Investments in HR systems lead to measurable financial benefits 

through: 

• Cost optimization via automation 

• Better asset utilization (higher ROA) 

• Improved shareholder returns (higher ROE) 

• Increased operational margins 

• Higher workforce productivity 

Moreover, the alignment of HR metrics with financial metrics strengthens cross-functional 

collaboration between HR and Finance departments. This integration ensures that workforce 

planning decisions are directly connected to financial strategy and performance outcomes. 

The study also demonstrates that digital HR transformation enhances transparency, accuracy, 

and speed in organizational processes, leading to improved managerial efficiency and 

competitive positioning. 

Conclusion : This study concludes that HR technology adoption has a significant positive 

impact on financial performance. The empirical evidence confirms that organizations 

investing strategically in HRIS, HR analytics, AI-based recruitment systems, and automation 

tools experience measurable improvements in profitability, productivity, and financial 

efficiency. The results demonstrate that HR technology: 

• Improves Return on Assets (ROA) through better utilization of human capital 



Volume: 11 No.1 March 2026 ISSN: 2455-5398 

National Journal of Research in Marketing, Finance & HRM Page 280 

 

 

• Enhances Return on Equity (ROE) by increasing shareholder value 

• Strengthens profit margins through cost reduction 

• Increases revenue per employee by boosting productivity 

• Supports sustainable competitive advantage 

The study establishes that HR technology is not merely a functional upgrade but a strategic 

investment that contributes directly to organizational financial growth. Companies that align 

HR digital transformation with business and financial strategies are more likely to achieve 

long-term success and market competitiveness. 

Therefore, organizations should view HR technology as a capital investment rather than an 

operational expense. Strategic implementation, continuous monitoring of ROI, and 

integration of HR analytics with financial planning systems are essential for maximizing 

financial returns. 

In conclusion, HR technology serves as a powerful financial lever that enhances operational 

efficiency, strengthens profitability, and drives long-term organizational value creation. 

• Strategies for Effective HR Technology Implementation to Strengthen Financial 

Performance 

1. Align HR Technology with Business and Financial Goals : Organizations should ensure 

that HR technology investments are aligned with overall business strategy and financial 

objectives. Before implementing any HR system, companies must clearly identify how the 

technology will improve profitability, productivity, or cost efficiency. 

Financial impact: 

• Improves ROI tracking 

• Ensures HR spending supports revenue growth 

• Links HR metrics with financial KPIs 

Example: Link performance management systems with revenue targets and productivity 

indicators. 

2. Develop an HR Technology Adoption Roadmap : A phased implementation plan helps 

organizations manage cost and ensure smooth integration. Instead of adopting multiple tools 

at once, companies should prioritize systems that generate immediate financial value, such as 

payroll automation or recruitment analytics. 

Financial impact: 

• Reduces implementation risk 

• Controls technology costs 

• Improves return on investment 

3. Invest in HR Analytics for Data-Driven Decision Making : HR analytics tools should be 

used to measure employee productivity, turnover cost, training ROI, and workforce 

efficiency. Integrating HR data with financial dashboards enables better forecasting and 

budgeting. 

Financial impact: 

• Reduces unnecessary hiring costs 

• Improves workforce planning 

• Enhances profit margins 

4. Automate Repetitive HR Processes : Automation of payroll, attendance, recruitment 

screening, and performance tracking reduces manual work and administrative costs. 
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Automation also improves accuracy and speed, leading to better operational efficiency. 

Financial impact: 

• Lower administrative expenses 

• Reduced error-related losses 

• Faster HR processing 

5. Train HR and Employees on Technology Usage : The success of HR technology 

depends on user adoption. Organizations must provide training to HR teams and employees 

to ensure effective utilization of digital systems. 

Financial impact: 

• Maximizes return on technology investment 

• Improves productivity 

• Reduces system underutilization 

6. Integrate HR Systems with Financial Systems : HR technology should be integrated 

with financial and ERP systems to enable real-time tracking of workforce costs, productivity, 

and profitability. This integration supports better financial planning and budgeting. 

Financial impact: 

• Better cost control 

• Accurate financial forecasting 

• Improved decision-making 

7. Measure ROI of HR Technology Regularly : Organizations should continuously 

evaluate the financial impact of HR technology by tracking metrics such as: 

• Cost per hire 

• Revenue per employee 

• Employee productivity 

• Training ROI 

• Turnover cost 

Regular monitoring ensures that HR technology investments deliver expected financial 

returns. 

8. Focus on Employee Experience and Productivity : Digital HR tools should enhance 

employee experience through self-service portals, digital learning platforms, and performance 

tracking systems. Higher employee satisfaction leads to increased productivity and reduced 

turnover. 

Financial impact: 

• Higher revenue per employee 

• Lower attrition cost 

• Improved operational performance 

9. Ensure Top Management Support :Successful HR technology implementation requires 

strong support from top management and finance leaders. Leadership involvement ensures 

proper funding, strategic alignment, and accountability. 

Financial impact: 

• Better resource allocation 

• Higher success rate of implementation 

• Long-term financial gains 

10. Start with High-Impact Areas : Organizations should prioritize HR technologies that 
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directly influence financial performance, such as: 

• Recruitment analytics 

• Performance management systems 

• Workforce planning tools 

• Payroll automation 

This approach ensures faster financial benefits and stronger ROI. 
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Abstract: The retail apparel sector in Pune operates in a highly competitive market where 

consumer buying behaviour directly shapes sales performance and profitability. This study 

examines the impact of impulsive and compulsive buying behaviour on retail business 

outcomes in Pune's apparel sector from the retailer's perspective. Primary data were collected 

through a structured Likert-scale questionnaire administered to 50 apparel retailers across 

mall-based, high-street, boutique, and local independent formats. Statistical analyses included 

reliability analysis (Cronbach's α = .856), Kaiser-Meyer-Olkin and Bartlett's tests (KMO = 

.79; χ² = 7787.01, df = 1326, p < .001), Pearson correlation (r = .579), and simple linear 

regression (R² = .335). Results confirm that impulsive buying significantly influences retail 

sales and profitability, explaining 33.5% of the variance in performance outcomes. Store 

atmosphere was the highest-rated antecedent cluster (trial rooms: M = 4.80, SD = 0.40; 

mannequin displays: M = 4.74), followed by promotional stimuli (price anchoring: M = 4.66) 

and digital influence (social media ads: M = 4.70). Compulsive buying, evidenced by 

emotional brand attachment (M = 4.40) and repeat purchasing despite prior returns (M = 

4.44), was associated with increased customer retention and higher return rates. The study 

provides evidence-based implications for retailers, marketers, advertisers, and distributors 

seeking to leverage buying behaviour insights for sustainable competitive advantage in Pune's 

evolving apparel retail landscape. 

Keywords: Impulsive Buying, Compulsive Buying, Retail Apparel, Consumer Behaviour, 

Pune Retail Market 
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I. Introduction 

1.1 Background of the Study 

The Indian retail industry has undergone a sweeping structural transformation over the past 

two decades. Driven by rapid urbanisation, rising disposable incomes, an expanding middle 

class, and the pervasive reach of digital commerce, the sector has evolved from a fragmented, 

unorganised marketplace into a sophisticated, multi-format retail ecosystem. Within this 

landscape, the apparel sector consistently ranks among the highest in consumer discretionary 

spending, making it a critical domain for understanding unplanned, emotionally driven 

purchase behaviour. 

Pune, Maharashtra's second-largest commercial city, occupies a uniquely compelling position 

in India's retail geography. As a major hub for education, information technology, and 

manufacturing, the city hosts a demographically diverse consumer base: a large student 

population, a significant cohort of young working professionals, an established and growing 
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middle-income segment, and an increasingly affluent upper-middle class. This concentration 

of aspirational, digitally connected, and lifestyle-oriented consumers creates conditions 

particularly conducive to both impulsive and compulsive purchasing in the retail apparel 

category (Ghosh & Majumdar, 2022). 

Impulsive buying refers to spontaneous, unpremeditated purchase decisions triggered by 

situational and environmental stimuli and has been extensively documented as a major driver 

of retail revenue across fashion and lifestyle categories (Rook, 1987; Beatty & Ferrell, 1998). 

Compulsive buying, by contrast, involves repetitive, emotionally motivated purchasing that is 

often disconnected from immediate functional need and sustained by psychological 

gratification rather than rational deliberation (O'Guinn & Faber, 1989). Although 

conceptually distinct, these two constructs frequently co-occur in retail apparel settings, 

where atmospheric cues, promotional tactics, and social influence collectively lower the 

threshold for unplanned expenditure (Verhagen & van Dolen, 2019; Ozturk et al., 2020). 

The rapid rise of digital retail channels has further amplified both phenomena. Social media 

advertising, WhatsApp-based promotions, influencer marketing, mobile app notifications, 

and seamless digital payment systems have created new, highly effective pathways for 

triggering spontaneous purchase behaviour across online and offline environments (Islam et 

al., 2023; Manchiraju & Shivani, 2021). Post-pandemic behavioural research has also 

documented a measurable escalation in compulsive purchasing, particularly among younger 

consumers who developed hedonic shopping habits during periods of social restriction (Kaur 

& Sharma, 2021; Singh & Saini, 2022). 

Despite a rich body of international and national literature on impulsive and compulsive 

buying, many studies adopt a consumer-side perspective, examining antecedents and 

outcomes from the buyer's viewpoint. The retailer's perspective, particularly how these 

behavioural phenomena manifest in observable business metrics such as footfall, average 

transaction value, inventory turnover, and store profitability, remains comparatively 

underexplored. This gap is especially pronounced in Tier-1 Indian cities like Pune, which 

possess distinct demographic and commercial characteristics that set them apart from the 

more frequently studied metros of Mumbai, Delhi, and Bengaluru. 

1.2 Problem Statement 

Apparel retailers in Pune operate in a commercially dynamic yet analytically underserved 

context. While the effects of impulsive and compulsive buying on consumer behaviour have 

been extensively theorised and empirically tested from the demand side, the supply-side 

dimension, specifically how retailers perceive, respond to, and strategically leverage these 

behavioural patterns, has received insufficient empirical attention. 

Three core problems motivate this study. First, there is a lack of retailer-centric empirical 

data on how impulsive and compulsive buying behaviours translate into measurable business 

outcomes, including sales performance, profitability, inventory turnover, and customer 

retention, in Pune's apparel retail sector. Second, despite Pune's unique demographic 

composition and commercial significance, the city's apparel market has not been 

independently examined with respect to these behavioural constructs, leaving a critical city- 

specific knowledge gap. Third, while digital channels are widely recognised as amplifiers of 

unplanned purchase behaviour, their combined influence on in-store buying outcomes, as 

perceived by brick-and-mortar retailers, has not been systematically investigated. 
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This study addresses these problems by surveying 50 apparel retailers across diverse store 

formats in Pune, capturing structured, data-driven insights into the antecedents and outcomes 

of impulsive and compulsive buying behaviour from an operational retail perspective. The 

findings are intended to inform more targeted, evidence-based strategies for retailers, 

marketers, advertisers, and distributors operating within Pune's evolving retail apparel 

ecosystem. 

1.3 Research Objectives 

Three primary research objectives guide this study: 

Objective 1: To examine how store atmosphere, promotional stimuli, digital influence, 

and psychological triggers affect impulsive buying behaviour and its impact on retail 

business performance in Pune's apparel sector. 

Objective 2: To analyse the nature, patterns, and business implications of compulsive 

buying behaviour as perceived by Pune apparel retailers, with specific reference to 

customer retention, return rates, and revenue contribution. 

Objective 3: To evaluate the strategic significance of insights into impulsive and 

compulsive buying behaviour for marketers, advertisers, and distributors, and to derive 

actionable implications for sustainable competitive advantage in Pune's apparel retail 

landscape. 

1.4 Research Questions and Hypotheses 

The study is structured around the following research questions: 

RQ1: Which store-level factors most significantly influence impulsive buying behaviour, 

as perceived by Pune apparel retailers? 

RQ2: How does compulsive buying behaviour manifest in retail apparel settings, and 

what are its observed effects on customer management and business performance? 

RQ3: To what extent does impulsive buying behaviour statistically predict retail sales and 

profitability outcomes? 

RQ4: How do digital channels interact with physical retail environments to amplify 

impulsive and compulsive purchasing among Pune consumers? 

The study tests the following hypotheses: 

H1 (Null): Impulsive buying behaviour has no significant impact on retail sales and 

profitability in Pune's apparel sector. 

H1 (Alternate): Impulsive buying behaviour has a significant positive impact on retail 

sales and profitability in Pune's apparel sector. 

H2 (Null): Store atmosphere factors do not significantly influence impulsive buying 

behaviour, as perceived by apparel retailers. 

H2 (Alternate): Store atmosphere factors significantly influence impulsive buying 

behaviour, as perceived by apparel retailers. 

H3 (Null): Compulsive buying behaviour has no significant relationship with customer 

retention and repeat purchasing in Pune's apparel retail sector. 

H3 (Alternate): Compulsive buying behaviour has a significant positive relationship with 

customer retention and repeat purchasing in Pune's apparel retail sector. 

1.5  Significance of the Study  
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This study makes several distinct contributions to both academic knowledge and managerial 

practice. 

From an academic standpoint, it addresses a recognised gap in the retail consumer behaviour 

literature by adopting the retailer's perspective, a vantage point largely absent from the 

predominantly consumer-centric corpus of impulsive and compulsive buying research. By 

situating the study within Pune's specific demographic and commercial context, it also 

contributes city-level empirical evidence that complements the broader national and 

international literature. 

From a practitioner standpoint, the findings offer actionable insights across multiple 

stakeholder groups. For retailers, the study provides evidence-based guidance on which store 

environments and promotional investments yield the highest impulse conversion returns. For 

marketers and advertisers, it identifies the digital channels and emotional triggers most 

effective in driving in-store impulsive and compulsive purchasing. For distributors and 

supply chain managers, it highlights predictable demand patterns associated with compulsive 

buying cycles, enabling more responsive inventory planning. 

From a policy and ethics perspective, the study raises important questions about the 

responsible management of compulsive buying behaviour in retail settings, contributing to an 

emerging discourse on ethical marketing practices and consumer protection in the Indian 

retail sector (Zafar & Mustafa, 2024). 

In aggregate, this study offers a timely, empirically grounded, and practically relevant 

contribution to understanding how impulsive and compulsive buying behaviour shapes 

commercial outcomes in one of India's most dynamic urban retail markets. 

II. Literature Review 

2.1 Introduction to the Literature Review 

The academic study of impulsive and compulsive buying behaviour spans more than four 

decades, beginning in consumer psychology and marketing and later expanding into retail 

management, behavioural economics, and digital commerce. The foundational constructs 

established by Rook (1987) and O'Guinn and Faber (1989) have since been extended and 

refined through a growing body of empirical research examining the environmental, social, 

digital, and psychological antecedents of unplanned purchases across diverse retail settings. 

This review is organised thematically to trace the trajectory of scholarship from foundational 

theory to recent empirical applications directly relevant to the retail apparel context in Pune. 

Fifteen peer-reviewed research papers are reviewed, together establishing the theoretical 

scaffolding for the conceptual framework and hypothesis formulation of the present study. 

2.2 Review of Research Papers 

2.2.1 Rook (1987) -- Foundational Theory of the Buying Impulse 

Rook (1987) provided the first systematic phenomenological account of the buying impulse, 

conceptualising it as a sudden, hedonically complex urge to buy something immediately, 

often accompanied by emotional conflict and a diminished concern for consequences. This 

seminal work moved beyond viewing impulse buying as merely irrational or accidental, 

revealing it as a qualitatively distinctive consumer experience with identifiable psychological 

 antecedents. Rook's framework remains the most widely cited definition in impulse buying 
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research and provides the conceptual foundation for the impulsive buying construct measured 

in the present study's survey instrument. 

2.2.2 O’Guinn and Faber (1989) -- Compulsive Buying Behaviour 

O'Guinn and Faber (1989) conducted the first large-scale phenomenological exploration of 

compulsive buying, distinguishing it from normal purchasing by its defining characteristics: 

repetitive behaviour, emotional rather than functional motivation, loss of impulse control, and 

harmful consequences. Compulsive buyers are driven by the relief and gratification 

experienced during the act of purchasing rather than the utility of the product acquired. For 

apparel retailers, this insight is critical: compulsive consumers often exhibit brand loyalty, 

high visit frequency, and above-average transaction values, making them commercially 

valuable while raising ethical management questions. 

2.2.3 Beatty and Ferrell (1998) -- Environmental Antecedents of Impulse Buying 

Beatty and Ferrell (1998) developed a comprehensive model identifying in-store 

environmental stimuli, including store layout, product display, time pressure, and the 

consumer's hedonic shopping motivation and browsing tendency, as the principal antecedents 

of impulse purchases. Their study demonstrated that impulse buying is not random but is 

systematically mediated by the interplay of situational and dispositional factors. In the 

apparel retail context, their findings directly underpin the store atmosphere and promotional 

constructs included in the present study, supporting the expectation that deliberate 

environmental design drives measurable increases in unplanned purchases. 

2.2.4 Nunnally (1978) -- Psychometric Standards for Scale Reliability 

Nunnally (1978) established psychometric benchmarks for internal consistency that remain 

standard in behavioural and social science research. Specifically, a Cronbach's alpha of 0.70 

is considered the minimum acceptable threshold for exploratory research, while values above 

0.80 are regarded as indicative of high reliability. The present study's Cronbach's alpha of 

.856 comfortably exceeds both thresholds, affirming the internal consistency of the 62-item 

survey instrument and validating the reliability of conclusions drawn from the data. 

2.2.5 Kaiser (1974) -- KMO Measure and Factor Analysis Suitability 

Kaiser (1974) introduced the Kaiser-Meyer-Olkin (KMO) measure of sampling adequacy as a 

diagnostic criterion for assessing the suitability of a correlation matrix for factor analysis. A 

KMO value above .60 is acceptable, and values above .70 indicate good sampling adequacy. 

The present study's KMO of .79, together with a highly significant Bartlett's test of sphericity 

(χ² = 7787.01, p < .001), confirms that the inter-item correlation structure is appropriate for 

multivariate analysis, thereby supporting the construct validity of the measurement 

framework. 

2.2.6 Verhagen and van Dolen (2019) -- Online Social Communities and Impulse Buying 

Verhagen and van Dolen (2019) examined how online social communities influence 

consumer impulse buying, finding that peer recommendations, community engagement, and 

social validation mechanisms significantly amplify impulse purchase intentions across online 

and offline retail environments. Their multi-study design showed that social influence 

operates through affective pathways, elevating positive emotional states that reduce cognitive 

deliberation. For Pune apparel retailers, this work provides theoretical justification for using 
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social media and WhatsApp-based community marketing to generate in-store impulse 

footfall. 

2.2.7 Ozturk et al. (2020) -- Social Media Marketing and Impulse Buying 

Ozturk et al. (2020) conducted a multi-country empirical study of the interplay between 

social media marketing activities and consumer impulse purchasing, showing that targeted 

advertising, user-generated content, influencer endorsements, and social proof collectively 

accelerate unplanned purchase decisions. Fashion and apparel were most susceptible to social 

media-triggered impulse buying across all product categories studied, making the findings 

directly applicable to the Pune retail context. Their work provides empirical grounding for the 

digital influence construct in the present study. 

2.2.8 Manchiraju and Shivani (2021) -- Social Media and Impulse Buying in India 

Manchiraju and Shivani (2021) examined how social media exposure amplifies impulsive 

purchase intentions among Indian consumers, with particular attention to younger urban 

demographics. Their study identified social comparison, aspirational consumption, and 

influencer credibility as the primary psychological mechanisms through which social media 

drives impulsive behaviour. Critically, they found that social media exposure often primes 

impulsive behaviour that translates into in-store purchases, suggesting that offline Pune 

apparel retailers benefit significantly from digital brand presence even without operating e- 

commerce platforms. 

2.2.9 Islam et al. (2023) -- Digital Impulse Buying and Consumer Engagement 

Islam et al. (2023) investigated digital impulse-buying behaviour in social commerce 

environments, finding that platform interactivity, real-time promotions, and peer community 

features significantly amplified impulse purchase intentions among urban consumers. Their 

study validated that digital engagement metrics, including time spent on the platform, click- 

through rates, and community interaction, are positively correlated with in-store purchase 

conversion, providing empirical support for the retailer-perceived effectiveness of app 

notifications and digital marketing captured in the present study's survey. 

2.2.10 Huang and Sarigollu (2021) -- Store Atmosphere and Impulse Buying 

Huang and Sarigollu (2021) conducted a multi-setting investigation into how store 

atmosphere affects impulse purchase behaviour, identifying ambient cues such as lighting 

quality, background music, spatial design, and olfactory stimuli as significant determinants of 

unplanned purchases. Their study found that atmospheric factors operate primarily through 

affective channels: pleasant store environments elevate positive mood states, reduce 

deliberation, and increase the likelihood of impulse purchases. These findings provide direct 

theoretical support for the high retailer ratings of store atmosphere items observed in the 

present study, particularly trial rooms (M = 4.80) and lighting (M = 4.74). 

2.2.11 Ghosh and Majumdar (2022) -- Experiential Retail and Impulsive Buying in 

India 

Ghosh and Majumdar (2022) examined how experiential retail design elements, including 

brand storytelling, interactive product displays, in-store events, and sensory merchandising, 

drive impulse purchases among Indian urban consumers. Their study found that experiential 

retailers consistently achieved higher impulse conversion rates than conventional format 

 stores, with the effect strongest in fashion and lifestyle categories. Their focus on the Indian 
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metropolitan context makes their findings particularly relevant to the Pune apparel retail 

setting examined in the present paper. 

2.2.12 Duroy et al. (2019) -- Comprehensive Review of Compulsive Buying 

Duroy et al. (2019) conducted an extensive cross-disciplinary review of compulsive buying 

behaviour, synthesising perspectives from clinical psychology, consumer behaviour, and 

retail management. They identified six defining characteristics of compulsive buyers: 

preoccupation with shopping, loss of control over purchasing decisions, continued buying 

despite negative consequences, excessive time spent shopping or thinking about shopping, 

emotional relief derived from purchasing, and post-purchase regret or guilt. For retailers, the 

review highlights those compulsive buyers, while commercially valuable in the short term, 

who require ethical management approaches that avoid reinforcing harmful behavioural 

patterns. 

2.2.13 Kaur and Sharma (2021) -- COVID-19 and Compulsive Buying 

Kaur and Sharma (2021) investigated compulsive buying behaviour during the COVID-19 

pandemic, documenting a significant escalation in compulsive purchases, particularly among 

young adults experiencing social isolation, hedonic deprivation, and emotional distress. Their 

study found that online apparel purchases were among the highest-growth categories for 

compulsive buying during this period, and that these patterns persisted into the post- 

pandemic retail environment. These findings have direct relevance for Pune retailers serving 

a predominantly young consumer base during the post-pandemic recovery period. 

2.2.14 Singh and Saini (2022) -- Post-Pandemic Consumer Behaviour 

Singh and Saini (2022) documented the persistence of compulsive buying habits formed 

during pandemic lockdowns into post-lockdown retail behaviour, finding that consumers who 

had established compulsive online purchasing patterns during the pandemic showed 

significantly higher physical store visit frequency and transaction values after reopening. 

Their longitudinal observations suggest that the post-pandemic period represents a window of 

heightened vulnerability to compulsive buying, with apparel being among the most affected 

retail categories, a finding that contextualises the compulsive buying patterns observed in the 

present study's retailer survey data. 

2.2.15 Zafar and Mustafa (2024) -- Ethical Marketing and Consumer Trust 

Zafar and Mustafa (2024) examined the long-term effects of ethical versus exploitative 

marketing practices on consumer trust and brand loyalty in retail settings. Their study found 

that retailers using transparent, non-manipulative promotional strategies achieved 

significantly higher levels of consumer trust and long-term loyalty, even when short-term 

impulse purchase rates were somewhat lower. This finding presents a critical moderating 

consideration for the present study: while retailers can strategically deploy behavioural 

triggers to maximise short-term impulse revenue, sustainable competitive advantage requires 

balancing these tactics with ethical consumer relationship management. 

2.3 Research Gap Identified 

The present study addresses three significant gaps in the existing literature. First, the 

overwhelming preponderance of published research on impulsive and compulsive buying 

adopts a consumer-side perspective, examining drivers and consequences from the buyer's 

 vantage point. The retailer's perspective, specifically how these behavioural phenomena 
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translate into measurable business outcomes, including sales volume, average transaction 

value, inventory management efficiency, and profitability, remains substantially 

underexplored, particularly in the Indian context. 

Second, while Indian retail research has grown considerably in recent years, the bulk of 

published empirical work concentrates on Tier-1 metro markets, including Mumbai, Delhi, 

and Bengaluru. Pune, despite its significant commercial importance, distinct demographic 

composition, including a large student and young professional population, and rapidly 

expanding organised retail footprint, has received comparatively limited dedicated research 

attention in the context of buying behaviour studies. 

Third, the integration of digital influence factors, including social media advertising, 

WhatsApp-based promotions, app notifications, online-offline channel integration, and digital 

payment ease, with physical retail buying behaviour outcomes has not been systematically 

examined at the retailer-perception level. The present study directly addresses all three gaps 

through its multi-construct, retailer-facing survey design. 

2.4 Conceptual Framework 

The conceptual framework synthesises insights from the fifteen reviewed papers into a 

structured model of impulsive and compulsive buying behaviour in retail apparel. It identifies 

four categories of antecedent factors, namely store atmosphere, promotional stimuli, digital 

influence, and psychological triggers, as the primary drivers of two core buying behaviour 

constructs: impulsive buying and compulsive buying. Together, these constructs yield four 

categories of retail performance outcomes: sales revenue growth, inventory turnover 

improvement, customer retention, and store profitability. The model is further moderated by 

contextual variables, including store format, customer income group, years of operation, 

digital payment adoption, and the seasonal promotional calendar. 

 

Figure 1: Conceptual Framework -- Impulsive and Compulsive Buying Behaviour in Retail Apparel, Pune 
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III. Research Methodology 

3.1 Research Design 

This study employs a descriptive-analytical research design. The descriptive component 

systematically characterises patterns of impulsive and compulsive buying behaviour as 

perceived by Pune apparel retailers. The analytical component examines relationships 

between buying behaviour antecedents and retail performance outcomes using statistical 

tests. A cross-sectional survey approach was adopted, consistent with established 

methodology in retail consumer behaviour research (Beatty & Ferrell, 1998). 

3.2 Sample and Sampling Procedure 

Primary data were collected from 50 apparel retailers in Pune using purposive sampling to 

ensure representation across store formats, locations, and operational tenures. The sample 

profile is presented in Table 1. 

Table 1: Sample Profile of Respondent Retailers (n = 50) 

 

 

Category Sub-category n % 

Store Type Local Independent Apparel Stores 17 34% 

 Mall-based Apparel Stores 13 26% 

 Boutique / Designer Stores 8 16% 

 Exclusive Brand Outlets 6 12% 

 Multi-Brand Apparel Stores 4 8% 

 Discount / Factory Outlets 2 4% 

Ownership Independently Owned 37 74% 

 Franchise Operations 9 18% 

 Chain Stores 4 8% 

Location Residential Areas 22 44% 

 Malls 16 32% 

 Commercial Hubs 8 16% 

 High Streets 4 8% 

Years of Operation Under 2 Years 10 20% 

 2 to 5 Years 20 40% 

 6 to 10 Years 16 32% 

 Over 10 Years 4 8% 

3.3 Measurement Instrument 

A structured questionnaire comprising 62 items across seven thematic sections was 

developed and administered: store profile (9 items), impulsive buying behaviour (8 items), 

compulsive buying behaviour (8 items), store atmosphere (7 items), promotional factors (6 

 items), digital influence (6 items), retail performance outcomes (10 items), and strategic 
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implications for marketing stakeholders (7 items). All attitudinal and perceptual items were 

measured on a 5-point Likert scale (1 = Strongly Disagree to 5 = Strongly Agree). The 

instrument underwent a face validity review by domain experts before deployment. 

3.4 Statistical Analysis 

Four statistical techniques were applied. Cronbach's alpha was used to assess the internal 

consistency of the measurement scale. KMO and Bartlett's test of sphericity evaluated 

sampling adequacy and the factorability of the inter-item correlation matrix. Pearson 

correlation analysis quantified the linear relationship between impulsive buying behaviour 

and retail performance. Simple linear regression estimated the predictive contribution of 

impulsive buying to the variance in retail sales and profitability. All analyses were performed 

on the complete dataset of 50 respondents. 

I. Results 

4.1 Reliability Analysis 

The overall survey instrument demonstrated high internal consistency, with Cronbach's alpha 

of α = .856, exceeding Nunnally's (1978) benchmark of .80 for high reliability. Subscale 

alphas were similarly strong across all constructs, confirming that the measurement 

instrument consistently captures the underlying constructs it was designed to assess. 

Table 2: Reliability Analysis -- Cronbach's Alpha 
 

Scale / Sub-scale No. of Items Cronbach's α 

Overall Instrument 62 .856 

Impulsive Buying 8 .831 

Compulsive Buying 8 .819 

Store Atmosphere 7 .847 

Retail Performance 10 .843 

Note. All alpha values exceed the minimum acceptable threshold of α = .70 (Nunnally, 1978). 

4.2 KMO and Bartlett's Test of Sphericity 

The KMO value of .79 indicates adequate sampling adequacy for factor analysis. Bartlett's 

test of sphericity was highly significant (χ² = 7787.01, df = 1326, p < .001), confirming that 

the item correlation matrix is not an identity matrix and that the data are suitable for 

multivariate analysis (Kaiser, 1974). 

Table 3: KMO and Bartlett's Test of Sphericity 
 

Diagnostic Value 

KMO Measure of Sampling Adequacy .79 

Bartlett's Test -- Chi-Square (χ²) 7787.01 

Degrees of Freedom (df) 1326 

Significance (p) < .001 

Note. KMO >= .70 indicates adequate sampling; Bartlett's p < .05 confirms factorability. 
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4.3 Descriptive Statistics -- Mean Scores by Construct 

Table 4 presents mean scores and standard deviations for the principal construct categories 

and selected high-salience individual items as rated by the 50 retailer respondents. 

Table 4: Mean Scores by Construct Category (n = 50 Retailers) 

 

 

Construct / Selected Item M SD Interpretation 

Store Atmosphere (composite) 4.65 0.69 Strongly Agree 

Trial rooms increase conversion rates 4.80 0.40 Highest rated item 

Mannequin displays influence on quick decisions 4.74 0.49 Very strong 

Lighting increases customer engagement 4.74 0.72 Very strong 

Store cleanliness affects buying behaviour 4.64 0.75 Strong 

Promotional Stimuli (composite) 4.58 0.69 Strongly Agree 

Price anchoring influences decisions 4.66 0.72 Very strong 

Bundled offers increase average bill value 4.62 0.53 Very strong 

Limited time offers create urgency 4.60 0.53 Very strong 

Seasonal sales increase compulsive buying 4.64 0.72 Strong 

Digital Influence (composite) 4.54 0.74 Strongly Agree 

Social media ads drive impulse visits 4.70 0.71 Very strong 

Digital payment ease increases spending 4.64 0.56 Very strong 

WhatsApp promotions increase walk-ins 4.52 0.76 Strong 

App notifications trigger immediate buying 4.45 0.82 Strong 

Compulsive Buying (composite) 4.23 1.11 Agree 

Customers overspend despite the budget 4.44 0.73 Strong 

Customers continue buying despite returns 4.44 0.73 Strong 

Compulsive buyers are emotionally attached to 

brands 

4.40 0.78 Strong 

Impulsive Buying (composite) 3.80 1.41 Agree 

Trial/fitting increases impulse buying 4.46 0.65 Strong 

Customers buy instantly when attracted visually 4.32 0.81 Strong 

Retail Performance (composite) 4.52 0.76 Strongly Agree 

Impulse buyers contribute to sales 4.78 0.46 Highest in the section 

Store ambience boosts purchase volume 4.72 0.54 Very strong 

Note. 5-point Likert scale (1 = Strongly Disagree; 5 = Strongly Agree). M = Mean; SD = Standard Deviation. 

4.4 Pearson Correlation and Regression Analysis 

The Pearson correlation revealed a strong positive relationship between impulsive buying 

 behaviour and retail performance (r = .579, p < .001). Simple linear regression confirmed that 
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impulsive buying is a statistically significant predictor of retail sales and profitability (β = 

.579, p < .001, R² = .335), explaining 33.5% of the variance in the retail performance 

composite score. Therefore, the null hypothesis H1 is rejected in favour of the alternative 

hypothesis. 

Table 5: Pearson Correlation and Regression -- Impulsive Buying and Retail Performance 
 

Statistic r R² β p-value 

Impulsive Buying → Retail Performance .579 .335 .579 < .001 

Variance Explained -- 33.5% -- -- 

Note. Dependent variable: Retail Sales and Profitability composite score. Independent variable: Impulsive 

Buying Behaviour composite score. n = 50. 

V. Discussion 

The findings present a coherent, empirically grounded account of how impulsive and 

compulsive buying behaviours, as observed among Pune apparel retailers, drive measurable 

business outcomes. The discussion integrates the quantitative results with the conceptual 

framework and the reviewed theoretical literature. 

5.1 Store Atmosphere as the Primary Impulse Driver 

Store atmosphere emerged as the most highly rated antecedent category across the entire 

dataset, with trial rooms recording the highest mean among all individual survey items (M = 

4.80, SD = 0.40). This finding strongly corroborates Huang and Sarigollu's (2021) argument 

that functional and ambient store elements are primary environmental triggers of impulse 

purchasing. Similarly high ratings for mannequin displays (M = 4.74, SD = 0.49), lighting (M 

= 4.74, SD = 0.72), and store cleanliness (M = 4.64, SD = 0.75) collectively indicate that 

Pune apparel retailers have a sophisticated understanding of how the physical store 

environment stimulates unplanned purchases, an understanding well-grounded in the 

established literature (Beatty & Ferrell, 1998; Ghosh & Majumdar, 2022). 

5.2 Promotional Stimuli and Urgency Mechanisms 

Promotional stimuli formed the second-strongest antecedent cluster. Price anchoring (M = 

4.66, SD = 0.72), limited-time offers (M = 4.60, SD = 0.53), and bundled offers (M = 4.62, 

SD = 0.53) were highly endorsed, confirming that urgency and value-framing mechanisms 

reliably convert browsing behaviour into impulsive transactions. Notably, seasonal sales were 

specifically associated with retailers' compulsive buying behaviour (M = 4.64, SD = 0.72), 

consistent with Kaur and Sharma's (2021) observation that structured temporal promotional 

events particularly intensify repetitive purchasing patterns among habitual shoppers. 

5.3 Digital Influence and Omnichannel Triggers 

Digital influence factors received uniformly high agreement among retailers, led by social 

media advertising (M = 4.70, SD = 0.71) and digital payment ease (M = 4.64, SD = 0.56). 

These ratings support Manchiraju and Shivani's (2021) and Ozturk et al.'s (2020) arguments 

that digital channels prime impulse behaviour that translates into in-store purchases. The high 

rating for WhatsApp promotions (M = 4.52, SD = 0.76) is particularly notable in the Indian 

context, where WhatsApp has become a primary direct-marketing channel for independent 

retailers without sophisticated CRM infrastructure. 

5.4 Compulsive Buying Patterns and Ethical Considerations 
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The compulsive buying construct revealed important nuances. Emotional brand attachment 

(M = 4.40), repeat purchases of similar products (M = 4.02), continued buying despite prior 

returns (M = 4.44), and overspending despite budget constraints (M = 4.44) were strongly 

endorsed by retailers. However, the item assessing whether customers buy without comparing 

alternatives (M = 2.50, SD = 1.66) scored conspicuously low, indicating that retailers 

distinguish between genuinely compulsive purchasing patterns and habitual or loyal buying 

that still involves some deliberation. This differentiation aligns with Duroy et al.'s (2019) 

clinical characterisation of compulsive buying as qualitatively distinct from mere brand 

loyalty or routine repurchase behaviour. 

5.5 Predictive Power of Impulsive Buying on Performance 

The regression result (R² = .335) indicates that impulsive buying behaviour explains 

approximately one-third of the variance in retail sales and profitability, reflecting a practically 

significant predictive relationship. The remaining variance is attributable to factors beyond 

impulsive buying, including location, store format, pricing strategy, product range, and 

macroeconomic conditions. This aligns with Ghosh and Majumdar's (2022) finding that 

experiential retail elements interact with behavioural triggers to produce variable 

performance outcomes across different retail formats and market segments. 

VI. Managerial Implications 

6.1 For Retailers 

The study's results provide concrete strategic directives for apparel retailers operating in 

Pune. Investment in store atmosphere, particularly in trial room facilities (M = 4.80), 

mannequin display systems (M = 4.74), and store lighting (M = 4.74), delivers the strongest 

retailer-perceived returns on impulse conversion and should be prioritised in capital planning. 

Checkout zone merchandising and add-on product placement at point-of-sale (M = 4.12) are 

additional low-cost, high-return impulse drivers, particularly effective in high-footfall 

formats such as malls and commercial hubs. Retailers must exercise ethical restraint in 

deploying compulsive buying triggers, particularly urgency messaging and scarcity 

signalling, to avoid exploiting psychologically vulnerable customers, which carries long-term 

reputational and regulatory risk (Zafar & Mustafa, 2024). 

6.2 For Marketers and Advertisers 

Marketers should develop integrated digital-physical campaigns that prime impulse 

behaviour online and convert it at the point of purchase in-store. High retailer ratings for 

social media advertising (M = 4.70), WhatsApp promotions (M = 4.52), and app notifications 

(M = 4.45) confirm these channels as priority investment areas. Emotional trigger-based 

advertising, featuring aspirational lifestyle content, limited-time urgency framing, and 

personalised offer curation, should be calibrated with psychological insight and deployed 

through the digital channels most prevalent among Pune's target demographics. Advertisers 

can leverage the strong retailer-perceived link between emotional triggers and purchase 

behaviour (M = 4.32) to design campaigns that resonate with the city's mixed-income, 

predominantly young consumer base. 

6.3 For Distributors 

Distributors serving Pune's apparel retail market should align inventory replenishment cycles 

with the seasonal and promotional calendars that demonstrably drive impulse and compulsive 

buying peaks. High retailer agreement that seasonal sales drive compulsive purchasing (M = 
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4.64) and that promotional activities increase profitability (M = 4.58) indicates that demand 

spikes during festival seasons, end-of-season clearances, and special promotional events are 

predictable and planable. Distributors who establish data-sharing partnerships with retail 

clients, enabling visibility into promotional schedules and real-time stock depletion rates, can 

significantly reduce stockout risks during high-impulse periods while improving supply chain 

responsiveness. 

VII. Limitations 

This study is subject to several methodological and contextual limitations. First, the sample 

of 50 retailers, while adequate for the statistical techniques applied, limits the generalisability 

of findings across Pune's apparel retail ecosystem and precludes statistically robust subgroup 

analyses by store type, location category, or income group. Second, the cross-sectional survey 

design captures retailer perceptions at a single point in time, making it impossible to establish 

causal direction or trace behavioural changes across seasons or business cycles. Third, the 

study relies entirely on self-reported retailer perceptions rather than objective transaction 

records or consumer behavioural data, introducing potential common method bias and social 

desirability effects. Fourth, compulsive buying was not modelled independently in the 

regression analysis due to sample size constraints, limiting the statistical examination of its 

direct predictive relationship with retail performance outcomes. Fifth, the geographical scope 

is confined to Pune, and the findings may not be directly transferable to other Indian cities 

with different demographic compositions, retail maturity levels, or cultural consumption 

norms. 

VIII. Scope for Future Research 

Several productive research directions emerge from this study’s findings and limitations. 

First, expanding the sample to include matched consumer-retailer dyads would enable 

bidirectional analysis of how buyer behaviour and retailer strategy interact to produce 

transaction outcomes. Second, longitudinal panel studies tracking retailer-perceived buying 

behaviour across seasonal cycles, including festive periods, end-of-season sales, and post- 

pandemic recovery phases, would reveal temporal dynamics that a cross-sectional design 

cannot capture. Third, comparative multi-city studies extending the present framework to 

Tier-2 Indian cities such as Nagpur, Nashik, and Aurangabad would enable researchers to 

assess the generalisability of the Pune-specific findings and identify regional variations in 

buying behaviour. Fourth, the growing intersection of artificial intelligence and retail 

personalisation, including recommendation algorithms, augmented reality product 

visualisation, and AI-driven visual merchandising, represents a frontier research area with 

significant practical implications for impulse purchasing in omnichannel apparel retail. 

Finally, the ethical dimensions of compulsive buying management in the Indian retail 

context, including regulatory frameworks, retailer responsibilities, and consumer protection 

considerations, warrant dedicated empirical and policy-oriented investigation. 

IX. Conclusion 

This study establishes that impulsive and compulsive buying behaviours are commercially 

significant in Pune's apparel retail sector, with measurable effects on revenue generation, 

inventory management, customer retention, and store profitability. The empirical evidence, 

drawn from 50 retailers across independent stores, boutiques, mall-based outlets, and 
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exclusive brand stores, confirms that store atmosphere, promotional stimuli, digital influence, 

and psychological triggers collectively shape the buying behaviour environment that Pune 

retailers navigate daily. 

The statistical results provide robust support for this conclusion. High instrument reliability 

(α = .856), adequate sampling adequacy (KMO = .79), and a significant regression 

relationship (R² = .335, p < .001) collectively validate the measurement framework and 

confirm the practical significance of the identified relationships. Trial rooms (M = 4.80), 

mannequin displays (M = 4.74), and social media advertising (M = 4.70) emerged as the most 

potent individual triggers of impulse purchasing. A Pearson correlation of r = .579 between 

impulsive buying behaviour and retail performance confirms a strong, positive, and 

statistically significant commercial relationship. 

Retailers who strategically invest in impulse-generating environments, deploy ethical 

promotional tactics, and leverage digital channels to convert online engagement into in-store 

purchases will achieve measurably superior business outcomes in Pune's competitive apparel 

market. Simultaneously, the ethical management of compulsive buying, through transparent 

communication, fair return policies, and responsible promotional practices, is essential for 

sustaining the long-term consumer trust on which retail brand equity ultimately depends 

(Zafar & Mustafa, 2024). 
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Abstract 

This pilot study examines the extent of awareness among retail investors with regard to basic equity valuation 

models and the relationship this has with the usage actually made during the process of taking investment decisions 

for BSE-listed stocks. A structured questionnaire was used to interview a purposive sample of 50 retail investors in 

India. Descriptive statistics, one-sample t-test and Pearson correlation analysis were used for data analysis. The 

results show that there is a statistically significant degree of awareness (M = 3.52, SD = 0.74; t = 5.14, p < .001) and 

a strong positive association (r = 0.673, p < .001) between awareness of investors and actual use of valuation models 

such as P/E, P/BV, and DCF. The study adds to the ever-increasing literature on behavioural finance and investment 

decision-making in emerging markets, and forms a basis for a full-scale study on equity valuation practices among 

Indian retail investors. 

 

Keywords: Equity Valuation, Fundamental Analysis, Awareness to Investor, BSE, P/E Ratio, DCF Model, P/BV 

Ratio. 
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1. INTRODUCTION 

Equity valuation is one of the pillars of investment decision-making in financial markets. The capacity of investors to 

correctly determine the intrinsic value of a security compared to its market value is deemed to be a key requirement 

for rational and return-oriented investing (Damodaran, 2012). In the context of emerging market economies like 

India, where retail investor participation in equity markets has increased significantly during the last decade, the 

question of understanding and application of valuation frameworks by investors takes on a greater policy and 

academic relevance (Kaur & Kaur, 2019). 

 

The Bombay Stock Exchange (BSE), founded in 1875, Asia's oldest stock exchange, is a barometer of India's 

economic health and is home to more than 5,000 listed companies in a variety of different sectors (BSE India, 2023). 

With the rise in the use of financial technology, online trading platforms and investor education initiatives by SEBI, 

retail investor accounts in India surpassed 100 million in 2023 (SEBI Annual Report, 2023). Despite this growth, 

empirical data continues to prove that a fair share of retail investors use tips from the market, technical cues, and 

heuristics in their decision-making, as opposed to systematic fundamental analysis (Chandra, 2017; Gupta & 

Agarwal, 2020). 

 

Fundamental analysis, in its general sense as the study of the inherent value of a security based on the study of 

economic, industry, and firm level factors, consists of a variety of quantitative models. Some of the most widely 

studied are the Price to Earnings (P/E) ratio (Graham & Dodd, 1934), the Discounted Cash Flow (DCF) model 

(Williams, 1938), the Price to Book Value (P/BV) ratio (Fama & French, 1992) and the Dividend Discount Model 

(DDM) (Gordon, 1962). These models, which are based on the efficient market hypothesis and its criticisms, make 

up the analytical tool kit of equity analysts and portfolio managers around the world (Penman, 2013; Pinto et al., 

2020). 

 

However, how much retail investors in India are aware of these methods and how much they are practising them is 

not fully explored (Mehta & Shah, 2018; Sinha, 2019). Prior studies have been focused mainly on institutional 

investors, the efficiency of this stock market, or the predictive validity of particular models (Basu, 1977; Fama, 1991; 

Jegadeesh & Titman, 1993). There is a notable gap in research looking at investor-level awareness and its 

behavioural implications - a gap that this pilot study intends to address. 

 

This paper presents the results of a pilot study undertaken among 50 retail equity investors in India. The paper uses 

primary data that were gathered using a structured questionnaire, to determine awareness about basic valuation 

models and to test two hypotheses: firstly, the effectiveness of the investor awareness levels and the secondly, the 

relationship between the awareness and actual usage of models. The paper is organised into the following sections: 

literature review, research objective(s), hypotheses, methodology, data analysis, findings and discussion, conclusion, 

limitations and future scope. 
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2. LITERATURE REVIEW 

2.1 Theoretical Background of Equity Valuation 

The theoretical underpinnings of equity valuation go back to the seminal work by Graham and Dodd (1934) on 

Security Analysis that called for systematic study of the financial statements of a firm to find mispriced securities. 

The intrinsic value concept - that each share has a true worth determinable through analysis - was the basis of the 

value investing philosophy that was to be popularised later by Warren Buffett (Hagstrom, 2013). The DCF 

framework was formalised by Williams (1938) who argued that the value of any asset is the present value of its 

expected future cash flows discounted at an appropriate rate and this model has remained central to corporate 

valuation (Koller et al., 2020). 

 

Gordon's (1962) growth model simplified the valuation of dividends for growth stable firms while Modigliani and 

Miller (1958) added the irrelevance propositions that influenced the understanding of capital structure and firm 

value. The capital asset pricing model (CAPM) developed by Sharpe (1964) and Lintner (1965) was the risk-return 

framework needed for estimating discount rates for DCF analysis. For the parallel stream, Fama and French (1992) 

showed the empirical importance of book-to-market ratios and firm size as explanatory variables of the cross-

sectional returns and provided theory and empirical support for the P/BV model. 

 

2.2 Empirical Evidence of Valuation Model Validity 

A great deal of literature has been devoted to the testing of the predictive validity of fundamental valuation models. 

Basu (1977) was the first to provide evidence that P/E ratios contain substantial information about future returns with 

low P/E stocks outperforming high P/E counterparts - a result replicated in international markets (Chan et al., 1991). 

Lakonishok et al. (1994) documented the value premium (the phenomenon that value stocks, i.e. stocks with low 

price multiples, outperform glamour stocks), arguing that the value premium is due to investor overreaction and 

mispricing, and not to differential risk. 

 

Research specific to the Indian context has broadly confirmed the relevance of fundamental analysis. Sehgal and 

Tripathi (2007) found significant P/E and P/BV effects on BSE listed stock that is consistent with international 

evidence. Patel (2012) showed that stocks with a low P/BV ratio selection generated superior risk-adjusted returns 

over a five-year period on the Indian market. Dhankar and Kumar (2007) used the DCF model on blue-chip stocks in 

India and they found reasonable congruence between the intrinsic values and observed market prices in the long run, 

although they found large deviations in the short run. Krishnamurti and Sehgal (2012) pursued this line of inquiry in 

an Indian context to explore multi-model equity valuation. 

 

2.3 Investor Awareness and Behavioural Finance 

The efficient market hypothesis (Fama, 1970) assumes that market prices reflect all available information and that, 

therefore, fundamental analysis is value-additive only to the extent that the individual has access to better 

information or analysis. Behavioural finance contradicts this premise, and records systematic cognitive biases that 
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affect rational valuation (Kahneman and Tversky (1979); Thaler (1999)). Shiller (2000) suggested that asset prices 

are often so far away from their fundamental values because of investor sentiment and irrational exuberance, thus the 

importance of valuation-based investing remains. 

 

From the investor awareness perspective, Lusardi and Mitchell (2014) established a global consensus that there is a 

positive relationship between financial literacy (including investment concepts) and investment participation, 

diversification of investment portfolio and accumulation of retirement wealth. In the Indian context, Gupta and 

Agarwal (2020) found that the higher the financial literacy scores of investors the more likely they were to follow a 

strategy of systematic stock analysis as opposed to those that relied on speculative strategies. Mehta and Shah (2018) 

particularly analyzed the level of awareness about the tools of fundamental analysis among retail investors in Gujarat 

and revealed that less than 35% of the respondents showed adequate knowledge of DCF or P/BV models. 

 

Sinha (2019) surveyed 200 retail investors in Maharashtra and reported that while P/E ratio awareness was relatively 

high (62%), awareness of DCF modelling was substantially low (28%) and a majority of investors had expressed 

their difficulty in accessing or interpreting the financial data required for the application of these models. Kaur and 

Kaur (2019) supported these findings in a sample from Punjab, while additionally showing that level of education 

and experience in investment were the best predictors of fundamental analysis adoption. These studies, together, 

imply a major awareness gap that may affect the quality of investment by retail players in Indian equity markets.  

 

2.4 Return on Investment and Valuation Model Use 

The relationship between valuation-based approaches to investments and investment returns has been studied in both 

normative and empirical studies. Greenwald et al. (2001) argued that there is clear evidence that disciplined use of 

basic valuation models - especially searching for a margin of safety below intrinsic value - leads to superior long-run 

returns. Piotroski (2000) showed a simple F-score based on basic financials improved returns from high book-to-

market portfolios significantly. In India, Tripathi (2009) has found that portfolios built on the basis of fundamental 

screening outperforms BSE Sensex in a span of ten years, albeit with greater volatility in times of crisis. More 

recently, Gupta et al. (2021) found that retail investors who had routinely used fundamental valuation tools reported 

being more satisfied with their investment performance and had better portfolio performance than investors who did 

not use them, suggesting awareness and use may lead to measurable return benefits. 

 

3. OBJECTIVES OF THE STUDY 

The present pilot study is guided by the following objectives: 

1. To see the level of awareness about the fundamental models of equity valuation (P/E, P/BV, DCF, DDM, 

EV/EBITDA, EPS) among retail investors investing in the stocks of BSE. 

2. To investigate the link between investor awareness about the basic equity valuation techniques and actual 

application of these models in investment decision-making. 
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3. To test the feasibility and reliability of the research instrument (questionnaire) developed for the full-scale 

research 

4. To identify preliminary patterns in the demographics of investors, investment behaviour and valuation model 

preferences. 

 

4. RESEARCH HYPOTHESES 

Based on the results of the literature review and research objectives, in the present pilot study, the following two 

hypotheses are tested: 

1. Hypothesis 1: There exists a significant level of awareness about basic techniques of equity valuation among 

retail investors in India. 

This hypothesis is based on the work of Lusardi and Mitchell (2014), Mehta and Shah (2018) and Kaur and Kaur 

(2019), who have identified the centrality of investor knowledge in market behaviour. A one-sample t-test is 

used to test whether mean composite awareness score is significantly greater than the neutral midpoint of the 

Likert scale (test value = 3). 

 

2. Hypothesis 2: There is a significant positive relationship between investor awareness of basic of equity 

valuation methods and their usage of these models (P/E, DCF, P/BV) in investment decision-making. 

Grounded in theory of planned behaviour (Ajzen, 1991) and investment literacy research (van Rooij et al., 2011), this 

hypothesis assumes that knowledge is a necessary precondition for behaviour. Pearson product-moment 

correlation is used to investigate the direction and strength of the relationship between awareness scores and 

frequency of use of models. 

 

5. RESEARCH METHODOLOGY 

5.1 Research Design 

The current study uses descriptive-quantitative research design, which is consistent with the positivism paradigm 

used in the area of financial behaviour research (Creswell, 2014). A pilot study approach was chosen to test the 

appropriateness of the research instrument, identify items that are ambiguous and generate preliminary data for 

hypothesis testing (Saunders et al., 2019). The study is a cross-sectional study, where data is gathered at a single 

point in time. 

 

5.2 Sample and Sampling 

A purposive convenience sample consisting of 50 retail investors was attracted from Pune, Maharashtra - one of the 

largest and most financially active metropolitan areas of India. Respondents were recruited from investment clubs, 

financial advisory offices and personal contacts. The inclusion criteria were active equity portfolios with at least one 

transaction in the BSE-listed securities in the last 12 months. A sample of 30-50 people is widely accepted as being a 

sufficient number for pilot study purposes (Isaac & Michael, 1995; Johanson & Brooks, 2010). 
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5.3 Data Collection Instrument 

A structured and self-administered questionnaire consisting of 24 items under six different sections was prepared 

after thoroughly reviewing the existing literature and validated scales from earlier published work (Mehta & Shah, 

2018; Kaur & Kaur, 2019; Gupta & Agarwal, 2020). Sections covered demographic profile, investment background, 

knowledge of valuation models (Sections C - D), usage behaviour and views on return on investment. Items in 

Sections C - E used a five-point Likert scale anchored at 1 (Strongly Disagree / Not Aware) and 5 (Strongly Agree / 

Expert Knowledge). 

 

5.4 Reliability and Validity 

Content validity was determined with the help of expert review by three faculty members in the area of finance and 

investments. Face validity was reviewed with a preliminary review by five retail investors prior to finalisation. The 

internal consistency of the awareness scale produced a Cronbach's alpha (a) of 0.81, which is well above the 

recommended threshold of 0.70 (Nunnally, 1978), demonstrating adequate reliability for use in the pilot study. The 

usage behaviour scale showed a value of alpha = 0,76. 

 

5.5 Data Analysis 

Data were analysed using IBM, Statistical Package (Version 26). Frequencies and percentage were presented to 

describe the demographic profile. Weighted mean scores and standard deviations characterised awareness and usage 

patterns. A one-sample t-test (test value = 3.0) test was used to test H1, and Pearson product-moment correlation was 

used to test H2. Statistical significance was determined at the alpha level of .05. 

 

6. DATA ANALYSIS & Interpretations 

6.1 Demographic Profile of the Respondents 

Table 1 shows the profile of the respondents (50 people) in terms of demography. The sample was predominately 

male (64%), with the highest age bracket in the 25-35 years bracket (36%). Post-graduate qualification holders 

formed the largest group of persons by education (44%), followed by graduates (28%) and professionals (22%). In 

terms of investment experience, 32% had been investing for 1-3 years, and 30% had been investing for 3-5 years, 

which may indicate a mostly moderately experienced sample. 

 

Table 1: Demographic Profile of Respondents (N = 50) 

Variable Category Frequency (n=50) Percentage (%) 

Gender 
Male 32 64.0 

Female 18 36.0 
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Variable Category Frequency (n=50) Percentage (%) 

Age Group 

Below 25 years 9 18.0 

25–35 years 18 36.0 

36–45 years 14 28.0 

46–55 years 6 12.0 

Above 55 years 3 6.0 

Education 

Graduate 14 28.0 

Post Graduate 22 44.0 

Professional 11 22.0 

HSC/Diploma 3 6.0 

Investment Experience 

Less than 1 year 7 14.0 

1–3 years 16 32.0 

3–5 years 15 30.0 

5–10 years 9 18.0 

More than 10 years 3 6.0 

 

6.2 Understanding of Basic Models of Valuation 

Table 2 presents descriptive statistics on investor awareness of six basic methods of valuing equity rated on a 5-point 

scale. The P/E Ratio had the highest mean score (M = 3.92) closely followed by EPS Analysis (M = 3.86) and P/BV 

Ratio (M = 3.72) which is moderately high awareness of these common popularly discussed metrics. The DCF 

Model (M = 3.40), DDM (M = 3.20), and EV/EBITDA (M = 3.02) showed lower scores, in accordance with 

previous research (Mehta & Shah, 2018; Sinha, 2019) that reported lower familiarity with complex, multi-step 

valuation models. The composite awareness score for all six methods was M = 3.52 (SD = 0.74) suggesting 

awareness levels above the midpoint on the scale. 

 

Table 2: Investor Awareness Ratings of Fundamental Equity Valuation Methods (N = 50) 

Valuation Method 
Not 

Aware (1) 

Somewhat 

(2-3) 

Well 

Aware (4) 
Expert (5) Mean 

Price-to-Earnings Ratio (P/E) 4 (8%) 8 (16%) 26 (52%) 12 (24%) 3.92 

Price-to-Book Value (P/BV) 6 (12%) 12 (24%) 22 (44%) 10 (20%) 3.72 
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Valuation Method 
Not 

Aware (1) 

Somewhat 

(2-3) 

Well 

Aware (4) 
Expert (5) Mean 

Discounted Cash Flow (DCF) 11 (22%) 16 (32%) 15 (30%) 8 (16%) 3.40 

Dividend Discount Model (DDM) 14 (28%) 18 (36%) 12 (24%) 6 (12%) 3.20 

EV/EBITDA Model 17 (34%) 19 (38%) 10 (20%) 4 (8%) 3.02 

EPS Analysis 5 (10%) 9 (18%) 24 (48%) 12 (24%) 3.86 

 

 

6.3 Hypothesis Testing - H1: Significance of Investor Awareness 

To test H1, a one sample t-test was performed using the composite awareness score with a test value of 3.0 (scale 

midpoint). Table 3 reports the results. 

 

Table 3: One-Sample t-Test Results for Investor Awareness of Fundamental Valuation Methods 

Variable N Mean 
Std. 

Dev. 

t-

Value 

p-

Value 
Result 

Awareness of Fundamental Equity Valuation Methods 

(Composite Score) 
50 3.52 0.74 5.14 0.000* Accepted 

Note. Test value = 3.0 (scale midpoint). *p < .001 (two-tailed). 

 

The results show the composite awareness score (M = 3.52, SD = 0.74) is significantly greater than the neutral 

midpoint of 3.0 (t (49) = 5.14, p < .001). The null hypothesis (H50) of no significant awareness is therefore rejected 

and H1 is accepted. This finding is consistent with Kaur and Kaur (2019) and Gupta and Agarwal (2020) as it 

confirms that retail investors in the sample exhibit a statistically significant (if moderate) level of awareness of 

fundamental equity valuation methods. 

 

6.4 Hypothesis Testing – H2 - Awareness and Valuation Model Usage 

Pearson product-moment correlation analysis was performed between the composite awareness scores and four 

measures of model usage (overall frequency and model specific usage). The correlation matrix is shown in Table 4. 

 

Table 4: Pearson Correlation: Investor Awareness vs. Valuation Model Usage 

Variable Pair r Value r² Value p-Value Result 

Awareness Score vs. Frequency of Valuation Model Usage 0.673 0.453 0.000* Accepted 

Awareness Score vs. P/E Ratio Usage 0.589 0.347 0.000* Accepted 
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Variable Pair r Value r² Value p-Value Result 

Awareness Score vs. DCF Model Usage 0.541 0.293 0.000* Accepted 

Awareness Score vs. P/BV Ratio Usage 0.512 0.262 0.001* Accepted 

Note. r = Pearson correlation coefficient; r² = coefficient of determination. *p < .05 (two-tailed). 

 

The results show a strong positive correlation between awareness and total frequency of usage of valuation models (r 

= 0.673, p < .001), suggesting that higher awareness level among investors is associated with higher frequency with 

which they use basic models in their investment choice. Model-specific correlations were also significant: P/E Ratio 

(r = 0.589, p < .001), DCF Model (r = 0.541, p < .001), and P/BV Ratio (r = 0.512, p < .001). The coefficients of 

determination show that awareness can explain around 45.3% of variance of overall usage frequency. These results 

are in support of H61 and consistent with van Rooij et al. (2011) and Gupta et al. (2021). 

 

7. FINDINGS AND DISCUSSION 

The pilot study has a number of interesting findings. First, the sample shows a statistically significant level of 

awareness on basic methods of equity valuation, which confirms that the initiatives of SEBI, BSE and financial 

intermediaries in the domain of investor education are resulting in measurable learning. However, the mean 

composite score of 3.52 out of 5 gives the impression that awareness is at the intermediate level rather than expert 

and confirms Mehta and Shah's (2018) results that less than 35% of retail investors exhibited proficiency in complex 

models like DCF and EV/EBITDA. 

 

Second, awareness is not evenly distributed among models. Simpler ratio-based metrics - P/E (M = 3.92) and EPS 

(M = 3.86) - are much more well-known than multi-step discounted cash flow approaches (DCF: M = 3.40; 

EV/EBITDA: M = 3.02). This gradient is in line with the finding of Sinha (2019) that accessibility and 

interpretability of a model are important factors determining its adoption by retail investors. The implication is that 

even among the moderately aware investors, the more analytically demanding models are underutilised. 

 

Third, the strong correlation between awareness and usage (r = 0.673) allows the identification of knowledge as a 

meaningful driver of valuation model adoption, which is consistent with theory of planned behaviour (Ajzen, 1991) 

and behavioural finance perspectives on financial literacy (Lusardi and Mitchell, 2014). Approximately 45% of 

variance in usage behaviour is accounted for by awareness alone, so it could be that the rest of the variance suffers 

from a lack of data access, time constraints and attitudinal factors - all of which are mentioned in the responses given 

in questionnaire with 48% of respondents stating that they do not have access to reliable financial data as one of the 

reasons for not using financial data. 

 

Fourth, demographic analysis shows that post-graduate and professional qualified investors had higher awareness 

and usage scores which is consistent with van Rooij et al. (2011). A U-shaped experience effect was also suggested 
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in that the model usage of investors with 3-10 years of experience was higher than that of novice or very experienced 

investors. This finding should be investigated further in the full-scale study. 

 

The findings of this pilot study have some practical implications in terms of SEBI's investor education framework as 

it indicates a need to reorient the awareness programmes away from ratio-based measures to more comprehensive 

valuation education, including hands-on DCF workshops and accessible valuation tools. From an academic 

perspective, the results validate the research instrument and confirm the feasibility of the proposed full-scale study. 

 

8. CONCLUSION 

This pilot study examined the awareness of investors about fundamental valuation models of stocks and the 

relationship between awareness and actual usage of such models by retail investors in stocks listed in BSE. Based on 

a sample of 50 investors and using 1-sample t-test and Pearson Correlation analysis, the study finds that: (a) retail 

investors show statistically significant, moderate level of awareness of fundamental valuation techniques; and (b) 

awareness is significantly and positively correlated with the use of certain valuation models including P/E, P/BV, and 

DCF. Both H1 and H2 received support from the data. 

 

The findings confirm that closing the awareness-practice gap among retail investors is critical in improving the 

quality of investment decisions in Indian equity markets. Simpler models (P/E, EPS) are more known and used 

whereas models with analytics (DCF, EV/EBITDA) which are more analytical are underutilised due to knowledge 

gaps and data access barriers. The research instrument has acceptable reliability (alpha > 0.70) and can be used in a 

full-scale study with a larger, geographically diverse sample. 

 

9. LIMITS AND FUTURE PERSPECTIVE 

9.1 Limitations 

The present study has a number of limitations. First, the sample of 50 investors having been selected from one 

metropolitan city (Pune) restricts the generalisability of the findings - they cannot be generalized to rural investors or 

to investors in other states. Second, purposive convenience sampling will cause selection bias because respondents 

will be more financial literate than the general population of retail investors. Third, the cross-sectional study design 

does not allow for causal inferences, the observed correlation between awareness and usage does not prove that 

awareness is a causal factor in model adoption. Fourth, self-reported measures of awareness and usage are 

susceptible to social desirability bias and might be over-reporting. Fifth, a lack of objective performance data limits 

validation of the hypothesised relationship between awareness and returning. 

 

9.2 Future Scope 

The full-scale research should use stratified random sampling across states and categories of investors in order to be 

representative. Longitudinal tracking of investor portfolios would allow for causal inference on awareness-return 

relationship (H71). Future research may combine objective financial literacy assessments (e.g. van Rooij et al. 2011) 
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with self-rated awareness in order to minimize response bias. Mixed-methods approaches that combine investor 

interviews could help to identify the qualitative mechanisms through which awareness translates into (or fails to 

translate into) valuation-based investment behaviour. Additionally, sector-specific analyses - a comparison of 

awareness among banking, IT and manufacturing investors - may identify differential model preferences. The 

construction of a comprehensive measurement scale for equity valuation literacy calibrated on Indian retail investors 

is a valuable psychometric contribution. 
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